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EĬŔƣŸƖƚќ Preface 
  

The international scientific conference South Slavic Languages in 

Digital EnvironmentðJuDig, which took place in Belgrade from 21 to 23 

November 2024 and was organised by the Faculty of Philology, University 

of Belgrade and Language Resources and Technologies Society (JeRTeh), 

provided an opportunity for numerous researchers in the field of 

computational linguistics, language technologies, and related fields to 

share their ideas, insights, and results in these research areas, as well as to 

discuss the latest advancements and innovations in the field. The main aim 

of the conference was to foster networking and to provide a forum for high-

quality research in all (sub)domains of computational linguistics and 

related topics, with a special focus on language resources and technologies 

available for Serbian and other South Slavic and Balkan languages. Forty-

three eminent scientists from twelve countries and twenty-two research 

institutions served on the Conference Programme Committee. 

Fifty-five contributions on a wide range of topics in language 

technologies were submitted to the conference. All submissions underwent 

a double-blind peer review process by three members of the Programme 

Committee. The Programme Committee and the co-chairs selected 51 

research papers written by 84 (co)authors from 34 institutions and 14 

countries to be presented at the conference ï fifty-five from Serbia, five 

from Croatia, four from Bulgaria and Germany, two from Slovenia, Austria, 

Macedonia, United Kingdom, France, and Bosnia and Herzegovina, and 

one from Greece, the Netherlands, South Korea, and Italy. The Conference 

was held in a hybrid format and included four invited talks, 12 parallel 

sessions, and 4 thematically oriented workshops. 

The esteemed invited speakers presented on pertinent topics and 

recent innovations in language technologies, offering insights into cutting-

edge advancements and significant trends that shape the discipline. They 

came from four countries: France (Agata Savary), Bulgaria (Svetla Koeva), 

the United Kingdom (Ruslan Mitkov), and Serbia (Cvetana Krstev). 
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The field of language technologies is nowadays not only very 

popular, but also very broad. As a result, a wide range of topics had been 

tackled at the conference. The fifty-one accepted abstracts had been 

classified into seven topics: IT processing of the South Slavic languages 

(5), Digital corpora of the South Slavic languages (11), Language resources 

for the South Slavic languages (6), Language technologies for the South 

Slavic languages (8), Grammar and lexicon of the South Slavic languages 

in the context of NLP (5), Artificial intelligence, language models, and the 

processing of the South Slavic languages (8), and Digital humanities (8). 

The proceedings present 29 contributions on various topics by 

researchers from Serbia, Slovenia, Croatia, Bosnia and Herzegovina, 

Northern Macedonia, United Kingdom, Greece, Italy, Austria, Nederland, 

Bulgaria, and South Korea. All submissions underwent a double-blind peer 

review process by the members of the Editorial Board.  The publication 

serves as a comprehensive record of the conference's valuable insights, 

findings, and discussions, providing a relevant resource for professionals 

and scholars in the field. 

We hope this collection of papers will inspire further research, 

collaboration, and progress in this dynamic, ever-evolving field. We thank 

all the contributors and attendees who made this conference a success, and 

we look forward to continuing the conversation and exploration of new 

ideas in the future. The preparation and publication of this volume were 

supported by the project 7276, Text Embeddings - Serbian Language 

Applications - TESLA, funded by the Science Fund of the Republic of 

Serbia. 

Finally, we would like to thank everyone who participated in 

organizing the conference and preparing the proceedings. Our thanks also 

go to the sponsors and supporters of the Conference. Their generous 

contributions and commitment have been instrumental in making this event 

possible. We believe that with joint efforts, we could make a considerable 

impact on the future of research in this crucial scientific area. 

 

Belgrade, October 2025 

The Editors 
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ȌНʖɷʍʆʌʆʧʆНʊʏʑʐʔʒɷНʒɷɹʑʁʍʁʎʏɺНʒʑʐʒʊʏɺН
ʧʁʅʆʊɷНȏʑʐȇʏʑ 
ʅʘʫʯʥʠ ʨʘʜ DOI: 10.18485/judig.2025.1.ch1 

ɼʫʰʢʦ ɺʠʪʘʩ, 0000-0003-4194-692X 

ʈʘʥʢʘ ʉʪʘʥʢʦʚʠ˂, 0000-0001-5123-6273 

ʎʚʝʪʘʥʘ Kʨʩʪʝʚ1 0000-0003-3328-9392 

Ǵʐʒʓʑɷʊʓ 

ʈʘʜ ʧʨʠʢʘʟʫʿʝ ʤʦʪʠʚʝ ʟʘ ʨʘʟʚʦʿ ʠ ʝʚʦʣʫʮʠʿʫ ʉʨʧʂʦʨ-ʘ, 

ʦʧʠʩʫʿʫ˂ʠ ʧʨʦʤʝʥʝ ʫ ʢʦʨʠʰ˂ʝʥʠʤ ʘʣʘʪʠʤʘ, ʫ ʜʠʤʝʥʟʠʿʘʤʘ ʢʦʨʧʫʩʘ, 

ʚʨʝʤʝʥʩʢʦʿ ʧʦʢʨʠʚʝʥʦʩʪʠ, ʢʘʦ ʠ ʥʠʚʦʠʤʘ ʘʥʦʪʘʮʠʿʝ. ʇʦʨʝʜ ʛʨʘʹʝ ʩʘ 

ʚʝʙʘ, ʫ ʦʚʠʤ ʢʦʨʧʫʩʠʤʘ ʿʝ ʧʨʠʩʫʪʥʘ ʠ ʛʨʘʹʘ ʢʦʿʘ ʥʠʿʝ ʜʦʩʪʫʧʥʘ ʥʘ 

ʤʨʝʞʠ, ʥʘʨʦʯʠʪʦ ʠʟ ʥʘʫʯʥʦʛ ʠ ʢˁʠʞʝʚʥʦʛ ʜʦʤʝʥʘ, ʘʣʠ ʠ ʦʥʘ ʢʦʿʘ ʟʙʦʛ 

ʪʝʭʥʦʣʦʰʢʠʭ ʧʨʦʤʝʥʘ, ʥʠʿʝ ʙʠʣʘ ʘʨʭʠʚʠʨʘʥʘ ʥʘ ʠʟʚʦʨʥʠʤ ʩʘʿʪʦʚʠʤʘ. 

ɹʠ˂ʝ ʦʧʠʩʘʥ ʠ ˁʝʛʦʚ ʜʘˀʠ ʨʘʟʚʦʿ ʢʦʿʠ  ʫʢˀʫʯʫʿʝ ʦʙʦʛʘ˂ʠʚʘˁʝ 

ʤʝʪʘʧʦʜʘʪʘʢʘ, ʜʦʧʫʥʫ ʘʥʦʪʘʮʠʿʘ ʠ ʫʥʦʩ ʥʦʚʠʭ ʩʘʜʨʞʘʿʘ  ʦʩʠʤ 

ʤʘʪʝʨʠʿʘʣʘ ʧʨʠʢʫʧˀʝʥʦʛ ʩʘ ʚʝʙʘ. ɸʢʪʫʝʣʥʘ ʚʝʨʟʠʿʘ ʢʦʨʧʫʩʘ ʿʝ ʧʦʚʝʟʘʥʘ 

ʩʘ ʜʨʫʛʠʤ ʿʝʟʠʯʢʠʤ, ʧʦʩʝʙʥʦ ʣʝʢʩʠʯʢʠʤ ʨʝʩʫʨʩʠʤʘ, ʢʨʦʟ ʩʠʩʪʝʤ 

ʃʝʢʩʠʤʠʨʢʘ ʰʪʦ ʦʤʦʛʫ˂ʘʚʘ ʟʥʘʯʘʿʥʦ ʫʥʘʧʨʝʹʝˁʝ ʣʝʢʩʠʢʦʛʨʘʬʩʢʦʛ ʨʘʜʘ, 

ʘʣʠ ʠ ʦʨʠʛʠʥʘʣʥʦ ʠʥʪʝʛʨʠʩʘʥʦ ʦʢʨʫʞʝˁʝ ʟʘ ʿʝʟʠʯʢʝ ʝʢʩʧʝʨʠʤʝʥʪʝ. 

ȇʠʔʘʎʁНʑʁʘʆа ʉʨʧʂʦʨ, ʢʦʨʧʫʩʠ, ʩʨʧʩʢʠ ʿʝʟʠʢ, ʣʝʤʘʪʠʟʘʮʠʿʘ, ʃʝʢʩʠʤʠʨʢʘ 

1. ȑɹʏʀ 

ɸʢʨʦʥʠʤ ʉʨʧʂʦʨ ʦʟʥʘʯʘʚʘ ʬʘʤʠʣʠʿʫ ʝʣʝʢʪʨʦʥʩʢʠʭ ʢʦʨʧʫʩʘ 

ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʯʠʿʘ ʿʝ ʠʟʛʨʘʜˁʘ ʧʦʯʝʣʘ ʢʨʘʿʝʤ ʩʝʜʘʤʜʝʩʝʪʠʭ 

ʛʦʜʠʥʘ ʧʨʦʰʣʦʛʘ ʚʝʢʘ, ʘ ʢʦʿʘ ʿʝ ʧʦʩʪʘʣʘ ʰʠʨʝ ʚʠʜˀʠʚʘ ʟʘʠʥʪʝʨʝʩʦʚʘʥʦʿ 

ʠʩʪʨʘʞʠʚʘʯʢʦʿ ʟʘʿʝʜʥʠʮʠ ʦʙʿʘʚˀʠʚʘˁʝʤ ˁʝʛʦʚʝ ʧʨʚʝ ʚʝʨʟʠʿʝ ʥʘ ʚʝʙʫ 

2003. ʛʦʜʠʥʝ. ʋ ʦʚʦʤ ʜʫʛʦʤ ʧʝʨʠʦʜʫ, ʧʦʩʝʙʥʦ ʧʨʝ ʧʦʿʘʚʝ ʢʦʨʠʩʥʠʭ 

ʪʝʢʩʪʫʝʣʥʠʭ ʨʝʩʫʨʩʘ ʥʘ ʚʝʙʫ, ʨʘʟʚʦʿ ʢʦʨʧʫʩʘ ʩʝ ʩʘʩʪʦʿʘʦ ʫ ʧʨʠʢʫʧˀʘˁʫ ʠ 

_____________________ 
1 ɼʨʫʰʪʚʦ ʟʘ ʿʝʟʠʯʢʝ ʨʝʫʨʩʝ ʠ ʪʝʭʥʦʣʦʛʠʿʝ ɱʝʈʊʝʭ, {vitas|cvetana|ranka}@jerteh.rs 

https://doi.org/10.18485/judig.2025.1.ch1
https://orcid.org/0000-0003-4194-692X
https://orcid.org/0000-0001-5123-6273
https://orcid.org/0000-0003-3328-9392
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ʦʙʨʘʜʠ ʛʨʘʹʝ ʢʘʦ ʠ ʫ ʨʘʟʚʦʿʫ ʤʝʪʦʜʘ ʦʙʨʘʜʝ ʢʦʨʧʫʩʘ. ʅʘʠʤʝ, ʝʣʝʢʪʨʦʥʩʢʠ 

ʢʦʨʧʫʩ ʥʠʿʝ ʩʘʤʦ ʢʦʣʝʢʮʠʿʘ ʪʝʢʩʪʦʚʘ ʫ ʜʠʛʠʪʘʣʥʦʤ ʦʙʣʠʢʫ (ʢʘʢʦ ʩʝ ʪʦ, ʥʘ 

ʧʨʠʤʝʨ, ʥʘʚʦʜʠ ʫ (ɼʦʙʨʠ˂ 2012)), ʚʝ˂ ʧʦʜʨʘʟʫʤʝʚʘ ʚʠʰʝ ʢʦʤʧʦʥʝʥʘʪʘ 

ʢʦʿʝ ˂ʝ ʟʘʿʝʜʥʦ ʦʚʘʢʚʫ ʢʦʣʝʢʮʠʿʫ ʫʯʠʥʠʪʠ ʢʦʨʠʩʥʦʤ ʫ ʿʝʟʠʯʢʠʤ ʠ ʜʨʫʛʠʤ 

ʠʩʪʨʘʞʠʚʘˁʠʤʘ. ʆʚʝ ʢʦʤʧʦʥʝʥʪʝ, ʧʦʨʝʜ ʩʘʤʠʭ ʪʝʢʩʪʦʚʘ, ʯʠʥʝ, ʧʨʝ ʩʚʝʛʘ, 

ʩʦʬʪʚʝʨʩʢʘ ʧʦʜʨʰʢʘ ʦʨʛʘʥʠʟʘʮʠʿʠ ʠ ʝʢʩʧʣʦʘʪʘʮʠʿʠ ʢʦʣʝʢʮʠʿʝ ʪʝʢʩʪʦʚʘ ʠ 

ʩʨʝʜʩʪʚʘ ʟʘ ʨʘʟʣʠʯʠʪʝ ʥʠʚʦʝ ʘʥʦʪʘʮʠʿʝ ʪʝʢʩʪʦʚʘ ʢʦʿʠ ˂ʝ ʩʝ ʥʘ˂ʠ ʫ ʢʦʨʧʫʩʫ 

(ɺʠʪʘʩ 2023). 

ʉʨʧʂʦʨ ʿʝ, ʚʦʜʝ˂ʠ ʨʘʯʫʥʘ ʦ ʦʚʠʤ ʢʦʤʧʦʥʝʥʪʘʤʘ, ʪʦʢʦʤ ʩʚʦʿʝ 

ʠʟʛʨʘʜˁʝ ʧʨʦʰʘʦ ʨʘʟʣʠʯʠʪʝ ʤʝʪʘʤʦʨʬʦʟʝ ʢʦʿʝ ʧʨʫʞʘʿʫ ʩʣʠʢʫ, ʢʘʢʦ ʦ 

ʝʚʦʣʫʮʠʿʠ ʩʦʬʪʚʝʨʩʢʝ ʧʦʜʨʰʢʝ ʟʘ ʢʦʥʩʪʨʫʢʮʠʿʫ ʠ ʝʢʩʧʣʦʘʪʘʮʠʿʫ 

ʢʦʨʧʫʩʘ, ʪʘʢʦ ʠ ʦ ʨʘʟʚʦʿʫ ʩʠʩʪʝʤʘ ʘʥʦʪʘʮʠʿʘ ʥʘ ʨʘʟʣʠʯʠʪʠʤ ʥʠʚʦʠʤʘ 

(ʤʝʪʘʧʦʜʘʮʠ, ʤʦʨʬʦʣʦʰʢʦ ʦʙʝʣʝʞʘʚʘˁʝ, ʣʝʤʘʪʠʟʘʮʠʿʘ, ʠʤʝʥʦʚʘʥʠ 

ʝʥʪʠʪʝʪʠ, ʠʪʜ). 

ʂʨʘʿˁʝ ʩʢʨʦʤʥʠ ʫʩʣʦʚʠ (ʫ ʧʦʨʝʹʝˁʫ ʩʘ ʜʨʫʛʠʤ ʩʨʝʜʠʥʘʤʘ, ʢʘʢʦ 

ʫ ʙʨʦʿʫ ʠʩʪʨʘʞʠʚʘʯʘ ʫʢˀʫʯʝʥʠʭ ʫ ʠʟʛʨʘʜˁʫ ʢʦʨʧʫʩʘ, ʜʦʜʝˀʝʥʠʤ 

ʬʠʥʘʥʩʠʿʩʢʠʤ ʩʨʝʜʩʪʚʠʤʘ ʠʟ ʨʘʟʣʠʯʠʪʠʭ ʠʟʚʦʨʘ, ʨʘʩʧʦʣʦʞʠʚʦʤ 

ʦʧʨʝʤʦʤ) ʩʫ ʥʘʤʝʪʥʫʣʠ ʩʪʨʘʪʝʛʠʿʫ ʧʦʩʪʫʧʥʦʛ ʨʘʟʚʦʿʘ ʢʦʨʧʫʩʘ ʢʦʿʘ ʿʝ 

ʧʦʜʨʘʟʫʤʝʚʘʣʘ ʜʘ ˂ʝ ʩʝ ʥʦʚʝ ʚʝʨʟʠʿʝ ʢʦʨʧʫʩʘ ʦʩʣʘˁʘʪʠ ʥʘ ʤʘʪʝʨʠʿʘʣ 

ʧʨʠʧʨʝʤˀʝʥ ʠ ʫʧʦʪʨʝʙˀʝʥ ʫ ʦʥʠʤ ʚʝʨʟʠʿʘʤʘ ʢʦʿʝ ʩʫ ʿʦʿ ʧʨʝʪʭʦʜʠʣʝ. 

ʋ ʨʘʜʫ ˂ʝ ʙʠʪʠ ʠʣʫʩʪʨʦʚʘʥʘ ʝʚʦʣʫʮʠʿʘ ʫ ʨʘʟʚʦʿʫ ʉʨʧʂʦʨ-ʘ 

ʧʦʯʝʚ ʦʜ ˁʝʛʦʚʝ ʧʨʚʝ ʚʝʨʟʠʿʝ ʜʦ ʜʘʥʘʩ ʧʨʘʪʝ˂ʠ ʫʧʣʠʚʝ ʨʘʟʣʠʯʠʪʠʭ 

ʩʨʝʜʩʪʘʚʘ ʢʦʿʘ ʩʫ ʢʦʨʠʰ˂ʝʥʘ ʫ ʠʟʛʨʘʜˁʠ ʧʦʿʝʜʠʥʘʯʥʠʭ ʚʝʨʟʠʿʘ, ʢʘʦ ʠ 

ʧʨʦʤʝʥʝ ʜʠʤʝʥʟʠʿʘ ʠ ʩʠʩʪʝʤʘ ʘʥʦʪʘʮʠʿʝ ʪʝʢʩʪʦʚʘ. ʇʦʩʝʙʥʦ ˂ʝ ʙʠʪʠ 

ʦʧʠʩʘʥʘ ʩʪʨʫʢʪʫʨʘ ʧʦʿʝʜʠʥʘʯʥʠʭ ʚʝʨʟʠʿʘ ʢʦʨʧʫʩʘ, ˁʠʭʦʚʝ ʜʠʤʝʥʟʠʿʝ, 

ʦʙʫʭʚʘ˂ʝʥʠ ʚʨʝʤʝʥʩʢʠ ʧʝʨʠʦʜ ʠ ʥʠʚʦ ʘʥʦʪʘʮʠʿʝ. 

ʆʩʥʦʚʥʝ ʟʘʤʠʩʣʠ ʧʨʠʣʠʢʦʤ ʢʦʥʮʠʧʠʨʘˁʘ ʚʝʙ-ʚʝʨʟʠʿʝ ʢʦʨʧʫʩʘ 

ʩʫ ʧʨʚʦ ʠʟʣʦʞʝʥʝ ʫ (ɺʠʪʘʩ & ʇʦʧʦʚʠ˂ 2003), ʘ ʟʘʪʠʤ ʫ (Utviĺ 2013) ʛʜʝ 

ʩʫ ʦʧʠʩʘʥʠ ʙʨʦʿʥʠ ʜʝʪʘˀʠ ʟʘ ʚʝʨʟʠʿʫ ʉʨʂʦʨ-ʘ ʠʟ 2013. ʛʦʜʠʥʝ. 

ʀʥʪʝʨʘʢʮʠʿʝ ʢʦʨʧʫʩʘ ʩʘ ʨʝʯʥʠʮʠʤʘ ʩʫ ʨʘʟʤʘʪʨʘʥʝ ʫ (Krstev & Vitas 

2005, Vitas & Krstev 2012). 

ʋ ʦʜʝˀʢʫ 2 ʩʫ ʦʧʠʩʘʥʠ ʧʨʚʠ ʢʦʨʘʮʠ ʦʙʨʘʜʝ ʧʨʠʨʦʜʥʠʭ ʿʝʟʠʢʘ ʫ 

ʉʨʙʠʿʠ. ʆʜʝˀʘʢ 3 ʿʝ ʧʦʩʚʝ˂ʝʥ ʧʨʚʠʤ ʢʦʨʧʫʩʠʤʘ ʥʘ ʚʝʙʫ, ʜʦʢ ʩʝ ʠ 

ʦʜʝˀʢʫ 4 ʛʦʚʦʨʠ ʦ ʜʘˀʝʤ ʨʘʟʚʦʿʫ ʢʦʨʧʫʩʘ ʠ ˁʠʭʦʚʠʤ ʚʝʨʟʠʿʘʤʘ. 

2. ȍʑɹʆНʊʏʑɷʙʆ 

ʀʥʪʝʨʝʩʦʚʘˁʝ ʟʘ (ʨʘʯʫʥʘʨʩʢʫ) ʦʙʨʘʜʫ ʧʨʠʨʦʜʥʠʭ ʿʝʟʠʢʘ ʿʝ ʫ 

ʉʨʙʠʿʠ ʧʦʯʝʣʦ ʧʦʯʝʪʢʦʤ ʦʩʘʤʜʝʩʝʪʠʭ ʛʦʜʠʥʘ ʧʨʦʰʣʦʛ ʚʝʢʘ, ʟʥʘʪʥʦ 

ʢʘʩʥʠʿʝ ʥʝʛʦ ʫ ʜʨʫʛʠʤ ʝʚʨʦʧʩʢʠʤ ʩʨʝʜʠʥʘʤʘ, ʧʘ ʯʘʢ ʠ ʦʥʠʤ ʢʦʿʝ ʩʫ ʠ 

ʿʝʟʠʯʢʠ ʠ ʛʝʦʛʨʘʬʩʢʠ ʙʠʣʝ ʙʣʠʩʢʝ ʫ ʪʦ ʜʦʙʘ. ʄʦʛʫ˂ʠ ʫʟʨʦʮʠ ʟʘ ʦʚʘʢʚʦ 
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ʟʘʥʝʤʘʨʠʚʘˁʝ ʿʝʜʥʝ ʚʘʞʥʝ ʿʝʟʠʯʢʝ ʪʝʭʥʦʣʦʛʠʿʝ ʜʘʥʘʩ ʩʫ ʪʝʰʢʦ 

ʨʘʟʫʤˀʠʚʠ. ʄʦʛʫ˂ʝ ʠʭ ʿʝ ʪʨʘʞʠʪʠ, ʥʘ ʧʨʠʤʝʨ, ʫ ʪʨʘʜʠʮʠʦʥʘʣʥʦʤ 

ʦʜʩʫʩʪʚʫ ʤʘʪʝʤʘʪʠʯʢʦʛ ʠ ʠʥʬʦʨʤʘʪʠʯʢʦʛ ʦʙʨʘʟʦʚʘˁʘ ʬʠʣʦʣʦʛʘ ʫ ʉʨʙʠʿʠ, 

ʯʠʿʝ ʩʝ ʧʦʩʣʝʜʠʮʝ ʠ  ʜʘˀʝ ʞʠʚʦ ʦʩʝ˂ʘʿʫ. ʆʚʦʤʝ ʿʝ ʤʦʛʘʦ ʧʦʩʝʙʥʦ 

ʜʦʧʨʠʥʝʪʠ ʠ ʦʜʿʝʢ ʇʠʨʩʦʚʦʛ ʠʟʚʝʰʪʘʿʘ (Pierce ʠ ʜʨʫʛʠ 1966.) ʢʦʿʠ ʿʝ 

ʥʝʛʘʪʠʚʥʦ ʦʮʝʥʠʦ ʨʘʟʚʦʿ ˅ʦʨ˅ʪʘʫʥʩʢʦʛ ʧʨʦʿʝʢʪʘ ʘʫʪʦʤʘʪʩʢʦʛ ʧʨʝʚʦʹʝˁʘ ʠ 

ʦʙʫʩʪʘʚʠʦ ˁʝʛʦʚʦ ʬʠʥʘʥʩʠʨʘˁʝ2. ʂʘʢʦ ʿʝ ʜʝʦ ʦʚʦʛ ʧʨʦʿʝʢʪʘ ʙʠʦ 

ʬʠʥʘʥʩʠʨʘʥ ʫ ɱʫʛʦʩʣʘʚʠʿʠ (ʩʪʨ. 41 ʠ ʜʘˀʝ), ʦʙʫʩʪʘʚˀʘˁʝ ʦʚʦʛ ʧʨʦʿʝʢʪʘ ʿʝ 

ʤʦʨʘʣʦ ʠʟʘʟʚʘʪʠ ʢʦʜ ʪʨʘʜʠʮʠʦʥʘʣʥʦ ʦʙʨʘʟʦʚʘʥʠʭ ʣʠʥʛʚʠʩʪʘ ʦʧʨʘʚʜʘʥʦ 

ʟʘʟʠʨʘˁʝ ʦʜ ʨʘʯʫʥʘʨʩʢʠʭ ʪʝʭʥʦʣʦʛʠʿʘ, (ʚʠʜʝʪʠ, ʥʘ ʧʨʠʤʝʨ, (Iviĺ, 2001, 

ʩʪʨ. 61 ʠ ʜʘˀʝ), (Rajiĺ, 1981)). ɿʘʟʠʨʘˁʝ ʦʜ ʠʥʬʦʨʤʘʪʠʯʢʠʭ ʧʦʩʪʫʧʘʢʘ ʫ 

ʦʙʨʘʜʠ ʿʝʟʠʯʢʠʭ ʧʦʜʘʪʘʢʘ ʩʝ ʚʠʜʠ ʠ ʢʨʦʟ ʯʠʪʘʚ ʥʠʟ ʨʘʟʣʠʯʠʪʠʭ 

ʢʚʘʥʪʠʪʘʪʠʚʥʠʭ ʿʝʟʠʯʢʠʭ ʠʩʪʨʘʞʠʚʘˁʘ ʢʦʿʘ ʩʫ ʜʦ ʦʩʘʤʜʝʩʝʪʠʭ ʛʦʜʠʥʘ 

ʧʨʦʰʣʦʛ ʚʝʢʘ ʦʙʘʚˀʝʥʘ ʨʫʯʥʠʤ ʧʨʝʙʨʦʿʘʚʘˁʝʤ ʠ ʫʘʟʙʫʯʘʚʘˁʝʤ 

ʦʜʨʝʹʝʥʦʛ ʿʝʟʠʯʢʦʛ ʤʘʪʝʨʠʿʘʣʘ (ʧʦʛʣʝʜʘʪʠ (ɺʠʪʘʩ, 2023)). 

ʉ ʜʨʫʛʝ ʩʪʨʘʥʝ, ʠʥʬʦʨʤʘʪʠʯʢʠ ʦʨʠʿʝʥʪʠʩʘʥʠ ʤʘʪʝʤʘʪʠʯʘʨʠ ʫ ʪʦ 

ʠʩʪʦ ʜʦʙʘ ʩʝ ʫʧʦʟʥʘʿʫ ʩʘ ʪʝʦʨʠʿʦʤ ʬʦʨʤʘʣʥʠʭ ʿʝʟʠʢʘ ʠ, ʧʦʩʝʙʥʦ, ʩʘ 

ʪʝʦʨʠʿʦʤ ʬʦʨʤʘʣʥʠʭ ʛʨʘʤʘʪʠʢʘ ʠ ʿʝʟʠʢʘ ʅʦʘʤʘ ʏʦʤʩʢʦʛ ʠ ˁʠʭʦʚʦʤ 

ʧʨʠʤʝʥʦʤ ʫ ʢʦʤʧʠʣʘʮʠʿʠ ʧʨʦʛʨʘʤʩʢʠʭ ʿʝʟʠʢʘ (ɺʠʪʘʩ, 2018). ʆʚʘ ʪʝʦʨʠʿʘ 

ʧʨʠʨʦʜʥʦ ʙʫʜʠ ʠ ʟʘʥʠʤʘˁʝ ʟʘ ʩʚʦʿʫ ʧʨʠʤʝʥʫ ʥʘ ʧʨʠʨʦʜʥʝ ʿʝʟʠʢʝ, ʘʣʠ ʩʫ 

ʟʘ ʪʘʢʚʝ ʝʢʩʧʝʨʠʤʝʥʪʝ ʥʝʜʦʩʪʘʿʘʣʠ ʥʝʦʧʭʦʜʥʠ ʨʝʩʫʨʩʠ ï ʿʝʟʠʯʢʘ ʛʨʘʹʘ ʠ 

ʧʨʦʛʨʘʤʠ ʟʘ ˁʝʥʫ ʦʙʨʘʜʫ. ʆʚʦ ʿʝ ʫ ʠʟʚʝʩʥʦʤ ʩʤʠʩʣʫ ʧʦʩʣʝʜʠʮʘ ʦʜʩʫʩʪʚʘ 

ʠʥʪʝʨʝʩʦʚʘˁʘ ʬʠʣʦʣʦʛʘ ʟʘ ʦʙʨʘʜʫ ʿʝʟʠʢʘ ʢʦʿʘ ʿʝ ʫ ʜʨʫʛʠʤ ʩʨʝʜʠʥʘʤʘ ʙʠʣʘ 

ʧʦʢʨʝʪʘʯ ʨʘʟʚʦʿʘ ʧʦʪʨʝʙʥʠʭ ʠʥʬʦʨʤʘʪʠʯʢʠʭ ʩʨʝʜʩʪʘʚʘ. 

ʂʨʘʿʝʤ 1977. ʛʦʜʠʥʝ ʿʝ ʫ ʉʘʨʘʿʝʚʫ, ʫ ʦʨʛʘʥʠʟʘʮʠʿʠ ʀʥʩʪʠʪʫʪʘ ʟʘ 

ʿʝʟʠʢ ʠ ʢˁʠʞʝʚʥʦʩʪ, ʦʜʨʞʘʥ ʩʢʫʧ ʧʦʜ ʥʘʩʣʦʚʦʤ Ăʂʦʤʧʿʫʪʝʨʩʢʘ ʦʙʨʘʜʘ 

ʣʠʥʛʚʠʩʪʠʯʢʠʭ ʧʦʜʘʪʘʢʘñ (Ġipka, 1978). ɱʝʜʠʥʠ ʨʘʜ ʫ ʢʦʤʝ ʩʝ ʨʘʯʫʥʘʨ 

ʧʨʠʤʝˁʠʚʘʦ ʥʘ ʤʘʪʝʨʠʿʘʣʘ ʩʨʧʩʢʦʛ (ʩʨʧʩʢʦʭʨʚʘʪʩʢʦʛ) ʿʝʟʠʢʘ ʿʝ 

ʧʨʠʢʘʟʠʚʘʦ ʥʝʢʝ ʦʜ ʨʘʩʧʦʜʝʣʘ ʛʨʘʬʝʤʘ ʫ ʪʝʢʩʪʫ (Tomiĺ, 1978). ʋ 

ʜʨʫʛʠʤ ʩʨʝʜʠʥʘʤʘ ʦʥʜʘʰˁʝ ɱʫʛʦʩʣʘʚʠʿʝ ʙʠʣʘ ʩʫ ʫʚʝʣʠʢʦ ʫ ʪʦʢʫ 

ʠʩʪʨʘʞʠʚʘˁʘ ʚʝʟʘʥʘ ʟʘ ʢʦʨʧʫʩʝ (ʧʨʝ ʩʚʝʛʘ ʫ ɿʘʛʨʝʙʫ), ʢʘʦ ʠ ʨʘʟʣʠʯʠʪʠ 

ʧʨʦʛʨʘʤʩʢʠ ʝʢʩʧʝʨʠʤʝʥʪʠ ʩʘ ʩʣʦʚʝʥʘʯʢʠʤ ʿʝʟʠʢʦʤ. 

ʇʦʜʩʪʘʢʥʫʪʝ ʦʚʠʤ ʩʢʫʧʦʤ, ʟʘʧʦʯʝʪʝ ʩʫ ʠ ʫ ɹʝʦʛʨʘʜʫ ʘʢʪʠʚʥʦʩʪʠ 

ʥʘ ʧʦʜʨʫʯʿʫ ʦʙʨʘʜʝ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. ʇʨʚʠ ʢʦʨʘʮʠ ʩʫ ʩʝ ʩʘʩʪʦʿʘʣʠ ʫ 

ʨʘʟʚʦʿʫ ʥʝʦʧʭʦʜʥʝ ʧʨʦʛʨʘʤʩʢʝ ʦʧʨʝʤʝ. ʊʘʢʦ ʿʝ ʨʘʟʚʠʿʝʥ ʚʣʘʩʪʠʪʠ 

ʩʠʩʪʝʤ ʟʘ ʦʙʨʘʜʫ ʢʦʨʧʫʩʘ, ɸʫʨʦʨʘ, ʢʦʿʠ ʿʝ ʫʣʘʟʥʠ ʪʝʢʩʪ ʦʙʨʘʹʠʚʘʦ ʫ ʜʚʝ 

ʬʘʟʝ (Vitas 1979). ʋ ʧʨʚʦʿ ʿʝ ʬʦʨʤʠʨʘʥʘ ʠʥʪʝʨʥʘ ʨʝʧʨʝʟʝʥʪʘʮʠʿʘ ʫʣʘʟʘ 

ʫ ʦʙʣʠʢʫ ʠʥʚʝʨʪʦʚʘʥʦʛ ʪʝʢʩʪʘ, ʢʦʿʠ ʥʠʿʝ ʟʘʚʠʩʠʦ ʦʜ ʫʣʘʟʥʝ ʘʟʙʫʢʝ3. ʋ 
_____________________ 
2 https://en.wikipedia.org/wiki/Georgetown%E2%80%93IBM_experiment 
3 ʊʝʢʩʪʦʚʠ ʫ ʩʠʩʪʝʤʫ ɸʋʈʆʈɸ ʩʫ ʙʠʣʠ ʢʦʜʠʨʘʥʠ ʢʦʨʠʩʪʝ˂ʠ ʦʟʥʘʢʝ CX, CY,... ʟʘ ɴ, ʏ,é ʠʣʠ 

Ĺ, Ļé ʰʪʦ ʿʝ ʦʤʦʛʫ˂ʠʣʦ ʦʙʨʘʜʫ ʢʦʿʘ ʥʝ ʟʘʚʠʩʠ ʦʜ ʘʟʙʫʢʝ ʠʟʚʦʨʥʦʛ ʪʝʢʩʪʘ. 
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ʜʨʫʛʦʿ ʬʘʟʠ ʩʫ ʫ ʧʦʯʝʪʢʫ ʠʟ ʠʥʪʝʨʥʝ ʨʝʧʨʝʟʝʥʪʘʮʠʿʝ ʛʝʥʝʨʠʩʘʥʝ 

ʢʦʥʢʦʨʜʘʥʮʝ ʮʝʣʦʛ ʪʝʢʩʪʘ (ʠʣʠ ʧʨʝʤʘ ʟʘʜʘʪʦʤ ʢˀʫʯʫ) (ʉʣʠʢʘ 1), ʢʘʦ ʠ 

ʜʨʫʛʠ ʠʥʜʝʢʩʠ (ʬʨʝʢʚʝʥʮʠʿʘʨ, ʘʪʝʨʛʦ, ʠʪʜ.), ʘ ʢʘʩʥʠʿʝ ʠ ʜʨʫʛʝ 

ʘʧʣʠʢʘʮʠʿʝ (ʧʦʧʫʪ ʦʪʢʨʠʚʘˁʘ ʪʠʧʦʛʨʘʬʩʢʠʭ ʛʨʝʰʘʢʘ, ʧʨʦʥʘʣʘʞʝˁʝ 

ʠʥʬʦʨʤʘʮʠʿʘ ʠʣʠ ʛʝʥʝʨʠʩʘˁʘ ʙʠʪʝʢʩʪʘ). 

 

ʉʣʠʢʘ 1. ʇʨʚʠ ʝ-ʪʝʢʩʪʦʚʠ ʠ ʢʦʥʢʦʨʜʘʥʮʝ 

ʅʝʧʦʩʨʝʜʥʦ ʟʘ ʦʚʠʤ ʢʦʨʘʢʦʤ ʩʝ ʧʨʠʩʪʫʧʠʣʦ ʩʣʦʞʝʥʠʿʝʤ 

ʧʠʪʘˁʫ: ʬʦʨʤʘʣʠʟʘʮʠʿʠ ʠʤʝʥʩʢʝ ʤʦʨʬʦʣʦʛʠʿʝ, ʘ ʨʝʟʫʣʪʘʪ ʿʝ ʙʠʦ 

ʛʝʥʝʨʘʪʦʨ ʠʤʝʥʠʯʢʝ ʠ ʧʨʠʜʝʚʩʢʝ ʜʝʢʣʠʥʘʮʠʿʝ ʥʘ ʦʩʥʦʚʫ 

ʤʦʨʬʦʛʨʘʬʝʤʩʢʝ ʜʝʬʠʥʠʮʠʿʝ ʣʝʤʝ (ʩʣʠʢʘ 2). ʆʚʘʿ ʢʦʨʘʢ ʿʝ ʦʤʦʛʫ˂ʠʦ 

ʠʟʨʘʜʫ ʧʘʨʮʠʿʘʣʥʦ ʣʝʤʘʪʠʟʠʨʘʥʠʭ ʢʦʥʢʦʨʜʘʥʮʠ ʪʝʢʩʪʘ, ʘ ʧʨʝʜʩʪʘʚˀʘʦ 

ʿʝ ʠ ʧʦʯʝʪʘʢ ʨʘʜʘ ʥʘ ʧʨʦʿʝʢʪʫ ʠʟʨʘʜʝ ʤʦʨʬʦʣʦʰʢʦʛ ʝʣʝʢʪʨʦʥʩʢʦʛ 

ʨʝʯʥʠʢʘ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ (Vitas 1980, ɺʠʪʘʩ 2023). 

 

ʉʣʠʢʘ 2. ʇʨʚʠ ʧʨʠʤʝʨ ʣʝʤʘʪʠʟʘʮʠʿʝ ʠ ʦʙʝʣʝʞʘʚʘˁʘ ʫ 

ʩʨʧʩʢʦʭʨʚʘʪʩʢʦʤ ʿʝʟʠʢʫ 
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ʋ ʠʩʪʦ ʚʨʝʤʝ, ʪʦʢʦʤ 1978, ʬʦʨʤʠʨʘʥ ʿʝ ʉʝʤʠʥʘʨ ʟʘ ʤʘʪʝʤʘʪʠʯʢʫ 

ʠ ʨʘʯʫʥʘʨʩʢʫ ʣʠʥʛʚʠʩʪʠʢʫ ʫ ʄʘʪʝʤʘʪʠʯʢʦʤ ʠʥʩʪʠʪʫʪʫ4, ʘ ʥʝʰʪʦ ʢʘʩʥʠʿʝ, 

ʧʦʯʝʚ ʦʜ 1981. ʛʦʜʠʥʝ, ʠ ʥʘʫʯʥʦ-ʠʩʪʨʘʞʠʚʘʯʢʠ ʧʨʦʿʝʢʘʪ Ăʄʘʪʝʤʘʪʠʯʢʘ ʠ 

ʨʘʯʫʥʘʨʩʢʘ ʣʠʥʛʚʠʩʪʠʢʘñ ʛʜʝ ʩʫ ʩʝ ʦʢʫʧʠʣʠ, ʩ ʿʝʜʥʝ ʩʪʨʘʥʝ, ʤʘʪʝʤʘʪʠʯʘʨʠ 

ʠ ʠʥʬʦʨʤʘʪʠʯʘʨʠ, ʘ ʩʘ ʜʨʫʛʝ, ʣʠʥʛʚʠʩʪʠ. ɿʘʥʠʤˀʠʚʦ ʿʝ ʜʘ ʩʫ ʫ ʪʦʤ ʨʘʥʦʤ 

ʧʝʨʠʦʜʫ ʞʠʚʦ ʠʥʪʝʨʝʩʦʚʘˁʝ ʟʘ ʦʙʨʘʜʫ ʿʝʟʠʢʘ ʧʦʢʘʟʠʚʘʣʠ ʣʠʥʛʚʠʩʪʠ ʢʦʿʫ ʩʝ 

ʙʘʚʠʣʠ ʜʨʫʛʠʤ ʿʝʟʠʮʠʤʘ, ʘ ʥʝ ʩʨʧʩʢʠʤ (ʘʥʛʣʠʩʪʠ, ʛʝʨʤʘʥʠʩʪʠ, ʨʦʤʘʥʠʩʪʠ ʠ 

ʜʨʫʛʠ). ʂʨʘʿʝʤ 1981. ʛʦʜʠʥʝ, ʄʘʪʝʤʘʪʠʯʢʠ ʠʥʩʪʠʪʫʪ ʿʝ ʥʘ ʌʠʣʦʣʦʰʢʦʤ 

ʬʘʢʫʣʪʝʪʫ ʦʨʛʘʥʠʟʦʚʘʦ ʪʨʦʜʥʝʚʥʠ ʩʝʤʠʥʘʨ Ăʆ ʨʝʧʨʝʟʝʥʪʘʪʠʚʥʠʤ 

ʫʟʦʨʮʠʤʘ ʧʨʠʨʦʜʥʠʭ ʿʝʟʠʢʘ (ʪʝʦʨʠʿʘ ʢʦʨʧʫʩʘ)ñ ʥʘ ʢʦʤʝ ʿʝ ʜʨ ɺʦʣʬʛʘʥʛ 

ʊʦʿʙʝʨʪ ʩʘ ʀʥʩʪʠʪʫʪʘ ʟʘ ʥʝʤʘʯʢʠ ʿʝʟʠʢ ʫ ʄʘʥʭʘʿʤʫ ʠʟʣʘʛʘʦ ʥʝʤʘʯʢʘ 

ʠʩʢʫʩʪʚʘ ʫ ʠʟʛʨʘʜˁʠ ʠ ʝʢʩʧʣʦʘʪʘʮʠʿʠ ʢʦʨʧʫʩʘ. 

ʀʟ ʦʚʠʭ ʧʦʯʝʪʥʠʭ ʘʢʪʠʚʥʦʩʪʠ ʫ ʉʨʙʠʿʠ ʩʝ ʜʘ ʚʠʜʝʪʠ ʜʘ ʿʝ ʨʘʟʚʦʿ 

ʤʝʪʦʜʘ ʦʙʨʘʜʝ  ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʧʦʯʝʦ ʤʝʹʫ ʠʥʬʦʨʤʘʪʠʯʘʨʠʤʘ ʟʘ ʨʘʟʣʠʢʫ 

ʦʜ ʜʨʫʛʠʭ ʩʨʝʜʠʥʘ ʫ ʢʦʿʠʤʘ ʩʫ ʣʠʥʛʚʠʩʪʠ ʙʠʣʠ ʥʦʩʠʦʮʠ ʪʘʢʚʠʭ 

ʘʢʪʠʚʥʦʩʪʠ. ʇʨʠʨʦʜʥʦ ʿʝ ʜʘ ʩʫ ʠʥʬʦʨʤʘʪʠʯʘʨʠ ʙʠʣʠ ʟʘʠʥʪʝʨʝʩʦʚʘʥʠ, ʧʨʝ 

ʩʚʝʛʘ, ʟʘ ʠʥʬʦʨʤʘʪʠʯʢʝ ʤʝʪʦʜʝ ʢʦʿʝ ʦʤʦʛʫ˂ʘʚʘʿʫ ʦʙʨʘʜʫ ʿʝʜʥʦʛ ʿʝʟʠʢʘ, ʜʦʢ 

ʩʫ ʧʠʪʘˁʘ ʢʦʿʘ ʩʝ ʧʦʩʪʘʚˀʘʿʫ ʿʝʜʥʦʤ ʣʠʥʛʚʠʩʪʠ ʙʠʣʘ ʫ ʜʨʫʛʦʤ ʧʣʘʥʫ ï 

ʠʥʬʦʨʤʘʪʠʯʢʝ ʢʦʤʧʝʪʝʥʮʠʿʝ ʠʭ ʥʝ ʤʦʛʫ ʬʦʨʤʫʣʠʩʘʪʠ. 

ʄʦʛʫ˂ʥʦʩʪʠ ʤʘʩʠʚʥʠʭ ʦʙʨʘʜʘ ʪʝʢʩʪʘ ʩʫ ʙʠʣʝ ʫ ʦʥʦ ʜʦʙʘ 

ʚʠʰʝʩʪʨʫʢʦ ʦʛʨʘʥʠʯʝʥʝ. ʉ ʿʝʜʥʝ ʩʪʨʘʥʝ ʩʫ ʪʦ ʙʠʣʝ ʨʘʩʧʦʣʦʞʠʚʝ 

ʠʥʬʦʨʤʘʪʠʯʢʝ ʪʝʭʥʦʣʦʛʠʿʘ ʛʜʝ ʿʝ ʫʥʦʩ ʪʝʢʩʪʘ ʚʨʰʝʥ  ʧʨʝʢʦ ʙʫʰʝʥʠʭ 

ʢʘʨʪʠʮʘ, ʩʘ ʚʨʣʦ ʦʛʨʘʥʠʯʝʥʠʤ ʤʝʤʦʨʠʿʩʢʠʤ ʢʘʧʘʮʠʪʝʪʠʤʘ (ʫʥʫʪʨʘʰˁʘ 

ʤʝʤʦʨʠʿʘ ʦʜ 128KB) ʠ ʢʦʨʠʩʪʝ˂ʠ ʥʝʧʨʠʢʣʘʜʥʠ ʧʨʦʛʨʘʤʩʢʠ ʿʝʟʠʢ (Fortran 

IV). ʉ ʜʨʫʛʝ ʩʪʨʘʥʝ, ʪʝʢʩʪʦʚʠ ʫ ʝ-ʦʙʣʠʢʫ ʥʠʩʫ ʙʠʣʠ ʜʦʩʪʫʧʥʠ ʧʨʝʤʜʘ ʿʝ 

ʚʝ˂ʠʥʘ ʚʝʣʠʢʠʭ ʰʪʘʤʧʘʨʠʿʘ ʫ ɹʝʦʛʨʘʜʫ ʚʝ˂ ʪʘʜʘ ʢʦʨʠʩʪʠʣʘ ʟʘʪʚʦʨʝʥʝ 

ʨʘʯʫʥʘʨʩʢʝ ʩʠʩʪʝʤʝ ʩʘ ʠʟʣʘʟʦʤ ʥʘ ʬʦʪʦʩʣʦʛʫ. ʀʟ ʦʚʘʢʚʠʭ ʩʠʩʪʝʤʘ ʥʠʿʝ 

ʙʠʣʦ ʤʦʛʫ˂ʝ ʜʦʙʠʪʠ ʧʦʪʨʝʙʘʥ ʠʟʣʘʟ ʥʘ ʤʘʛʥʝʪʥʦʿ ʪʨʘʮʠ ʠʣʠ ʥʝʢʦʤ 

ʜʨʫʛʦʤ ʥʦʩʘʯʫ ʢʦʿʠ ʙʠ ʦʤʦʛʫ˂ʠʦ ʧʨʝʫʟʠʤʘˁʝ ʚʝ˂ ʫʥʝʪʠʭ ʪʝʢʩʪʦʚʘ ʫ 

ʜʨʫʛʝ ʨʘʯʫʥʘʨʩʢʝ ʩʠʩʪʝʤʝ. ʊʘʢʦʹʝ, ʿʝʟʠʮʠ ʟʘ ʦʙʝʣʝʞʘʚʘˁʝ ʪʝʢʩʪʘ, ʪʠʧʘ 

SGML ʠ XML, ʢʦʿʠ ʦʤʦʛʫ˂ʘʚʘʿʫ ʧʨʝʥʦʩʠʚʦʩʪ, ʚʠʰʝʩʪʨʫʢʦ ʢʦʨʠʰ˂ʝˁʝ 

ʠ ʦʜʨʞʠʚʦʩʪ, ʿʦʰ ʥʠʩʫ ʙʠʣʠ ʨʘʟʚʠʿʝʥʠ. 

ʋʧʨʢʦʩ ʦʚʠʤ ʦʛʨʘʥʠʯʝˁʠʤʘ, ʪʦʢʦʤ ʧʨʚʝ ʜʝʮʝʥʠʿʝ ʦʙʨʘʜʝ ʩʨʧʩʢʦʛ 

ʿʝʟʠʢʘ ʙʠʣʦ ʿʝ ʧʨʠʢʫʧˀʝʥʦ ʪʝʢʩʪʦʚʘ ʫ ʫʢʫʧʥʦʿ ʜʫʞʠʥʠ ʦʜ ʦʢʦ ʤʠʣʠʦʥ 

ʨʝʯʠ. ʆʚʘ ʢʦʣʝʢʮʠʿʘ ʩʝ ʩʘʩʪʦʿʘʣʘ ʦʜ ʪʝʢʩʪʦʚʘ ʫ˅ʙʝʥʠʢʘ, ʣʠʪʝʨʘʨʥʠʭ ʠ 

ʟʘʢʦʥʩʢʠʭ ʪʝʢʩʪʦʚʘ ʠ ʥʠʿʝ ʠʤʘʣʘ ʧʦʩʝʙʥʦ ʠʟʜʠʬʝʨʝʥʮʠʨʘʥʫ ʩʪʨʫʢʪʫʨʫ. 

ɿʥʘʯʘʿʘʥ ʜʝʦ ʣʠʪʝʨʘʨʥʠʭ ʪʝʢʩʪʦʚʘ ʩʪʠʛʘʦ ʿʝ ʟʘʭʚʘˀʫʿʫ˂ʠ ʄʘʨʢ ʍʝʥʠʥʛʫ 

_____________________ 
4 ɼʘʣʝʢʠ ʥʘʩʣʝʜʥʠʢ ʦʚʦʛ ʩʝʤʠʥʘʨʘ ʿʝ ʜʘʥʘʩ ʩʝʤʠʥʘʨ ʢʦʿʠ ʩʝ ʦʜʨʞʘʚʘ ʫ ʦʨʛʘʥʠʟʘʮʠʿʠ 
ɼʨʫʰʪʚʘ ʟʘ ʿʝʟʠʯʢʝ ʨʝʩʫʨʩʝ ʠ ʪʝʭʥʦʣʦʛʠʿʝ ï ɱʝʈʊʝʭ. 
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ʩʘ ʋʥʠʚʝʨʟʠʪʝʪʘ ʫ ʆʨʭʫʩʫ ʢʦʿʠ ʿʝ ʩʢʘʥʠʨʘʦ ʠʟʚʝʩʪʘʥ ʙʨʦʿ ʨʦʤʘʥʘ ʥʘ 

ʩʨʧʩʢʦʭʨʚʘʪʩʢʦʤ ʿʝʟʠʢʫ5. 

ʅʘʧʨʝʜʘʢ ʫ ʦʙʨʘʜʠ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʩʝ ʦʛʣʝʜʘ ʠ ʫ ʪʨʠ 

ʢʦʥʬʝʨʝʥʮʠʿʝ ʩʘ ʤʝʹʫʥʘʨʦʜʥʠʤ ʫʯʝʰ˂ʝʤ ʢʦʿʝ ʿʝ, ʢʘʦ ʥʘʩʪʘʚʘʢ 

ʩʘʨʘʿʝʚʩʢʝ ʢʦʥʬʝʨʝʥʮʠʿʝ, ʦʨʛʘʥʠʟʦʚʘʦ ʠʥʩʪʠʪʫʪ ɱʦʞʝʬ ʐʪʝʬʘʥ ʠʟ 

ɲʫʙˀʘʥʝ 1982, 1985. ʠ 1988. ʛʦʜʠʥʝ. ʇʨʝʛʣʝʜ ʦʚʠʭ ʟʙʦʨʥʠʢʘ ʧʦʢʘʟʫʿʝ 

ʫʙʨʟʘʥʠ ʨʘʩʪ ʙʨʦʿʘ ʫʯʝʩʥʠʢʘ ʠʟ ʉʨʙʠʿʝ, ʢʘʦ ʠ ʨʘʟʥʦʚʨʩʥʦʩʪ ʪʝʤʘ ʢʦʿʝ 

ʩʫ ʦʙʨʘʹʠʚʘʥʝ. ɿʘʥʠʤˀʠʚʦ ʿʝ ʜʘ ʩʝ ʫ ʦʧʩʝʞʥʦʿ ʙʠʙʣʠʦʛʨʘʬʠʿʠ ʨʘʜʦʚʘ 

ʠʟ ʦʧʰʪʝ ʣʠʥʛʚʠʩʪʠʢʝ ʟʘ 1988. ʛʦʜʠʥʫ (ʌʠʣʦʣʦʛ 466) ʟʘʙʝʣʝʞʝʥ ʩʘʤʦ 

ʿʝʜʘʥ ʦʜ ʨʘʜʦʚʘ ʩʘ ʢʦʥʬʝʨʝʥʮʠʿʝ ʦʜʨʞʘʥʝ 1988. ʛʦʜʠʥʝ: ʦʩʪʘʣʠ ʨʘʜʦʚʠ 

ʥʘ ʤʘʪʝʨʠʿʘʣʫ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʥʠʩʫ ʟʘʙʝʣʝʞʝʥʠ ʿʝʨ ʩʫ ʜʦʣʘʟʠʣʠ ʠʟ 

ʠʥʬʦʨʤʘʪʠʯʢʠʭ ʩʨʝʜʠʥʘ! 

ʇʨʚʘ ʚʝʨʟʠʿʘ ʤʦʨʬʦʣʦʰʢʦʛ ʨʝʯʥʠʢʘ ʠ ʠʜʝʿʘ ʧʨʦʪʦʛʨʘʬʝʤʝ 

ʧʦʤʦ˂ʫ ʩʠʩʪʝʤʘ ɸʫʨʦʨʘ ʿʝ ʠʤʧʣʝʤʝʥʪʠʨʘʥʘ ʫ ʦʢʚʠʨʫ ʜʦʢʪʦʨʩʢʝ 

ʜʠʩʝʨʪʘʮʠʿʝ ʥʘ ʪʝʢʩʪʫ ɺʫʢʦʚʠʭ ʧʦʩʣʦʚʠʮʘ (Krstev 1996, Krstev 1997). 

ʇʨʦʪʦʛʨʘʬʝʤʘ ʿʝ ʢʦʨʠʰ˂ʝʥʘ ʥʘ ʥʠʚʦʫ ʠʥʪʝʨʥʝ ʨʝʧʨʝʟʝʥʪʘʮʠʿʝ ʨʝʯʥʠʢʘ 

ʜʘ ʦʤʦʛʫ˂ʠ ʝʢʩʪʨʘʢʮʠʿʫ ʨʘʟʣʠʯʠʪʠʭ ʜʠʿʘʣʝʢʘʪʩʢʠʭ ʦʙʣʠʢʘ ʦʜʨʝʜʥʠʮʝ 

ʫ ʘʫʪʦʤʘʪʩʢʦʿ ʣʝʤʘʪʠʟʘʮʠʿʠ (ʉʣʠʢʘ 3). 

 

ʉʣʠʢʘ 3. ʃʝʤʘʪʠʟʠʨʘʥʝ ʢʦʥʢʦʨʜʘʥʮʝ ɺʫʢʦʚʠʭ ʧʦʩʣʦʚʠʮʘ 

ʆʜ ʢʨʘʿʘ ʦʩʘʤʜʝʩʝʪʠʭ ʛʦʜʠʥʘ ʧʨʦʰʣʦʛ ʚʝʢʘ, ʠʩʪʨʘʞʠʚʘˁʘ ʩʨʧʩʢʦʛ 

ʿʝʟʠʢʘ ʩʫ ʙʠʣʘ ʫʢˀʫʯʝʥʘ ʧʨʚʦ ʫ ʢʦʦʧʝʨʘʪʠʚʥʠ ʧʨʦʿʝʢʘʪ Ăɱʝʟʠʯʢʝ 

ʠʥʜʫʩʪʨʠʿʝñ, ʘ ʟʘʪʠʤ ʠ ʫ ʧʨʦʿʝʢʘʪ Telri7 (Trans-European Language 

Resources Infrastructure) ʩʨʝʜʠʥʦʤ ʜʝʚʝʜʝʩʝʪʠʭ ʛʦʜʠʥʘ ʜʚʘʜʝʩʝʪʦʛ ʚʝʢʘ 

ʫʧʨʢʦʩ ʩʘʥʢʮʠʿʘʤʘ ʋʿʝʜʠˁʝʥʠʭ ʥʘʮʠʿʘ ʢʦʿʝ ʩʫ ʠʩʪʨʘʞʠʚʘʯʠʤʘ ʦʪʝʞʘʚʘʣʝ 

ʤʝʹʫʥʘʨʦʜʥʫ ʩʘʨʘʜˁʫ. ʆʚʠ ʧʨʦʿʝʢʪʠ ʩʫ ʦʤʦʛʫ˂ʠʣʠ ʜʘ ʩʝ ʫʥʘʧʨʝʜʝ ʤʝʪʦʜʝ 

ʦʙʨʘʜʝ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʢʨʦʟ ʩʘʨʘʜˁʫ ʩʘ ʠʩʪʨʘʞʠʚʘʯʢʠʤ ʛʨʫʧʘʤʘ ʜʨʫʛʠʭ 

ʝʚʨʦʧʩʢʠʭ ʿʝʟʠʢʘ ʫ ʦʚʦʿ ʦʙʣʘʩʪʠ. ʇʦʩʝʙʥʦ ʟʥʘʯʘʿʥʠ ʨʝʟʫʣʪʘʪʠ ʩʫ ʙʠʣʠ 

ʤʦʨʬʦʩʠʥʪʘʢʩʠʯʢʠ ʦʧʠʩ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʫ ʬʦʨʤʘʣʠʟʤʫ Multext-East 
_____________________ 
5 http://www.yurope.com/books/yu/ 
6 https://dais.sanu.ac.rs/bitstream/id/4224/bitstream_4224.pdf 
7 http://telri.nytud.hu/start.html i http://telri.nytud.hu/telriass/index.html 

http://www.yurope.com/books/yu/
https://dais.sanu.ac.rs/bitstream/id/4224/bitstream_4224.pdf
http://telri.nytud.hu/start.html
http://telri.nytud.hu/telriass/index.html
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(Krstev ʠ ʜʨʫʛʠ 2004) ʠ ʧʨʠʤʝʥʘ ʦʚʦʛ ʦʧʠʩʘ ʫ ʦʙʝʣʝʞʘʚʘˁʫ ʠ 

ʣʝʤʘʪʠʟʘʮʠʿʠ ʆʨʚʝʣʦʚʦʛ ʨʦʤʘʥʘ 1984 (Krstev ʠ ʜʨʫʛʠ 2011) ʢʘʦ ʠ 

ʧʘʨʘʣʝʣʠʟʘʮʠʿʠ ʦʚʦʛ ʪʝʢʩʪʘ ʩʘ ʝʥʛʣʝʩʢʠʤ ʦʨʠʛʠʥʘʣʦʤ. 

ʇʦʨʝʜ ʦʚʠʭ ʧʨʦʿʝʢʘʪʘ, ʧʦʩʝʙʥʦ ʧʦʜʨʰʢʫ ʨʘʟʚʦʿʫ ʦʙʨʘʜʝ ʩʨʧʩʢʦʛ ʿʝ 

ʧʨʫʞʠʣʘ ʧʘʨʠʩʢʘ ʣʘʙʦʨʘʪʦʨʠʿʘ LADL (Laboratoire d'Automatique 

Documentaire et Linguistique) ʢʦʿʫ ʿʝ ʚʦʜʠʦ ʧʨʦʬ. ʄʦʨʠʩ ɻʨʦʩ8. ʀʟ ʦʚʝ 

ʩʘʨʘʜˁʝ ʿʝ ʧʦʪʝʢʣʘ ʧʫʥʘ ʬʦʨʤʘʣʠʟʘʮʠʿʘ ʬʣʝʢʪʠʚʥʝ ʤʦʨʬʦʣʦʛʠʿʝ ʩʨʧʩʢʦʛ 

ʿʝʟʠʢʘ ʠ ʟʘʧʦʯʝʪ ʿʝ ʨʘʟʚʦʿ ʤʦʨʬʦʣʦʰʢʦʛ ʝʣʝʢʪʨʦʥʩʢʦʛ ʨʝʯʥʠʢʘ ʩʨʧʩʢʦʛ ʥʘ 

ʠʩʪʠʤ ʧʨʠʥʮʠʧʠʤʘ ʢʦʿʠ ʩʫ ʧʨʠʤʝˁʝʥʠ ʫ ʠʟʨʘʜʠ ʦʚʘʢʚʠʭ ʨʝʯʥʠʢʘ ʟʘ  

ʬʨʘʥʮʫʩʢʠ, ʝʥʛʣʝʩʢʠ ʠ ʙʨʦʿʥʝ ʜʨʫʛʝ ʿʝʟʠʢʝ9 (Krstev 2008). ʊʝʦʨʠʿʩʢʫ 

ʦʩʥʦʚʫ ʦʚʠʭ ʨʝʯʥʠʢʘ ʧʨʝʜʩʪʘʚˀʘ ʪʝʦʨʠʿʘ ʢʦʥʘʯʥʠʭ ʘʫʪʦʤʘʪʘ ʠ 

ʪʨʘʥʩʜʫʢʪʦʨʘ (Gross, 1989). ʋ ʦʢʚʠʨʫ ʦʚʝ ʩʘʨʘʜˁʝ, ʙʝʦʛʨʘʜʩʢʘ ʛʨʫʧʘ ʟʘ 

ʿʝʟʠʯʢʝ ʪʝʭʥʦʣʦʛʠʿʝ ʿʝ ʦʚʣʘʜʘʣʘ ʧʨʦʛʨʘʤʩʢʠʤ ʘʣʘʪʦʤ ʟʘ ʦʙʨʘʜʫ ʢʦʨʧʫʩʘ 

ʤʝʪʦʜʦʤ ʣʝʢʩʠʯʢʦʛ ʧʨʝʧʦʟʥʘʚʘˁʘ Intex (ʜʘʥʘʩ Unitex/GramLab)10 (ʉʣʠʢʘ 

4). ʆʚʘʿ ʩʠʩʪʝʤ ʛʨʘʜʠ ʠʥʪʝʨʥʫ ʨʝʧʨʝʟʝʥʪʘʮʠʿʫ ʪʝʢʩʪʘ ʫ ʦʙʣʠʢʫ ʢʦʥʘʯʥʦʛ 

ʘʫʪʦʤʘʪʘ, ʘ ʧʨʝʪʨʘʛʘ ʩʝ ʚʨʰʠ ʢʦʤʧʣʝʢʩʥʠʤ ʫʧʠʪʠʤʘ ʢʦʿʠ ʩʝ ʬʦʨʤʫʣʠʰʫ ʥʘ 

ʦʩʥʦʚʫ ʩʘʜʨʞʘʿʘ ʝʣʝʢʪʨʦʥʩʢʠʭ ʨʝʯʥʠʢʘ ʫ ʦʙʣʠʢʫ ʢʦʥʘʯʥʠʭ ʪʨʘʥʩʜʫʢʪʦʨʘ, 

ʯʠʤʝ ʿʝ ʦʤʦʛʫ˂ʝʥʘ ʥʝ ʩʘʤʦ ʧʨʝʪʨʘʛʘ, ʚʝ˂ ʠ ʤʦʜʠʬʠʢʘʮʠʿʘ ʢʦʨʧʫʩʘ. ʀʟ ʠʩʪʝ 

ʰʢʦʣʝ ʿʝ ʧʨʝʫʟʝʪ ʠ ʩʠʩʪʝʤ CorpusWeb, ʩʘʩʪʘʚʥʠ ʜʝʦ ʧʨʦʛʨʘʤʘ GlossaNet ʟʘ 

ʥʘʜʛʣʝʜʘˁʝ ʚʝʙʘ (Fairon, 1998), ʘ ʫʟ ʧʦʤʦ˂ ʦʚʦʛ ʩʠʩʪʝʤʘ, ʙʠʦ ʿʝ ʧʨʠʢʫʧˀʝʥ 

ʟʥʘʯʘʿʘʥ ʙʨʦʿ ʪʝʢʩʪʦʚʘ ʩʘ ʨʘʥʦʛ ʩʨʧʩʢʦʛ ʚʝʙʘ, ʘ ʟʘʪʠʤ ʠ ʦʙʨʘʹʝʥ ʧʦʤʦ˂ʫ ʝ-

ʨʝʯʥʠʢʘ. ʋ ʦʚʦʤ ʦʢʨʫʞʝˁʫ ʩʫ ʥʘʩʪʘʣʠ ʠ ʧʨʚʠ ʚʝ˂ʠ ʝʣʝʢʪʨʦʥʩʢʠ ʢʦʨʧʫʩʠ 

ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʢʦʿʠ ʩʫ ʦʙʨʘʹʠʚʘʥʠ ʠ ʝʢʩʧʣʦʘʪʠʩʘʥʠ ʣʦʢʘʣʥʦ. 

 

ʉʣʠʢʘ 4. ʀʥʪʝʨʬʝʿʩ ʘʣʘʪʘ Unitex/GramLab ʩʘ ʢʦʥʢʦʨʜʘʥʮʘʤʘ ʠ 

ʨʝʯʥʠʢʦʤ ʪʝʢʩʪʘ 

_____________________ 
8 https://fr.wikipedia.org/wiki/Maurice_Gross 
9 https://infolingu.univ-mlv.fr/MenuPrincipal.html# 
10 https://unitexgramlab.org/ 

https://fr.wikipedia.org/wiki/Maurice_Gross
https://infolingu.univ-mlv.fr/MenuPrincipal.html
https://unitexgramlab.org/
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3. ȍʑɹʆНʊʏʑʐʔʒНʒʑʐʒʊʏɺНʧʁʅʆʊɷНʎɷНɹʁɸʔ 

ʉʘ ʧʨʦʜʦʨʦʤ ʧʝʨʩʦʥʘʣʥʠʭ ʨʘʯʫʥʘʨʘ ʠ ʨʘʟʚʦʿʝʤ ʚʝʙʘ, ʠ ʤʝʹʫ 

ʩʨʧʩʢʠʤ ʣʠʥʛʚʠʩʪʠʯʢʠʤ ʢʨʫʛʦʚʠʤʘ ʩʝ ʧʦʯʝʣʦ ʨʘʟʚʠʿʘʪʠ ʠʥʪʝʨʝʩʦʚʘˁʝ 

ʟʘ ʧʦʩʪʫʧʢʝ ʘʫʪʦʤʘʪʩʢʝ ʦʙʨʘʜʝ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. ʈʝʟʫʣʪʘʪ ʦʚʝ ʥʦʚʝ 

ʘʪʤʦʩʬʝʨʝ ʿʝ, ʧʦʨʝʜ ʦʩʪʘʣʦʛ ʙʠʣʦ ʠ ʬʦʨʤʠʨʘˁʝ ʥʘʫʯʥʦ-ʠʩʪʨʘʞʠʚʘʯʢʦʛ 

ʧʨʦʿʝʢʪʘ Ăʀʥʪʝʨʘʢʮʠʿʘ ʠʟʤʝʹʫ ʪʝʢʩʪʘ ʠ ʨʝʯʥʠʢʘñ11. ɱʝʜʘʥ ʦʜ ʮʠˀʝʚʘ 

ʧʨʦʿʝʢʪʘ ʿʝ ʙʠʦ ʠʟʛʨʘʜˁʘ ʠ ʧʦʩʪʘʚˀʘˁʝ ʥʘ ʚʝʙ ʢʦʨʧʫʩʘ ʩʘʚʨʝʤʝʥʦʛ 

ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ, ʧʨʝ ʩʚʝʛʘ ʟʘʭʚʘˀʫʿʫ˂ʠ ʥʘʩʪʦʿʘˁʠʤʘ ʠ ʧʦʜʨʰʮʠ ʧʨʦʬ. 

ɲʫʙʦʤʠʨʘ ʇʦʧʦʚʠ˂ʘ ʠ ʧʨʦʬ. ɲʠˀʘʥʝ ʉʫʙʦʪʠ˂. ʂʘʢʦ ʿʝ ʧʨʦʿʝʢʘʪ ʙʠʦ 

ʪʝʦʨʠʿʩʢʝ ʧʨʠʨʦʜʝ, Ăʧʨʘʢʪʠʯʥʘñ ʨʝʰʝˁʘ ʥʠʩʫ ʙʠʣʘ ʧʨʠʭʚʘʪʘʥʘ ʢʘʦ 

ʨʝʟʫʣʪʘʪ ʨʘʜʘ ʥʘ ʧʨʦʿʝʢʪʫ ʪʘʢʦ ʜʘ ʿʝ ʦʚʘ ʧʨʚʘ ʚʝʨʟʠʿʘ ʢʦʨʧʫʩʘ ʫʟʛʨʝʜʥʠ 

ʨʝʟʫʣʪʘʪ ʦʚʦʛ ʧʨʦʿʝʢʪʘ ʙʝʟ ʦʜʛʦʚʘʨʘʿʫ˂ʝ ʚʘʣʦʨʠʟʘʮʠʿʝ. ʉʘ ʩʢʨʦʤʥʠʤ 

ˀʫʜʩʢʠʤ ʠ ʪʝʭʥʦʣʦʰʢʠʤ ʨʝʩʫʨʩʠʤʘ, ʪʦʢʦʤ 2003. ʛʦʜʠʥʝ ʢʦʨʧʫʩ ʿʝ 

ʢʦʤʧʠʣʠʨʘʥ ʧʦʜ ʩʠʩʪʝʤʦʤ IMS CWB12 (Utviĺ, ʩʪʨ. 249) ʩʘ ʚʝʙ-

ʠʥʪʝʨʬʝʿʩʦʤ ʩʘʩʪʘʚˀʝʥʠʤ ʥʘ ʄʘʪʝʤʘʪʠʯʢʦʤ ʬʘʢʫʣʪʝʪʫ (ʉʣʠʢʘ 5). ɿʘ 

ʧʨʠʩʪʫʧ ʢʦʨʧʫʩʫ ʙʠʣʦ ʿʝ ʥʝʦʧʭʦʜʥʦ ʜʘ ʩʝ ʜʦʙʠʿʝ ʢʦʨʠʩʥʠʯʢʘ 

ʠʜʝʥʪʠʬʠʢʘʮʠʿʘ. ʊʦʢʦʤ 20 ʛʦʜʠʥʘ ʧʦʩʪʦʿʘˁʘ, ʟʘ ʧʨʠʩʪʫʧ ʦʚʦʿ ʚʝʨʟʠʿʠ 

ʢʦʨʧʫʩʘ13  ʿʝ ʨʝʛʠʩʪʨʦʚʘʥʦ ʦʢʦ 900 ʢʦʨʠʩʥʠʢʘ ʠʟ ʟʝʤˀʝ ʠ ʩʚʝʪʘ ʢʦʿʠ ʩʫ 

ʧʦʩʪʘʚʠʣʠ  ʚʠʰʝ ʦʜ ʤʠʣʠʦʥ ʫʧʠʪʘ. 

ʆʚʘ ʚʝʨʟʠʿʘ ʜʘʥʘʩ ʥʦʩʠ ʦʟʥʘʢʫ ʉʨʧKʦʨ-2 ʠʣʠ ʉʨʧKʦʨ2003. 

ɳʝʛʦʚʘ ʦʩʥʦʚʥʘ ʥʘʤʝʥʘ ʿʝ ʙʠʣʘ ʜʘ ʧʨʫʞʠ ʠʩʪʨʘʞʠʚʘʯʠʤʘ ʩʘʚʨʝʤʝʥʦʛ 

ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʝʢʩʧʝʨʠʤʝʥʪʘʣʥʫ ʛʨʘʹʫ ʟʘ ʪʝʢʫ˂ʘ ʠʩʪʨʘʞʠʚʘˁʘ, ʘʣʠ ʠ 

ʜʘ ʨʘʟʚʠʿʝ ʢʫʣʪʫʨʫ ʫʧʦʪʨʝʙʝ ʝʣʝʢʪʨʦʥʩʢʠʭ ʿʝʟʠʯʢʠʭ ʨʝʩʫʨʩʘ. ʋ ʪʦʤ 

ʩʚʝʪʣʫ, ʧʨʝʪʨʘʞʠʚʘˁʝ ʿʝ ʫ ʧʨʚʦʿ ʚʝʨʟʠʿʠ ʢʦʨʧʫʩʘ ʙʠʣʦ ʦʛʨʘʥʠʯʝʥʦ ʥʘ 

ʧʨʦʰʠʨʝʥʝ ʨʝʛʫʣʘʨʥʝ ʠʟʨʘʟʝ ʙʝʟ ʜʨʫʛʠʭ ʤʦʛʫ˂ʥʦʩʪʠ ʢʦʿʝ ʧʨʫʞʘ ʩʠʩʪʝʤ 

IMS CWB. 

ʂʦʨʧʫʩ ʿʝ ʩʘʜʨʞʘʚʘʦ ʦʢʦ 23 ʤʠʣʠʦʥʘ ʨʝʯʠ ʩʠʨʦʚʦʛ ʪʝʢʩʪʘ ʙʝʟ 

ʠʢʘʢʚʠʭ ʘʥʦʪʘʮʠʿʘ. ɻʨʘʹʘ ʢʦʿʘ ʿʝ ʫʥʝʪʘ ʫ ʢʦʨʧʫʩ, ʧʦʨʝʜ ʨʘʟʣʠʯʠʪʠʭ 

ʠʟʚʦʨʘ ʧʨʝʫʟʝʪʠʭ ʩʘ ʚʝʙʘ, ʩʘʜʨʞʘʣʘ ʿʝ ʠ ʤʘʪʝʨʠʿʘʣ ʢʦʿʠ ʿʝ ʧʨʠʢʫʧˀʘʥ 

ʦʜ ʨʘʥʠʭ ʦʩʘʤʜʝʩʝʪʠʭ ʛʦʜʠʥʘ 20. ʚʝʢʘ, ʢʘʦ ʠ ʠʟʚʝʩʪʘʥ ʙʨʦʿ ʣʠʪʝʨʘʨʥʠʭ 

ʪʝʢʩʪʦʚʘ ʢʦʿʝ ʩʫ ʜʦʥʠʨʘʣʠ ˁʠʭʦʚʠ ʘʫʪʦʨʠ. ʄʝʹʫ ʦʚʠʤ ʪʝʢʩʪʦʚʠʤʘ 

ʧʦʩʝʙʥʦ ʤʝʩʪʦ ʿʝ ʯʠʥʠʣʘ ʧʨʝʚʦʜʥʘ ʢˁʠʞʝʚʥʦʩʪ. ʋ ʢʦʨʧʫʩ ʿʝ ʙʠʣʘ 

ʫʢˀʫʯʝʥʘ ʠ ʫ˅ʙʝʥʠʯʢʘ ʣʠʪʝʨʘʪʫʨʘ ʠ ʤʘˁʠ ʙʦʿ ʥʘʫʯʥʠʭ ʤʦʥʦʛʨʘʬʠʿʘ ʠʟ 

ʨʘʟʣʠʯʠʪʠʭ ʦʙʣʘʩʪʠ. ʇʦʢʫʰʘʿ ʙʘʣʘʥʩʠʨʘˁʘ ʩʘʜʨʞʘʿʘ ʢʦʨʧʫʩʘ ʿʝ ʤʦʨʘʦ 

_____________________ 
11 ʇʨʦʿʝʢʘʪ 101743 Ăʀʥʪʝʨʘʢʮʠʿʘ ʠʟʤʝʹʫ ʪʝʢʩʪʘ ʠ ʨʝʯʥʠʢʘñ ʿʝ ʬʠʥʘʥʩʠʨʘʣʦ ʄʠʥʠʩʪʘʨʩʪʚʦ 

ʥʘʫʢʝ ʠ ʪʝʭʥʦʣʦʰʢʦʛ ʨʘʟʚʦʿʘ ʫ ʧʝʨʠʦʜʫ 2002-2006. ʛʦʜʠʥʘ ʢʘʦ ʧʨʦʿʝʢʘʪ ʦʩʥʦʚʥʠʭ 

ʠʩʪʨʘʞʠʚʘˁʘ ʫ ʦʙʣʘʩʪʠ ʿʝʟʠʢʘ, ʘ ʨʝʘʣʠʟʘʪʦʨʠ ʩʫ ʙʠʣʠ ʄʘʪʝʤʘʪʠʯʢʠ ʠ ʌʠʣʦʣʦʰʢʠ 

ʬʘʢʫʣʪʝʪʠ ʋʥʠʚʝʨʟʠʪʝʪʘ ʫ ɹʝʦʛʨʘʜʫ ʠ ʌʠʣʦʟʦʬʩʢʠ ʬʘʢʫʣʪʝʪ ʋʥʠʚʝʨʟʠʪʝʪʘ ʫ ʅʦʚʦʤ ʉʘʜʫ. 
12 https://cwb.sourceforge.io/index.php 
13 ʆʚʘ ʚʝʨʟʠʿʘ ʿʝ ʠ ʜʘˀʝ ʜʦʩʪʫʧʥʘ ʥʘ ʘʜʨʝʩʠ 
http://www.korpus.matf.bg.ac.rs/korpus/login.php (ʧʨʠʩʪʫʧˀʝʥʦ 22.04.2025.) 

https://cwb.sourceforge.io/index.php
http://www.korpus.matf.bg.ac.rs/korpus/login.php
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ʙʠʪʠ ʥʘʧʫʰʪʝʥ ʧʨʝʜ ʜʠʣʝʤʦʤ ʜʘ ʣʠ ʩʘʩʪʘʚʠʪʠ ʙʘʣʘʥʩʠʨʘʥ ʠʣʠ ʚʝʣʠʢʠ 

ʢʦʨʧʫʩ. ʅʘʠʤʝ, ʿʝʜʥʦʤʝʩʝʯʥʘ ʧʨʦʜʫʢʮʠʿʘ ʿʝʜʥʠʭ ʜʥʝʚʥʠʭ ʥʦʚʠʥʘ, ʥʧʨ. 

Ăʇʦʣʠʪʠʢʝñ, ʿʝ ʧʨʝʤʘʰʠʚʘʣʘ ʫ ʙʨʦʿʫ ʨʝʯʠ ʫʢʫʧʥʫ ʛʦʜʠʰˁʫ ʜʦʤʘ˂ʫ 

ʣʠʪʝʨʘʨʥʫ ʧʨʦʜʫʢʮʠʿʫ. 

 

ʉʣʠʢʘ 5. ɺʝʙ ʢʦʨʧʫʩ ʥʘ ʄʘʪʝʤʘʪʠʯʢʦʤ ʬʘʢʫʣʪʝʪʫ 

ʇʨʦʙʣʝʤʠ ʢʦʿʠ ʩʫ ʩʝ ʧʦʿʘʚʠʣʠ ʧʨʠʣʠʢʦʤ ʩʘʩʪʘʚˀʘˁʘ ʢʦʨʧʫʩʘ 

ʩʫ ʦʙʫʭʚʘʪʘʣʠ, ʧʨʝ ʩʚʝʛʘ, ʧʨʦʙʣʝʤ ʢʦʥʚʝʨʟʠʿʝ ʥʘ ʿʝʜʠʥʩʪʚʝʥʫ ʢʦʜʥʫ 

ʰʝʤʫ ˂ʠʨʠʣʠʯʥʠʭ ʠ ʣʘʪʠʥʠʯʥʠʭ ʪʝʢʩʪʦʚʘ ʢʦʿʠ ʩʫ ʤʦʛʣʠ ʙʠʪʠ ʠ ʫ 

ʨʘʟʣʠʯʠʪʠʤ ʢʦʜʥʠʤ ʰʝʤʘʤʘ. ɿʥʘʯʘʿʘʥ ʜʝʦ ʛʨʘʹʝ, ʧʨʠʢʫʧˀʝʥʝ ʩʘ ʚʝʙʘ, 

ʚʝ˂ ʩʣʝʜʝ˂ʝ ʛʦʜʠʥʝ ʿʝ ʙʠʦ ʧʦʩʪʘʦ ʥʝʜʦʩʪʫʧʘʥ ʧʨʝʣʘʩʢʦʤ ʩʘʿʪʦʚʘ ʩʘ ISO-

889x-ʩʝʨʠʿʝ ʥʘ Unicode. ʊʘʢʦʹʝ, ʩʘʜʨʞʘʿ ʢʦʨʧʫʩʘ ʿʝ ʦʛʨʘʥʠʯʝʥ ʥʘ 

ʩʨʧʩʢʠ ʿʝʟʠʢ ʝʢʘʚʩʢʦʛ ʠʟʛʦʚʦʨʘ. ɿʘ ʛʨʘʹʫ ʥʘ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ ʠʿʝʢʘʚʩʢʦʛ 

ʠʟʛʦʚʦʨʘ ʿʝ ʧʣʘʥʠʨʘʥʦ ʜʘ ʩʝ ʬʦʨʤʠʨʘ ʦʜʚʦʿʝʥ ʢʦʨʧʫʩ ʢʘʜʘ ʩʝ ʟʘ ʪʦ 

ʩʪʝʢʥʫ ʫʩʣʦʚʠ14. 

_____________________ 
14 ʂʘʦ ʧʦʯʝʪʥʠ ʢʦʨʘʢ ʢʘ ʬʦʨʤʠʨʘˁʫ ʢʦʨʧʫʩʘ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʠʿʝʢʘʚʩʢʦʛ ʠʟʛʦʚʦʨʘ ʟʘʧʦʯʝʪ ʿʝ 
ʧʨʦʿʝʢʘʪ ʜʠʛʠʪʘʣʠʟʘʮʠʿʝ ʦʧʠʩʘʥ ʫ (ʐʫ˂ʫʨ & ʄʘʨʢʦʚʠ˂, 2025). 
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ɼʘˀʝ ʤʦʜʠʬʠʢʘʮʠʿʝ ʢʦʨʧʫʩʘ ʩʫ ʜʦʥʝʣʝ ʚʝʨʟʠʿʫ ʩʘ ʤʝʪʘʧʦʜʘʮʠʤʘ 

ʦ ʠʟʚʦʨʠʤʘ ʠ ʧʫʥʠ ʨʝʧʝʨʪʦʘʨ ʬʫʥʢʮʠʿʘ ʫ ʧʨʝʪʨʘʞʠʚʘˁʫ ʢʦʿʝ ʧʨʫʞʘ 

ʩʠʩʪʝʤ IMS CWB. 

ʅʘʩʪʘʚʘʢ ʨʘʜʘ ʥʘ ʢʦʨʧʫʩʠʤʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʿʝ 2013. 

ʜʦʥʝʦ ʥʦʚʫ ʚʝʨʟʠʿʫ ʦʚʦʛ ʢʦʨʧʫʩʘ ʢʦʿʘ ʥʦʩʠ ʦʟʥʘʢʫ ʉʨʧKʦʨ3 ʠʣʠ 

ʉʨʧKʦʨ2013. ʆʚʘ ʚʝʨʟʠʿʘ, ʠʥʠʮʠʿʘʣʥʦ ʜʦʩʪʫʧʥʘ ʢʨʦʟ ʠʩʪʠ ʠʥʪʝʨʬʝʿʩ 

ʢʘʦ ʠ ʉʨʧKʦʨ2, ʿʝ ˁʝʛʦʚ ʧʨʘʚʠ ʥʘʜʩʢʫʧ ʧʨʦʰʠʨʝʥ ʪʝʢʩʪʦʚʠʤʘ 

ʧʨʠʢʫʧˀʝʥʠʤ ʧʦʩʣʝ 2003. ʛʦʜʠʥʝ. ʆʚʘʿ ʢʦʨʧʫʩ, ʢʦʿʠ ʩʘʜʨʞʠ 122 

ʤʠʣʠʦʥʘ ʨʝʯʠ, ʿʝ ʫ ʪʝʭʥʦʣʦʰʢʦʤ ʩʤʠʩʣʫ ʧʨʘʪʠʦ ʦʥʘ ʨʝʰʝˁʘ ʢʦʿʘ ʩʫ 

ʙʠʣʘ ʧʨʠʤʝˁʝʥʘ ʫ ʠʟʛʨʘʜˁʠ ʉʨʧKʦʨ3, ʘʣʠ ʿʝ ʟʥʘʯʘʿʥʦ ʦʙʦʛʘ˂ʝʥ ʢʘʢʦ ʫ 

ʧʦʛʣʝʜʫ ʨʘʟʥʦʚʨʩʥʦʩʪʠ ʪʝʢʩʪʦʚʘ, ʪʘʢʦ ʠ ʨʘʩʧʦʣʦʞʠʚʠʭ ʬʫʥʢʮʠʿʘ. ʆʚʘʿ 

ʢʦʨʧʫʩ ʿʝ ʣʝʤʘʪʠʟʠʨʘʥ ʩʘ ʦʙʝʣʝʞʝʥʦʤ ʚʨʩʪʦʤ ʨʝʯʠ ʠ ʦʩʥʦʚʥʠʤ 

ʤʝʪʘʧʦʜʘʮʠʤʘ ʦ ʠʟʚʦʨʠʤʘ. ɳʝʛʦʚ ʜʝʪʘˀʘʥ ʦʧʠʩ ʠ  ʩʪʨʫʢʪʫʨʘ ʩʫ ʜʘʪʠ ʫ 

(ʋʪʚʠ˂ 2013). 

4. ǽɷʠʆНʑɷʅɹʏʧНʊʏʑʐʔʒɷНʆНɹʁʑʅʆʧʁНȏʑʐȇʏʑ-ɷ 

ɼʘˀʠ ʨʘʟʚʦʿ ʧʨʦʿʝʢʪʘ ʧʨʠʢʫʧˀʘˁʘ ʪʝʢʩʪʦʚʘ ʠ ʦʙʨʘʜʝ ʢʦʨʧʫʩʘ ʙʠʦ 

ʿʝ ʫ ʚʝʣʠʢʦʿ ʤʝʨʠ ʚʦʹʝʥ ʝʚʦʣʫʮʠʿʦʤ ʢʦʨʠʩʥʠʯʢʠʭ ʟʘʭʪʝʚʘ ʠ ʩʚʝ 

ʠʟʨʘʞʝʥʠʿʠʤ ʠʥʬʦʨʤʘʪʠʯʢʠʤ ʧʦʪʨʝʙʘʤʘ ʮʠˀʥʠʭ ʛʨʫʧʘ ʢʦʨʠʩʥʠʢʘ 

ʢʦʨʧʫʩʘ ï ʠʥʬʦʨʤʘʪʠʯʘʨ ʩ ʿʝʜʥʝ ʩʪʨʘʥʝ, ʘ ʩʘ ʜʨʫʛʝ ʣʠʥʛʚʠʩʪʘ, ʠʩʪʨʘʞʠʚʘʯʘ 

ʜʨʫʰʪʚʝʥʠʭ ʥʘʫʢʘ, ʧʝʜʘʛʦʛʘ ʠ ʰʠʨʝ ʿʘʚʥʦʩʪʠ ʟʘʠʥʪʝʨʝʩʦʚʘʥʝ ʟʘ ʘʥʘʣʠʟʫ 

ʿʝʟʠʢʘ. ʀʥʠʮʠʿʘʣʥʠ ʟʘʭʪʝʚʠ ʟʘ ʿʝʜʥʦʩʪʘʚʥʫ ʧʨʝʪʨʘʛʫ ʧʦ ʨʝʯʠʤʘ ʠ ʬʨʘʟʘʤʘ 

ʧʦʩʪʝʧʝʥʦ ʩʫ ʧʨʝʨʘʩʣʠ ʫ ʧʦʪʨʝʙʫ ʟʘ ʢʦʤʧʣʝʢʩʥʠʿʠʤ ʫʧʠʪʠʤʘ ʢʦʿʠ 

ʫʢˀʫʯʫʿʫ ʤʦʨʬʦʣʦʰʢʝ, ʩʠʥʪʘʢʩʠʯʢʝ ʠ ʩʝʤʘʥʪʠʯʢʝ ʢʨʠʪʝʨʠʿʫʤʝ, ʢʘʦ ʠ ʟʘ 

ʥʘʧʨʝʜʥʠʤ ʩʪʘʪʠʩʪʠʯʢʠʤ ʘʣʘʪʠʤʘ ʟʘ ʘʥʘʣʠʟʫ ʧʦʜʘʪʘʢʘ ʠʟ ʢʦʨʧʫʩʘ (ʥʧʨ. 

ʠʟʚʣʘʯʝˁʝ ʢʦʣʦʢʘʮʠʿʘ, ʩʪʚʘʨʘˁʝ ʬʨʝʢʚʝʥʮʠʿʩʢʠʭ ʣʠʩʪʘ, ʘʥʘʣʠʟʘ 

ʜʠʩʪʨʠʙʫʮʠʿʝ ʧʦ ʨʝʛʠʩʪʨʠʤʘ, ʘʫʪʦʨʠʤʘ ʠ ʩʣ.). 

ʇʘʨʘʣʝʣʥʦ ʩʘ ʦʚʠʤ, ʨʘʟʚʦʿ ʠʥʬʦʨʤʘʪʠʯʢʠʭ ʪʝʭʥʦʣʦʛʠʿʘ ʠ 

ʧʦʿʘʚʘ ʥʦʚʠʭ ʩʦʬʪʚʝʨʩʢʠʭ ʨʝʰʝˁʘ ʟʘ ʨʘʜ ʩʘ ʚʝʣʠʢʠʤ ʪʝʢʩʪʫʘʣʥʠʤ 

ʧʦʜʘʮʠʤʘ ʫʯʠʥʠʣʠ ʩʫ ʜʦʩʪʫʧʥʠʤ ʤʦ˂ʥʠʿʝ ʧʣʘʪʬʦʨʤʝ ʟʘ ʫʧʨʘʚˀʘˁʝ 

ʢʦʨʧʫʩʠʤʘ. ʋʟʠʤʘʿʫ˂ʠ ʫ ʦʙʟʠʨ ʢʘʢʦ ʨʘʩʪʫ˂ʝ ʢʦʨʠʩʥʠʯʢʝ ʟʘʭʪʝʚʝ, ʪʘʢʦ 

ʠ ʧʦʪʨʝʙʝ ʟʘ ʝʬʠʢʘʩʥʠʤ ʫʧʨʘʚˀʘˁʝʤ ʟʥʘʯʘʿʥʦʤ ʢʦʣʠʯʠʥʦʤ 

ʘʥʦʪʠʨʘʥʦʛ ʪʝʢʩʪʘ, ʜʦʥʝʪʘ ʿʝ ʦʜʣʫʢʘ ʦ ʤʠʛʨʘʮʠʿʠ ʠʣʠ ʠʤʧʣʝʤʝʥʪʘʮʠʿʠ 

ʥʘ ʧʣʘʪʬʦʨʤʫ ʢʦʿʘ ʤʦʞʝ ʜʘ ʧʨʫʞʠ ʥʘʧʨʝʜʥʠʿʝ ʬʫʥʢʮʠʦʥʘʣʥʦʩʪʠ ʫ 

ʦʜʥʦʩʫ ʥʘ ʨʘʥʠʿʘ ʨʝʰʝˁʘ. 

ʅʘʢʦʥ ʘʥʘʣʠʟʝ ʜʦʩʪʫʧʥʠʭ ʦʧʮʠʿʘ, ʠʟʘʙʨʘʥʘ ʿʝ ʧʣʘʪʬʦʨʤʘ 

NoSketchEngine (Kilgarriff ʠ ʜʨʫʛʠ 2014). ʆʚʘ ʧʣʘʪʬʦʨʤʘ ʿʝ ʧʨʝʧʦʟʥʘʪʘ 

ʢʘʦ ʨʦʙʫʩʥʦ ʠ ʬʣʝʢʩʠʙʠʣʥʦ ʨʝʰʝˁʝ ʢʦʿʝ ʧʨʫʞʘ ʰʠʨʦʢ ʩʧʝʢʪʘʨ ʘʣʘʪʘ 

ʟʘ ʢʦʨʧʫʩʥʫ ʣʠʥʛʚʠʩʪʠʢʫ, ʫʢˀʫʯʫʿʫ˂ʠ ʧʦʜʨʰʢʫ ʟʘ ʢʦʤʧʣʝʢʩʥʝ ʫʧʠʪʝ 

ʢʦʨʠʩʪʝ˂ʠ ʿʝʟʠʢ CQL (Corpus Query Language), ʤʦʛʫ˂ʥʦʩʪ ʢʨʝʠʨʘˁʘ 
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ʨʘʟʣʠʯʠʪʠʭ ʚʨʩʪʘ ʠʥʜʝʢʩʘ ʠ ʘʥʦʪʘʮʠʿʘ, ʢʘʦ ʠ ʥʘʧʨʝʜʥʝ ʘʣʘʪʝ ʟʘ 

ʘʥʘʣʠʟʫ. ʀʤʧʣʝʤʝʥʪʘʮʠʿʦʤ ʢʦʨʧʫʩʘ ʥʘ ʧʣʘʪʬʦʨʤʠ NoSketchEngine, 

ʦʤʦʛʫ˂ʝʥʦ ʿʝ ʥʝ ʩʘʤʦ ʠʩʧʫˁʝˁʝ ʪʨʝʥʫʪʥʠʭ, ʚʝ˂ ʠ ʧʨʝʜʚʠʹʘˁʝ ʙʫʜʫ˂ʠʭ 

ʢʦʨʠʩʥʠʯʢʠʭ ʟʘʭʪʝʚʘ, ʟʥʘʯʘʿʥʦ ʫʥʘʧʨʝʹʫʿʫ˂ʠ ʤʦʛʫ˂ʥʦʩʪʠ 

ʠʩʪʨʘʞʠʚʘˁʘ ʠ ʘʥʘʣʠʟʝ ʜʦʩʪʫʧʥʠʭ ʪʝʢʩʪʫʘʣʥʠʭ ʧʦʜʘʪʘʢʘ. 

Sketch Engine (Kilgarriff et al., 2004) ʿʝ ʩʦʬʪʚʝʨ ʟʘ ʢʦʨʧʫʩʥʫ 

ʣʠʥʛʚʠʩʪʠʢʫ ʢʦʿʠ ʦʙʨʘʹʫʿʝ ʫʥʝʪʝ ʢʦʨʧʫʩʝ ʠ ʛʨʘʤʘʪʠʯʢʝ ʰʘʙʣʦʥʝ, 

ʛʝʥʝʨʠʰʫ˂ʠ ʜʝʪʘˀʥʝ ʠʥʬʦʨʤʘʮʠʿʝ ʦ ʫʧʦʪʨʝʙʠ ʨʝʯʠ (ñword sketchesò), 

ʪʝʟʘʫʨʫʩʝ ʠ ʧʦʨʝʹʝˁʘ ʙʣʠʩʢʠʭ ʩʠʥʦʥʠʤʘ (ñsketch differencesò). ʊʦ ʿʝ 

ʢʦʤʝʨʮʠʿʘʣʥʠ ʘʣʘʪ ʢʦʿʠ ʟʘʭʪʝʚʘ ʧʨʝʪʧʣʘʪʫ, ʜʦʢ NoSketch Engine 

ʧʨʝʜʩʪʘʚˀʘ ʚʝʨʟʠʿʫ ʦʪʚʦʨʝʥʦʛ ʢʦʜʘ Sketch Engine-ʘ, ʘʣʠ ʩʘ ʟʥʘʯʘʿʥʠʤ 

ʦʛʨʘʥʠʯʝˁʠʤʘ ʫ ʬʫʥʢʮʠʦʥʘʣʥʦʩʪʠ. ɿʘ ʨʘʟʣʠʢʫ ʦʜ ʢʦʤʝʨʮʠʿʘʣʥʝ 

ʚʝʨʟʠʿʝ, NoSketch Engine ʥʝ ʜʦʣʘʟʠ ʩʘ ʛʦʪʦʚʠʤ ʢʦʨʧʫʩʠʤʘ ï ʢʦʨʠʩʥʠʢ 

ʤʦʨʘ ʩʘʤ ʜʘ ʧʨʠʧʨʝʤʠ ʩʚʦʿʝ ʢʦʨʧʫʩʝ ʠ ʧʦʩʝʜʫʿʝ ʪʝʭʥʠʯʢʦ ʟʥʘˁʝ ʟʘ 

ˁʠʭʦʚʫ ʦʙʨʘʜʫ ʠ ʬʦʨʤʘʪʠʨʘˁʝ. ʅʝʜʦʩʪʘʿʫ ʤʥʦʛʠ ʥʘʧʨʝʜʥʠ ʘʣʘʪʠ ʟʘ 

ʘʥʘʣʠʟʫ (ʢʘʦ ʰʪʦ ʩʫ ñword sketchesò, ʪʝʟʘʫʨʫʩ, ʥ-ʛʨʘʤʠ, ʪʨʝʥʜʦʚʠ), ʢʘʦ 

ʠ ʘʣʘʪʠ ʟʘ ʘʫʪʦʤʘʪʩʢʫ ʠʟʛʨʘʜˁʫ ʢʦʨʧʫʩʘ (ʪʦʢʝʥʠʟʘʮʠʿʘ, ʣʝʤʘʪʠʟʘʮʠʿʘ, 

ʪʘʛʠʨʘˁʝ) ʠ ʛʨʘʬʠʯʢʠ ʠʥʪʝʨʬʝʿʩ ʟʘ ʫʧʨʘʚˀʘˁʝ ʢʦʨʧʫʩʠʤʘ. ʂʦʨʠʩʥʠʢ ʿʝ 

ʫ ʧʦʪʧʫʥʦʩʪʠ ʦʜʛʦʚʦʨʘʥ ʟʘ ʧʨʝʫʟʠʤʘˁʝ, ʠʥʩʪʘʣʘʮʠʿʫ, ʭʦʩʪʦʚʘˁʝ ʠ 

ʘʜʤʠʥʠʩʪʨʘʮʠʿʫ NoSketch Engine-ʘ. ʇʦʜʨʰʢʘ ʿʝ ʜʦʩʪʫʧʥʘ ʧʨʝʢʦ Google 

ʛʨʫʧʝ, ʘ ʧʦʩʪʦʿʠ ʠ ʜʝʤʦ ʠʥʩʪʘʣʘʮʠʿʘ ʟʘ ʧʨʦʙʫ ʬʫʥʢʮʠʦʥʘʣʥʦʩʪʠ. 

ʆʜʨʞʘʚʘˁʝ ʠ ʨʘʟʚʦʿ ʢʦʨʧʫʩʘ ʿʝ ʦʜ 2018. ʛʦʜʠʥʝ ʧʨʝʫʟʝʣʦ 

ɼʨʫʰʪʚʘ ʟʘ ʿʝʟʠʯʢʝ ʨʝʩʫʨʩʝ ʠ ʪʝʭʥʦʣʦʛʠʿʝ ï ɱʝʈʊʝʭ15, ʢʦʿʝ ʿʝ ʫʨʘʜʠʣʦ 

ʤʠʛʨʘʮʠʿʫ ʢʦʨʧʫʩʘ ʥʘ ʥʦʚʫ ʧʣʘʪʬʦʨʤʫ16, ʘ ʧʦʪʦʤ ʥʘʩʪʘʚʠʣʦ ʩʘ ʜʘˀʠʤ 

ʫʥʘʧʨʝʹʝˁʠʤʘ ʠ ʧʨʦʰʠʨʝˁʠʤʘ ʪʝʢʩʪʫʘʣʥʠʭ ʨʝʩʫʨʩʘ. ʂʘʜʘ ʿʝ ʨʝʯ ʦ 

ʜʦʩʪʫʧʥʠʤ ʢʦʨʧʫʩʠʤʘ, ʩʘ ʮʠˀʝʤ ʜʘ ʩʝ ʫ ʦʜʨʝʹʝʥʦʿ ʤʝʨʠ ʙʘʣʘʥʩʠʨʘʿʫ 

ʢʨʠʪʝʨʠʿʫʤʠ ʧʨʝʜʩʪʘʚˀʘˁʘ ʦʧʰʪʝʛ ʿʝʟʠʢʘ, ʜʦʩʪʫʧʥʘ ʩʫ ʜʚʘ ʢʦʨʧʫʩʘ. 

ʇʨʚʠ ʦʜ ˁʠʭ ʿʝ ʢʦʨʧʫʩ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʉʨʧʂʦʨ2013 ʢʦʿʠ ʿʝ 

ʧʨʝʫʟʝʪ  ʩʘ ʩʘʿʪʘ ʄʘʪʝʤʘʪʠʯʢʦʛ ʬʘʢʫʣʪʝʪʘ ʋʥʠʚʝʨʟʠʪʝʪʘ ʫ ɹʝʦʛʨʘʜʫ17 

(ʧʦʤʝʥʫʪ ʫ ʧʨʝʪʭʦʜʥʦʤ ʦʜʝˀʢʫ). ʊʦʢʦʤ ʤʠʛʨʘʮʠʿʝ ʩʝ ʧʨʝʰʣʦ ʥʘ 

ʣʘʪʠʥʠʮʫ (UNICODE) ʪʘʢʦ ʜʘ ʿʝ ʟʘʤʝˁʝʥʦ ASCII ʢʦʜʠʨʘˁʝ 

ʦʩʤʠʰˀʝʥʦ ʫ ʧʨʚʦʤ ʩʠʩʪʝʤʫ ʟʘ ʦʙʨʘʜʫ ʪʝʢʩʪʘ ɸʋʈʆʈɸ. ʂʨʘʿʝʤ 2021. 

ʛʦʜʠʥʝ ʦʙʿʘʚˀʝʥʘ ʿʝ ʥʦʚʠ ʢʦʨʧʫʩ ʢʦʿʠ ʿʝ ʜʦʧʫʥʘ ʧʨʝʪʭʦʜʥʦʤ ʠ ʥʝ 

ʩʘʜʨʞʠ ʪʝʢʩʪʦʚʝ ʢʦʨʧʫʩʘ ʉʨʧʂʦʨ2013. ʋ ʧʦʨʝʹʝˁʫ ʩʘ ʧʨʝʪʭʦʜʥʦʤ 

ʚʝʨʟʠʿʦʤ (ʉʨʧʂʦʨ2013), ʉʨʧʂʦʨ2021 ʦʙʫʭʚʘʪʘ ʚʠʰʝ ʦʜ 600 ʤʠʣʠʦʥʘ 

ʨʝʯʠ, ʰʪʦ ʛʘ ʯʠʥʠ ʿʝʜʥʠʤ ʦʜ ʥʘʿʚʝ˂ʠʭ ʢʦʨʧʫʩʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ 

ʿʝʟʠʢʘ ʢʦʿʠ ʠʤʘ ʜʦʥʝʢʣʝ ʙʘʣʘʥʩʠʨʘʥ ʩʘʜʨʞʘʿ. ʂʦʨʧʫʩ ʿʝ ʢʦʤʧʣʝʪʥʦ 

ʘʥʦʪʠʨʘʥ, ʛʜʝ ʿʝ ʩʚʘʢʠ ʪʦʢʝʥ ʦʙʝʣʝʞʝʥ ʧʨʠʧʘʜʘʿʫ˂ʦʤ ʚʨʩʪʦʤ ʨʝʯʠ ʠ 
_____________________ 
15 http://jerteh.rs 
16 https://noske.jerteh.rs/ 
17 http://www.korpus.matf.bg.ac.rs/korpus/login.php 

http://jerteh.rs/
https://noske.jerteh.rs/
http://www.korpus.matf.bg.ac.rs/korpus/login.php
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ʣʝʤʦʤ (ʦʩʥʦʚʥʠʤ ʦʙʣʠʢʦʤ) (Stankoviĺ ʠ ʜʨʫʛʠ 2020). ʋʚʦʹʝˁʝ ʥʦʚʦʛ, 

ʨʦʙʫʩʥʠʿʝʛ ʩʠʩʪʝʤʘ ʟʘ ʫʧʨʘʚˀʘˁʝ ʢʦʨʧʫʩʥʠʤ ʪʝʢʩʪʦʚʠʤʘ ʦʤʦʛʫ˂ʘʚʘ 

ˁʝʛʦʚʦ ʧʝʨʤʘʥʝʥʪʥʦ ʫʥʘʧʨʝʹʠʚʘˁʝ ʢʨʦʟ ʣʘʢʦ ʜʦʜʘʚʘˁʝ ʥʦʚʠʭ ʢʦʨʧʫʩʘ 

ʠ ʘʞʫʨʠʨʘˁʝ ʧʦʩʪʦʿʝ˂ʠʭ ʧʦʜʘʪʘʢʘ. ʊʨʝʙʘ ʥʘʧʦʤʝʥʫʪʠ ʜʘ ʩʝ ʪʦʢʦʤ ʩʚʠʭ 

ʦʚʠʭ ʤʠʛʨʘʮʠʿʘ ʚʦʜʠʣʦ ʨʘʯʫʥʘ ʜʘ ʥʝ ʜʦʹʝ ʜʦ ʛʫʙʠʪʢʘ ʠʥʬʦʨʤʘʮʠʿʘ, 

ʯʝʤʫ ʩʚʝʜʦʯʠ ʩʣʠʢʘ 6, ʛʜʝ ʚʠʜʠʤʦ ʧʨʠʤʝʨʝ ʠʩʪʝ ʢʦʥʢʦʨʜʘʥʮʝ 

ʛʝʥʝʨʠʩʘʥʝ ʩʠʩʪʝʤʦʤ ɸʋʈʆʈɸ  ʠʟ ʧʨʦʰʣʦʛ ʚʝʢʘ, ʘ ʟʘʪʠʤ ʫ ʩʠʩʪʝʤʠʤʘ 

ʉʨʧʂʦʨ2 (ʧʦʜ IMS CQP) ʠ ʉʨʧʂʦʨ3 (NoSʢetch). 

 

ʉʣʠʢʘ 6. ɾʠʚʦʪʥʠ ʧʫʪ ʪʝʢʩʪʘ 

ʈʘʟʥʦʚʨʩʥʦʩʪ ʩʘʜʨʞʘʿʘ ʧʨʝʜʩʪʘʚˀʘ ʢˀʫʯʥʫ ʢʘʨʘʢʪʝʨʠʩʪʠʢʫ 

ʬʘʤʠʣʠʿʝ ʢʦʨʧʫʩʘ ʉʨʧʂʦʨ. ʇʦʨʝʜ ʚʝʣʠʢʦʛ ʙʨʦʿʘ ʥʦʚʠʥʩʢʠʭ ʪʝʢʩʪʦʚʘ, 

ʢʦʨʧʫʩ ʫʢˀʫʯʫʿʝ ʪʝʢʩʪʦʚʝ ʩʘ ɺʠʢʠʧʝʜʠʿʝ,  ʢˁʠʞʝʚʥʝ ʪʝʢʩʪʦʚʝ, 

ʫ˅ʙʝʥʠʢʝ ʠʟ ʰʠʨʦʢʦʛ ʩʧʝʢʪʨʘ ʥʘʫʯʥʠʭ ʠ ʦʙʨʘʟʦʚʥʠʭ ʦʙʣʘʩʪʠ, 

ʜʦʢʪʦʨʩʢʝ ʜʠʩʝʨʪʘʮʠʿʝ, ʢʘʦ ʠ ʜʨʫʛʝ ʚʨʩʪʝ ʪʝʢʩʪʦʚʘ ʠʟ ʨʘʟʣʠʯʠʪʠʭ 

ʜʦʤʝʥʘ. ʆʚʘ ʨʘʟʥʦʣʠʢʦʩʪ ʦʙʝʟʙʝʹʫʿʝ ʙʦˀʫ ʨʝʧʨʝʟʝʥʪʘʪʠʚʥʦʩʪ 

ʨʘʟʣʠʯʠʪʠʭ ʨʝʛʠʩʪʘʨʘ ʠ ʩʪʠʣʦʚʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. ʋ ʉʨʧʂʦʨ 

ʫʥʝʪʠ ʩʫ ʠ ʪʝʢʩʪʦʚʠ ʥʘ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ ʠʟ ʧʘʨʘʣʝʣʠʟʦʚʘʥʠʭ ʢʦʨʧʫʩʘ 

ʢʦʿʠ ʩʫ ʥʘʩʪʘʿʘʣʠ ʫʧʦʨʝʜʦ ʩʘ ʉʨʧʂʦʨ-ʦʤ18. ʅʘ ʦʚʘʿ ʥʘʯʠʥ ʿʝ ʜʝʣʠʤʠʯʥʦ 

ʢʦʤʧʝʥʟʦʚʘʥ ʫʪʠʮʘʿ ʚʝʙ-ʩʘʜʨʞʘʿʘ ʥʘ ʩʘʩʪʘʚ ʢʦʨʧʫʩʘ. ʉ ʜʨʫʛʝ ʩʪʨʘʥʝ, 

ʦʚʘʢʚʠ ʪʝʢʩʪʦʚʠ ʢʦʿʠ ʩʫ, ʧʦ ʧʨʘʚʠʣʫ, ʠʟʫʟʝʪʥʦ ʟʥʘʯʘʿʥʠ ʫ ʢʫʣʪʫʨʥʦʤ 

ʩʤʠʩʣʫ, ʿʝʨ ʥʝ ʩʘʤʦ ʜʘ ʥʠʩʫ ʧʨʠʩʫʪʥʠ ʫ ʛʨʘʹʠ ʩʘ ʚʝʙʘ, ʚʝ˂ ʦʙʠʯʥʦ ʥʝ 

ʫʣʘʟʝ ʥʠ ʫ ʪʨʘʜʠʮʠʦʥʘʣʥʝ ʣʝʢʩʠʢʦʛʨʘʬʩʢʝ ʢʦʨʧʫʩʝ. ɳʠʭ ʯʠʥʝ 

ʦʜʘʙʨʘʥʠ ʧʨʝʚʦʜʠ ʥʘ ʩʨʧʩʢʠ ʿʝʟʠʢ ʥʘʫʯʥʠʭ, ʢˁʠʞʝʚʥʠʭ, ʬʠʣʦʟʦʬʩʢʠʭ, 

ʘʥʪʨʦʧʦʣʦʰʢʠʭ, ʠʩʪʦʨʠʿʩʢʠʭ ʠ ʩʣʠʯʥʠʭ ʪʝʢʩʪʦʚʠ ʧʨʝʫʟʝʪʠ ʠʟ ʝʜʠʮʠʿʘ 

ʫʛʣʝʜʥʠʭ ʠʟʜʘʚʘʯʢʠʭ ʢʫ˂ʘ. 
_____________________ 
18 ʇʦʩʝʙʥʦ ʙʦʛʘʪʘ ʢʦʣʝʢʮʠʿʘ ʢˁʠʞʝʚʥʠʭ ʪʝʢʩʪʦʚʘ ʿʝ ʧʨʝʫʟʝʪʘ ʠʟ ʠʪʘʣʠʿʘʥʢʦ-ʩʨʧʩʢʦʛ ʢʦʨʧʫʩʘ. 
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ʂʦʨʧʫʩʠ ʩʫ ʜʦʩʪʫʧʥʠ ʟʘ ʧʨʝʪʨʘʛʫ ʨʝʛʠʩʪʨʦʚʘʥʠʤ ʢʦʨʠʩʥʠʮʠʤʘ 

ʧʣʘʪʬʦʨʤʝ NoSketch ʥʘ ʩʘʿʪʫ ɼʨʫʰʪʚʘ ɱʝʈʊʝʭ19. ʇʦʨʝʜ ʉʨʧʂʦʨ2021, 

NoSketch ʧʣʘʪʬʦʨʤʘ ʥʘ ʩʘʿʪʫ ɱʝʈʊʝʭ ʧʦʜʨʞʘʚʘ ʠ ʜʦʤʘ˂ʝ ʜʦʤʝʥʩʢʝ 

ʢʦʨʧʫʩʝ ʠʟ ʩʧʝʮʠʬʠʯʥʠʭ ʦʙʣʘʩʪʠ (ʤʘʪʝʤʘʪʠʢʘ, ʨʫʜʘʨʩʪʚʦ, ʛʝʦʣʦʛʠʿʘ, 

ʠʪʜ.) ʜʝʤʦʥʩʪʨʠʨʘʿʫ˂ʠ ʬʣʝʢʩʠʙʠʣʥʦʩʪ ʠ ʤʦ˂ ʧʣʘʪʬʦʨʤʝ ʟʘ ʨʘʟʥʦʚʨʩʥʘ 

ʠʩʪʨʘʞʠʚʘˁʘ. ʊʘʙʝʣʘ 1 ʧʨʠʢʘʟʫʿʝ ʢʚʘʥʪʠʪʘʪʠʚʥʝ ʢʘʨʘʢʪʝʨʠʩʪʠʢʝ 

ʠʟʘʙʨʘʥʠʭ ʢʦʨʧʫʩʘ. ʋ ʪʘʙʝʣʠ ʩʫ ʟʝʣʝʥʦʤ ʙʦʿʦʤ ʟʘʩʝʥʯʝʥʠ ʢʦʨʧʫʩʠ ʢʦʿʠ 

ʩʝ ʜʦʩʪʫʧʥʠ ʫʟ ʙʝʩʧʣʘʪʥʫ ʨʝʛʠʩʪʨʘʮʠʿʫ (ʪʝʢʩʪʦʚʠ ʩʘ ɺʠʢʠʧʝʜʠʿʝ, 

SrpELTeC ʧʦʪʢʦʣʝʢʮʠʿʘ (Krstev ʠ ʜʨʫʛʠ 2021), ʧʘʨʘʣʝʣʥʠ ʉʨʧʩʢʦ-

ʠʪʘʣʠʿʘʥʩʢʠ ʢʦʨʧʫʩ (Moderc ʠ ʜʨʫʛʠ 2023)) ʯʠʤʝ ʩʝ ʧʦʜʩʪʠʯʝ ʰʠʨʘ 

ʫʧʦʪʨʝʙʘ ʧʣʘʪʬʦʨʤʝ, ʜʦʢ ʿʝ ʟʘ ʢʦʨʠʰ˂ʝˁʝ ʢʦʨʧʫʩʘ ʉʨʧʂʦʨ ʠ ʦʩʪʘʣʠʭ 

ʢʦʨʧʫʩʘ ʧʦʪʨʝʙʥʘ ʩʠʤʙʦʣʠʯʥʘ ʧʨʝʪʧʣʘʪʘ ʫ ʚʠʜʫ ʯʣʘʥʘʨʠʥʝ ʫ ɼʨʫʰʪʚʫ. 

ʊʘʙʝʣʘ 1. ʉʪʘʪʠʩʪʠʢʘ ʠʟʘʙʨʘʥʠʭ ʢʦʨʧʫʩʘ ʥʘ ʧʣʘʪʬʦʨʤʠ 

noske.jerteh.rs 

ʂʦʨʧʫʩʠ ʊʦʢʝʥʠ ʈʝʯʠ ɼʦʢʫʤʝʥʪʠ ʈʝʯʝʥʠʮʝ 

BiKes_sr 1.848.802 1.547.103 336 82.459 

BiKes_en 2.072.074 1.766.421 336 82.459 

GeoSrpKor 1.316.646 1.067.583 69  

ItSrNER_sr 314.619 254.828 4 10000 

ItSrNER_it 331.375 272.026 4 10000 

Matematika 1.932.271 1.341.242 89  

RudKorp 3.542.016 2.713.594 172  

SerbItaCor3_sr 12.306.854 10.225.632 267  

SerbItaCor3_it 13.166.565 11.051.704 267  

SkolKor 4.736.884 3.650.849 82  

SrpELTeC 5.923.024 4.766.056 108 144.387 

SrFudKo 9.948.301 8.318.399 37 487 

SrpKor2013 145.275.324 121.142.927 5.038 5.178.311 

SrpKor2021 716.878.652 606.683.682 1.916 29.718.407 

WikiKorpus 81.267.249 64.510.812 609.380 609.380 

ZlatniKorpus 1.333.804 1.104.864 8  

ʋʢʫʧʥʦ 1.002.194.460 840.417.722 618.113 35.835.890 

 

ʄʝʹʫ ʢˁʠʞʝʚʥʠʤ ʪʝʢʩʪʦʚʠʤʘ ʧʦʩʝʙʥʦ ʩʝ ʠʟʜʚʘʿʘ ʩʨʧʩʢʘ 

ʧʦʪʢʦʣʝʢʮʠʿʘ ɽʚʨʦʧʩʢʝ ʢʦʣʝʢʮʠʿʝ ʢˁʠʞʝʚʥʠʭ ʪʝʢʩʪʦʚʘ (ELTeC), ʢʦʿʘ 

ʦʙʫʭʚʘʪʘ ʫ ʦʩʥʦʚʥʦʿ ʚʝʨʟʠʿʠ 100 ʨʦʤʘʥʘ, ʧʨʠʧʨʝʤˀʝʥʠʭ ʫ ʦʢʚʠʨʫ 

ʤʝʹʫʥʘʨʦʜʥʝ COST ʘʢʮʠʿʝ CA16204 Distant Reading for European Literary 
_____________________ 
19 https://noske.jerteh.rs 

https://noske.jerteh.rs/
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History20, ʯʠʤʝ ʩʝ ʦʤʦʛʫ˂ʘʚʘ ʢʦʤʧʘʨʘʪʠʚʥʘ ʘʥʘʣʠʟʘ ʩʘ ʢʦʨʧʫʩʠʤʘ ʜʨʫʛʠʭ 

ʝʚʨʦʧʩʢʠʭ ʿʝʟʠʢʘ. Ăʇʣʫʩñ, ʦʜʥʦʩʥʦ ʧʨʦʰʠʨʝʥʘ, ʚʝʨʟʠʿʘ SrpELTeC+ 

ʧʨʝʜʩʪʘʚˀʘ ʧʨʦʰʠʨʝˁʝ ʧʦ ʨʘʟʣʠʯʠʪʠʤ ʜʠʤʝʥʟʠʿʘʤʘ, ʚʝʣʠʯʠʥʠ, ʧʝʨʠʦʜʫ, 

ʚʘʨʠʿʝʪʝʪʠʤʘ ʪʝʢʩʪʘ. ɸʢʪʫʝʣʥʘ ʚʝʨʟʠʿʘ SrpELTeC+ ʪʨʝʥʫʪʥʦ ʩʘʜʨʞʠ ʚʠʰʝ 

ʦʜ 190 ʜʝʣʘ, ʤʝʹʫ ʢʦʿʠʤʘ ʩʫ ʦʩʠʤ ʨʦʤʘʥʘ, ʧʫʪʦʧʠʩʠ ʠ ʧʨʠʧʦʚʝʪʢʝ, ʘ ʥʘ 

ʢʦʨʧʫʩʫ ʩʝ ʠʥʪʝʥʟʠʚʥʦ ʠ ʜʘˀʝ ʨʘʜʠ. ɺʘʞʘʥ ʨʝʩʫʨʩ ʩʚʘʢʘʢʦ ʧʨʝʜʩʪʘʚˀʘʿʫ 

ʨʝʟʫʣʪʘʪʠ ʧʨʚʝ ʬʘʟʝ ʧʨʦʿʝʢʪʘ ñɼʠʛʠʪʘʣʠʟʘʮʠʿʘ ʩʨʧʩʢʦʛ ʢˁʠʞʝʚʥʦʛ ʥʘʩʣʝʹʘ 

ʠʿʝʢʘʚʩʢʦʛ ʠʟʛʦʚʦʨʘ (1840ï1920)ò ʢʦʿʠ ʨʝʘʣʠʟʫʿʝ ʎʝʥʪʘʨ ʟʘ ʜʠʛʠʪʘʣʥʫ 

ʭʫʤʘʥʠʩʪʠʢʫ ʌʠʣʦʟʦʬʩʢʦʛ ʬʘʢʫʣʪʝʪʘ ʇʘʣʝ, ʘ ʧʦʜʨʞʘʚʘ ʄʠʥʠʩʪʘʨʩʪʚʦ ʟʘ 

ʥʘʫʯʥʦʪʝʭʥʦʣʦʰʢʠ ʨʘʟʚʦʿ ʠ ʚʠʩʦʢʦ ʦʙʨʘʟʦʚʘˁʝ ʈʝʧʫʙʣʠʢʝ ʉʨʧʩʢʝ. 

ʀʟʛʨʘʜˁʘ ʂʦʨʧʫʩʘ ʩʨʧʩʢʦʛ ʢˁʠʞʝʚʥʦʛ ʥʘʩʣʝʹʘ ʠʿʝʢʘʚʩʢʦʛ ʠʟʛʦʚʦʨʘ 

ʦʙʫʭʚʘʪʠʣʘ ʿʝ 46 ʧʫʙʣʠʢʘʮʠʿʘ, ʠ ʪʦ ʧʨʠʧʦʚʝʪʢʝ, ʧʫʪʦʧʠʩʝ ʠ ʨʦʤʘʥʝ (ʐʫ˂ʫʨ 

& ʄʘʨʢʦʚʠ˂ 2025). 

ʅʠʚʦ ʤʝʪʘʧʦʜʘʪʘʢʘ ʧʨʠʜʨʫʞʝʥʠʭ ʢʦʨʧʫʩʠʤʘ ʩʝ ʨʘʟʣʠʢʫʿʝ, ʘʣʠ ʦʥʦ 

ʰʪʦ ʿʝ ʟʘʿʝʜʥʠʯʢʦ ʿʝ ʜʘ ʩʫ ʟʘʙʝʣʝʞʝʥʠ ʧʦʜʘʮʠ ʦ ʘʫʪʦʨʫ, ʛʦʜʠʥʠ ʠʟʜʘˁʘ, 

ʥʘʩʣʦʚʫ, ʠ ʨʝʛʠʩʪʨʫ ʪʝʢʩʪʘ. ɼʠʩʪʨʠʙʫʮʠʿʘ ʪʝʢʩʪʦʚʘ ʧʦ ʨʝʛʠʩʪʨʠʤʘ ʫ 

ʢʦʨʧʫʩʠʤʘ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʠʟ ʪʘʙʝʣʝ 1 (ʦʙʿʝʜʠˁʝʥʦ),  ʨʘʯʫʥʘʪʦ ʧʨʝʤʘ 

ʙʨʦʿʫ ʨʝʯʠ, ʧʦʢʘʟʫʿʝ ʜʘ ʘʜʤʠʥʠʩʪʨʘʪʠʚʥʠ ʪʝʢʩʪʦʚʠ ʯʠʥʝ 1,3%, 

ʢˁʠʞʝʚʥʦʩʪ 8,7%, ʥʘʫʢʘ 3,2%, ʥʦʚʠʥʩʢʠ ʪʝʢʩʪʦʚʠ 67,6%, ʨʘʟʛʦʚʦʨʥʠ 

10,4%, ʫ˅ʙʝʥʠʮʠ 0,5%, ʚʠʢʠ 7,3%, ʠ ʜʨʫʛʦ (ʥʝʢʣʘʩʠʬʠʢʦʚʘʥʦ) 1,1%. 

ʅʘ ʦʩʥʦʚʫ ʤʝʪʘʧʦʜʘʪʘʢʘ ʤʦʛʫ˂ʝ ʿʝ ʢʨʝʠʨʘʪʠ ʧʦʜʢʦʨʧʫʩʝ ʠ ʥʘʜ 

ˁʠʤʘ ʧʦʩʪʘʚˀʘʪʠ ʫʧʠʪʝ, ʪʘʢʦ ʜʘ ʤʦʞʝʤʦ ʠʩʪʨʘʞʠʚʘʪʠ ʨʝʮʠʤʦ ʩʘʤʦ 

ʘʜʤʠʥʠʩʪʨʘʪʠʚʥʠ ʿʝʟʠʢ ʠʣʠ, ʥʘ ʧʨʠʤʝʨ, ʩʘʤʦ ʿʝʟʠʢ ʿʝʜʥʦʛ ʧʠʩʮʘ. ʉʣʠʢʘ 

7 ʧʨʠʢʘʟʫʿʝ ʫʧʠʪ ʥʘ ʧʦʢʦʨʧʫʩʫ BCopic (ʠʟʜʚʦʿʝʥʘ ʜʝʣʘ ɹʨʘʥʢʘ ɴʦʧʠ˂ʘ) 

ʢʦʨʧʫʩʘ SrpKor2021 ʢʦʿʠʤ ʩʝ ʪʨʘʞʠ ʦʜʛʦʚʦʨ ʥʘ ʧʠʪʘˁʝ Ăʂʦʿʠ ʧʨʠʜʝʚʠ 

ʧʨʘʪʝ ʠʤʝʥʠʮʫ ʤʦʤʘʢ?ñ, ʰʪʦ  ʧʨʝʚʝʜʝʥʦ ʥʘ ʿʝʟʠʢ CQL ʛʣʘʩʠ: 

[tag="A"][lemma="momak|momļe"]. ʈʝʟʫʣʪʘʪ ʿʝ ʧʨʠʢʘʟʘʥ ʫ ʦʙʣʠʢʫ 

ʢʦʥʢʦʨʜʘʥʮʠ ʠʟ ʢʦʿʠʭ ʢʦʨʠʩʥʠʢ ʤʦʞʝ ʜʘ ʚʠʜʠ ʠʟ ʢʦʛ ɴʦʧʠ˂ʝʚʦʛ ʜʝʣʘ 

ʜʦʣʘʟʝ ʧʨʠʤʝʨʠ ʠ ˁʠʭʦʚ ʢʦʥʪʝʢʩʪ. 

ʆʩʠʤ ʘʥʦʪʘʮʠʿʘ ʥʘ ʥʠʚʦʫ ʨʝʯʠ (ʣʝʤʘ ʠ ʚʨʩʪʘ ʨʝʯʠ)  ʢʦʿʝ ʩʫ ʙʠʣʝ 

ʧʦʤʝʥʫʪʝ, ʦʜʨʝʹʝʥʠ ʩʢʫʧ ʪʝʢʩʪʦʚʘ ʠʤʘ ʠ ʩʪʨʫʢʪʫʨʥʝ ʘʥʦʪʘʮʠʿʝ ï 

ʦʙʝʣʝʞʝʥʠ ʩʫ ʦʜʝˀʮʠ, ʧʘʩʫʩʠ ʠ ʨʝʯʝʥʠʮʝ, ʘ ʫ ʥʝʢʠʤ ʪʝʢʩʪʦʚʠʤʘ ʠ 

ʠʤʝʥʦʚʘʥʠ ʝʥʪʠʪʝʪʠ. ʅʘʿʚʝ˂ʠ ʜʝʦ ʪʝʢʩʪʦʚʘ ʿʝ ʦʙʝʣʝʞʝʥ ʩʘ 7 ʢʘʪʝʛʦʨʠʿʘ 

ʠʤʝʥʦʚʘʥʠʭ ʝʪʠʢʝʪʘ (Stankoviĺ ʠ  ʜʨʫʛʠ 2021) ʦʜʘʙʨʘʥʠʭ ʟʘ SrpELTeC 

ʢʦʨʧʫʩ (Krstev ʠ ʜʨʫʛʠ 2021), ʘʣʠ ʿʝʜʘʥ ʜʝʦ ʪʝʢʩʪʦʚʘ ʿʝ ʦʙʝʣʝʞʝʥ ʠ 

ʤʥʦʛʦ ʙʦʛʘʪʠʿʠʤ ʩʢʫʧʦʤ ʝʪʠʢʝʪʘ ʢʦʨʠʰ˂ʝˁʝʤ ʩʠʩʪʝʤʘ ʟʘ 

ʧʨʝʧʦʟʥʘʚʘˁʝ ʠʤʝʥʦʚʘʥʠʭ ʝʪʠʢʝʪʘ ʟʘʩʥʦʚʘʥʦʛ ʥʘ ʤʦʨʬʦʣʦʰʢʠʤ 

ʨʝʯʥʠʮʠʤʘ ʠ ʘʫʪʦʤʘʪʠʤʘ (Krstev ʠ ʜʨʫʛʠ 2019). ʉʣʠʢʘ 8 ʧʨʠʢʘʟʫʿʝ 

ʧʨʠʤʝʨ ʢʦʨʠʰ˂ʝˁʘ ʩʪʨʫʢʪʫʨʥʦʛ ʦʙʝʣʝʞʘʚʘˁʘ ʫ ʫʧʠʪʠʤʘ. ʋʧʠʪ ʪʨʘʞʠ 

_____________________ 
20 https://www.distant-reading.net/ 

https://www.distant-reading.net/
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ʧʦʿʘʚˀʠʚʘˁʝ ʝʪʠʢʝʪʝ <role> (ʟʘʥʠʤʘˁʘ, ʪʠʪʫʣʝ, ʧʦʟʠʮʠʿʝ) ʫʥʫʪʘʨ 

ʝʪʠʢʝʪʝ <pers>  (ʦʩʦʙa). 

 

ʉʣʠʢʘ 7. ʇʨʠʤʝʨ ʫʧʠʪʘ ʥʘ ʧʦʜʢʦʨʧʫʩʫ 

 

ʉʣʠʢʘ 8. ʇʨʠʤʝʨ ʩʪʨʫʢʪʫʨʥʦ ʦʙʝʣʝʞʝʥʦʛ ʪʝʢʩʪʘ ʠ ʫʧʠʪʘ ʢʦʿʠ 

ʫʢˀʫʯʫʿʝ ʩʪʨʫʢʪʫʨʥʝ ʝʪʠʢʝʪʝ 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

18 

5. ȃʎʓʁʑɷʊʙʆʧʁНȏʑʐKʏʑ-ɷНʒɷНʀʑʔɺʆʍНʑʁʒʔʑʒʆʍɷ 

ʀʥʪʝʨʘʢʮʠʿʘ ʢʦʨʧʫʩʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ (ʉʨʧʂʦʨ) ʩʘ 

ʜʨʫʛʠʤ ʿʝʟʠʯʢʠʤ ʨʝʩʫʨʩʠʤʘ ʧʨʝʜʩʪʘʚˀʘ ʢˀʫʯʥʠ ʘʩʧʝʢʪ ʤʦʜʝʨʥʝ 

ʣʠʥʛʚʠʩʪʠʢʝ ʠ ʦʙʨʘʜʝ ʧʨʠʨʦʜʥʠʭ ʿʝʟʠʢʘ. ʆʚʘ ʩʧʨʝʛʘ, ʧʨʚʝʥʩʪʚʝʥʦ ʩʘ 

ʨʝʯʥʠʮʠʤʘ ʢʦʿʠ ʧʨʫʞʘʿʫ ʩʪʨʫʢʪʫʨʠʨʘʥʦ ʣʝʢʩʠʯʢʦ ʟʥʘˁʝ ʠ ʿʝʟʠʯʢʠʤ 

ʤʦʜʝʣʠʤʘ ʢʦʿʠ ʦʙʫʭʚʘʪʘʿʫ ʜʠʩʪʨʠʙʫʪʠʚʥʝ ʠ ʩʝʤʘʥʪʠʯʢʝ ʦʜʥʦʩʝ, 

ʦʤʦʛʫ˂ʘʚʘ ʦʙʦʩʪʨʘʥʦ ʦʙʦʛʘ˂ʠʚʘˁʝ. ʂʦʨʧʫʩ ʧʨʫʞʘ ʝʤʧʠʨʠʿʩʢʫ ʦʩʥʦʚʫ 

ʟʘ ʚʘʣʠʜʘʮʠʿʫ ʠ ʧʨʦʰʠʨʝˁʝ ʨʝʯʥʠʢʘ, ʜʦʢ ʨʝʯʥʠʮʠ ʠ ʤʦʜʝʣʠ 

ʫʥʘʧʨʝʹʫʿʫ ʤʦʛʫ˂ʥʦʩʪʠ ʢʦʨʧʫʩʥʠʭ ʘʥʘʣʠʟʘ ʠ ʘʥʦʪʘʮʠʿʝ. 

ʋʩʧʦʩʪʘʚˀʝʥʘ ʿʝ ʩʥʘʞʥʘ ʜʚʦʩʤʝʨʥʘ ʩʧʨʝʛʘ ʠʟʤʝʹʫ ʣʝʢʩʠʯʢʝ 

ʙʘʟʝ ʃʝʢʩʠʤʠʨʢʘ ʠ ʬʘʤʠʣʠʿʝ ʢʦʨʧʫʩʘ ʉʨʧʂʦʨ (Laziĺ, Ġkoriĺ, 2020). 

ʅʘʧʦʤʝʥʠʤʦ ʜʘ ʿʝ ʙʘʟʘ ʃʝʢʩʠʤʠʨʢʘ ʥʘʩʪʘʣʘ ʪʨʘʥʩʬʦʨʤʘʮʠʿʦʤ 

ʝʣʝʢʪʨʦʥʩʢʠʭ ʨʝʯʥʠʢʘ ʟʘ ʩʨʧʩʢʠ ʿʝʟʠʢ (Krstev 2008) ʫ ʨʝʣʘʮʠʦʥʫ ʙʘʟʫ 

(Stankoviĺ ʠ ʜʨʫʛʠ 2018) ʧʨʠʣʘʛʦʹʝʥʫ ʟʘ ʜʘˀʝ ʩʝʨʠʿʘʣʠʟʘʮʠʿʝ ʫ 

ʝʢʦʩʠʩʪʝʤ ʧʦʚʝʟʘʥʠʭ ʣʠʥʛʚʠʩʪʠʯʢʠʭ ʧʦʜʘʪʘʢʘ. ʆʚʘ ʠʥʪʝʨʘʢʮʠʿʘ 

ʦʤʦʛʫ˂ʘʚʘ ʦʙʦʩʪʨʘʥʦ ʦʙʦʛʘ˂ʠʚʘˁʝ ʨʝʩʫʨʩʘ. ʉʘ ʿʝʜʥʝ ʩʪʨʘʥʝ, ʢʨʦʟ 

ʩʧʝʮʠʿʘʣʠʟʦʚʘʥʠ ʠʥʪʝʨʬʝʿʩ ʣʝʢʩʠʯʢʝ ʙʘʟʝ ʃʝʢʩʠʤʠʨʢʘ, ʢʦʨʠʩʥʠʮʠ 

ʠʤʘʿʫ ʜʠʨʝʢʪʘʥ ʠ ʠʥʪʝʨʘʢʪʠʚʘʥ ʫʚʠʜ ʫ ʧʨʠʤʝʨʝ ʫʧʦʪʨʝʙʝ ʨʝʯʠ ʠ 

ˁʠʭʦʚʠʭ ʨʘʟʣʠʯʠʪʠʭ ʦʙʣʠʢʘ ʫ ʘʫʪʝʥʪʠʯʥʦʤ ʢʦʨʧʫʩʥʦʤ ʢʦʥʪʝʢʩʪʫ 

(ʩʣʠʢʘ 9). ʊʘʢʦʹʝ ʿʝ ʤʦʛʫ˂ʝ ʠʩʪʨʘʞʠʚʘʪʠ ʧʦʿʘʚˀʠʚʘˁʝ ʨʝʯʠ ʫ 

ʩʧʝʮʠʬʠʯʥʠʤ ʩʠʥʪʘʢʩʠʯʢʠʤ ʦʙʨʘʩʮʠʤʘ ʠʣʠ ʢʦʣʦʢʘʮʠʿʘʤʘ 

ʜʝʪʝʢʪʦʚʘʥʠʤ ʥʘ ʢʦʨʧʫʩʫ. ʉʘ ʜʨʫʛʝ ʩʪʨʘʥʝ, ʣʝʢʩʠʯʢʘ ʙʘʟʘ ʠ 

ʧʨʠʜʨʫʞʝʥʠ ʤʦʨʬʦʣʦʰʢʠ ʨʝʩʫʨʩʠ ʠʤʘʿʫ ʢˀʫʯʥʫ ʫʣʦʛʫ ʫ ʫʥʘʧʨʝʹʝˁʫ 

ʩʠʩʪʝʤʘ ʟʘ ʣʝʤʘʪʠʟʘʮʠʿʫ ʢʦʨʧʫʩʘ. ʉʠʩʪʝʤ ʟʘ ʣʝʤʘʪʠʟʘʮʠʿʫ ʩʝ 

ʢʦʥʪʠʥʫʠʨʘʥʦ ʫʥʘʧʨʝʹʫʿʝ ʠʟ ʚʝʨʟʠʿʝ ʫ ʚʝʨʟʠʿʫ ʢʦʨʧʫʩʘ, ʘ ˁʝʛʦʚʘ 

ʧʨʝʮʠʟʥʦʩʪ ʠ ʦʙʫʭʚʘʪʥʦʩʪ ʜʠʨʝʢʪʥʦ ʟʘʚʠʩʝ ʦʜ ʢʚʘʣʠʪʝʪʘ ʠ ʦʙʫʭʚʘʪʘ 

ʝʣʝʢʪʨʦʥʩʢʠʭ ʤʦʨʬʦʣʦʰʢʠʭ ʨʝʯʥʠʢʘ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. ʆʚʠ ʨʝʯʥʠʮʠ, 

ʢʦʨʠʰ˂ʝˁʝʤ ʤʦ˂ʥʦʛ ʩʠʩʪʝʤʘ ʟʘ ʦʙʨʘʜʫ ʪʝʢʩʪʘ, ʧʦʧʫʪ Unitex-ʘ, 

ʦʤʦʛʫ˂ʘʚʘʿʫ ʥʝ ʩʘʤʦ ʧʦʭʨʘˁʠʚʘˁʝ ʣʝʤʘ ʠ ˁʠʭʦʚʠʭ ʦʩʥʦʚʥʠʭ 

ʤʦʨʬʦʣʦʰʢʠʭ ʠʥʬʦʨʤʘʮʠʿʘ, ʚʝ˂ ʠ ʧʨʝʮʠʟʥʦ ʛʝʥʝʨʠʩʘˁʝ ʩʚʠʭ 

ʚʘʣʠʜʥʠʭ ʬʣʝʢʪʠʚʥʠʭ ʦʙʣʠʢʘ ʩʚʘʢʝ ʣʝʤʝ. ʆʚʘ ʩʚʝʦʙʫʭʚʘʪʥʘ 

ʤʦʨʬʦʣʦʰʢʘ ʠʥʬʦʨʤʘʮʠʿʘ ʿʝ ʟʘʪʠʤ ʠʥʪʝʛʨʠʩʘʥʘ ʫ ʧʨʦʮʝʩ ʘʥʦʪʘʮʠʿʝ 

ʢʦʨʧʫʩʘ, ʦʙʝʟʙʝʹʫʿʫ˂ʠ ʜʘ ʩʝ ʩʚʘʢʘ ʧʦʿʘʚʘ ʨʝʯʠ ʫ ʪʝʢʩʪʫ ʠʩʧʨʘʚʥʦ 

ʧʦʚʝʞʝ ʩʘ ʩʚʦʿʦʤ ʦʩʥʦʚʥʦʤ ʣʝʤʦʤ. 

ʈʝʯʥʠʯʢʠ ʯʣʘʥʮʠ ʙʘʟʝ ʃʝʢʩʠʤʠʨʢʘ ʧʦʚʝʟʘʥʠ ʩʫ ʠ ʩʘ ɺʦʨʜʥʝʪʦʤ 

(Krstev ʠ ʜʨʫʛʠ 2004, Stankoviĺ ʠ ʜʨʫʛʠ 2018), ʪʝʨʤʠʥʦʣʦʰʢʦʤ ʙʘʟʦʤ 

ʊʝʨʤʠ (Kitanoviĺ ʠ ʜʨʫʛʠ 2021), ʦʜʨʝʹʝʥʠʤ ʙʨʦʿʝʤ ʜʠʛʠʪʘʣʠʟʦʚʘʥʠʭ 

ʪʨʘʜʠʮʠʦʥʘʣʥʠʭ ʨʝʯʥʠʢʘ ʠ ʨʝʯʥʠʮʠʤʘ ʩʘ ʚʝʙʘ. 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

19 

 

 

ʉʣʠʢʘ 9. ʀʥʪʝʨʬʝʿʩ ʣʝʢʩʠʢʦʥʘ ʠ ʢʦʨʧʫʩʘ ʥʘ ʧʨʠʤʝʨʫ ʃʝʢʩʠʤʠʨʢʝ ʠ 

ʉʨʧʂʦʨ-ʘ: ʧʨʦʥʘʣʘʞʝˁʝ ʨʘʟʥʦʚʨʩʥʠʭ ʠʥʬʦʨʤʘʮʠʿʘ ʧʦʣʘʟʝ˂ʠ ʦʜ 

ʫʧʠʪʘ ñʿʫʞʥʦʩʣʦʚʝʥʩʢʠò ʫ  ʩʠʩʪʝʤʫ ʃʝʢʩʠʤʠʨʢʘ. 
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ʅʘʧʦʤʝʥʠʤʦ ʿʦʰ ʿʝʜʘʥ ʧʨʠʤʝʨ ʪʝʢʩʪʘ ʢʦʿʠ ʿʝ ʧʨʦʰʘʦ 

ʚʠʰʝʜʝʮʝʥʠʿʩʢʫ ʪʨʘʥʩʬʦʨʤʘʮʠʿʫ ʠ ʜʦʙʠʦ ʥʦʚʦ Ăʨʫʭʦñ. ɼʠʛʠʪʘʣʠʟʘʮʠʿʘ 

ɺʫʢʦʚʠʭ ʧʦʩʣʦʚʠʮʘ ʠ ʠʟʨʘʜʘ ˁʠʭʦʚʦʛ ʠʥʜʝʢʩʘ ʜʝʦ ʩʫ ʨʝʟʫʣʪʘʪʘ 

ʜʦʢʪʦʨʩʢʝ ʜʠʩʝʨʪʘʮʠʿʝ ñɱʝʜʘʥ ʧʨʠʣʘʟ ʠʥʬʦʨʤʘʪʠʯʢʦʤ ʤʦʜʝʣʠʨʘˁʫ 

ʪʝʢʩʪʘ ʠ ʘʣʛʦʨʠʪʤʠ ˁʝʛʦʚʝ ʪʨʘʥʩʬʦʨʤʘʮʠʿʝò (1997) ʧʨʦʬ. ʜʨ ʎʚʝʪʘʥʝ 

ʂʨʩʪʝʚ (Krstev 1996, Krstev 1997). ʀʟ ʠʟʚʦʨʥʦʛ SGML ʬʦʨʤʘʪʘ ʢʦʿʠ ʿʝ 

ʧʨʘʪʠʦ ʩʤʝʨʥʠʮʝ TEI, ʛʝʥʝʨʠʩʘʥ ʿʝ XML ʦʙʣʠʢ ʥʘ ʦʩʥʦʚʫ ʢʦʛ ʩʫ 

ʧʦʜʘʮʠ ʧʨʝʪʦʯʝʥʠ ʫ PosgreSQL ʨʝʣʘʮʠʦʥʫ ʙʘʟʫ. ʈʘʟʚʠʿʝʥʘ ʿʝ ʚʝʙ 

ʘʧʣʠʢʘʮʠʿʘ ʅʘʨʇʦʩ21 (ʩʣʠʢʘ 10), ʫʟ ʧʦʤʦ˂ ʢʦʿʝ ʩʝ ʤʦʛʫ ʧʨʝʛʣʝʜʘʪʠ 

ʧʦʩʣʦʚʠʮʝ ʫʨʝʹʝʥʝ ʫ ʘʟʙʫʯʥʦʤ ʧʦʨʝʪʢʫ, ʘ ʤʦʛʫ ʩʝ ʠ, ʧʨʝʪʨʘʞʠʚʘʪʠ 

ʧʨʝʢʦ ʠʥʜʝʢʩʘ, ʬʠʣʪʨʠʨʘʪʠ ʧʦ ʪʝʤʘʤʘ ʘʣʠ ʠ ʧʨʦʥʘʣʘʟʠʪʠ ʥʘ ʢʘʨʪʠ, ʥʘ 

ʦʩʥʦʚʫ ʠʥʬʦʨʤʘʮʠʿʝ ʢʦʿʘ ʩʝ ʥʘʣʘʟʠ ʫ ʩʘʤʦʤ ʪʝʢʩʪʫ ʧʦʩʣʦʚʠʮʝ ʠʣʠ ʫ 

ʦʙʿʘʰˁʝˁʫ ʢʦʿʝ ʿʝ ʧʨʘʪʠ). 

 

ʉʣʠʢʘ 10. ɺʝʙ ʘʧʣʠʢʘʮʠʿʘ ʅʘʨʦʜʥʝ ʧʦʩʣʦʚʠʮʝ 

ʈʘʟʚʦʿ ʩʘʚʨʝʤʝʥʠʭ ʿʝʟʠʯʢʠʭ ʤʦʜʝʣʘ, ʫʢˀʫʯʫʿʫ˂ʠ ʦʥʝ ʟʘ ʦʙʨʘʜʫ 

ʠ ʨʘʟʫʤʝʚʘˁʝ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ, ʬʫʥʜʘʤʝʥʪʘʣʥʦ ʟʘʚʠʩʠ ʦʜ ʜʦʩʪʫʧʥʦʩʪʠ ʠ 

ʢʚʘʣʠʪʝʪʘ ʚʝʣʠʢʠʭ ʪʝʢʩʪʫʘʣʥʠʭ ʢʦʨʧʫʩʘ. ʀʘʢʦ ʚʝʙ-ʢʦʨʧʫʩʠ ʥʫʜʝ 

ʥʝʫʧʦʨʝʜʠʚʫ ʢʦʣʠʯʠʥʫ ʧʦʜʘʪʘʢʘ ʠ ʝʬʠʢʘʩʥʦ ʦʜʨʘʞʘʚʘʿʫ ʪʨʝʥʫʪʥʫ, 

ʯʝʩʪʦ ʥʝʬʦʨʤʘʣʥʫ, ʫʧʦʪʨʝʙʫ ʿʝʟʠʢʘ ʥʘ ʠʥʪʝʨʥʝʪʫ, ˁʠʭʦʚʘ 

ʥʝʭʦʤʦʛʝʥʦʩʪ, ʧʨʠʩʫʩʪʚʦ ʛʨʝʰʘʢʘ, ʩʣʝʥʛʘ, ʥʝʩʪʘʥaʨʜʥʠʭ ʚʘʨʠʿʘʥʪʠ ʠ 

ʥʝʜʦʩʪʘʪʘʢ ʢʦʥʟʠʩʪʝʥʪʥʝ, ʜʫʙʠʥʩʢʝ ʣʠʥʛʚʠʩʪʠʯʢʝ ʘʥʦʪʘʮʠʿʝ ʤʦʛʫ 

ʧʨʝʜʩʪʘʚˀʘʪʠ ʦʛʨʘʥʠʯʝˁʝ ʟʘ ʪʨʝʥʠʨʘˁʝ ʤʦʜʝʣʘ ʢʦʿʠ ʟʘʭʪʝʚʘʿʫ 

ʨʘʟʫʤʝʚʘˁʝ ʩʪʨʫʢʪʫʨʠʨʘʥʦʛ ʠ ʬʦʨʤʘʣʥʠʿʝʛ ʿʝʟʠʢʘ. ɿʙʦʛ ʪʦʛʘ ʩʫ 
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ʧʘʞˀʠʚʦ ʧʨʠʢʫʧˀʝʥʠ, ʙʘʣʘʥʩʠʨʘʥʠ ʠ ʘʥʦʪʠʨʘʥʠ ʢʦʨʧʫʩʠ, ʯʠʿʠ 

ʩʘʜʨʞʘʿ ʥʝ ʧʦʪʠʯʝ ʠʩʢˀʫʯʠʚʦ ʩʘ ʚʝʙʘ (ʚʝ˂ ʫʢˀʫʯʫʿʝ ʠ ʢˁʠʞʝʚʥʘ ʜʝʣʘ, 

ʥʘʫʯʥʝ ʨʘʜʦʚʝ, ʟʚʘʥʠʯʥʝ ʜʦʢʫʤʝʥʪʝ, ʪʨʘʥʩʢʨʠʙʦʚʘʥʠ ʛʦʚʦʨ, ʠʪʜ.), 

ʥʝʟʘʤʝʥˀʠʚʠ ʟʘ ʠʟʛʨʘʜˁʫ ʨʦʙʫʩʥʠʭ ʿʝʟʠʯʢʠʭ ʤʦʜʝʣʘ ʩʧʦʩʦʙʥʠʭ ʜʘ 

ʦʙʨʘʹʫʿʫ ʨʘʟʣʠʯʠʪʝ ʨʝʛʠʩʪʨʝ ʠ ʩʪʠʣʦʚʝ. ʆʚʠ ñʯʠʩʪʠʿʠò ʠ 

ʩʪʨʫʢʪʫʨʠʨʘʥʠʿʠ ʢʦʨʧʫʩʠ ʧʨʫʞʘʿʫ ʧʦʫʟʜʘʥʠʿʫ ʦʩʥʦʚʫ ʟʘ ʫʯʝˁʝ 

ʩʣʦʞʝʥʠʭ ʛʨʘʤʘʪʠʯʢʠʭ ʦʙʨʘʟʘʮʘ, ʥʠʿʘʥʩʠ ʩʝʤʘʥʪʠʢʝ ʠ ʩʧʝʮʠʬʠʯʥʦʩʪʠ 

ʨʘʟʣʠʯʠʪʠʭ ʜʦʤʝʥʘ, ʰʪʦ ʿʝ ʦʜ ʧʨʝʩʫʜʥʦʛ ʟʥʘʯʘʿʘ ʟʘ ʨʘʟʚʦʿ ʤʦʜʝʣʘ 

ʚʠʩʦʢʝ ʧʨʝʮʠʟʥʦʩʪʠ ʠ ʧʦʫʟʜʘʥʦʩʪʠ, ʧʦʩʝʙʥʦ ʟʘ ʟʘʜʘʪʢʝ ʢʦʿʠ 

ʧʨʝʚʘʟʠʣʘʟʝ ʧʦʚʨʰʠʥʩʢʫ ʦʙʨʘʜʫ ʪʝʢʩʪʘ. ʇʦʜʨʘʟʫʤʝʚʘ ʩʝ ʜʘ ʿʝ 

ʧʨʠʧʨʝʤʘ ʦʚʘʢʚʠʭ ʢʦʨʧʫʩʘ ʜʘʣʝʢʦ ʟʘʭʪʝʚʥʠʿʘ ʢʘʢʦ ʫ ʬʘʟʠ ʧʨʠʢʫʧˀʘˁʘ 

ʪʝʢʩʪʦʚʘ ʪʘʢʦ ʠ ʫ ʬʘʟʠ ˁʠʭʦʚʝ ʦʙʨʘʜʝ ʢʦʿʘ ʧʨʝʪʭʦʜʠ ʫʢˀʫʯʠʚʘˁʫ ʫ 

ʢʦʨʧʫʩ. 

ʇʨʦʿʝʢʘʪ ʊɽʉʃɸ22 ʧʦʩʝʙʥʦ ʩʝ ʙʘʚʠ ʚʝʢʪʦʨʠʟʘʮʠʿʦʤ ʪʝʢʩʪʘ ï  

ʧʨʝʜʩʪʘʚˀʘˁʝʤ ʨʝʯʠ, ʬʨʘʟʘ ʠʣʠ ʯʠʪʘʚʠʭ ʜʦʢʫʤʝʥʘʪʘ ʢʘʦ ʥʫʤʝʨʠʯʢʠʭ 

ʚʝʢʪʦʨʘ, ʰʪʦ ʿʝ  ʪʝʤʝˀʥʘ ʪʝʭʥʠʢʘ ʫ ʩʘʚʨʝʤʝʥʦʿ ʦʙʨʘʜʠ ʧʨʠʨʦʜʥʠʭ 

ʿʝʟʠʢʘ. ʆʚʠʤ ʩʝ ʦʪʚʘʨʘʿʫ ʚʨʘʪʘ ʟʘ ʨʘʟʚʦʿ ʥʠʟʘ ʥʘʧʨʝʜʥʠʭ ʘʧʣʠʢʘʮʠʿʘ ʟʘ 

ʩʨʧʩʢʠ ʿʝʟʠʢ ï ʦʜ ʘʥʘʣʠʟʝ ʦʩʝ˂ʘˁʘ ʠ ʩʪʘʚʦʚʘ ʠ ʢʣʘʩʠʬʠʢʘʮʠʿʝ ʪʝʢʩʪʘ 

ʜʦ ʤʘʰʠʥʩʢʦʛ ʧʨʝʚʦʹʝˁʘ ʠ ʩʠʩʪʝʤʘ ʟʘ ʦʜʛʦʚʘʨʘˁʝ ʥʘ ʧʠʪʘˁʘ. 

ʋʩʧʝʰʥʦʩʪ ʦʚʠʭ ʘʧʣʠʢʘʮʠʿʘ ʜʠʨʝʢʪʥʦ ʢʦʨʝʣʠʨʘ ʩʘ ʜʦʩʪʫʧʥʦʰ˂ʫ ʠ 

ʢʚʘʣʠʪʝʪʦʤ ʚʝʣʠʢʠʭ ʢʦʣʝʢʮʠʿʘ ʪʝʢʩʪʫʘʣʥʠʭ ʧʦʜʘʪʘʢʘ, ʘ ʧʦʩʝʙʥʦ 

ʘʥʦʪʠʨʘʥʠʭ ʢʦʨʧʫʩʘ ʢʦʿʠ ʧʨʫʞʘʿʫ ʣʠʥʛʚʠʩʪʠʯʢʠ ʦʙʦʛʘ˂ʝʥʝ 

ʠʥʬʦʨʤʘʮʠʿʝ. ʋ ʪʦʤ ʢʦʥʪʝʢʩʪʫ, ʧʣʘʥʦʚʠ ʟʘ ʙʫʜʫ˂ʠ ʨʘʟʚʦʿ ʢʦʨʧʫʩʘ 

ʉʨʧʂʦʨ ʫʩʤʝʨʝʥʠ ʩʫ ʢʘ ʩʪʚʘʨʘˁʫ ʿʦʰ ʚʝ˂ʝʛ ʠ ʜʝʪʘˀʥʠʿʝ ʘʥʦʪʠʨʘʥʦʛ 

ʨʝʩʫʨʩʘ. 

6. Ȃɷʊʠʔʘɷʊ 

ʋ ʦʚʦʤ ʨʘʜʫ ʧʨʫʞʘʤʦ ʩʚʝʦʙʫʭʚʘʪʘʥ ʧʨʝʛʣʝʜ ʨʘʟʚʦʿʥʦʛ ʧʫʪʘ 

ʢʦʨʧʫʩʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. ʇʦʣʘʟʝ˂ʠ ʦʜ ʧʦʯʝʪʥʠʭ ʬʘʟʘ 

ʢʦʥʮʠʧʠʨʘˁʘ ʠ ʧʨʠʢʫʧˀʘˁʘ ʧʦʜʘʪʘʢʘ, ʧʨʘʪʠʤʦ ʩʪʚʘʨʘˁʝ ʧʨʚʦʛ 

ʢʦʨʧʫʩʘ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʜʦʩʪʫʧʥʦʛ ʧʫʪʝʤ ʚʝʙ-ʪʝʭʥʦʣʦʛʠʿʘ, ʰʪʦ ʿʝ 

ʧʨʝʜʩʪʘʚˀʘʣʦ ʟʥʘʯʘʿʘʥ ʢʦʨʘʢ ʫ ʜʠʛʠʪʘʣʠʟʘʮʠʿʠ ʠ ʜʦʩʪʫʧʥʦʩʪʠ 

ʿʝʟʠʯʢʠʭ ʨʝʩʫʨʩʘ ʟʘ ʩʨʧʩʢʠ. ɼʝʪʘˀʥʦ ʝʣʘʙʦʨʠʨʘʤʦ ʜʘˀʠ ʨʘʟʚʦʿ ʠ 

ʨʘʟʣʠʯʠʪʝ ʠʪʝʨʘʮʠʿʝ ʢʦʨʧʫʩʘ, ʢʦʿʝ ʩʫ ʜʦʥʝʣʝ ʟʥʘʯʘʿʥʘ ʧʨʦʰʠʨʝˁʘ ʫ 

ʦʙʠʤʫ, ʨʘʟʥʦʚʨʩʥʦʩʪʠ ʩʘʜʨʞʘʿʘ ʠ ʜʫʙʠʥʠ ʣʠʥʛʚʠʩʪʠʯʢʝ ʘʥʦʪʘʮʠʿʝ, 

ʦʜʨʘʞʘʚʘʿʫ˂ʠ ʝʚʦʣʫʮʠʿʫ ʠʩʪʨʘʞʠʚʘʯʢʠʭ ʧʦʪʨʝʙʘ ʠ ʪʝʭʥʦʣʦʰʢʠʭ 

ʤʦʛʫ˂ʥʦʩʪʠ. ʂʦʥʘʯʥʦ, ʧʨʝʜʩʪʘʚˀʘʤʦ ʘʢʪʫʝʣʥʫ ʬʘʟʫ ʨʘʟʚʦʿʘ, 

ʬʦʢʫʩʠʨʘʥʫ ʥʘ ʠʥʪʝʛʨʘʮʠʿʫ ʠ ʩʠʥʝʨʛʠʿʫ ʢʦʨʧʫʩʘ ʩʘ ʜʨʫʛʠʤ ʟʥʘʯʘʿʥʠʤ 

ʿʝʟʠʯʢʠʤ ʨʝʩʫʨʩʠʤʘ, ʢʘʦ ʰʪʦ ʩʫ ʣʝʢʩʠʯʢʝ ʙʘʟʝ ʠ ʿʝʟʠʯʢʠ ʤʦʜʝʣʠ, ʰʪʦ 
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ʦʤʦʛʫ˂ʘʚʘ ʦʙʦʩʪʨʘʥʦ ʦʙʦʛʘ˂ʠʚʘˁʝ ʠ ʦʪʚʘʨʘ ʥʦʚʝ ʤʦʛʫ˂ʥʦʩʪʠ ʟʘ 

ʥʘʧʨʝʜʥʝ ʿʝʟʠʯʢʝ ʘʥʘʣʠʟʝ ʠ ʘʧʣʠʢʘʮʠʿʝ. ʆʚʘʿ ʧʨʝʛʣʝʜ ʜʦʢʫʤʝʥʪʫʿʝ 

ʪʨʘʥʩʬʦʨʤʘʮʠʿʫ ʢʦʨʧʫʩʘ ʦʜ ʧʠʦʥʠʨʩʢʦʛ ʧʦʜʫʭʚʘʪʘ ʜʦ ʩʘʚʨʝʤʝʥʦʛ, 

ʠʥʪʝʨʦʧʝʨʘʙʠʣʥʦʛ ʨʝʩʫʨʩʘ, ʠʣʫʩʪʨʫʿʫ˂ʠ ʠʟʘʟʦʚʝ ʠ ʨʝʰʝˁʘ ʪʦʢʦʤ ʚʠʰʝ 

ʜʝʢʘʜʘ ʨʘʟʚʦʿʘ. 

ɼʘˀʠ ʨʘʟʚʦʿ ʢʦʨʧʫʩʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ, ʫʩʤʝʨʝʥ ʢʘ 

ʩʪʚʘʨʘˁʫ ʨʦʙʫʩʪʥʝ ʠ ʜʝʪʘˀʥʝ ʣʠʥʛʚʠʩʪʠʯʢʝ ʦʩʥʦʚʝ ʟʘ ʥʘʧʨʝʜʥʝ 

ʘʧʣʠʢʘʮʠʿʝ ʧʦʧʫʪ ʚʝʢʪʦʨʠʟʘʮʠʿʝ ʪʝʢʩʪʘ, ʧʣʘʥʠʨʘʥ ʿʝ ʢʨʦʟ ʚʠʰʝ 

ʧʘʨʘʣʝʣʥʠʭ ʘʢʪʠʚʥʦʩʪʠ. ʂʨʘʿʝʤ 2025. ʛʦʜʠʥʝ ʧʣʘʥʠʨʘʥʦ ʿʝ 

ʦʙʿʘʚˀʠʚʘˁʝ ʥʦʚʝ ʚʝʨʟʠʿʝ ʢʦʨʧʫʩʘ ʥʘ ʧʣʘʪʬʦʨʤʠ NoSketch, ʢʦʿʘ ˂ʝ 

ʦʙʫʭʚʘʪʠʪʠ ʟʥʘʯʘʿʥʦ ʧʨʦʰʠʨʝˁʝ ʩʘʜʨʞʘʿʘ. ʆʚʦ ʧʨʦʰʠʨʝˁʝ ʫʢˀʫʯʠ˂ʝ 

ʥʦʚʠʥʩʢʝ ʪʝʢʩʪʦʚʝ ʠʟ ʧʝʨʠʦʜʘ 2022-2025, ʢʘʦ ʠ ʥʦʚʝ ʪʠʧʦʚʝ ʪʝʢʩʪʦʚʘ 

ʧʦʧʫʪ ʧʫʪʦʧʠʩʘ, ʤʝʤʦʘʨʘ ʠ ʠʩʪʦʨʠʿʩʢʠʭ ʥʦʚʠʥʘ, ʧʨʦʰʠʨʫʿʫ˂ʠ 

ʚʨʝʤʝʥʩʢʫ ʜʠʤʝʥʟʠʿʫ ʠ ʜʦʧʨʠʥʦʩʝ˂ʠ ʢʫʣʪʫʨʥʦ-ʠʩʪʦʨʠʿʩʢʦʿ ʚʨʝʜʥʦʩʪʠ 

ʢʦʨʧʫʩʘ, ʫʟ ʢʦʥʪʠʥʫʠʨʘʥʦ ʜʦʧʫˁʘʚʘˁʝ ʦʜʘʙʨʘʥʠʤ ʚʝʙ-ʩʘʜʨʞʘʿʠʤʘ. 

ʇʘʨʘʣʝʣʥʦ ʩʘ ʧʦʚʝ˂ʘˁʝʤ ʦʙʠʤʘ, ʬʦʢʫʩ ʿʝ ʩʪʘʚˀʝʥ ʥʘ ʜʝʪʘˀʥʠʿʝ 

ʦʙʦʛʘ˂ʠʚʘˁʝ ʤʝʪʘʧʦʜʘʪʘʢʘ. ʆʚʦ ˂ʝ ʦʤʦʛʫ˂ʠʪʠ ʬʣʝʢʩʠʙʠʣʥʠʿʝ 

ʢʨʝʠʨʘˁʝ ʧʦʜʢʦʨʧʫʩʘ ʧʨʝʤʘ ʨʘʟʣʠʯʠʪʠʤ ʜʠʤʝʥʟʠʿʘʤʘ, ʫʢˀʫʯʫʿʫ˂ʠ 

ʧʝʨʠʦʜ, ʜʦʤʝʥ, ʠʟʛʦʚʦʨ, ʘʫʪʦʨʝ ʠʣʠ ʩʧʝʮʠʬʠʯʥʝ ʪʠʧʦʚʝ ʪʝʢʩʪʘ, ʯʠʤʝ 

˂ʝ ʩʝ ʦʤʦʛʫ˂ʠʪʠ ʧʨʝʮʠʟʥʠʿʘ ʮʠˀʘʥʘ ʠʩʪʨʘʞʠʚʘˁʘ. ʂʚʘʣʠʪʝʪ ʢʦʨʧʫʩʘ 

˂ʝ ʙʠʪʠ ʜʦʜʘʪʥʦ ʫʥʘʧʨʝʹʝʥ ʢʨʦʟ ʜʦʧʫʥʫ ʠ ʦʙʦʛʘ˂ʠʚʘˁʝ ʣʠʥʛʚʠʩʪʠʯʢʠʭ 

ʘʥʦʪʘʮʠʿʘ. ʋ ʧʣʘʥʫ ʿʝ ʢʦʤʧʣʝʪʠʨʘˁʝ ʧʦʜʝʣʝ ʥʘ ʨʝʯʝʥʠʮʝ, 

ʧʨʝʧʦʟʥʘʚʘˁʝ ʠʤʝʥʦʚʘʥʠʭ ʝʥʪʠʪʝʪʘ, ʪʝ ʜʦʜʘʚʘˁʝ ʜʝʪʘˀʥʠʿʠʭ 

ʛʨʘʤʘʪʠʯʢʠʭ ʠʥʬʦʨʤʘʮʠʿʘ ʠ ʧʦʚʝʟʠʚʘˁʝ ʩʘ ʙʘʟʘʤʘ ʟʥʘˁʘ. ʋ ʪʦʤ ʮʠˀʫ, 

ʘʢʪʠʚʥʦ ʩʝ ʨʘʜʠ ʥʘ ʨʘʟʚʦʿʫ ʠ ʫʥʘʧʨʝʹʝˁʫ ʤʦʜʝʣʘ ʠ ʘʣʘʪʘ ʟʘ ʘʫʪʦʤʘʪʩʢʫ 

ʘʥʦʪʘʮʠʿʫ ʢʦʿʠ ˂ʝ ʧʦʜʨʞʘʪʠ, ʥʝ ʩʘʤʦ ʩʪʘʥʜʘʨʜʥʦ ʦʟʥʘʯʘʚʘˁʝ ʚʨʩʪʘ 

ʨʝʯʠ (PoS) ʠ ʣʝʤʘʪʠʟʘʮʠʿʫ, ʚʝ˂ ʠ ʩʣʦʞʝʥʠʿʝ ʟʘʜʘʪʢʝ ʧʦʧʫʪ 

ʧʨʝʧʦʟʥʘʚʘˁʘ ʠʤʝʥʦʚʘʥʠʭ ʝʥʪʠʪʝʪʘ, ʜʦʜʝˀʠʚʘˁʘ ʟʥʘʯʝˁʘ ʨʝʯʠʤʘ ʠ 

ʢʨʝʠʨʘˁʘ ʚʝʟʘ ʢʘ ʙʘʟʘʤʘ ʟʥʘˁʘ. ʉʚʠ ʦʚʠ ʥʘʧʦʨʠ ʫʩʤʝʨʝʥʠ ʩʫ ʢʘ 

ʠʟʛʨʘʜˁʠ ʢʦʨʧʫʩʘ ʢʦʿʠ ˂ʝ ʧʨʫʞʠʪʠ ʥʝʟʘʤʝʥˀʠʚ ʨʝʩʫʨʩ ʟʘ 

ʣʠʥʛʚʠʩʪʠʯʢʘ ʠʩʪʨʘʞʠʚʘˁʘ ʠ ʨʘʟʚʦʿ ʥʘʧʨʝʜʥʠʭ ʘʣʘʪʘ ʟʘ ʦʙʨʘʜʫ 

ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. 

Ȃɷʗɹɷʌʎʆʙɷа ʆʚʦ ʠʩʪʨʘʞʠʚʘˁʝ ʿʝ ʧʦʜʨʞʘʦ ʌʦʥʜ ʟʘ ʥʘʫʢʫ ʈʝʧʫʙʣʠʢʝ 

ʉʨʙʠʿʝ, #7276, Text Embeddings - Serbian Language Applications - 

TESLA. 
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About the Family of the Corpus of the Modern Serbian Language 
SrpKor 

Duġko Vitas, Ranka Stankoviĺ, Cvetana Krstev 

ÉƨůůċƖǃ 

The SrpKor family comprises electronic corpora of contemporary 

Serbian, initiated in the late 1970s and first made publicly available online 

in 2003. Its development, especially before the advent of abundant web-

based resources, involved systematic text collection, corpus processing tool 

creation, and annotation methodology design. SrpKor is not merely a 

digital text collection but an integrated resource with software 

infrastructure, linguistic annotations (metadata, morphological tagging, 

lemmatization, named entities), and search capabilities, evolving through 

multiple versions under constrained resources. 

Early Serbian NLP efforts in the 1980s lagged behind other 

European contexts, partly due to limited computational literacy among 

philologists and skepticism toward language technology. Initial advances 

came from computer scientists, leading to the Aurora corpus processing 

system and early morphological analyzers. International collaborations in 

the 1990s (e.g., Telri, LADL) introduced formal morphological modeling 

and tools such as Unitex/GramLab, facilitating large-scale corpus 

compilation. 

The first web corpus (SrpKor2003) contained ~23 million 

unannotated words; SrpKor2013 expanded to 122 million words, with 

lemmatization and part-of-speech tagging. Responding to growing research 

needs, the corpora migrated to the NoSketchEngine platform, culminating 

in SrpKor2021ða 600M-word, fully annotated balanced corpus. These 

corpora include diverse genres: news, literature, Wikipedia, textbooks, 

academic texts, parallel translations, and culturally significant non-web 

materials. Metadata enables subcorpus creation by domain, author, or 

register. 

SrpKor interacts closely with lexical databases such as Leximirka, 

enhancing both lexicon and corpus quality. Structural and named entity 

annotations support complex queries. Additional domain-specific corpora 

(e.g., mining, geology, mathematics) demonstrate the platformôs versatility. 

Future development focuses on expanding temporal coverage 

(including 2022ï2025 texts), enriching metadata, refining linguistic 

annotation (sentence segmentation, detailed grammar, named entities), and 
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linking to knowledge bases. These efforts aim to provide a robust, richly 

annotated resource supporting advanced applications like text 

vectorization, sentiment analysis, and machine translation, ensuring 

SrpKor remains a cornerstone for Serbian language research and 

technology development. 

uĲǃƽŸƖĬƚа SrpKor, corpora, Serbian language, lemmatization, Leximirka 
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Models for Automatic Morphological 
Inflection of Serbian and Croatian Based on 
the srLex and hrLex Morphological Lexicons 
Scientific paper DOI: 10.18485/judig.2025.1.ch2 

Jaka Ļibej1 0000-0002-3037-6848 

Abstract 

Open-source machine-readable morphological lexicons are useful for 

morphosyntactic tagging of corpora and represent a crucial step toward 

compiling modern digital dictionary databases. In the paper, we present the first 

step toward extending the functionalities of Pregibalnik, a custom developed 

open-source tool for Slovene lexicon expansion, to cover Serbian and Croatian 

and help automatically expand the lexicons with new entries. We describe the 

process of extraction of morphological patterns from the hrLex and srLex 

inflectional lexicons of Croatian and Serbian, as well as a robust process of 

feature selection based on ending word parts. The features are used to develop a 

series of machine-learning models to predict morphological patterns for 

Croatian and Serbian lexemes, achieving an average F1-micro score of 0.85 

(depending on lexeme type). This also helps identify potential inconsistencies 

within the current versions of the lexicons. The extracted patterns and models 

are available under a Creative Commons CC-BY 4.0 license. 

uĲǃƽŸƖĬƚа lexicon, morphology, inflection, lexicon expansion, Croatian, Serbian 

1. Introduction 

Open-source machine-readable morphological lexicons are not only 

helpful for human users (particularly for those studying highly inflectional 

languages as a second language) but are a useful resource for a wide range of 

tasks in natural language processing and computational linguistics. They can be 
_____________________ 
1 Centre for Language Resources and Technologies, University of Ljubljana, Faculty of Arts, 

University of Ljubljana, jaka.cibej@ff.uni-lj.si 
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used to improve morphosyntactic tagging of corpora and represent a crucial step 

toward compiling modern digital dictionary databases. An example is the 

Digital Dictionary Database of Slovene (DDDS; Kosem et al., 2021), an open-

access lexicographic relational database that is being developed at the Centre for 

Language Resources and Technologies of the University of Ljubljana. The 

morphological basis for DDDS is the Sloleks Morphological Lexicon of Slovene 

(Ļibej et al., 2022). In the RSDO (Development of Slovene in a Digital 

Environment)2 project, version 2.0 with approximately 100,800 lexemes was 

updated to version 3.0 by adding approximately 265,000 new lexemes from the 

Gigafida 2.0 Corpus of Written Standard Slovene (Krek et al., 2020), along with 

their inflected forms, accentuated forms, and IPA/SAMPA pronunciations. All 

were automatically generated using Pregibalnik3 ("Inflector" in English; from 

the Slovene verb pregibati 'to inflect'), a custom-developed open-source tool for 

Slovene lexicon expansion (more on this in Section 2). Sloleks is also used in 

the development of the Slovene CLASSLA-Stanza models for lemmatization 

(Terļon et al., 2023) and morphosyntactic tagging (Ljubeġiĺ et al., 2023). 

Two open-source lexicons similar to Sloleks have been published for 

Serbian and Croatian ï srLex 1.3 (Ljubeġiĺ 2019a) and hrLex 1.3 (Ljubeġiĺ 

2019b), compiled from srWaC (Ljubeġiĺ & Klubiļka, 2016a) and hrWaC 

(Ljubeġiĺ & Klubiļka, 2016b) web corpora, respectively. Similar to Sloleks, 

srLex and hrLex are also used in the Serbian and Croatian CLASSLA-Stanza 

models, which is why it is important to keep the lexicons up-to-date and extend 

them with new lexemes. Because Croatian and Serbian are structurally similar 

to Slovene4 and because they share a similar infrastructural framework, the same 

method applied to Slovene data can be used (with some minor adjustments) to 

extend the functionalities of Pregibalnik to also cover Croatian and Serbian. 

However, while machine-learning methods for lexicon expansion have already 

been used to predict paradigms for Croatian and Serbian, the results are either 

not available under an open-access license (see Ġnajder, 2013) or are not directly 

compatible with the infrastructure of Pregibalnik: for instance, the machine-

readable paradigms used by Ljubeġiĺ et al., 2016 were only available in the 

_____________________ 
2 RSDO Project Site: https://rsdo.slovenscina.eu/ 
3 The code for Pregibalnik is available on Github: https://github.com/clarinsi/SloInflector 

Pregibalnik is also available as an API service: 

https://orodja.cjvt.si/pregibalnik/redoc 

https://orodja.cjvt.si/pregibalnik/docs 

https://orodja.cjvt.si/pregibalnik/form-generator/docs 

https://orodja.cjvt.si/pregibalnik/form-generator/redoc 
4 In this paper, we treat Serbian and Croatian as completely separate because we use different 

resources (srLex and hrLex, respectively) to develop their inflectional models. This is a purely 

pragmatic decision made in accordance with the infrastructure of Pregibalnik and is not intended 

as a reflection of the linguistic continuum in actual language use. 
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Apertium format,5 which for instance sometimes does not clearly distinguish 

between morphological patterns for masculine, feminine, and neuter nouns, 

which according to the MULTEXT-East Morphosyntactic Specifications 

(MTE)6 used by Pregibalnik are lexeme-level features that clearly discriminate 

between morphological patterns. 

In this paper, we present the first step toward extending the 

functionalities of Pregibalnik to cover Serbian and Croatian and help 

automatically expand the lexicons with new lexemes using an easily accessible 

API service. The paper is structured as follows: we first present the structure 

of Pregibalnik focusing on the form generator component (Section 2), then 

describe the process of extracting morphological patterns from srLex and 

hrLex (Section 3) and the features used in predictions (Section 4). We evaluate 

the developed models (Section 5) and provide a brief qualitative analysis of 

some of the most frequent misclassifications (Section 6), then conclude the 

paper with some suggestions for future work (Section 7). 

2. Lexicon Expansion with Pregibalnik 

Pregibalnik currently consists of three components which can be 

used separately or as part of a single process: the form generator, the 

accentuator, and the IPA/SAMPA grapheme-to-phoneme converter. The 

workflow is shown in Figure 1. 

The tool takes a lemma and its MTE lexeme-level morphosyntactic 

features (e.g. the Slovene word omikron 'omicron' noun, common, masculine) 

as input and first generates a complete paradigm of forms inflected by case, 

number, tense, etc. (nominative singular omikron, genitive singular omikrona, 

dative singular omikronu, and so on). This is then forwarded to the other two 

components to add accentuated forms (·mikron) and pronunciations (IPA: 

/̈͂oΈmikὸὉn/) as well. In this paper, we focus on form generation for Croatian 

and Serbian as srLex and hrLex currently only include inflected forms. 

The first component of Pregibalnik generates the set of forms by first 

extracting a set of features from the input lemma in the form of a numeric 

vector. For the Slovene form generation models, the features are mostly based 

on a linguistically informed list of ending word parts (mostly suffixes used in 

word formation, e.g. 'acija' in liofilizacija 'lyophilization') as well as several 

other features, such as the ratio of upper-case and lower-case characters (e.g. 

to help detect acronyms such as ZN (Zdruģeni narodi 'United Nations'), which 

_____________________ 
5 Croatian-Bosnian-Serbian paradigms are available at: https://sourceforge.net/p/apertium/svn/ 

HEAD/tree/languages/apertium-hbs/apertium-hbs.hbs.metadix 
6 MULTEXT-East Morphosyntactic Specifications for Slovene: 

https://nl.ijs.si/ME/V6/msd/html/msd-sl.html 
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are inflected differently compared to other nouns in the same category. The 

numeric vector is then fed into one of several models (based on the part-of-

speech of the relevant lexeme) that predicts the code of the morphological 

pattern, a blueprint consisting of pairs of MTE morphosyntactic tags and their 

ending word parts. The pattern is then used to generate the entire paradigm. 

The workflow is presented in Figure 2. 

 

Figure 1: Representation of the Pregibalnik workflow for the Slovene 

masculine common noun omikron 'omicron'. 

 

Figure 2: Form generation worfklow in Pregibalnik. 

The set of machine-readable Slovene morphological patterns were 

automatically extracted from Sloleks using a robust approach (see Section 

3 for a more detailed description on the example of hrLex and srLex). The 
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patterns were then manually validated and hierarchically sorted (Arhar 

Holdt & Ļibej 2018; Arhar Holdt 2021) before being used in machine-

learning predictions. 

We performed the same bottom-up process of morphological 

pattern extraction on hrLex and srLex. However, we test a more agnostic 

approach with no pre-defined list of word ending parts for pattern 

predictions and no hierarchization, which requires some additional manual 

work and linguistic expertise. 

3. Morphological Pattern Extraction 

The hrLex 1.3 and srLex 1.3 lexicons consist of approximately 

164,000 and 169,000 lexemes,7 respectively, and contain the following 

data: word forms, their lemmas, morphosyntactic tags and features 

according to the Serbo-Croatian MULTEXT-East (MTE) Morphosyntactic 

Specifications8, morphosyntactic tags and features according to the 

Universal Dependencies annotation scheme, and the absolute and relative 

frequencies of the form-lemma-tag combination from the corpus (hrWaC 

and srWaC for hrLex and srLex, respectively). An excerpt from hrLex is 

shown in Table 1. 

Table 1: Excerpt from hrLex. 

Form Lemma 
MTE 

Tag 
MTE Features UD Tag UD Features fA fR 

hljeba hljeb Ncmsg Type=common 

Gender=masculine 

Number=singular 

Case=genitive 

NOUN Case=Gen 

Gender=Masc 

Number=Sing 

588 0.000421 

hljeb hljeb Ncmsn Type=common 

Gender=masculine 

Number=singular 

Case=nominative 

NOUN Case=Nom 

Gender=Masc 

Number=Sing 

269 0.000192 

hljebu hljeb Ncmsd Type=common 

Gender=masculine 

Number=singular 

Case=dative 

NOUN Case=Dat 

Gender=Masc 

Number=Sing 

2 0.000001 

 

The process of extracting morphological patterns was based on a 

simple algorithm that first searches for all forms pertaining to a lexeme, 

_____________________ 
7 A lexeme is an entry in the lexicon, consisting of the lemma form, its inflectional forms, and their 

morphosyntactic features. 
8 MULTEXT-East Morphosyntactic Specifications for Serbo-Croatian (v6): 

https://nl.ijs.si/ME/V6/msd/html/msd-hbs.html 
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then first identifies the immutable part, i.e. the part that is common to all 

the forms (Table 2). 

Table 2: Tags and forms with immutable parts (in bold) for  

the lexeme abakus (noun, common, masculine) from hrLex 1.3. 

Singular Forms Plural Forms 

Ncmsn: abakus Ncmpn: abakusi 

Ncmsg: abakusa Ncmpg: abakusa | abakus© 

Ncmsd: abakusu Ncmpd: abakusima 

Ncmsan: abakus Ncmpa: abakuse 

Ncmsv: abakuse  Ncmpv: abakusi 

Ncmsl: abakusu  Ncmpl: abakusima 

Ncmsi: abakusom Ncmpi: abakusima 

 

The immutable part is then removed from the forms to determine 

the mutable parts for each tag and create the blueprint for the morphological 

pattern pertaining to the lexeme (Table 3). Each unique morphological 

pattern is assigned an ID (formatted as P_{lexicon}_{lexeme-level 

features}_{sequential_number}, e.g. P_hrLex_Ncm_1). 

Table 3: Morphological pattern extracted from the lexeme  

abakus (noun, common, masculine) from hrLex 1.3. 

Singular Forms Plural Forms 

Ncmsn: -Ï Ncmpn: -i 

Ncmsg: -a Ncmpg: -a | -© 

Ncmsd: -u Ncmpd: -ima 

Ncmsan: -Ï Ncmpa: -e 

Ncmsv: -e Ncmpv: -i 

Ncmsl: -u Ncmpl: -ima 

Ncmsi: -om Ncmpi: -ima 

 

The results of the pattern extraction are shown in Table 4. The 

difference in the number of extracted patterns between hrLex and srLex is 

immediately apparent, with srLex accounting for three times the number of 

patterns extracted from hrLex. The reason for this discrepancy lies in the 

treatment of the combinations of Ekavian and Ijekavian forms in srLex, 

where both spelling variants are included as part of the same lexeme (e.g. 

the lexeme cenovnik 'price list' contains like cenovnik and cjenovnik), 
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which results in a great number (up to 60 %) of single-occurrence patterns 

(for instance, the immutable part in the lexeme containing both cenovnik 

and cjenovnik is c-, while the mutable parts are -enovnik/-jenovnik, which 

do not fit any other morphological pattern). This raises the question of the 

manner of including Ekavian and Ijekavian forms in the lexicons. They 

should arguably be treated as separate lexemes since Ekavian and Ijekavian 

phenomena are not part of inflectional morphology, but rather variants of 

lexemes with the same morphological patterns. 

Table 4: Extracted morphological patterns from hrLex and srLex. 

Lexeme type 
Patterns in hrLex 

1.3 

Patterns in srLex 

1.3 

Noun, common, masculine (Ncm) 284 552 

Noun, common, feminine (Ncf) 81 406 

Noun, common, neuter (Ncn) 44 272 

Noun, proper, masculine (Npm) 178 178 

Noun, proper, feminine (Npf) 47 48 

Noun, proper, neuter (Npn) 11 11 

Verb, main (Vm) 254 466 

Adjective, general (Ag) 173 656 

Adjective, possessive (As) 3 361 

Adjective, participial (Ap) 24 140 

Adverb, general (Rg) 136 616 

Adverb, participial (Rr) 44 239 

Total 1,279 3,945 

4. Prediction Features Based on Typical Ending Word Parts 

To construct the set of features for predicting morphological 

patterns, we first export frequency lists of ending word parts (1-5-grams) 

from both lexicons for each lexeme type (common masculine nouns, 

general adverbs, etc.). We compare the frequency (fA) of each ending word 

part (a) within each morphological pattern (P) to its frequency outside the 

morphological pattern (fB) to obtain the pattern typicality score (S), which 

indicates how typical the ending word part is for pattern P: 

Ὓὥȟὖ  
Ὢ πȢπρ

Ὢ πȢπρ
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We then calculate the global typicality score (G) of each ending 

word part by comparing the maximum and average pattern typicalities 

across morphological patterns: 

Ὃὥ
Ὓ πȢπρ

Ὓ πȢπρ
 

For each lexeme type, we thus obtain a list of ending word parts along 

with their absolute frequencies and global typicality scores. The higher the 

ratio between the maximum and average is, the more typical the ending word 

part is for a specific morphological pattern, which indicates that the ending 

word part can contribute toward discriminating between different patterns. 

Table 5 shows the top 10 ending word parts for common feminine 

nouns in hrLex 1.3 sorted by frequency. Ending word parts such as -a, -ca, 

and -ica are less useful for discriminating between patterns, whereas -ja, -

ija, -cija on the one hand and -t, -st, -ost, and -nost on the other feature 

higher typicality scores. 

Table 5: Top 10 ending word parts for common  

feminine nouns in hrLex 1.3. 

Ending word 

part 

Absolute 

frequency 

Global Pattern 

Typicality 

a 10,203 43.78 

t 2,952 79.88 

st 2,924 80.51 

ost 2,872  80.57 

ja 2,805  76.81 

ca 2,483 46.83 

ica 2,364 50.03 

ija 2,323 79.50 

nost 2,104 80.53 

cija 1,182 80.83 

 

We made a selection of ending word parts for each of the 12 lexeme 

categories. We removed ending word parts that occur in less than 10 

lemmas and kept the first 500 word parts sorted by typicality (or all of the 

relevant ending word parts if the list contained less than 500 word parts). 

We compiled two separate vectorizers (one for each language) that use the 

lists of ending word parts from the relevant lexicon (hrLex or srLex) to 

construct a numeric vector from the input lemma. The vector of each 
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relevant lexeme is then paired with the morphological pattern code to 

compile the training data for machine learning models, which we present 

in more detail in the following section. 

5. Model Training and Quantitative Evaluation 

We trained separate models for each lexeme type to avoid any 

unnecessary misclassification errors on the level of parts-of-speech ï a 

single model trained on all morphological patterns regardless of their 

lexeme-level features could potentially assign e.g. an adverbial pattern to a 

verb or vice-versa. 

Four model architectures9 were considered, as shown in Table 6. 

For each model type and each language, 12 models were trained for each 

lexeme type, and evaluation scores were aggregated across different 

patterns. which lists F1-micro scores over all morphological patterns. We 

list F1-micro scores here to present the overall model performance on the 

lexicon, not an average across different morphological patterns as some 

classes are very infrequent and are likely the results of errors in the lexicon 

rather than linguistic idiosyncrasies that need to be accurately predicted. 

Table 6: F1-micro scores for morphological pattern  

classification in hrLex 1.3 and srLex 1.3. 

Model F1-micro (hrLex 1.3) F1-micro (srLex 1.3) 

k Neighbors Classifier (k=5) 0.8366 0.8317 

Linear Support Vector Classifier 0.8534 0.8553 

Logistic Regression 0.8607 0.8507 

Multinomial Naµve Bayes Classifier  0.8467 0.8352 

The scores were obtained through a 10-fold cross-validation using 

80% of the data for training and 20% for testing. Both the training and 

testing datasets were stratified by morphological patterns. Not all 

morphological patterns were included as classification classes, however ï 

as previously mentioned (see Table 4 in Section 3), the extraction from the 

lexicons (particularly srLex) resulted in many patterns that only occur once 

(approx. 62% of patterns in srLex and 49% of patterns in hrLex). These 

could not be part of a stratified sample, so they were excluded from the 

classification process. 

It should also be noted that we evaluated the performance of the 

models based on their ability to correctly predict morphological pattern codes, 

not individual inflected forms. The scores could potentially be higher if taking 
_____________________ 
9 The models were trained using the scikit-learn library in Python (Pedregosa et al., 2011). 
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into account individual inflected forms ï two morphological patterns with 

completely different pattern codes might in fact share a large number of 

inflected forms (e.g. patterns for animate or inanimate masculine common 

nouns, which only differ in the accusative singular form). It can also be 

difficult to predict the form of vocative singular of masculine nouns from the 

-a- declension (with the -a ending in the genitive singular form. For instance, 

unlike the hrLex example abakuse (see Table 2), similar nouns also exhibit 

vocative forms ending with -u: dinosaurusu, glasu, fizikusu, etc. (see Nikoliĺ 

2017). Another caveat is that hrLex and srLex are not gold-standard lexicons 

and were automatically generated, so the evaluations are not to be interpreted 

as comparisons to a manually annotated dataset, but rather how well the 

models represent the current state of the lexicons (described in more detail by 

Ljubeġiĺ et al., 2016). 

Although the evaluation showed that the Linear Support Vector 

Classifier performed slightly better on srLex, we opted for Logistic 

Regression models in the end as that is also the same architecture used by 

the Slovene form generation models in Pregibalnik. In total, 24 final 

Logistic Regression models were trained in total (on the entire dataset). 

Their evaluations are shown in Table 7. It should also be noted that models 

were not developed for certain lexeme types that are not inflected and can 

be assigned a morphological pattern using a simple rule-based approach 

(e.g. interjections, conjunctions, abbreviations). The same rationale is 

applied to the Slovene form generator in Pregibalnik. 

Table 7: Evaluation scores for Logistic Regression models for different 

lexeme types. 

Lexeme 

type 

hrLex 1.3 srLex 1.3 

Accuracy Baseline F1-micro Accuracy Baseline F1-micro 

Ncm 0.65 0.28 0.85 0.64 0.27 0.85 

Ncf 0.85 0.45 0.94 0.83 0.45 0.93 

Ncn 0.97 0.81 0.99 0.93 0.77 0.95 

Npm 0.86 0.43 0.99 0.86 0.43 0.99 

Npf 0.93 0.88 0.93 0.92 0.88 0.93 

Npn 0.57 0.33 0.85 0.56 0.33 0.85 

Ag 0.58 0.33 0.85 0.57 0.33 0.84 

Ap 0.99 0.99 0.99 0.93 0.92 0.93 

As 0.99 0.99 0.99 0.99 0.99 0.99 

Vm 0.70 0.21 0.96 0.64 0.19 0.97 

Rg 0.72 0.73 0.72 0.71 0.73 0.72 

Rr 0.95 0.86 0.96 0.87 0.81 0.96 
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All models achieve an above-baseline (majority classifier) accuracy 

with the exception of participial adjectives and general adverbs. A more 

detailed qualitative analysis is required to identify the exact root of this 

issue. However, it appears that in the current versions of both lexicons, 

many adverbs and adjectives seem to be lemmatized as infinitives of verbs 

(e.g. the participal adverb abdicirajuĺi is tagged as an adverb, but 

lemmatized as the infinitive abdicirati 'to abdicate'; the same with 

detonirajuĺi ï detonirati 'to detonate' and fermentirajuĺi ï fermentirati 'to 

ferment'). This poses a problem because the lemma form is not present 

among the actual inflected forms, so the models probably do not learn much 

from lemma ending word parts. This lemmatization principle is also 

arguably counter-intuitive for users and introduces unnecessary 

ambiguities in the lexicon, which might cause more tagging errors if the 

tagger needs to decide between e.g. abdicirati as an adverb, adjective, or 

verb. This is something that can be addressed in future versions of the 

lexicons. 

6. Preliminary Qualitative Evaluation 

Due to space limitations, we only provide a brief preliminary 

manual evaluation of the performance of the models in this paper and leave 

a more detailed pattern-by-pattern analysis for future work. 

Some classification errors can be attributed to inconsistencies in the 

lexicons. For instance, the proper masculine noun Tomislavko in hrLex 

features a morphological pattern with only singular forms, whereas the 

proper masculine noun Ģeġko features both singular and plural forms. The 

model correctly predicts the full morphological pattern in both cases. In 

some cases, the morphological pattern extraction revealed that several 

adjectives and adverbs in both lexicons feature incomplete patterns with 

only superlative forms, as is the case of prevaran 'deceitful'. The model 

correctly predicts the full pattern, so the classification can be partially used 

to identify inconsistencies and help with manual corrections. 

On the other hand, there are several errors that can be expected due 

to inherent linguistic ambiguities. As in Slovene, Serbian and Croatian also 

have the distinction between animate and inanimate masculine nouns. 

Animacy is hard to predict for a simple model based simply on lemma-

based features, so animate nouns are frequently misclassified as inanimate 

and vice versa. A similar issue occurs with adjectives and adverbs, for 

which the model has difficulties determining whether the pattern should 

feature gradation (with comparative and superlative forms) or not. These 

problems have also been encountered in Slovene models. In the future, 
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these issues will be addressed using post-processing methods that confirm 

morphological patterns with data in corpora, or large language models that 

can potentially fill the gaps of simple machine-learning models. 

7. Conclusion and Future Work 

In the paper, we presented the extraction of morphological patterns 

from the srLex and hrLex inflectional lexicons of Serbian and Croatian, 

and the development of open-access models for the automatic generation 

of inflected forms for Serbian and Croatian lexemes based on the 

MULTEXT-East morphosyntactic specifications. Both the extracted 

morphological patterns and the models are available on Github10 under the 

Creative Commons BY-SA 4.0 license. 

The models can be used to expand the lexicon with additional 

lexemes from corpora. In our future work, we will implement the models 

into Pregibalnik to make them available as an API service. The extracted 

morphological patterns provide a good basis for a more thorough linguistic 

analysis, and the patterns can be further hierarchized (similar to Arhar 

Holdt & Ļibej, 2018) and finally included as additional metadata into srLex 

and hrLex. Before manual validation, the patterns can be compared to the 

Apertium format patterns provided by Ljubeġiĺ et al. (2016) to identify 

similarities and discrepancies. Overall, the methodology to extract patterns 

and develop models is relatively language-independent and can also be 

applied to other languages (South Slavic or otherwise). 

As a side-product, the analysis has also provided a list of potential 

inconsistencies in the existing version of the lexicons (e.g. the list of 

patterns occurring only once), which can be used in future manual 

validation campaigns to prioritize the most problematic lexemes. 

ĦťŰŸƽũĲĬŊůĲŰƣ 
The work presented in the paper was supported by the COST Action 

CA21167 ï Universality, Diversity, and Idiosyncrasy in Language 

Technology (UniDive). The author also acknowledges the financial support 

from the Slovenian Research and Innovation Agency (research core 

funding No. P6-0411 ï Language Resources and Technologies for 

Slovene). A sincere word of gratitude also goes to the anonymous reviewers 

for their constructive comments. 

 

_____________________ 
10 Github repository: 

https://github.com/jakacibej/judig2024_morphological_inflection_srlex_hrlex 
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Jaka Ļibej 

ÉċǏĲƣċť 

Maġinski ļitljivi morfoloġki leksikoni otvorenog koda korisni su za 

morfosintaksiļko oznaļavanje korpusa i predstavljaju kljuļni korak ka 

sastavljanju savremenih baza podataka digitalnih reļnika. U radu 

predstavljamo prvi korak ka proġirenju funkcionalnosti Pregibalnika, 

prilagoĽenog alata otvorenog koda za proġirenje slovenaļkog leksikona, 

tako da pokrije srpski i hrvatski jezik i pomoĺi ĺe automatskom proġirenju 

leksikona novim unosima. Opisujemo proces izdvajanja morfoloġkih 

obrazaca iz hrLex i srLex morfoloġkih leksikona hrvatskog i srpskog 

jezika, kao i robustan proces selekcije atributa na osnovu zavrġnih delova 

reļi. Atributi se koriste za razvoj serije modela maġinskog uļenja za 

predviĽanje morfoloġkih obrazaca za hrvatske i srpske lekseme, postiģuĺi 

proseļan F1-mikro rezultat od 0,85 (u zavisnosti od tipa lekseme). Ovo 

takoĽe pomaģe da se identifikuju potencijalne nedoslednosti unutar 

trenutnih verzija leksikona. Izvuļeni obrasci i modeli dostupni su pod 

licencom Creative Commons CC-BY 4.0. 

uũŢƨĨŰĲНƖĲĨŔа leksikon, morfologija, fleksija, proġirenje leksikona, hrvatski, 

srpski 
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Abstract 

The open-source ELEXIS-WSD Parallel Sense-Annotated Corpus 

was developed within the ELEXIS project and in version 1.1 contains 2,024 

sentences for each of 10 languages: Bulgarian, Danish, English, Spanish, 

Estonian, Hungarian, Italian, Dutch, Portuguese, and Slovene. Within the 

sentences, each content word (noun, adjective, verb, and adverb) has been 

assigned a corresponding sense from one of the 10 open-access sense 

inventories containing definitions. Within the context of the UniDive 

COST Action (CA21167), the corpus is being extended with several new 

languages, including South Slavic languages. In the paper, we focus on 

three subcorpora: Croatian, Serbian, and Slovene. We briefly describe the 

structure and purpose of the ELEXIS-WSD, then continue by describing 
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the process of extending the corpus, which involves several different stages 

from translation to tokenization, lemmatization, and POS-tagging, to 

named entity and multiword expression/named entity annotation, and 

finally, word-sense disambiguation. We discuss some of the challenges 

encountered so far in these different phases with the corpus itself on the 

one hand, and the sense inventories on the other. We also describe the plans 

for future work on additional annotation layers within UniDive in order to 

further improve the ELEXIS-WSD corpus as a high-quality richly 

annotated manually curated dataset that is useful for NLP tasks such as 

word-sense disambiguation. 

uĲǃƽŸƖĬƚаНsemantic annotation, parallel corpus, senses, South Slavic languages, 

Slovene, Croatian, Serbian 

1. Introduction 

The ELEXIS-WSD Parallel Sense-Annotated Corpus is a 

multilingual parallel corpus compiled within the ELEXIS project 

(European Lexicographic Infrastructure; 2017ï2020)6 as part of a 

concerted effort to provide an open-source high-quality sense-annotated 

and linguistically informed dataset that can ï among other things ï be used 

for word-sense disambiguation tasks (hence the name ELEXIS-WSD). It is 

openly accessible as a dataset at the CLARIN.SI language repository 

(Martelli et al., 2023) ï version 1.1 (the latest version at the time of writing 

this paper) is available under the Creative Commons BY-SA 4.0 license and 

covers 10 European languages: Bulgarian, Danish, Dutch, English, 

Estonian, Hungarian, Italian, Portuguese, Slovene, and Spanish. 

The main incentive for the compilation of the ELEXIS-WSD 

corpus was the lack of high-quality manually curated sense-annotated 

datasets. During the ELEXIS project, existing datasets compiled for similar 

purposes were characterized by a number of drawbacks. First, the majority 

of them focused primarily on English (e.g., SemCor by Miller et al., 1993; 

datasets compiled within Senseval and SemEval shared tasks by Edmonds 

& Cotton, 2001; Snyder & Palmer, 2004; Navigli et al., 2007; Pradhan et 

al., 2007) or included only a limited number of instances in other languages 

(e.g., Agirre et al., 2010; Navigli et al., 2013; Moro & Navigli, 2015). 

Second, they relied on outdated or limited sense inventories or did not 

cover all part-of-speech categories. The endeavor within the ELEXIS 

project aimed to compile a resource that would link an annotated corpus 

with a high-quality sense inventory compiled through a lexicographic 

process (e.g. monolingual dictionaries). 
_____________________ 
6 The ELEXIS Project Website: https://project.elex.is/ 
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The compilation process and structure of the corpus are described 

in more detail by Martelli et al. (2021). Each language subcorpus of 

ELEXIS-WSD contains the same 2,024 sentences with a total of 

approximately 35,000 tokens per language (a total of approximately 

345,000 tokens). For each language, there is a separate sense inventory file 

containing senses, their IDs and definitions. Each content word in the 

corpus (adjectives, adverbs, verbs, and nouns according to the Universal 

Dependencies annotation scheme) is annotated with its corresponding 

sense from the sense inventory. 

The purpose of the paper is to present the on-going work on 

extending the ELEXIS-WSD corpus with new languages and/or additional 

annotation layers, an effort that is being carried out within the CA21167 

COST Action (UniDive). In this paper, we focus on the progress and 

challenges presented by the subcorpora of three South Slavic languages: 

Croatian, Serbian, and Slovene. We first describe the general goals and 

plans of the ELEXIS-WSD extension task within UniDive (Section 2), then 

proceed with describing the current state of the three subcorpora and the 

tasks that have been carried out so far (Section 3). We describe the plans 

for future developments within UniDive and conclude the paper with 

lessons learned and open questions for future work (Section 4). 

2. Extension of ELEXIS-WSD within UniDive 

The extension of ELEXIS-WSD is one of the tasks within the 

CA21167 COST Action titled Universality, Diversity and Idiosyncrasy in 

Language Technology7 (UniDive; 2022ï2026), an international scientific 

network with the goal of reconciling language diversity with rapid progress 

in language technology. This provides the opportunity to extend the 

ELEXIS-WSD corpus in two ways: by adding other parallel subcorpora 

and thereby improving the corpus's coverage in terms of language diversity, 

and by adding additional annotation layers not present in the existing 

version, which will increase the usefulness of the corpus for a wide range 

of natural language processing tasks, as well as help develop and test out 

universal annotation guidelines and schemes across languages. The 

compilation process will be useful as a blueprint for potential similar 

datasets in the future, which will be crucial as evaluation benchmarks in 

the age of large language models. 

Two elements need to be taken into account when adding a language 

to the ELEXIS-WSD corpus: the subcorpus (i.e. the set of 2,024 sentences) 

_____________________ 
7 UniDive Website: https://unidive.lisn.upsaclay.fr/ 
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and the sense inventory (i.e. the set of senses and definitions with which 

the content words in the subcorpus are annotated). 

At the time of writing this paper, a total of 8 new languages are 

included in the extension process: Greek, Romanian, Georgian, 

Macedonian, Polish, Ukrainian, Croatian, and Serbian. The ELEXIS-WSD 

corpus was initially compiled by extracting English sentences and their 

translation equivalents in other languages from the WikiMatrix dataset of 

parallel sentences (Schwenk et al., 2021) according to several criteria such 

as sentence length and number of polysemous words in the English 

sentence (see Martelli et al., 2021). Any missing translations were then 

translated manually. Within UniDive, we use English as a pivot language 

and start by first translating the sentences using a machine translation 

system (depending on the language), then manually correcting the result. 

The reason for skipping the sentence extraction from WikiMatrix  for new 

languages within UniDive is that in the first version of the corpus, even 

with high-resource languages (such as Spanish), a significant amount of 

parallel sentences were missing, while some of those extracted were 

erroneous, poorly translated or machine-translated. Since we deal mostly 

with less-resourced languages in UniDive, we decided to use machine 

translations as a starting point. 

The sense inventory which will be used to annotate tokens in the 

subcorpus should be in a machine-readable format (e.g. XML, TSV) and 

should ideally cover the majority of the approximately 5,000  ADV 

(adverb), ADJ (adjective), NOUN (common noun) and VERB (verb) 

lemmas from the ELEXIS-WSD corpus, along with their Universal Part-

of-speech (UPOS) tags, the division of each lexeme into senses, and sense 

definitions. For instance, if the English lemma premiere appears as a verb 

in the subcorpus, the sense inventory should include all the available senses 

for premiere ~ VERB even if only one of the senses appears in the corpus. 

An example is shown in Table 1 to demonstrate the structure of the sense 

inventory of the English subcorpus, which is derived from the Open 

English WordNet (McCrae et al., 2019). 

Table 1: Structure of the English sense inventory in ELEXIS-WSD 1.1. 

Lemma UPOS ID8 Definition 

premiere NOUN ...e1c-0 the first public performance of a play or movie 

premiere VERB ...e1d-0 be performed for the first time 

premiere VERB ...e1d-1 perform a work for the first time 

 
_____________________ 
8 The IDs in Table 1 were shortened for demonstration purposes. 
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The sense inventory should be available under the Creative 

Commons BY-SA 4.0 license and should preferably be based on 

lexicographic data (monolingual dictionaries or other lexicographic 

databases); because dictionaries are frequently not open-source and 

difficult to obtain, other semantic resources such as WordNets and 

Wiktionaries are acceptable as a fall-back. 

After the machine translation phase, the process of extending the 

corpus involves several different annotation stages (such as tokenization, 

lemmatization, and POS-tagging). We describe these in more detail in the 

following sections using the examples of the subcorpora of South Slavic 

languages. 

3. South Slavic Languages in ELEXIS-WSD 

Currently, ELEXIS-WSD contains subcorpora for 5 South Slavic 

languages at various stages of development. Bulgarian and Slovene were 

included in the first phase of the compilation, so the initial annotation layers 

are complete. Bulgarian is currently not being developed further within 

UniDive, while Slovene continues with additional annotation layers (see 

Section 3.3). Macedonian, Croatian, and Serbian are new languages and 

started from the beginning within UniDive. Macedonian is in its early 

stages of editing machine translations, while Croatian (Section 3.1) and 

particularly Serbian (Section 3.2) have already advanced into subsequent 

stages. 

3.1. Croatian Subcorpus т ELEXIS-WSD-hr 

The Croatian subcorpus of ELEXIS-WSD started with the 

automatic translation and manual validation of English sentences. The 

sentences were translated into Croatian twice by two different systems: 

Google Translate and Hrvojka,9 a custom-made Croatian national machine-

translation platform developed within the NLPT project for the benefits of 

public administration, the economic and academic communities. The 

Croatian UniDive team took parallel machine-translations and compared 

them to the English original to provide the final manually-curated Croatian 

version of each sentence. 

The challenges with translation stemmed mostly from the nature of 

the sentences included in the corpus. The sentences are unrelated and 

disjointed as they are extracted from different Wikipedia texts. Their 

content is frequently very encyclopaedic and includes specific terms from 
_____________________ 
9 Hrvojka is available as part of the Croatian National Language Technology Platform: 

https://hrvojka.gov.hr/ 
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different scientific areas. In some cases, the sentences are very short and 

contain some unclear references (such as pronouns), for which gender and 

number sometimes had to be disambiguated. This was done by either 

consulting other subcorpora within ELEXIS-WSD or searching for the 

context of the original sentences on Wikipedia. 

The translations have recently been finished and the subcorpus will 

proceed with the next annotation phases, which include tokenization, 

lemmatization, and part-of-speech tagging. This will be done using 

Universal Dependencies 2.15 tagging models available in UDPipe 2,10 

specifically the croatian-set-ud-2.15-241121 model. The layers will then be 

manually corrected in the open-source INCEpTION annotation platform 

(Klie et al., 2018) before proceeding to more advanced annotations such as 

word-sense disambiguation (see Section 4). 

As for the sense inventory that will be used to annotate senses in 

the subcorpus, ELEXIS-WSD-hr will use the School Dictionary of 

Croatian (Ġkolski rjeļnik hrvatskoga jezika; Birtiĺ et al., 2012),11 a 

normative dictionary that contains approximately 31,000 entries and is 

intended for Croatian students in the final years of primary and secondary 

schools. Beside grammatical and morphological information on entries 

(part-of-speech, aspect, gender, etc.) and their sense definitions, the 

dictionary also includes multi-word expressions, synonyms, antonyms, and 

normative labels. However, additional work is required to prepare the sense 

inventory. While the dictionary is available in an XML format, the data is 

unstructured, with different types of data (from morphological information 

to definitions and multiword expressions) contained in a single string that 

is formatted according to lexicographic guidelines. Using rule-based 

approaches and regular expressions, the dictionary is currently being 

converted into the appropriate format (see Table 1). This is a work-in-

progress that will require some additional manual verification. The initial 

phases of the process have been described by Runjaiĺ & Ļibej (2025). Any 

lemmas from ELEXIS-WSD-hr that are absent in the dictionary will be 

manually added to the sense inventory along with their sense divisions and 

definitions. 

3.2. Serbian Subcorpus т ELEXIS-WSD-sr 

Unlike Croatian, the sentences for the Serbian subcorpus (in Latin 

script) were translated only with Google Translate, then manually validated 

by 8 Serbian native speakers (Krstev et al., 2024a) in order to avoid literal 

_____________________ 
10 UDPipe 2: https://lindat.mff.cuni.cz/services/udpipe/ 
11 The School Dictionary of Croatian is also available in an online interface: https://rjecnik.hr/ 
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or incorrect translations (particularly in the case of multi-word expressions) 

and to resolve issues already mentioned in Section 3.1 (resolution of 

ambiguous gender features in pronouns, specific terminology, etc.), a 

particular challenge for Serbian in this phase was the presence of a large 

number of foreign proper nouns and named entities, which according to 

Serbian orthographic rules should not be written in their original form, but 

transliterated phonetically. This was again validated by two people. 

At the time of writing this paper, several annotation layers 

(tokenization, lemmatization, POS-tagging, as well as named entity 

recognition) have already been completed, while others are still in progress. 

Tokenization, lemmatization, and POS-tagging were first annotated 

automatically (Stankoviĺ et al., 2022) then checked by at least three 

evaluators. Named entities (NEs) were automatically annotated with the 

sr_ner_tesla_j355 model (Ikoniĺ Neġiĺ et al., 2024) using a schema of 7 

categories; an eighth category ï PRODUCT ï was introduced manually. In 

total, 2,294 NEs were manually verified: PERS (439), LOC (710), ORG 

(330), DEMO (301), ROLE (309), EVENT (60), WORK (75), PRODUCT 

(80). Named entities were manually linked with Wikidata using the 

INCEpTION platform (Klie et al., 2018). As a result, 1,949 NEs were 

linked with the existing Wikidata items, which leaves 345 unlinked NEs. 

The corpus was also automatically annotated with verbal and nominal 

MWEs (as elaborated in Krstev et al., 2024b), which was followed by 

manual validation. The classification of verbal MWEs followed the 

PARSEME guidelines,12 while non-verbal MWEs will be categorized 

according to the extended PARSEME guidelines that are being developed 

within UniDive (more on this in Section 4). 

Because there is no open-access digital descriptive dictionary of 

Serbian, the Serbian sense inventory for ELEXIS-WSD-sr is based on the 

Serbian WordNet (SrpWN; Stankoviĺ et al., 2018). However, SrpWN does 

not cover all the lemmas from the corpus and their senses, and needed to 

be expanded with the missing synsets. The inventory for the English 

subcorpus is derived from Open English WordNet, so its 13,703 synsets 

were aligned with SrpWN, resulting in 5,997 matches. A comparison with 

ELEXIS-WSD-en sense annotations highlighted 2,130 missing synsets that 

required urgent addition. The synonyms and definitions from Open English 

Wordnet were automatically translated using Google API and OpenAI and 

were later post-edited. For the rest of content words without definitions in 

the Serbian sense inventory, the entries were added by prompt engineering 

_____________________ 
12 PARSEME Guidelines for MWE Annotation: https://parsemefr.lis-lab.fr/parseme-st-

guidelines/1.3/ 
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using Gemini (gemini-2.0-flash-exp) and ChatGPT (gpt-4), followed by 

post-editing. The Serbian inventory is currently being expanded with 

definitions of identified MWEs, mostly manually by consulting various 

resources. 

The demo version of the current state of the annotated corpus is 

available as NIF (NLP Interchange Format) corpus.13 Once completed, the 

ELEXIS-WSD-sr corpus will be the first sense-annotated corpus using the 

Serbian WordNet. 

3.3. Slovene Subcorpus т ELEXIS-WSD-sl 

As one of subcorpora from the original version of ELEXIS-WSD, 

ELEXIS-WSD-sl already has manually checked tokenization, 

lemmatization, part-of-speech tags, and sense annotations. Because no 

open-source Slovene dictionary was available at the time and the existing 

version of the Slovene WordNet ï sloWNet 3.1 (Fiġer, 2015) ï lacked a 

significant number of Slovene definitions and thus provided poor coverage 

for sense annotation, the sense inventory was compiled from scratch by co-

locating the activity with ongoing efforts to develop the Digital Dictionary 

Database of Slovene (DDDS; Kosem et al., 2021). First, a frequency list of 

lemmas and their part-of-speech tags was extracted from ELEXIS-WSD-

sl. For each lemma, a sense division was determined by lexicographers 

using both ELEXIS-WSD-sl and other Slovene corpora (such as the 

Gigafida Corpus of Written Standard Slovene; Krek et al., 2019). Individual 

occurrences of lemmas were then assigned appropriate senses from the 

DDDS, taking into account multi-word expressions (MWEs) as well  ï each 

individual token pertaining to a MWE was annotated with the sense of the 

entire expression. 

While some information on MWEs can be extrapolated from sense 

annotations, the subcorpus does not yet explicitly contain multiword 

expression annotations. Within UniDive, however, all MWEs in ELEXIS-

WSD-sl will be annotated with categories proposed first in the PARSEME 

COST Action for verbal MWEs (such as light-verb constructions and 

verbal idioms; see e.g. Savary et al., 2023) and further developed within 

UniDive for non-verbal MWEs (nominal, adjectival, adverbial, and 

functional MWEs; an initial taxonomy was proposed by Ramisch (2023)). 

Another annotation layer concerns dependency relations according 

to the Universal Dependencies annotation scheme (for a description of the 

plans to add UD syntax annotations to ELEXIS-WSD, see Tiberius et al. 

_____________________ 
13 The ELEXIS-WSD-sr corpus as NIF is available at endpoint: http://fuseki.jerteh.rs/#/dataset/sr-

ELEXIS-UNIDIVE-demo/query 
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(2024); the plan is to have every language annotated with at least 

automatically assigned (or, ideally, manually validated) dependency 

relations). The sentences from ELEXIS-WSD-sl were also included in the 

SUK Training Corpus of Written Slovene (Arhar Holdt et al., 2024), where 

they were manually annotated with dependency relations. However, in the 

process, some changes occurred in morphosyntactic tagging as well, so the 

mapping process between the SUK and ELEXIS-WSD-sl versions is not 

entirely straightforward. The discrepancies are currently being resolved. 

4. Future Plans 

In addition to the annotation layers already mentioned 

(lemmatization, morphosyntactic tags, sense annotations, UD dependency 

relations, and MWE annotations according to the PARSEME/UniDive 

categorization), the finalized versions of the subcorpora in ELEXIS-WSD 

will also contain (at least) two additional annotation layers. 

The first layer concerns named entities (NEs). For the English 

subcorpus, NEs have already been annotated, but the annotations have not 

yet been implemented in version 1.1 as they were only meant as a reference 

for sense annotation. In addition, only spans were annotated. In the Serbian 

subcorpus, however, NEs have been annotated much more systematically 

(Krstev et al., 2024a) using a set of 8 classes. There is still the open question 

of the set of categories used for annotation and whether the set is universal 

enough to be applied to each language within ELEXIS-WSD (see Krstev 

et al., 2024b). Unlike the PARSEME guidelines for categorizing MWEs, 

NEs currently have no universal guidelines within UniDive yet (an example 

of annotating a corpus with both MWEs and NEs is provided by e.g. 

Candito et al. 2020). Once the annotation scheme is complete, the NE 

annotations will be propagated across all subcorpora. In addition, the 

annotated NEs will be further enriched by links to their corresponding 

WikiData instances. 

The second layer is an additional semantic layer alongside the 

existing sense annotations that link individual tokens to senses in the sense 

inventory. Each sense annotation will also be annotated with a supersense, 

a more coarse-grained semantic category denoting broad concepts such as 

ANIMAL, ARTIFACT, FEELING, GROUP, and PLANT. The set of 

supersenses are used to more broadly categorize groups of semantically 

similar synsets in WordNets (Jurafsky & Martin, 2025). There are a total of 

44 supersense categories (26 for nouns, 15 for verbs, 2 for adjectives, and 

1 for adverbs). Because a number of subcorpora in ELEXIS-WSD already 

use different WordNets as sense inventories, the propagation of supersense 
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annotations from synsets onto individual sense-annotated tokens is a trivial 

task. Propagation to other subcorpora which use non-WordNet sense 

inventories will require some more work, but to an extent, the process can 

be automated with large language models to reduce the amount of manual 

validation required. 

5. Conclusion 

We have briefly presented the on-going effort of extending the 

ELEXIS-WSD Parallel Sense-Annotated Corpus with two new South 

Slavic languages (Croatian and Serbian), as well as additional work on the 

existing Slovene subcorpus. We described some of the challenges 

encountered in different annotation phases of the corpus, as well as 

different solutions to providing an open-access sense inventory for corpus 

annotation. 

Just like version 1.1, all the data produced will be openly accessible 

at the CLARIN.SI language repository under the Creative Commons BY-

SA 4.0 licence. The sense inventories will also be uploaded to WikiBase14 

and will be available for querying at a SPARQL endpoint. 

The work within UniDive will result in a richly annotated multi-

layered corpus that can be useful for NLP tasks or contrastive linguistic 

analyses. The experience of compiling the dataset will be invaluable in the 

future as similar resources are developed as benchmark datasets to evaluate 

the performance of large language models for complex semantic tasks. 
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Jaka Ļibej, Ranka Stankoviĺ, Ana Ostroġki Aniĺ, Simon Krek,  Carole 

Tiberius 

ÉċǏĲƣċť 

Otvoreni paralelni semantiļki anotiran korpus ELEXIS-WSD razvijen 

je u okviru projekta ELEXIS i u verziji 1.1 sadrģi 2.024 reļenice za svaki od 

10 jezika: bugarski, danski, engleski, ġpanski, estonski, maĽarski, italijanski, 

holandski, portugalski i slovenaļki. U reļenicama, svakoj reļi koja nose 

znaļenje (imenice, pridevi, glagoli i prilozi) dodeljeno je odgovarajuĺe 

znaļenje iz jednog od 10 otvorenih repozitorijuma znaļenja koji sadrģe 

definicije. U kontekstu UniDive COST akcije (CA21167), korpus se proġiruje 

sa nekoliko novih jezika, ukljuļujuĺi juģnoslovenske jezike. U ovom radu 

fokusiramo se na tri potkorpusa: hrvatski, srpski i slovenaļki. Ukratko 

opisujemo strukturu i namenu ELEXIS-WSD korpusa, a zatim nastavljamo sa 

opisom procesa proġirenja korpusa, koji ukljuļuje nekoliko razliļitih faza ï od 

prevoĽenja do tokenizacije, lematizacije i obeleģavanja vrsta reļi (POS-

tagging), zatim anotacije imenovanih entiteta i polileksemskih izraza/imeno-

vanih entiteta, i konaļno, razreġavanja viġeznaļnosti reļi. U radu razmatramo 

neke od izazova sa kojima smo se do sada susreli u razliļitim fazama, kako u 

pripremi korpusa, tako i u pripremi repozitorijuma znaļenja. TakoĽe 

opisujemo planove za buduĺi rad na dodatnim slojevima anotacije u okviru 

UniDive projekta, sa ciljem daljeg poboljġanja ELEXIS-WSD korpusa kao 

visokokvalitetnog, bogato anotiranog i ruļno verifikovanog skupa podataka 

koji je koristan za NLP zadatke kao ġto je razreġavanje viġeznaļnosti reļi. 

uũŢƨĨŰĲНƖĲĨŔа semantiļka anotacija, paralelni korpus, znaļenja, juģnoslovenski 

jezici, slovenaļki, hrvatski, srpski 
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üŰċĨċŢНĬŔŊŔƣċũŰŸŊНťŸƖƓƨƚċНŔНŢĲǍŔĨťŔőНċũċƣċНƨН
ŢĲǍŔĨťŸŢНċŰċũŔǍŔНŉŸƖĲŰǍŔĨťŔőНƣĲťƚƣŸƻċНŰċН
srpskom jeziku 
Nauļni rad DOI: 10.18485/judig.2025.1.ch4 

Jelena Redli1 0000-0003-2518-5286 

Apstrakt 

Forenziļka lingvistika (FL) je interdisciplinarna oblast koja 

kombinuje jeziļke, pravne i digitalne tehnologije radi boljeg razumevanja 

jeziļkih fenomena u pravnom i kriminalistiļkom kontekstu. U vidu 

pokuġaja utvrĽivanja autorstva FL se primenjuje od 18. veka  joġ od prvih 

rasprava o autorstvu Biblije da bi se kasnije proġirila na otkrivanje 

potencijalnih kriminalnih aktivnosti i sl. Za sve FL aktivnosti kljuļni su 

specijalizovani korpusi koji sluģe za obuku sistema tokom razvoja. Iako je 

upotreba ovih korpusa nezaobilazna u globalnom kontekstu, srpski jezik 

ostaje nedovoljno istraģen zbog nedostatka specijalizovanih korpusa 

forenziļkih tekstova. 

Ovaj rad istraģuje potencijal kreiranja i primene korpusa 

forenziļkih tekstova na srpskom jeziku, fokusirajuĺi se na njihovu ulogu u 

analizi autentiļnosti teksta, identifikaciji autora i reġavanju pravnih 

sporova putem jeziļkih dokaza. Metodologija koju rad predlaģe obuhvata 

razliļite vrste forenziļkih tekstova kao ġto su policijski izveġtaji, pravni 

dokumenti, preteĺe poruke i oproġtajna pisma. TakoĽe se razmatraju 

napredni jeziļki alati za automatsku analizu teksta, kao i dubinsku analizu 

leksiļke frekvencije, sintakse, stilskih markera i jeziļkih obrazaca. 

Pored teorijskog doprinosa, rad demonstrira praktiļnu primenu 

korpusa u srpskom kriminalistiļko-pravnom kontekstu, istiļuĺi 

potencijalne izazove u razvoju kao ġto su tehniļki, pravni i etiļki aspekti. 

_____________________ 
1 Filozofski fakultet, Univerzitet u Novom Sadu, redli@ff.uns.ac.rs 
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Poseban naglasak stavlja se na poġtovanje etiļkih i pravnih smernica tokom 

prikupljanja i obrade osetljivih podataka. 

Na kraju, rad pruģa preporuke za buduĺa istraģivanja i 

implementaciju, naglaġavajuĺi vaģnost interdisciplinarne saradnje izmeĽu 

lingvista, pravnika, policije i IT struļnjaka u razvoju jeziļkih resursa za 

forenziļka istraģivanja u Srbiji. 

uũŢƨĨŰĲНƖĲĨŔа forenziļka lingvistika, srpski jezik, pravni jezik, digitalni 

korpus, jeziļki alati, forenziļka analiza teksta, identifikacija autora. 

1. Uvod 

Forenziļka lingvistika (FL) relativno je mlada disciplina koja se 

bavi analizom jezika u pravnim i kriminalistiļkim kontekstima. Njeni 

zvaniļni poļeci datiraju iz 1968. godine, kada je ġvedski lingvista Jan 

Svartvik po prvi put primenio lingvistiļke metode u analizi izjava datih 

policiji u sluļaju Evans (Svartvik, 1968). Forenziļka lingvistika obuhvata 

ġirok spektar metoda i tehnika za analizu tekstova i govora u pravnim 

okvirima, s posebnim fokusom na jeziļke dokaze koji se koriste u pravnim 

postupcima. Ona kombinuje lingvistiļka znanja s pravnim i 

kriminalistiļkim metodologijama kako bi se istraģili sloģeni jeziļki 

fenomeni prisutni u forenziļkim tekstovima, kao ġto su izjave 

osumnjiļenih, svedoka, policijski izveġtaji, preteĺe poruke i drugi 

relevantni dokumenti. 

Jedna od glavnih uloga FL jeste identifikacija autora spornih 

tekstova, analiza autentiļnosti izjava, te evaluacija pravnih dokaza putem 

jeziļke analize. Upotrebom metoda iz oblasti fonetike, leksikologije, 

sintakse, semantike, pragmatike, analize diskursa i lingvistike teksta 

forenziļki lingvisti istraģuju jeziļke karakteristike tekstova u cilju 

utvrĽivanja autorstva, verodostojnosti i drugih karakteristka datih izjava 

koje mogu posluģiti kao deo dokaza, a ponekad i kao jedini dokaz 

(Coulthard, 2005, p. 10; Olsson, 2010, p. 11). 

Iako su istraģivanja upotrebe digitalnih korpusa i alata u analizi 

forenziļkih tekstova na srpskom jeziku dugo bila ograniļena, poslednjih 

godina zabeleģen je znaļajan napredak (v. Vorkapiĺ et al., 2017), pri ļemu 

se u obradi jezika primenjuju kako tradicionalni, tako i savremeni alati, 

ukljuļujuĺi velike jeziļke modele. Nedostatak specijalizovanih digitalnih 

korpusa forenziļkih tekstova na srpskom jeziku znaļajno ograniļava 

moguĺnosti za detaljnu analizu i praktiļnu primenu jeziļkih alata. U 

razvijenim pravnim sistemima, digitalni korpusi postaju vaģni alati za 

identifikaciju autora, analizu sintakse, leksike i stilskih markera u jeziku 

osumnjiļenog ili nepoznatog autora nekog forenziļkog teksta. 
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Na srpskom jeziku, dosad nije kreiran specijalizovan korpus 

forenziļkih tekstova, ġto predstavlja velik izazov u kriminalistiļko-

pravnom kontekstu. Stoga postoji potreba za razvojem korpusa koji bi 

ukljuļivao razliļite vrste tekstova relevantnih za FL. 

Zato je glavni cilj ovog rada da istraģi znaļaj digitalnog korpusa i 

jeziļkih alata u forenziļkoj analizi tekstova na srpskom jeziku. Kreiranje 

specijalizovanog korpusa omoguĺilo bi lakġu identifikaciju autora, analizu 

autentiļnosti tekstova i unapreĽenje postupaka u pravnim sporovima. Ovaj 

rad pruģa metodoloġki okvir za formiranje takvog korpusa i daje smernice 

za njegovu praktiļnu primenu u pravnim i kriminalistiļkim istragama. 

Time bi srpski jezik postao deo globalne mreģe forenziļkih istraģivanja, uz 

poġtovanje etiļkih i pravnih smernica za obradu osetljivih podataka. 

2. Pregled literature 

2.1. uŸƖƓƨƚŰċШũŔŰŊƻŔƚƣŔťċШŔШŉŸƖĲŰǍŔĨťċШũŔŰŊƻŔƚƣŔťċ 

Korpusna lingvistika je postala temeljna metoda za analizu jezika u 

razliļitim oblastima, ukljuļujuĺi i FL. Razvoj velikih, digitalnih zbirki 

tekstova omoguĺio je lingvistima da prouļavaju jeziļke fenomene na naļin 

koji ranije nije bio moguĺ. S. Blackwell, jedno od prominentnih imena u 

ovom polju, istiļe da, iako je korpusna lingvistika prisutna od ġezdesetih 

godina XX veka, njena primena u FL relativno je nova (Blackwell, 2009, 

p. 5). Korpusni alati omoguĺavaju preciznu analizu sintakse, leksike i 

frazeologije, ġto pomaģe u identifikaciji autora i analizi autentiļnosti 

spornih tekstova poput preteĺih pisama ili anonimnih poruka. 

Jedan od glavnih problema u ranim radovima na polju FL bio je 

koriġĺenje opġtih korpusa kao ġto je Sinklerov Bank of English2 umesto 

specifiļnih forenziļkih korpusa, ġto je ļesto dovodilo do nejasnih rezultata 

(Ibid.). Korpusna lingvistika i forenziļka lingvistika sada se sve viġe 

povezuju, kako Kultard naglaġava, posebno u analizi pravnih i 

kriminalistiļkih tekstova (Coulthard, 2013, p. 202). Njegova istraģivanja 

pokazala su znaļaj specijalizovanih korpusa za analizu stilskih markera u 

pravnim tekstovima, ļime se poveĺava taļnost identifikacije autora i 

verodostojnosti dokumenata. 

_____________________ 
2 Bank of English je danas dostupan preko CQPWeb platforme, na serveru Univerziteta u Birmingemu, 

ġto omoguĺava nastavnom osoblju i studentima ovog univerziteta da pristupe ovom i drugim korpusima 

kroz jedinstven interfejs. Pristup sistemu zahteva registraciju putem imejl adrese sa domenom 

bham.ac.uk. (v. University of Birmingham CQPWeb server: http://cqpweb.bham.ac.uk). 
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2.2. ÂƖŔůĲŰċШťŸƖƓƨƚċШƨШŉŸƖĲŰǍŔĨťŔůШċŰċũŔǍċůċ 

Korpusi su kljuļni u forenziļkim analizama zbog svoje sposobnosti 

da pruģe uvid u frekvenciju pojavljivanja odreĽenih jeziļkih elemenata u 

tekstu. Na primer, istraģivanja Dejvida Vrajta o n-gramima  pokazala su 

kako specifiļni nizovi reļi mogu biti jedinstveni za odreĽenog autora, ļime 

se znaļajno olakġava proces atribucije autorstva (Wright, 2017). Ova 

metoda je naroļito korisna u sluļajevima gde postoji sumnja na plagijat ili 

kada se analizira autentiļnost tekstova kao ġto su anonimne poruke. 

Korpusni pristup omoguĺava lingvistima da sistematski analiziraju obrasce 

koji se ļesto gube u tradicionalnim metodama analize. 

Pored identifikacije autora, korpusi se koriste i za analizu leksiļke 

frekvencije i stilskih varijacija unutar i izmeĽu pravnih tekstova. Stanislav 

Gozdģ-Roġkovski je detaljno prouļavao frazeologiju i varijacije u pravnim 

diskursima, ukazujuĺi na to kako se odreĽene fraze ponavljaju u specifiļnim 

pravnim kontekstima, ġto je od suġtinskog znaļaja za identifikaciju autora 

(GoŦdŦ-Roszkowski, 2021, pp. 1521, 1526, 1529ï1530). Korpusna analiza, 

takoĽe, omoguĺava otkrivanje evaluativnog jezika koji moģe biti kljuļan u 

pravnim postupcima. 

2.3. Nedostatak korpusa na srpskom jeziku 

Na srpskom jeziļkom terenu, upotreba korpusnih alata u 

forenziļkoj lingvistici joġ uvek je u zaļetku. Iako su postignuti znaļajni 

pomaci u izgradnji srpskog korpusa, poput SrpKora (Utviĺ, 2014, str. 247 

i dalje), specijalizovani forenziļki korpusi joġ uvek ne postoje. Nedostatak 

ovakvih korpusa na srpskom jeziku prestavlja ozbiljan izazov i ograniļava 

potencijal za istraģivanja u oblasti FL, posebno u analizama autentiļnosti 

tekstova i atribuciji autorstva. 

Duġko Vitas i saradnici prepoznaju znaļaj razvoja resursa za obradu 

srpskog jezika (Vitas et al., 2003), ali trenutni resursi nisu prilagoĽeni 

potrebama forenziļkih analiza. Na primer, sloģena morfoloġka struktura 

srpskog jezika, slobodan redosled reļi u reļenici i prisustvo dva pisma 

(ĺiriliļnog i latiniļnog) predstavljaju specifiļne izazove za obradu jezika 

(Ibid, p. 2). Ovi tehniļki izazovi oteģavaju razvoj alata koji bi mogli 

omoguĺiti efikasnu analizu tekstova u forenziļkoj praksi. 

Nikola Dobriĺ (2012) ukazuje na to da su zapadnobalkanski jezici 

napravili znaļajne korake u razvoju korpusa, ali ipak postoji potreba za 

specifiļnijim alatima koji bi omoguĺili detaljniju analizu pravnih i 

kriminalistiļkih tekstova. Odsustvo specijalizovanih forenziļkih korpusa 

na srpskom jeziku predstavlja prepreku u napretku FL, posebno u oblastima 
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kao ġto su identifikacija autora i provera autentiļnosti dokumenata u 

pravnim sporovima. 

Razvoj forenziļkog korpusa za srpski jezik bio bi od kljuļnog 

znaļaja za unapreĽenje pravnih istraģivanja i analize tekstova. Takav 

korpus omoguĺio bi ne samo precizniju analizu spornih tekstova veĺ i 

unapredio razumevanje jezika u pravnom kontekstu, ġto bi znatno olakġalo 

rad lingvista i pravnih struļnjaka. 

3. Predlog metodologije 

3.1. uƖĲŔƖċŰŢĲШťŸƖƓƨƚċШŉŸƖĲŰǍŔĨťŔőШƣĲťƚƣŸƻċШŰċШƚƖƓƚťŸůШŢĲǍŔťƨ 

Kreiranje specifiļnog korpusa forenziļkih tekstova na srpskom 

jeziku zahteva paģljivo planiranje i odabir relevantnih tekstova koji ĺe 

sluģiti kao reprezentativan uzorak za analizu. Ovaj korpus obuhvata 

razliļite vrste tekstova koji su od kljuļne vaģnosti u pravnim i 

kriminalistiļkim kontekstima. Posebnu paģnju treba posvetiti ukljuļivanju 

tekstova kao ġto su policijski izveġtaji, pravni dokumenti, izjave, preteĺe 

poruke, oproġtajna pisma, zahtevi za otkupninu i apeli. MeĽu njima se 

izdvajaju izveġtaji nadleģnih organa kao jedan od najvaģnijih tipova, jer 

sadrģe detalje o dogaĽajima koji se istraģuju u sudskim postupcima, 

ukljuļujuĺi izjave svedoka i osumnjiļenih. Oni pruģaju uvid u poseban stil 

poznat kao policijski registar koji se koristi u policijskim dokumentima, 

ļineĺi ih neophodnim delom korpusa. 

Pravni dokumenti, ukljuļujuĺi tuģbe, ģalbe, presude i druge sudske 

spise, predstavljaju primere pravnog jezika i diskursa kljuļnog za analizu 

jezika u pravnim procesima. TakoĽe, korpus bi obuhvatio preteĺe poruke i 

oproġtajna pisma ï tekstove koji se ļesto koriste u forenziļkim istragama 

za utvrĽivanje autentiļnosti i identifikaciju autora. Ovi tekstovi 

omoguĺavaju uvid u neformalni jezik i stil koji se koristi u kriminalnim 

aktivnostima, ġto ih ļini vaģnim za forenziļku analizu. 

Korpus treba da bude dinamiļan, s moguĺnoġĺu redovnog 

aģuriranja i dodavanja novih tekstova, ļime ĺe se obezbediti njegova 

aktuelnost i relevantnost u vremenu. 

3.2. Kriterijumi selekcije tekstova 

Svi tekstovi koji bi bili ukljuļeni u korpus paģljivo ĺe se birati 

prema unapred definisanim kriterijumima kako bi se obezbedila taļnost i 

relevantnost podataka. Autentiļnost tekstova je od suġtinskog znaļaja ï u 

korpus treba ukljuļiti samo one tekstove koji su proġli kroz zvaniļne 

pravne ili policijske postupke i koji su sastavni deo zakljuļenih sudskih 
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predmeta. Reprezentativnost tekstova je takoĽe kljuļna, pri ļemu treba 

osigurati da uzorci pokrivaju razliļite vrste pravnih i kriminalnih sluļajeva, 

kao i raznolike stilove pisanja. 

Osim toga, posebna paģnja posvetiĺe se obezbeĽivanju varijabilnosti 

u tekstovima, ukljuļujuĺi tekstove razliļitih registara, od formalnog 

pravnog jezika do neformalnog jezika anonimnih poruka. Konaļno, svi 

podaci ĺe biti anonimizovani kako bi se zaġtitila privatnost aktera, a proces 

izgradnje korpusa biĺe u potpunosti usklaĽen s etiļkim smernicama. 

3.3. ÑĲőŰŔĨťŔШċƚƓĲťƣŔШŔШŢĲǍŔĨťŔШċũċƣŔ 

Korpus ĺe biti kreiran koriġĺenjem naprednih softverskih alata za 

analizu jezika, koji omoguĺavaju detaljnu analizu razliļitih jeziļkih 

elemenata. Jedan od kljuļnih aspekata biĺe analiza leksiļke frekvencije, 

koja omoguĺava prepoznavanje obrazaca u uļestalosti reļi, identifikaciju 

kljuļnih termina i uvid u leksiļku strukturu tekstova. Alati poput SrpNet, 

AntConc, Unitex, SketchEngine i NoSketchEngine, WordSmith Tools, koji 

se ļesto koriste u analizi jezika, pruģiĺe moguĺnost za pretragu i obradu 

tekstova na srpskom jeziku (Utviĺ, 2014, str. 208ï243, Vitas et al., 2012, 

pp. 23, 34ï35). TakoĽe, alati koje razvija NLP grupa na Matematiļkom 

fakultetu Univerziteta u Beogradu (up. Vitas et al., 2003, para. 4), pruģiĺe 

dodatne moguĺnosti za analizu srpskog jezika u kontekstu forenziļkih 

tekstova. 

Sintaksiļka analiza biĺe sprovedena koriġĺenjem alata kao ġto je 

Unitex/GramLab, koji omoguĺava prepoznavanje sintaksiļkih obrazaca i 

dodavanje oznaka (Vitas et al. 2003; Krstev & Vitas, 2005; Utviĺ, 2014), 

ali ne sprovodi potpunu analizu reļeniļnih struktura. Ova analiza 

omoguĺiĺe istraģivaļima da identifikuju odreĽene sintaksiļke konstrukcije 

i stilske karakteristike specifiļne za forenziļke tekstove. Iako se alat koristi 

za leksiļku i sintaksiļku obradu, ukljuļujuĺi segmentaciju, normalizaciju i 

disambiguaciju teksta, nije direktno namenjen za stilometrijske tehnike 

poput n-gram modela. Sistem se primarno oslanja na konaļne automate i 

transduktore, ali n-gram modeli i drugi statistiļki stilometrijski alati nisu 

deo njegovih osnovnih moguĺnosti. U kontekstu srpskog jezika, prema 

Vitasu i saradnicima (2012), razvijeni su razliļiti jeziļki resursi i alati, ali 

se dodatno naglaġava potreba za naprednim tehnologijama i alatima koji 

omoguĺavaju sveobuhvatnu sintaksiļku i semantiļku analizu za bolje 

razumevanje sloģenih jeziļkih struktura, ġto ukljuļuje i forenziļku 

primenu. 

Alati kao ġto su Unitex/GramLab i TXM nude dodatne opcije za 

analizu srpskog jezika u kontekstu leksiļke i sintaksiļke obrade. 
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Unitex/GramLab je alat za obradu prirodnog jezika koji koristi konaļne 

automate za prepoznavanje reļi i sintaksiļkih obrazaca. Moģe se primeniti 

na srpski jezik uz odgovarajuĺe prilagoĽavanje leksikona i gramatiļkih 

resursa, ali njegova ograniļenja ukljuļuju nedostatak duboke sintaksiļke 

analize i odsustvo stilometrijskih tehnika kao ġto su n-gram modeli. S druge 

strane, TXM je softver za tekstometrijsku analizu koji omoguĺava 

frekvencijsku analizu, klasterizaciju i vizuelizaciju leksiļkih odnosa u 

tekstualnim korpusima, te zahteva anotirane korpuse u XML formatu. 

TXM podrģava Unicode i TEI standarde, ġto ga ļini pogodnim za analizu 

srpskih korpusa, uz moguĺnost primene razliļitih statistiļkih metoda za 

analizu tekstualnih struktura. Iako oba alata nude korisne funkcije za 

osnovnu analizu, za dublje stilometrijske analize i primenu statistiļkih 

modela preporuļuje se koriġĺenje dodatnih alata, kao ġto su Python 

biblioteke (NLTK, scikit-learn) ili Stylo za naprednu obradu i poreĽenje 

tekstova. 

Za stilometrijsku analizu, koja omoguĺava identifikaciju 

specifiļnih jeziļkih obrazaca karakteristiļnih za odreĽenog autora ili tip 

teksta, obiļno se koriste drugaļiji alati specifiļno razvijeni za statistiļku 

obradu teksta, kao ġto su R, Python biblioteke (npr. NLTK ili scikit-learn) 

ili namenski stilometrijski alati poput Stylo. Istraģivanje Dejvida Vrajta 

(Wright, 2017) pokazuje da n-gram modeli, posebno nizovi reļi izmeĽu 

dve i ġest reļi (n-gramovi), mogu biti korisni kao stilski markeri za 

identifikaciju autora u forenziļkim analizama jer pruģaju moguĺnost 

poreĽenja specifiļnih jeziļkih obrazaca meĽu tekstovima u razliļitim 

korpusima. 

Srpski jezik se suoļava sa specifiļnim izazovima kada je reļ o 

dostupnosti jeziļkih alata za forenziļku jeziļku analizu. Iako postoje 

nacionalni korpusi kao ġto je SrpKor, nedostatak specijalizovanih 

forenziļkih alata kao, na primer, onih koji bi omoguĺili duboko parsiranje 

a koji joġ uvek nisu razvijeni za srpski jezik (Vitas et al. 2012, p. 34), i dalje 

ograniļava moguĺnosti za dubinsku analizu tekstova u ovoj oblasti. Razvoj 

dodatnih softverskih alata prilagoĽenih potrebama FL na srpskom jeziku, 

kao i implementacija stilometrijskih tehnika u okviru postojeĺih sistema 

kao ġto je Unitex/GramLab i NooJ, biĺe kljuļni za unapreĽenje ove oblasti 

i poboljġanje efikasnosti forenziļkih analiza. 
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4. Analiza i diskusija 

4.1. ~ŸŊƨħŰŸƚƣŔШċŰċũŔǍĲШŉŸƖĲŰǍŔĨťŔőШƣĲťƚƣŸƻċ 

Korpus forenziļkih tekstova na srpskom jeziku nudi brojne 

moguĺnosti za analizu autentiļnosti, identifikaciju autora i pruģanje 

jeziļkih dokaza u pravnim postupcima. Analiza autentiļnosti omoguĺava 

utvrĽivanje verodostojnosti teksta, a u korpusu se mogu identifikovati 

stilski markeri specifiļni za odreĽene vrste tekstova ili autorov jeziļki 

profil. Koriġĺenjem leksiļke i stilometrijske analize, forenziļki lingvisti 

mogu uporediti tekstove koji pripadaju razliļitim pravnim ģanrovima i 

utvrditi da li tekst sadrģi odstupanja koja bi ukazivala na manipulaciju ili 

falsifikovanje. 

U domenu identifikacije autora, korpus bi omoguĺio analizu 

idiolekatskih elemenata kroz upotrebu n-gramova i ponavljajuĺih fraza, 

ļime se moģe identifikovati specifiļan jeziļki obrazac karakteristiļan za 

pojedinca ili grupu. Na primer, istraģivanja su pokazala da nizovi reļi (n-

gramovi) omoguĺavaju identifikaciju specifiļnih jeziļkih obrazaca koji se 

koriste za razlikovanje autentiļnih tekstova od onih s nepoznatim autorom 

(Wright, 2017). Upotrebom ovih analiza, moguĺe je povezati sporne 

tekstove s potencijalnim autorima, ļime se forenziļki korpus pozicionira 

kao kljuļan alat u kriviļnim istragama. 

4.2. ÂƖċťƣŔĨŰŔШƓƖŔůĲƖŔШŔШůŸŊƨħŰŸƚƣŔШŔĬĲŰƣŔŉŔťċĦŔŢĲШċƨƣŸƖƚƣƻċ 

Praktiļna primena korpusa u identifikaciji autorstva moģe se 

prikazati kroz nekoliko konkretnih primera. Kada se ispituje autentiļnost 

ovakvih tekstova, analiza stilskih markera ð kao ġto su specifiļni nizovi 

reļi, ton i struktura ð moģe otkriti podudarnosti s jeziļkim obrascima 

poznatih autora. Na primer, u sluļaju poruke u kojoj je bila zahtevana 

uplata u zamenu za kompromitujuĺi dokument s dokazima, koriġĺena je 

konstrukcija s leksiļkim izborom koji bi mogao ukazivati na prisustvo 

idiolekta: Stavite novac u kovertu, 1.000 ú u dunavskom parku iza 

izviĽaļkog kampa, cd vam je zaboden izmeĽu zida tu osavite kovertu a 

uzmite cd mozete doci odmah cd je vec tamo. U ovakvom sluļaju vaģno je 

utvrditi da li je reļ o idiolektu, odnosno kolika je frekvencija ovakvog 

leksiļko-gramatiļkog spoja. Drugim reļima, pretragom korpusa s ciljem 

poreĽenja jezika analiziranih tekstova sa referentnim primerima, mogu se 

identifikovati obrasci koji nisu uobiļajeni ili odstupaju od norme ġto bi 

pomoglo u donoġenju preciznih zakljuļaka o potencijalnom autoru. 

U ovakvim primerima, vaģno je utvrditi i da li pretnja ima realnu 

osnovu, odnosno srģ, koja ukazuje na stvarnu opasnost ili je pretnja 
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usmerena na zastraġivanje bez konkretne namere za izvrġenje. Praktiļna 

primena korpusa u identifikaciji autorstva i proceni ozbiljnosti pretnji moģe 

biti kljuļna za utvrĽivanje da li poruka sadrģi realnu pretnju koja zahteva 

dalju istragu. Na osnovu klasifikacije pretnji prema stepenu rizika, FBI je 

razvio smernice koje omoguĺavaju procenu ozbiljnosti pretnji putem 

analize specifiļnih lingvistiļkih elemenata. Na primer, pretnje s visokim 

stepenom rizika obuhvataju direktne, uverljive izjave u vezi sa ģrtvom i 

ļesto ukljuļuju detalje o oruģju, mestu i vremenu napada, ġto signalizira da 

je preduzeta priprema za ostvarivanje pretnje (Nikoliĺ Novakoviĺ, 2017, 

str. 104ï105), dok pretnje kao ġto je J***m ti mater, budalo matora, j****u 

ti majku, ubicu te, sve cu vas pobiti, za sve si ti kriva ljubice j****u ti 

majku, ubicu te, sredicu Vas Da li bi zelela da zaradis 20 eura, dobro si 

parce, gde ti je majka, jel otisla da se prodaje u belo roblje i tebe odvukla, 

sve cu vas pobiti, koje ukljuļuju uvredljive i vulgarne izraze, ali bez jasnih 

detalja o planiranom napadu, najļeġĺe ukazuju na manji rizik jer nemaju 

srģ. Takve pretnje se uglavnom karakteriġu afektivnim izrazima besa i 

namerom da izazovu strah bez ļvrste osnove za realizaciju. Upotrebom 

stilometrijskih metoda i procene rizika u analizi preteĺih tekstova, korpus 

bi mogao omoguĺiti istraģiteljima da razlikuju pretnje koje imaju visok 

stepen verodostojnosti od onih koje sluģe samo za zastraġivanje, ļime se 

doprinosi preciznosti i efikasnosti u kriminalistiļkim istragama. 

U sliļnom kontekstu, analiza oproġtajnih pisama moģe otkriti 

jedinstvene stilske elemente koji bi mogli ukazivati na laģno autorstvo. 

Prava oproġtajna pisma obiļno imaju karakteristike kao ġto su izrazi ljubavi 

prema porodici, direktivna uputstva najbliģima i odsustvo populistiļkih 

stavova poput iskazivanja sopstvene slabosti ili kukaviļluka. Ove osobine 

razlikuju autentiļne poruke od fingiranih oproġtajnih pisama, koja mogu 

sadrģavati te elemente da bi izazvala emocionalni odgovor kod ļitaoca ili 

laģno predstavila autorov stav i oseĺanja. Korisnost postojanja korpusa 

ogleda se u moguĺnosti poreĽenja jezika analiziranih tekstova s 

referentnim korpusom kako bi se identifikovali obrasci koji odstupaju od 

norme, ġto doprinosi preciznosti analize i donoġenju miġljenja o 

autentiļnosti teksta. U jednom primeru iz stvarne prakse, samoubica je 

ostavio sledeĺe pismo: Neno moja, ne mogu viġe da izdrģim. Plaļem za 

svim ġto sam izgubio. Naġe anĽele i tebe. Za sve sam ja kriv. Ļuvaj naġe 

devojļice. Sve vas volim puno. Ovakva frazeologija, koja sadrģi izraze 

sopstvene krivice, tuge i brige za porodicu, oslikava autentiļan emotivni 

ton i privrģenost najbliģima, ġto je indikator autentiļnosti oproġtajnog 

pisma. 
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4.3. ÖũŸŊċШƚŔŰƣċťƚŔĨťĲШċŰċũŔǍĲШƨШŔĬĲŰƣŔŉŔťċĦŔŢŔШċƨƣŸƖċ 

Prema Kerol Ļaski, sintaksiļka analiza moģe znaļajno doprineti 

identifikaciji autora u forenziļkim istraģivanjima, posebno kada se radi o 

kratkim, fragmentiranim izjavama. Ona predlaģe stilometrijske metode 

zasnovane na kvantitativnoj analizi sintaksiļkih struktura kao ġto su duģina 

reļi, frekvencija reļeniļnih struktura i raspored sintaksiļkih markera, pri 

ļemu se postiģe visoka taļnost u razlikovanju autora, ļak i kada je koliļina 

podataka ograniļena (Chaski, 2001,  2005). U okviru ovih metoda nekada 

se koristio softver ALIAS, koji je omoguĺavao lematizaciju, 

proraļunavanje frekvencije reļi, kategorizaciju interpunkcije i sintaksiļku 

analizu. Program je bio zasnovan na sintaksiļkom pristupu autorskoj 

atribuciji i obuhvatao je automatsku segmentaciju teksta na reļenice, 

oznaļavanje gramatiļkih kategorija (Part-Of-Speech tagging), 

kategorizaciju interpunkcijskih znakova i identifikaciju sintaksiļkih 

struktura. MeĽutim, ALIAS se danas ne koristi buduĺi da su u 

meĽuvremenu razvijeni savremeniji alati zasnovani na generativnoj 

veġtaļkoj inteligenciji, posebno veliki jeziļki modeli, koji se pokazali kao 

izuzetno efikasni u stilometrijskim i forenziļkim analizama razliļitih 

tekstualnih zadataka (Michelet & Breitinger, 2024). Ovi modeli 

omoguĺavaju dublju obradu teksta i preciznije razlikovanje autora, naroļito 

u tekstovima sa nepoznatim autorstvom. 

Istraģivanja K. Ļaski ukazuju na znaļaj prepoznavanja specifiļnih 

jeziļkih struktura kao stilometrijskih markera koji otkrivaju jedinstvene 

jeziļke obrasce karakteristiļne za pojedince, ġto je od izuzetne vaģnosti za 

formiranje i primenu forenziļkog korpusa na srpskom jeziku. Takvi 

markeri mogu biti presudni u preciznoj identifikaciji autora i u proceni 

legitimnosti spornih tekstova. UvoĽenje ovih modela u analizu tekstova na 

srpskom predstavljalo bi znaļajan iskorak u razvoju forenziļke lingvistike. 

Metodoloġki pristup Ļaski zasniva se na sintaksiļkoj klasifikaciji 

interpunkcijskih znakova kao markera autorstva i naglaġava znaļaj 

sofisticiranih jeziļkih alata koji mogu da razlikuju suptilne varijacije unutar 

tekstova, ukljuļujuĺi raspored sintaksiļkih granica sintagmi i reļenica 

(Chaski, 2005, pp. 5ï7). Kombinacijom tradicionalnih stilometrijskih 

metoda i naprednih sintaksiļkih analiza postiģe se veĺa taļnost i 

pouzdanost u identifikaciji autora u digitalnim dokazima (Chaski, 2001, pp. 

2ï3, 7), ġto bi ļinilo srpski forenziļki korpus vrednim resursom u istragama 

u kojima su identitet autora i autentiļnost teksta kljuļni za pravne postupke. 

U tom kontekstu, posebno je vaģan pojam markiranosti, koji u 

lingvistici oznaļava asimetriļnu binarnu opoziciju ð jedan element 

(nemarkirani) predstavlja neutralnu ili ļeġĺu formu, dok je drugi 
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(markirani) reĽi, formalno obeleģen ili stilski naglaġen. U sintaksi, 

nemarkirane strukture su uobiļajene i lakġe za obradu, dok markirane mogu 

biti sloģenije i reĽe. Upravo zahvaljujuĺi tim razlikama, sintaksiļka 

markiranost moģe omoguĺiti identifikaciju autorstva unutar istog autora, 

kao i razlikovanje izmeĽu razliļitih autora (Chaski, 1997). 

5. ÂŸƣĲŰĦŔŢċũŰŔНŔǍċǍŸƻŔЯНĤĲǍĤĲĬŰŸƚŰŔНŔНĲƣŔĨťŔНċƚƓĲťƣŔ 

U radu s tekstovima kao ġto su policijski izveġtaji, pretnje, izjave 

svedoka i drugi pravno relevantni dokumenti, nezaobilazna su pitanja 

zaġtite podataka. Iako su pravni aspekti privatnosti regulisani vaģeĺim 

zakonodavstvom, ukljuļujuĺi i Opġtu uredbu o zaġtiti podataka (GDPR),3 

u savremenom digitalnom okruģenju sve veĺu pretnju predstavljaju 

bezbednosni rizici, posebno hakerski napadi. Izveġtaji vladinih institucija i 

pravni dokumenti ļesto su meta sajber napada, ļime se ugroģava integritet 

i poverljivost forenziļkog materijala (Mayer, 2017). Stoga je pri kreiranju 

i koriġĺenju digitalnog korpusa neophodna primena visokih standarda 

zaġtite, ukljuļujuĺi enkripciju, kontrolu pristupa, pseudonimizaciju 

osetljivih podataka i redovno aģuriranje bezbednosnih protokola. Pored 

tehniļkih mera, vaģno je istaĺi etiļku odgovornost istraģivaļa u 

spreļavanju moguĺe zloupotrebe podataka. Forenziļkolingvistiļka analiza, 

naroļito u pravnim postupcima, moģe imati direktne posledice po 

pojedince. Zbog toga je neophodno osigurati transparentnost metodologije, 

informisanost relevantnih strana i minimizovanje rizika od pogreġne 

interpretacije ili instrumentalizacije jeziļkih dokaza. 

6. üċťũŢƨĨċť 

Ovaj rad doprinosi razvoju FL u Srbiji, posebno u kontekstu 

kreiranja i primene digitalnog specijalizovanog korpusa forenziļkih 

tekstova na srpskom jeziku. Istaknute su moguĺnosti koje ovakav korpus 

pruģa u analizama autentiļnosti teksta, identifikaciji autora i reġavanju 

pravnih sporova upotrebom jeziļkih dokaza. Korpus bi obuhvatio 

raznovrsne forenziļke tekstove, ukljuļujuĺi policijske izveġtaje, pretnje i 

oproġtajna pisma, ļime bi se omoguĺilo dublje razumevanje razliļitih 

jeziļkih obrazaca unutar kriminalistiļko-pravnih diskursa. 

Dodatna vrednost rada ogleda se u metodologiji koja bi se razvila 

za formiranje korpusa, kao i u uspostavljanju kriterijuma za selekciju 

_____________________ 
3 General Data Protection Regulation (GDPR) je pravni okvir Evropske unije koji reguliġe 

prikupljanje, obradu i ļuvanje liļnih podataka (European Union, 2016). U kontekstu forenziļke 

lingvistike, GDPR zahteva strogu kontrolu pristupa i obrade tekstova koji sadrģe podatke o 

liļnosti, posebno u sluļajevima koji ukljuļuju osetljive pravne ili policijske informacije. 
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relevantnih i autentiļnih tekstova. TakoĽe, u radu je ukazano na vaģnost 

prilagoĽavanja softverskih alata specifiļnostima srpskog jezika koji se 

suoļava sa sloģenom morfologijom i slobodnim redosledom reļi. Ovaj 

pristup ne samo da omoguĺava analizu specifiļnih diskursa veĺ doprinosi i 

razvoju alata za obradu srpskog jezika, ġto ima ġiroko primenljiv potencijal. 

Na osnovu dosadaġnjih nalaza, preporuļuje se nastavak rada na 

stvaranju sveobuhvatnog forenziļkog korpusa na srpskom jeziku, uz 

proġirenje na dodatne vrste tekstova poput zahteva za otkupninu i kriviļnih 

prijava. Dalji razvoj ovakvog korpusa zahteva interdisciplinarnu saradnju 

lingvista, pravnika i IT struļnjaka kako bi se osigurala precizna analiza i 

poġtovanje zakonskih regulativa o zaġtiti podataka. 

Preporuļuje se da buduĺa istraģivanja budu usmerena na razvoj i 

primenu naprednih softverskih reġenja koja bi mogla automatizovati 

procese raļunanja leksiļke frekvencije, sintaksiļke analize i stilometrijskih 

modela specifiļnih za srpski jezik. Koriġĺenje savremenih NLP tehnika, 

kao ġto su n-gram modeli i prepoznavanje jedinstvenih jeziļkih obrazaca, 

dodatno bi unapredilo taļnost identifikacije autora i verodostojnosti teksta 

u pravnim kontekstima. 

Na kraju, neophodna je kontinuirana edukacija struļnjaka u vezi s 

etiļkim smernicama i zaġtitom privatnosti prilikom obrade forenziļkih 

tekstova. Uspostavljanje korpusa predstavlja osnovu za dalji razvoj 

forenziļke lingvistike u Srbiji, a njegova implementacija bi znaļajno 

unapredila kvalitet i pouzdanost pravnih analiza, doprinoseĺi globalnoj 

mreģi forenziļkih istraģivanja i pravnih resursa. 
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The Importance of a Digital Corpus and Linguistic Tools in the 
Linguistic Analysis of Forensic Texts in the Serbian Language 

Jelena Redli 

ÉƨůůċƖǃ 

Forensic linguistics (FL) is an interdisciplinary field that combines 

linguistic, legal, and digital technologies to analyze language use in legal 

and criminal contexts. Its primary applications include author 

identification, plagiarism detection, and criminal investigations, relying 

heavily on specialized linguistic corpora. However, forensic linguistic 

research on the Serbian language remains underdeveloped due to the 

absence of dedicated forensic text corpora, limiting the applicability of 

advanced analytical methods. 

This paper investigates the potential for developing and applying a 

forensic text corpus for Serbian, highlighting its role in text authenticity 

verification, authorship attribution, and the resolution of legal disputes 

through linguistic evidence. The proposed methodology involves 

compiling and analyzing various types of forensic texts, including police 

reports, legal documents, threatening messages and suicide notes. The 

study also explores the integration of advanced computational linguistic 

tools for automated text analysis, including lexical frequency profiling, 

syntactic parsing, stylistic marker detection, and forensic stylometry 

techniques. 

A key challenge in constructing a Serbian forensic corpus is 

addressing the linguistic complexity of the language, including its rich 

morphological structure, free word order, and dual script usage (Cyrillic 

http://dr.rgf.bg.ac.rs/s/repo/item/0000764
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and Latin). Additionally, the research identifies major technical, legal, and 

ethical barriers in corpus development, particularly regarding data privacy, 

anonymization, and the ethical use of sensitive legal texts. The paper 

underscores the necessity of interdisciplinary collaboration between 

linguists, legal experts, law enforcement agencies, and IT professionals to 

ensure the corpus is both methodologically rigorous and legally compliant. 

Beyond theoretical contributions, the paper presents potential real-

world applications of a Serbian forensic corpus, such as its use in criminal 

investigations, fraud detection, and threat assessment. By analyzing 

forensic texts with computational methods, law enforcement and judicial 

authorities could improve the accuracy of authorship identification and 

linguistic profiling. The study also raises critical questions for future 

research, including: 

How can computational forensic linguistic tools be adapted to 

Serbianôs linguistic structure? 

What legal frameworks have to be established to protect privacy 

while enabling forensic text analysis? 

How can forensic corpora be continuously updated to reflect 

emerging linguistic trends in digital communication? 

The findings suggest that establishing a specialized forensic corpus 

for Serbian would significantly enhance forensic linguistic research and its 

application in legal practice. Furthermore, the creation of such a resource 

would align Serbian forensic linguistics with global trends, facilitating 

cross-linguistic comparisons and the advancement of digital forensic 

methodologies. The paper concludes with a call for interdisciplinary efforts 

to bridge the gap between linguistic research, law enforcement needs, and 

technological advancements in forensic text analysis. 

uĲǃƽŸƖĬƚа forensic linguistics, Serbian language, legal language, digital 

corpus, linguistic tools, forensic text analysis, authorship identification. 
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Abstract 

Hyphenation is a technique of joining or separating syllables of a 

word by adding a hyphen. This is typically achieved by implementing the 

syllabic segmentation. We have attempted to achieve the same task based 

on the sonority of phonemes, considering that sonority within a syllable 

increases to the syllable nucleus and decreases at syllable boundaries. For 

Macedonian, this principle was extended by an additional rule stating that 

a syllable begins when a monotonically non-decreasing sonority ends. In 

Serbian, monotonic non-decreasing starts at the beginning of a new 

syllable. By defining appropriate sonority weights for both languages and 

defining a very simple splitting strategy, the accuracy of the syllabic 

hyphenation has surpassed the rule-based approach. It reached 97.59% for 

Macedonian and 98.68% for Serbian. We intend to further improve it by 

taking into account PoS tags for Macedonian and to fine-tune the sonority 

weights for Serbian, hoping to achieve an accuracy that exceeds 99%. 

uĲǃƽŸƖĬƚа Macedonian, Serbian, syllabic hyphenation, phoneme sonority, 

ChatGPT. 

1. Introduction 

Hyphenation is a technique of joining or separating the syllables of 

words that improves their legibility, readability, aesthetics and visual 

balance of printed or displayed texts [1]. The separation is done at the end 
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of a line, using a hyphen to indicate where the break occurs. Since this 

process combines the concepts of both syllabic and hyphenation, the term 

for this process can be generalized as syllabic hyphenation [2]. It follows 

the natural syllable boundaries within a word in a way that respects their 

linguistic structure [3]. In the languages with a highly predictable syllabic 

structure, hyphenation provides the most natural and linguistically logical 

way to break words. In the languages with more complicated compound 

structures or where typography is heavily involved, non-syllabic 

hyphenation might be used in specific contexts [4]. 

The hyphenation of Macedonian language was embedded into 

Korektor-M, the first software package for spell checking and hyphenation 

of Macedonian texts. Created by Dragan Mihajlov and Dejan Gjorgjevikj 

more than 25 years ago, Korektor-M was a favourite tool of many 

newspapers that used it for automatic proofreading. With the development 

of Microsoft Office, it became useless. However, although new office suites 

offer spell checking option, word hyphenation of Macedonian language is 

not yet enabled. 

The first attempt to create a new system for Macedonian 

hyphenation was done in 2023 [5]. It consisted of two mutually separate 

parts supporting syllabification and morpheme segmentation [5]. The 

segmentation was entirely based on rules that are quite general and 

ambiguous (https://makedonskijazik.mk/). The accuracy of the approach 

was below our expectations. Therefore, an alternative approach based on 

phoneme sonority was proposed [6], which was presented on JuDig 

conference (https://judig.jerteh.rs/). It is explained in more detail in this 

paper. 

The hyphenation of Serbian language has a much longer tradition. 

It started with the research done by Krstev [7] and was then extended as 

part of word length counting [8]. The resources used for measuring the 

length of syllables in Serbian [9] were the bases for evaluating the proposed 

hyphenation approach. Similarly to Macedonian, the rule based approach 

was rather complex [10]. Exceeding the 98% accuracy obtained during this 

study became our main challenge. 

2. Sonority Based Syllabic Hyphenation 

Phonetically, syllables are sequences of sounds containing one peak 

of prominence [5]. Phonologically they are units of stress placement. 

According to the Sound Sequencing Principle, sonority within a syllable 

rises to the nucleus of the syllable and then falls in sonority [11]. 
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The sonority of Macedonian phonemes depends on their basic 

classification: vowels, sonorants, voiced and voiceless consonants (ʊable 

1). The sonority of Serbian phonemes is more extensive and includes three 

additional classes: plosives, fricatives and affricates, in each of which 

phonemes can be voiced or voiceless (Table 2). 

Table 1: Sonority of Macedonian phonemes 

Phoneme class Phonemes 
Sonority 

weight 

Vowels ʘ  ʝ  ʠ  ʦ  ʫ 12 

Sonorant r ʨ 6 

Sonorants ʿ  ʣ  ˀ  ʤ  ʥ  ˁ 4 

Voiced consonants ʙ  ʚ  ʛ  ʜ  ʺ  ʞ  ʟ  ʼ  ˅  2 

Voiceless consonants ʢ  ʧ  ʩ  ʪ  ˃  ʭ  ʮ  ʯ  ʰ 1 

Table 2: Sonority weights of Serbian phonemes 

Phoneme class Phonemes 
Sonority 

weight 

Vowels ʘ  ʝ  ʠ  ʦ  ʫ 12 

Sonorant r ʨ 8 

Sonorants l, m and n ʣ  ʤ  ʥ 6 

Other sonorants ʚ  ʿ  ˀ  ˁ 5 

Plosive voiced ʙ  ʛ  ʜ  4 

Plosive voiceless ʢ  ʧ  ʪ 3 

Fricative voiced ʟ  ʞ 3 

Fricative voiceless ʩ  ʭ  ʬ  ʰ 2 

Affricates voiced  ́ ˂   ˅ 2 

Affricates voiceless ʮ  ʯ 1 

Special signs FC S 0 

 

The syllable nuclei in both languages are the five vowels. Their 

sonority weight is set to 12. In Macedonian, a nucleus can be the sonorant 

ʨ (Latin transcription: r) appearing within a consonant group (ʢʨʩʪ, ʚʨ-

ʩʪʘ, ʧʨ-ʚʝʥ-ʩʪʚʦ) or at the end of the word (ʤʘ-ʩʘ-ʢʨ). In Serbian 

language, apart from the sonorant ʨ (ʪʚʨʜ, ʮʨʚ, ʪʨ-ʢʘ), the sonorants ʣ 
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and ʥ can also become syllable nuclei (for example, ʙʠ-ʮʠ-ʢʣ, ʜʝ-ʙʘ-ʢʣ, 

ɺʣ-ʪʘ-ʚʘ, ɳʫ-ʪʥ). 

Macedonian language has a special sound ó, which appear in words 

such as: óʨʞ, óʨʺʘ, and óʨʙʝʪ, mainly at the beginning of the word and 

succeeded by the sonorant ʨ. 

Vowel groups (for example, ʘʫ in ʘ-ʫ-ʨʦ-ʨʘ, ʝʘ in ʠ-ʜʝ-ʘʣ, and ʠʦ 

in ʘ-ʚʠ-ʦʥ) in both languages are separated by a fictive consonant FC with 

a sonority weight of 0. Word delimiters are assigned as S, with the sonority 

weight of 0. 

The syllabic roles of the phonemes are determined by calculating 

the triplet difference: 

 4$ ÐÉ   × ÐÉ  Ȥ × ÐÉȤρ  Ȥ × ÐÉ ρȟ É  ρȟȣȟÎ ρ 

The triplet difference of the nuclei has always a positive value, 

while the consonants from the onset and the coda are always negative 

(Table 3 and Table 4). The only exclusion to this rule in Macedonian are 

the words starting with a voiced consonant succeeded by a voiceless 

consonant, such as ʚʯʝʨʘ and ʚʯʫʜʦʚʠʜʝʥ. The problem was resolved by 

adding a restriction that a single voiced consonant cannot form a separate 

syllable. 

In Serbian language, the high sonority weight of the sonorant ʨ, 

when it is between two vowels, reduces the triplet difference of the vowel 

that immediately follows the fictive consonant, as in ʘ-ʫ-ʨʦ-ʨʘ, making it 

negative. This relatively rare inconsistency was solved in the second 

iteration of the syllabic hyphenation of Serbian, in which the weight of the 

non-syllabic ʨ was reduced to 6. 

The determination of syllable boundaries depends on a 

monotonicity of sonority weights. In Macedonian, a new syllable starts 

when monotonic non-decreasing ends. According to this constraint, 

whenever the sonority of two adjacent Macedonian consonants is identical, 

in that case the second one belongs to a new syllable (Table 3). In Serbian, 

a new syllable begins at a phoneme where the sonority weight series begins 

to monotonically increase (Table 4). 

Table 3: Syllabic hyphenation of the word ʠʜʝʘʣʥʦ in Macedonian 

 S ʀ ɼ ɽ FC ɸ ʃ ʅ ʆ S 

phonemme 

sonority 0 12 2 12 0 12 4 4 12 0 

triplet difference  10 -22 10 -24 8 -12 -12 8  
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Table 4: Syllabic hyphenation of the word ʠʜʝʘʣʥʦ in Serbian 

 S ʀ ɼ ɽ FC ɸ ʃ ʅ ʆ S 

phonemme 

sonority 0 12 4 12 0 12 6 6 12 0 

triplet difference  8 -20 8 -24 6 -12 -12 6  

 

3. Development of Syllabic Hyphenation of Macedonian and Serbian 

The syllabic hyphenation was developed in Python. The algorithm 

used in all experiments consists of the same general steps with adjustments 

for each language. The steps in the base algorithm are the following: 

1. Prepare the word ï mark the beginning, end and put a marker 

between each two consecutive vowels. 

2. Find the nuclei of the word. 

3. Iterate over the characters in the word and form the syllables. 

 

The steps to find the nuclei of the word are similar for both 

languages. First, the triplet difference is calculated for each group of three 

letters in the word, and then the nuclei are detected based on this 

calculation. Every vowel that has a nonnegative triplet difference with its 

preceding and following letter is detected as a nucleus, as well as the 

sonorant ʨ surrounded by two consonants. For Serbian, the same rules are 

used, but additionally, the phonemes ʣ and ʥ can be nuclei if they have a 

positive triplet difference with the preceding and following phonemes. 

The main difference between the experiments is in the way syllables 

are formed. In all cases, the formation of the syllable begins by adding 

phonemes until a nucleus is detected. In the baseline algorithm, this is 

followed by adding phonemes as long as the sonority of the current 

phoneme is higher than that of the following. If the sonority is not greater 

than that of the following phoneme, and the following phoneme is a 

consonant, then the first of the two phonemes is also added to the current 

syllable. This finalizes the formation of the syllable, and the algorithm 

continues by considering the next nucleus and again adding phonemes, 

starting one after the last added phoneme until this next nucleus is found. 

The updated algorithm for Macedonian adds an additional rule to 

handle suffixes that shouldnôt be split. These suffixes donôt always appear 

at the end of a word ï they can also appear in the middle, for example in 

declined forms of the word. This is done by simply looking at the phonemes 

surrounding the current phoneme. These are detected after the step of 
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splitting two consonants with the same sonority. The check happens when 

the first phoneme of the wanted suffix is added to the current syllable. If 

the following 2, 3 or 4 phonemes, along with the current, form one of the 

suffixes that should be kept together (ʩʪʚʦ, ʩʪʚʝʥ, ʩʢʠ and variations), 

then the current syllable is shortened and its last added phoneme is 

removed. In the next iteration, the first phoneme of the group is added to 

the syllable along with the other consonants that would usually be split, 

since they all come before the nucleus of the following syllable. 

The algorithm for Serbian makes only one change to this algorithm. 

Here, the step where two consonants with the same sonority are split is 

skipped, and as soon as a consonant with a sonority thatôs not greater than 

that of the following is found, it directly checks if the word contains the 

groups that should be kept together, which are the same as for Macedonian. 

4. Evaluation of Sonority Based Syllabic Hyphenation 

The syllabic hyphenation of both languages started with the 

baseline model, which was our benchmark according to which we modified 

the approach. In Macedonian, it consisted of revoking the segmentation of 

the suffixes ʩʢʠ, ʩʪʚʦ and ʩʪʚʝʥ and their inflections. Namely, according 

to the orthographic rules they should remain within one syllable, which 

contradicts our constraint of splitting the adjacent phonemes with identical 

sonority weights into two syllables. In Serbian, the adjustments were done 

by decreasing the sonority weight of non-syllabic ʨ. 

The Macedonian language assessment sample consisted of 1310 

words within average 3.09 syllables. The accuracy of the baseline 

algorithm was 89.26%, mainly due to the frequent occurrence of words 

with the suffixes ʩʢʠ, ʩʪʚʦ and ʩʪʚʝʥ and their inflections. By adjusting 

this, as explained in the previous section, the accuracy reached 96.63%. 

However, it affected the syllabification of the nouns: ʛʫʩ-ʢʠ, ʤʘʩ-ʢʠ, ʧʨʘʩ-

ʢʠ, in which ʩʢʠ is not a morpheme. The only solution for effectively 

solving the problem of separable or non-separable suffix ski is the presence 

of the PoS tag word. This annotation overcomes the hyphenation problem. 

An additional problem was caused by the ambiguous hyphenation 

of words with at least two adjacent consonants, such as the words: 

ʘʚʪʦʢʨʘʪ, ɹʝʣʛʨʘʜ, ʜʝʢʝʤʚʨʠ and ʩʦʬʪʚʝʨ. According to our approach, 

they were hyphenated as: ʘʚ-ʪʦʢ-ʨʘʪ, ɹʝʣʛ-ʨʘʜ, ʜʝ-ʢʝʤʚ-ʨʠ and ʩʦʬ-

ʪʚʝʨ, instead of the hyphenation suggested by the linguists: ʘʚ-ʪʦ-ʢʨʘʪ, 

ɹʝʣ-ʛʨʘʜ, ʜʝ-ʢʝʤ-ʚʨʠ and ʩʦʬʪ-ʚʝʨ. None of these automatic 

segmentations is incorrect as far as syllables are concerned. Namely, ʢʨʘʪ, 

ʛʨʘʜ and ʩʦʬʪ are morphemes and they can be subject of further 
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segmentation, depending on the context. Still, when it comes to 

hyphenation, it is better to leave them as a whole. Introduction of 

morphemes will be one way to improve the system. 

We were curious to find out how ChatGPT copes with the same 

task. Without any previous training, ChatGPT performed much below our 

expectations. Namely, many of the words were transliterated into Latin 

script (for example, Au-gust instead of ʘʚ-ʛʫʩʪ and cada-stre for ʢʘ-ʪʘ-

ʩʪʘʨ), presenting non-existent words. Many words had a wrong spelling, 

for example ʘʙʦʥʝʥʪ was hyphenated as ʘ-ʙʦ-ʥʝʪ instead of ʘ-ʙʦ-ʥʝʥʪ, 

ʘʚʘʥʛʘʨʜʘ as ʘ-ʚʘ-ʛʘʥ-ʜʘ instead of ʘ-ʚʘʥ-ʛʘʨ-ʜʘ or ʘʪʨʠʙʫʪ with ʘ-ʪʠ-

ʙʫʪ instead of ʘʪ-ʨʠ-ʙʫʪ. We then instructed ChatGPT with the rules for 

syllabic hyphenations and with the explanation to take care of the spelling 

and the Cyrillic script. Even with these instructions, the accuracy of 

hyphenation reached a modest 61.71%. Interestingly, after our explanations 

of what went wrong, this large language model gave examples confirming 

that it agrees with our suggestions, but repeated the same mistakes again, 

sometimes more than three times in a row. 

The Serbian sample consisted of 3020 manually syllabified Serbian 

words. We first started with the same approach used for the Macedonian 

language, by simply modifying the sonority weights of the phonemes. After 

obtaining an accuracy of 75.34%, the constraint for the segmentation when 

the monotonic non-decreasing ends was adjusted with the constraint that 

the new syllable starts when the monotonic increase starts. With this 

adjustment, the accuracy of the baseline algorithm reached 97.59%, which 

was quite satisfactory. Most of the mistakes were related to words with non-

sonoric ʨ: ʘʨ-ʤʠ-ʿ ʘ, ʤʦʨ-ʥʘʨ and ʫ-ʧʦʨ-ʥʦ instead of ʘ-ʨʤʠ-ʿ ʘ, ʤʦ-ʨʥʘʨ 

and ʫ-ʧʦ-ʨʥʦ. Additionally, the inseparable Macedonian suffix ʩʢʠ has 

caused problems in the Serbian language as well, such as in the words: ʛʨʘ-

ʜʩʢʦʛ, ˀʫ-ʜʩʢʠ and ʩʦʚ-ʿ ʝ-ʪʩʢʘ. Apart from the fact that it was not 

segmented, it also collected the consonant that precedes it into a syllable. 

Several words containing the phoneme ʢ (ʣʘʢ-h ʝ instead of ʣʘ-ʢʰʝ, or 

ʧʦʪ-ʩʤʝ-ʭʦʤ instead of ʧʦ-ʪʩʤʝ-ʭʦʤ) were also not correctly syllabified. 

The last problem was the consonant group ʧʰʪ, which should remain as a 

whole: ʦ-ʧʰʪʝ, ʩʘ-ʦ-ʧʰʪʠ, and ʫ-ʦ-ʧʰʪʝ. 

By modifying the sonority of non-sylabic ʨ, i.e. ʨ which is not 

between two consonants from 8 to 6, the accuracy reached 98.68%, 

exceeding the rule-based syllabification accuracy [10]. Fine tuning of the 

sonority weights will be our next attempt to further improve the accuracy. 

Similarly to Macedonian, we again tested ChatGPT. The accuracy of 

Serbian hyphenation was slightly better, reaching an acceptable 79.70% 

accuracy. Transliteration existed in a more subtle way: ʙʘ-ʿ ʦ-net, and ʙʫ-dem. 
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Spelling mistakes also occurred: ʚʝ-ʯʠ-ʥʦʤ and ʙʫ-ʜʘ hinstead of ʚʝ-˂ ʠ-ʥʦʤ 

and ʙʫ-ʜʝ.h Consonants with the same sonority were separated: ʘʢ-ʪʠʚ, ʙʦʣ-

ʥʠ-ʮʝ and ʙʝ-ʣʝʞ-ʥʠʢ instead of ʘ-ʢʪʠʚ, ʙʦ-ʣʥʠ-ʮʝ and ʙʝ-ʣʝ-ʞʥʠʢ. 

When we informed ChatGPT that regardless of the training it had 

successfully completed, it had poorly realized the hyphenation of these two 

Slavic languages, the chatbot suggested that we try to repeat the same 

experiment with the professional version of Get Pro, the price of which is 

200 US$ per month. For now, we decided to leave this offer, especially 

because our system is still in the development phase. 

5. Conclusions and Further Work 

Novacula Occami or Occam's razor [12] teaches us that the simplest 

solution is often the best one. In this study, we have seen that the most 

straightforward approach to syllabic hyphenation for Macedonian and 

Serbian, based on the sonority of the languages, is both practical and 

efficient. By prioritizing simplicity, we have achieved a robust model for 

hyphenation that respects the core principles of syllabic structure without 

unnecessary complexity. 

The main reason contributing to the high accuracy of syllabic 

hyphenation is the phonemic orthography of both languages where one 

phoneme is represented by one grapheme in the Cyrillic script. The 

languages are closely related but have different syllabification patterns. In 

Macedonian, hyphenation is based more on the phonemic sonority, where 

sounds of the same sonority are separated, while in Serbian, the syllable 

boundary tends to preserve a stronger connection between phonemes, 

regardless of their phonetic features. 

The approach we proposed is extremely simple and at the same 

time, very efficient. We intend to further improve it by taking into account 

the PoS tags for the Macedonian language and the exclusions for Serbian, 

hoping to reach an accuracy of over 99%. The simplicity of the model 

allows for better generalization and faster fine-tuning, while still capturing 

the essential patterns of syllabification in both languages. 

  



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

85 

References 

[1] Walker, S. (2014). Typography & language in everyday life: Prescriptions and 
practices. Routledge. 

[2] Hªikiº, T., Bertram, R., & Hyºnª, J. (2016). The hyphen as a syllabification cue 
in reading bisyllabic and multisyllabic words among Finnish 1st and 2nd 

graders. Reading and Writing, 29, 159-182. 

[3] McCaskill, M. K. (1990). Grammar, punctuation, and capitalization: a 
handbook for technical writers and editors (Vol. 7084). National Aeronautics 

and Space Administration, Office of Management, Scientific and Technical 

Information Division. 

[4] Schl¿cker, B. (2023). Compounding and linking elements in Germanic. In 
Oxford Research Encyclopedia of Linguistics. 

[5] Mitreska, M., & Zdravkova, K. (2023, May). Syllable and Morpheme 
Segmentation of Macedonian Language. In 2023 46th MIPRO ICT and 

Electronics Convention (MIPRO) (pp. 1113-1118). IEEE. 

[6] Zdravkova, K., & Kuzmanova, J. (2024). Sonority Based Syllabification of 
Macedonian and Serbian. Technical editors, 11. 

[7] Krstev, C. (1991). Serbo-Croatian hyphenation: a TEX point of view. TUGboat, 

12(2), 215-223. 

[8] Vitas, D., Pavloviĺ-Laģetiĺ, G., & Krstev, C. (2007). About word length 

counting in Serbian (pp. 301-317). Springer Netherlands. 

[9] Radojiļiĺ, M., Laziĺ, B., Kaplar, S., Stankoviĺ, R., Obradoviĺ, I., Maļutek, J., 
& Leġġov§, L. (2019). Frequency and length of syllables in Serbian. 

Glottometrics, 45, 114-123. 

[10] A. Kovaļ, M. Markoviĺ M: A Mixed-principle Rule-based Approach to the 

Automatic Syllabification of Serbian. Contributions to Contemporary History / 

Prispevki za Novejġo Zgodovino. 2019. 

[11] G. Clements: The sonority cycle and syllable organization, Phonologica, 63-76, 

1988. 

[12] Domingos, P. (1999). The role of Occam's razor in knowledge discovery. Data 
mining and knowledge discovery, 3, 409-425. 

  



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

86 

ȏʌʏɺʏɹʎɷНʐʏʀʁʌɷНʑʁʘʆНʍɷʊʁʀʏʎʒʊʏɺНʆНʒʑʐʒʊʏɺНʧʁʅʆʊɷН
ʐʑʆʍʁʎʏʍНʅɹʔʘʎʏʒʓʆ 

ʂʘʪʝʨʠʥʘ ɿʜʨʘʚʢʦʚʘ, ɱʘʥʘ ʂʫʟʤʘʥʦʚʘ 

ȏɷʄʁʓɷʊ 

ʆʚʘʿ ʨʘʜ ʨʘʟʤʘʪʨʘ ʧʨʦʮʝʩ ʩʣʦʛʦʚʥʝ ʧʦʜʝʣʝ ʨʝʯʠ ʤʘʢʝʜʦʥʩʢʦʛ ʠ 

ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʧʨʠʤʝʥʦʤ ʦʨʠʛʠʥʘʣʥʦʛ ʧʨʠʩʪʫʧʘ ʢʦʿʠ ʩʝ ʟʘʩʥʦʚʘ ʥʘ 

ʟʚʫʯʥʦʩʪʠ ʬʦʥʝʤʘ. ɳʝʛʦʚʘ ʛʣʘʚʥʘ ʧʨʝʪʧʦʩʪʘʚʢʘ ʿ ʝ ʜʘ ʟʚʫʯʥʦʩʪ ʬʦʥʝʤʘ 

ʨʘʩʪʝ ʦʜ ʧʨʠʩʪʫʧʘ ʧʨʝʤʘ ʿʝʟʛʨʫ, ʜʘ ʙʠ ʦʧʝʪ ʧʘʣʘ ʧʨʝʤʘ ʦʜʩʪʫʧʫ. ɼʘ ʙʠ ʩʝ 

ʢʦʥʩʪʨʫʠʩʘʦ ʘʫʪʦʤʘʪʩʢʠ ʩʠʩʪʝʤ ʟʘ ʝʬʠʢʘʩʥʫ ʠ ʪʘʯʥʫ ʩʣʦʛʦʚʥʫ ʧʦʜʝʣʫ 

ʨʝʯʠ, ʤʘʢʝʜʦʥʩʢʝ ʠ ʩʨʧʩʢʝ ʬʦʥʝʤʝ ʩʫ ʢʘʪʝʛʦʨʠʩʘʥʝ ʫ ʥʝʢʦʣʠʢʦ ʪʠʧʦʚʘ, ʘ 

ʟʚʫʯʥʦʩʪ ʦʚʠʭ ʬʦʥʝʤʘ ʿʝ ʜʝʬʠʥʠʩʘʥʘ ʜʘ ʙʠ ʩʝ ʦʜʨʝʜʠʣʝ ʛʨʘʥʠʮʝ ʩʣʦʛʦʚʘ. 

ʆʙʘ ʿʝʟʠʢʘ ʢʦʨʠʩʪʝ ʩʘʤʦʛʣʘʩʥʠʢʝ ʠ ʩʣʦʛʦʪʚʦʨʥʠ ʩʦʥʘʥʪ ʨ ʢʘʦ 

ʥʦʩʠʦʮʝ ʩʣʦʛʘ. ʉʢʫʧ ʿʝʟʛʘʨʘ ʫ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ ʧʨʦʰʠʨʝʥ ʿʝ ʠ ʩʦʥʘʥʪʠʤʘ ʣ 

ʠ ʥ ʢʦʿʠ ʤʦʛʫ ʙʠʪʠ ʩʣʦʛʦʪʚʦʨʥʠ. ʉʘʤʦʛʣʘʩʥʠʮʠʤʘ ʠ ʩʦʥʘʥʪʠʤʘ ʿʝ 

ʜʦʜʝˀʝʥʘ ʥʘʿʚʠʰʘ ʟʚʫʯʥʦʩʪ. ʉʫʛʣʘʩʥʠʮʠ ʩʫ ʧʦʜʝˀʝʥʠ ʫ ʜʚʝ ʢʘʪʝʛʦʨʠʿʝ: 

ʟʚʫʯʥʠ ʠ ʙʝʟʚʫʯʥʠ. ʉʨʧʩʢʠ ʿʝʟʠʢ ʧʨʝʧʦʟʥʘʿʝ ʪʨʠ ʜʦʜʘʪʥʝ ʢʘʪʝʛʦʨʠʿʝ: 

ʧʨʘʩʢʘʚʠ, ʩʪʨʫʿʥʠ ʠ ʩʣʠʚʝʥʠ, ʧʨʠ ʯʝʤʫ ʟʚʫʯʥʦʩʪ ʦʧʘʜʘ ʦʜ ʧʨʘʩʢʘʚʠʭ 

ʧʨʝʤʘ ʩʣʠʚʝʥʠʤ ʩʫʛʣʘʩʥʠʮʠʤʘ. 

ɼʘ ʙʠ ʩʝ ʦʜʨʝʜʠʣʘ ʿʝʟʛʨʘ ʠ ʛʨʘʥʠʮʝ ʩʣʦʛʦʚʘ, ʫʚʝʣʠ ʩʤʦ ʤʝʪʦʜʫ 

ʪʨʦʩʪʨʫʢʝ ʨʘʟʣʠʢʝ ʢʦʿʘ ʠʟʨʘʯʫʥʘʚʘ ʨʘʟʣʠʢʫ ʫ ʟʚʫʯʥʦʩʪʠ ʠʟʤʝʹʫ ʩʫʩʝʜʥʠʭ 

ʬʦʥʝʤʘ. ʆʥʘ ʿʝ ʧʦʟʠʪʠʚʥʘ ʩʘʤʦ ʢʘʜʘ ʿʝ ʬʦʥʝʤʘ ʿʝʟʛʨʦ ʩʣʦʛʘ. ɼʘ ʙʠ ʦʚʦ 

ʧʨʘʚʠʣʦ ʚʘʞʠʣʦ ʠ ʫ ʩʣʫʯʘʿʫ ʫʟʘʩʪʦʧʥʠʭ ʩʘʤʦʛʣʘʩʥʠʢʘ, ʠʟʤʝʹʫ ˁ ʠʭ ʩʝ 

ʜʦʜʘʿʝ ʬʠʢʪʠʚʥʠ ʢʦʥʩʦʥʘʥʪ FC. ɿʚʫʯʥʦʩʪ FC ʠ ʛʨʘʥʠʮʝ ʨʝʯʠ ʿʝ 0. 

ʄʦʜʝʣʠ ʩʣʦʛʦʚʥʝ ʮʨʪʠʮʝ ʩʫ ʨʘʟʚʠʿʝʥʠ ʫ ʧʨʦʛʨʘʤʩʢʦʤ ʿʝʟʠʢʫ 

Python, ʩʘ ʧʨʠʣʘʛʦʹʘʚʘˁʠʤʘ ʟʘ ʤʘʢʝʜʦʥʩʢʠ ʠ ʩʨʧʩʢʠ ʿʝʟʠʢ ʥʘ ʦʩʥʦʚʫ 

ʟʚʫʯʥʦʩʪʠ. 

ʆʩʥʦʚʥʠ ʤʦʜʝʣ ʟʘ ʤʘʢʝʜʦʥʩʢʠ ʿʝʟʠʢ ʿʝ ʧʦʩʪʠʛʘʦ ʪʘʯʥʦʩʪ ʦʜ 

88,70%. ʇʦʛʨʝʰʥʝ ʧʦʜʝʣʝ ʩʫ ʩʝ ʧʨʚʝʥʩʪʚʝʥʦ ʦʜʥʦʩʠʣʝ ʥʘ ʩʧʝʮʠʿʘʣʥʝ 

ʩʫʬʠʢʩʝ ʩʢʠ, ʩʪʚʦ ʠ ʩʪʚʝʥ, ʢʦʿʠ ʧʨʝʤʘ ʧʨʘʚʦʧʠʩʫ ʫʚʝʢ ʧʨʠʧʘʜʘʿʫ ʠʩʪʦʤ 

ʩʣʦʛʫ. ʅʘʢʦʥ ʧʨʠʣʘʛʦʹʘʚʘˁʘ, ʪʘʯʥʦʩʪ ʧʦʜʝʣʘ ʫ ʤʘʢʝʜʦʥʩʢʦʤ ʿʝʟʠʢʠ ʩʝ 

ʧʦʧʝʣʘ ʥʘ 97,59%. ʇʨʦʙʣʝʤʠ ʩʫ ʫʢˀʫʯʠʚʘʣʠ ʨʫʢʦʚʘˁʝ ʩʣʦʞʝʥʠʤ 

ʩʫʬʠʢʩʠʤʘ ʠ ʛʨʫʧʘʤʘ ʩʫʛʣʘʩʥʠʢʘ. 

ʋ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ, ʥʘʿʚʝ˂ʠ ʠʟʘʟʦʚ ʿʝ ʙʠʣʦ ʥʝʩʣʦʛʦʪʚʦʨʥʦ ʨ, ʯʠʿʘ ʿʝ 

ʟʚʫʯʥʦʩʪ ʙʠʣʘ ʩʤʘˁʝʥʘ ʥʘ 6. ʆʚʠʤ ʧʦʙʦˀʰʘˁʝʤ, ʢʦʥʘʯʥʘ ʧʨʝʮʠʟʥʦʩʪ ʿʝ 

ʜʦʩʪʠʛʣʘ 98,68%. 

ʇʘʨʘʣʝʣʥʦ ʩʘ ʩʦʧʩʪʚʝʥʠʤ ʧʨʠʩʪʫʧʦʤ, ʫʧʦʨʝʜʠʣʠ ʩʤʦ ʨʝʟʫʣʪʘʪʝ 

ʢʦʨʠʩʪʝ˂ʠ ChatGPT. ʇʨʚʦ ʩʤʦ ʛʘ ʧʘʞˀʠʚʦ ʦʙʫʯʠʣʠ, ʘ ʧʦʩʣʝ ʧʨʚʠʭ 
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ʥʝʫʩʧʝʰʥʠʭ ʧʦʢʫʰʘʿʘ, ʧʦʥʦʚʠʣʠ ʩʤʦ ʦʙʫʢʫ ʦʙʿʘʰˁʘʚʘʿʫ˂ʠ ʛʨʝʰʢʝ. 

ʋʧʨʢʦʩ ʦʚʠʤ ʧʦʢʫʰʘʿʠʤʘ, ChatGPT ʿʝ ʧʦʢʘʟʘʦ ʣʦʰʫ ʪʘʯʥʦʩʪ ʧʦʜʝʣʝ ʨʝʯʠ 

ʥʘ ʩʣʦʛʦʚʝ (61,71% ʟʘ ʤʘʢʝʜʦʥʩʢʠ ʠ 79,70% ʟʘ ʩʨʧʩʢʠ), ʧʦʩʝʙʥʦ ʟʙʦʛ 

ʫʙʘʮʠʚʘˁʘ ʪʨʘʥʩʣʠʪʝʨʠʨʘʥʠʭ ʩʣʦʚʘ ʫ ʥʝʢʠʤ ʨʝʯʠʤʘ, ʘ ʢʘʪʢʘʜ ʿʝ ʧʨʘʚʠʦ ʠ 

ʧʨʘʚʦʧʠʩʥʝ ʛʨʝʰʢʝ. 

ʇʨʠʩʪʫʧ ʟʘʩʥʦʚʘʥ ʥʘ ʟʚʫʯʥʦʩʪʠ ʢʦʿʠ ʧʨʝʜʣʘʞʝʤʦ ʧʦʢʘʟʘʦ ʩʝ ʢʘʦ 

ʿʝʜʥʦʩʪʘʚʘʥ, ʘʣʠ ʝʬʠʢʘʩʘʥ ʤʝʪʦʜ ʟʘ ʧʦʜʝʣʫ ʨʝʯʠ ʥʘ ʩʣʦʛʦʚʝ, ʢʦʿʠ ʜʘʿʝ 

ʚʠʩʦʢʫ ʧʨʝʮʠʟʥʦʩʪ ʟʘ ʦʙʘ ʿʝʟʠʢʘ. ʆʯʝʢʫʿʝʤʦ ʜʘ ʙʠ ʜʘˀʘ ʧʦʙʦˀʰʘˁʘ 

ʤʦʛʣʘ ʫʢˀʫʯʠʪʠ ʠʥʬʦʨʤʘʮʠʿʝ ʫ ʚʝʟʠ ʚʨʩʪʝ ʨʝʯʠ ʟʘ ʤʘʢʝʜʦʥʩʢʠ ʿʝʟʠʢ ʠ 

ʬʠʥʦ ʧʦʜʝʰʘʚʘˁʝ ʟʚʫʯʥʦʩʪʠ ʟʘ ʩʨʧʩʢʠ ʿ ʝʟʠʢ. ʂʨʘʿˁʠ ʮʠˀ ʦʚʠʭ 

ʤʦʜʠʬʠʢʘʮʠʿʘ ʿʝ ʜʘ ʪʘʯʥʦʩʪ ʧʦʜʝʣʘ ʟʘ ʦʙʘ ʿʝʟʠʢʘ ʥʘʜʤʘʰʠ 99%. 
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ɱʝʣʝʥʘ ʄʘʨʢʦʚʠ˂1 0000-0003-4962-3754 

Ǵʐʒʓʑɷʊʓ 

ʋ ʦʚʦʤ ʯʣʘʥʢʫ ʛʦʚʦʨʠʤʦ ʦ ʢʦʥʪʨʘʩʪʠʚʥʦʿ ʘʥʘʣʠʟʠ ʤʝʹʫʿʝʟʠʢʘ 

ʠʟ ʫʛʣʘ ʩʨʙʦʬʦʥʝ ʘʢʘʜʝʤʩʢʝ ʟʘʿʝʜʥʠʮʝ, ʦʜʥʦʩʥʦ ʦʧʠʩʫʿʝʤʦ ʧʦʩʪʦʿʝ˂ʝ 

ʫʯʝʥʠʯʢʝ ʢʦʨʧʫʩʝ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ʝʥʛʣʝʩʢʦʛ ʿʝʟʠʢʘ: ICLE-SE, 

ʢʦʤʧʦʥʝʥʪʫ ʪʨʝʥʫʪʥʦ ʥʘʿʟʥʘʯʘʿʥʠʿʝʛ ʫʯʝʥʠʯʢʦʛ ʢʦʨʧʫʩʘ ʝʥʛʣʝʩʢʦʛ 

ʿʝʟʠʢʘ, The International Corpus of Learner English v3 (UCLouvain, 

ɹʝʣʛʠʿʘ), ʢʘʦ ʠ ʂʦʨʧʫʩ ʩʪʫʜʝʥʘʪʘ ʘʥʛʣʠʩʪʠʢʝ (ʂʦʨʉɸʥʛ) ʧʨʠ ʎʝʥʪʨʫ 

ʟʘ ʜʠʛʠʪʘʣʥʫ ʭʫʤʘʥʠʩʪʠʢʫ ʌʠʣʦʟʦʬʩʢʦʛ ʬʘʢʫʣʪʝʪʘ ʇʘʣʝ, ʢʦʨʠʩʪʝ˂ʠ ʠʭ 

ʥʘ ʧʨʠʤʝʨʫ ʠʩʪʨʘʞʠʚʘˁʘ ʬʝʥʦʤʝʥʘ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ. 

ʌʝʥʦʤʝʥ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʧʦʩʤʘʪʨʘʤʦ ʜʦʤʠʥʘʥʪʥʦ ʢʨʦʟ 

ʥʝʦʜʨʝʹʝʥʦ some, ʫʟ ʥʝʦʜʨʝʹʝʥʝ ʟʘʤʝʥʠʯʢʝ ʦʙʣʠʢʝ somebody, someone, 

something, ʦʜʥʦʩʥʦ ʝʢʚʠʚʘʣʝʥʪʥʝ ʬʦʨʤʝ ʥʝʦʜʨʝʹʝʥʦʛ ʥʝʢʠ ʫ ʩʨʧʩʢʦʤ 

ʿʝʟʠʢʫ. ʈʝʟʫʣʪʘʪʠ, ʢʦʿʝ ʜʦʙʠʿʘʤʦ ʥʘʢʦʥ ʘʥʘʣʠʟʝ ʠ ʪʫʤʘʯʝˁʘ ʢʦʨʠʰ˂ʝˁʘ 

ʮʠˀʥʠʭ ʝʢʩʧʦʥʝʥʘʪʘ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʫ ʧʠʩʘˁʫ ʥʘ ʝʥʛʣʝʩʢʦʤ 

ʢʘʦ ʩʪʨʘʥʦʤ ʫ ʢʦʨʧʫʩʫ ICLE-SE, ʫʢʘʟʫʿʫ ʥʘ ʫʯʝʩʪʘʣʦ ʠ ʩʥʘʞʥʦ 

ʦʩʣʘˁʘˁʝ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ʥʘ ʧʦʤʝʥʫʪʝ ʝʢʩʧʦʥʝʥʪʝ, ʥʝʨʝʪʢʦ ʥʘ 

ʫʰʪʨʙ ʿʘʩʥʦ˂ʝ ʠʣʠ ʧʨʠʨʦʜʥʦʩʪʠ ʠʩʢʘʟʘ. ɼʘˀʠʤ ʧʦʨʝʹʝˁʠʤʘ ʫʦʯʘʚʘʤʦ 

ʜʘ ʩʨʙʦʬʦʥʠ ʛʦʚʦʨʥʠʮʠ ʝʥʛʣʝʩʢʦʛ ʟʥʘʯʘʿʥʦ ʯʝʰ˂ʝ ʧʦʩʝʞʫ ʟʘ 

ʥʘʚʝʜʝʥʠʤ ʦʙʣʠʮʠʤʘ ʦʜ ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ ʜʨʫʛʠʭ ʤʘʪʝʨˁʠʭ ʿʝʟʠʢʘ. 

ɸʥʘʣʠʟʠʨʘˁʝ ʫʧʦʪʨʝʙʘ ʝʢʚʠʚʘʣʝʥʪʥʠʭ ʦʙʣʠʢʘ ʫ ʧʠʩʘˁʫ ʥʘ ʩʨʧʩʢʦʤ 

ʢʘʦ ʤʘʪʝʨˁʝʤ ʿʝʟʠʢʫ ʥʘ ʧʨʠʤʝʨʠʤʘ ʢʦʨʧʫʩʘ ʂʦʨʉʉɸʥʛ ʫʚʝʨʘʚʘ ʥʘʩ ʜʘ 

_____________________ 
1 ʋʥʠʚʝʨʟʠʪʝʪ ʫ ʀʩʪʦʯʥʦʤ ʉʘʨʘʿʝʚʫ, ʌʠʣʦʟʦʬʩʢʠ ʬʘʢʫʣʪʝʪ ʇʘʣʝ, jelena.markovic@ff.ues.rs.ba 
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ʧʦʩʪʦʿʠ ʪʘʢʚʘ ʪʝʥʜʝʥʮʠʿʘ ʠ ʫ ʦʚʦʤ ʢʦʨʧʫʩʫ, ʢʘʢʦ ʧʦ ʬʨʝʢʚʝʥʪʥʦʩʪʠ 

ʪʘʢʦ ʠ ʧʦ ʩʥʘʞʥʦʤ ʦʩʣʘˁʘˁʫ ʥʘ ʝʢʚʠʚʘʣʝʥʪʥʦ ʥʝʢʠ. 

ɿʘʢˀʫʯʫʿʝʤʦ ʜʘ ʿʝ ʪʝʥʜʝʥʮʠʿʘ ʢʦʨʠʰ˂ʝˁʘ ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ ʫ 

ʝʥʛʣʝʩʢʦʤ ʢʘʦ ʩʪʨʘʥʦʤ ʢʦʜ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ʨʝʟʫʣʪʘʪ ʢʘʢʦ 

ʫʥʠʚʝʨʟʘʣʥʠʭ ʪʝʥʜʝʥʮʠʿʘ ʫ ʧʠʩʘˁʫ ʥʘ ʩʪʨʘʥʦʤ ʿʝʟʠʢʫ ʪʘʢʦ ʠ 

ʢʫʣʪʫʨʦʣʦʰʢʠʭ ʠ ʿʝʟʠʯʢʠʭ ʦʩʦʙʝʥʦʩʪʠ ʧʠʩʘˁʘ ʥʘ ʩʨʧʩʢʦʤ ʢʘʦ 

ʤʘʪʝʨˁʝʤ ʿʝʟʠʢʫ. ɼʦʜʘʪʥʦ ʟʘʢˀʫʯʫʿʝʤʦ ʜʘ ʿʝ ʟʘ ʩʨʦʜʥʘ ʤʝʪʦʜʦʣʦʰʢʘ 

ʠʩʪʨʘʞʠʚʘˁʘ ʢʦʥʪʨʘʩʪʠʚʥʘ ʘʥʘʣʠʟʘ ʤʝʹʫʿʝʟʠʢʘ ʥʝʟʘʦʙʠʣʘʟʥʘ 

ʤʝʪʦʜʦʣʦʛʠʿʘ ʫ ʠʩʪʨʘʞʠʚʘˁʠʤʘ ʫʯʝʥʠʯʢʠʭ ʢʦʨʧʫʩʘ, ʘ ʧʦʤʝʥʫʪʠ 

ʩʨʙʦʬʦʥʠ ʫʯʝʥʠʯʢʠ ʢʦʨʧʫʩʠ ʨʝʩʫʨʩʠ ʟʥʘʯʘʿʥʦʛ ʧʦʪʝʥʮʠʿʘʣʘ ʟʘ ʩʨʦʜʥʝ 

ʪʝʤʝ ʫ ʧʨʠʤʝˁʝʥʦʿ ʣʠʥʛʚʠʩʪʠʮʠ ʥʘ ʩʨʧʩʢʦʤ ʛʦʚʦʨʥʦʤ ʧʦʜʨʫʯʿʫ. 

ȇʠʔʘʎʁНʑʁʘʆа ʢʦʥʪʨʘʩʪʠʚʥʘ ʘʥʘʣʠʟʘ ʤʝʹʫʿʝʟʠʢʘ, International Corpus of 

Learner English v3, ʂʦʨʉɸʥʛ, ʿʝʟʠʯʢʘ ʥʝʦʜʨʝʹʝʥʦʩʪ 

1. ȑɹʏʀ 

ʇʦʿʘʚˀʠʚʘˁʝ ʢʦʥʪʨʘʩʪʠʚʥʝ ʘʥʘʣʠʟʝ ʤʝʹʫʿʝʟʠʢʘ (ʝʥʛʣ. 

Contrastive Interlanguage Analysis),2 ʢʘʦ ʥʦʚʦʛ ʪʠʧʘ ʢʦʥʪʨʘʩʪʠʨʘˁʘ ʫ 

ʧʨʠʤʝˁʝʥʦʿ ʣʠʥʛʚʠʩʪʠʮʠ, ʨʝʟʫʣʪʘʪ ʿʝ ʨʝʜʝʬʠʥʠʩʘˁʘ ʠ ʠʥʦʚʠʨʘˁʘ 

ʢʦʥʪʨʘʩʪʠʚʥʝ ʤʝʪʦʜʦʣʦʛʠʿʝ ʫ ʪʝʦʨʠʿʠ ʫʯʝˁʘ ʠ ʫʩʚʘʿʘˁʘ ʩʪʨʘʥʦʛ ʿʝʟʠʢʘ. 

ʋ ʥʦʚʦʥʘʩʪʘʣʦʤ ʜʠʛʠʪʘʣʥʦʤ ʦʢʨʫʞʝˁʫ ʦʚʘʿ ʥʦʚʠ ʪʠʧ ʢʦʥʪʨʘʩʪʠʨʘˁʘ 

ʧʨʘʪʠʣʦ ʿʝ ʬʦʨʤʠʨʘˁʝ ʧʨʚʠʭ ʦʙʠʤʥʠʭ ʝʣʝʢʪʨʦʥʩʢʠʭ ʫʯʝʥʠʯʢʠʭ 

ʢʦʨʧʫʩʘ (ʝʥʛʣ. learner corpora), ʢʘʦ ʥʦʚʝ ʧʘʨʘʜʠʛʤʝ ʧʦʜʘʪʘʢʘ ʫ 

ʠʩʪʨʘʞʠʚʘˁʠʤʘ ʫ ʦʢʚʠʨʫ ʧʨʠʤʝˁʝʥʝ ʣʠʥʛʚʠʩʪʠʢʝ (Granger, 2002; 

Gilquin, Granger, & Paquot, 2007), ʟʘ ʨʘʟʣʠʢʫ ʦʜ ʜʦ ʪʘʜʘ ʢʦʨʠʰ˂ʝʥʝ 

ʦʩʢʫʜʥʝ ʧʘʨʘʜʠʛʤʝ ʿʝʟʠʯʢʝ ʧʨʦʜʫʢʮʠʿʝ.3 ʇʦʿʘʚʘ ʫʯʝʥʠʯʢʠʭ ʢʦʨʧʫʩʘ 

ʩʪʦʛʘ ʧʨʝʜʩʪʘʚˀʘ ʤʥʦʛʦ ʚʠʰʝ ʦʜ ʦʩʥʦʚʝ ʟʘ ʠʥʦʚʠʨʘˁʝ ʢʦʥʪʨʘʩʪʠʨʘˁʘ, 

ʿʝʨ ʟʘʧʨʘʚʦ ʧʨʝʜʩʪʘʚˀʘ ʥʦʚʫ ʬʘʟʫ ʫ ʨʘʟʚʦʿʫ ʪʝʦʨʠʿʝ ʫʯʝˁʘ ʠ ʫʩʚʘʿʘˁʘ 

ʩʪʨʘʥʠʭ ʿʝʟʠʢʘ, ʢʦʿʘ ʿʝ ʟʘ ʢʨʘʪʢʦ ʚʨʝʤʝ ʩʚʦʛ ʧʦʩʪʦʿʘˁʘ ʜʘʣʘ ʚʝʣʠʢʠ 

ʥʘʫʯʥʠ ʜʦʧʨʠʥʦʩ ʰʠʨʦʤ ʩʚʝʪʘ: ʦʙʿʘʚˀʠʚʘˁʝ ʙʨʦʿʥʠʭ ʤʦʥʦʛʨʘʬʩʢʠʭ ʠ 

ʜʨʫʛʠʭ ʧʫʙʣʠʢʘʮʠʿʘ, ʦʩʤʠʰˀʘʚʘˁʝ ʥʦʚʠʭ ʫʥʠʚʝʨʟʠʪʝʪʩʢʠʭ ʢʫʨʩʝʚʘ ʥʘ 

ʨʘʟʣʠʯʠʪʠʤ ʥʠʚʦʠʤʘ, ʠʟʚʦʹʝˁʝ ʜʦʢʪʦʨʩʢʠʭ ʠʩʪʨʘʞʠʚʘˁʘ, ʧʦʢʨʝʪʘˁʝ 

ʥʦʚʠʭ ʥʘʫʯʥʠʭ ʯʘʩʦʧʠʩʘ, ʫʟ ʟʥʘʯʘʿʘʥ ʧʨʘʪʝ˂ʠ ʪʝʦʨʠʿʩʢʠ ʜʦʧʨʠʥʦʩ ʫ 

_____________________ 
2 ʊʝʨʤʠʥ Contrastive Interlanguage Analysis ʧʨʚʠ ʧʫʪ ʿʝ ʫʧʦʪʨʝʙʠʣʘ ʉʠʣʚʠʿʘʥʘ ɻʨʝʿʥ˅ʝʨ 

[Sylviane Granger] 1996. ʛʦʜʠʥʝ ʫ ʨʘʜʫ ʧʦʜ ʥʘʟʠʚʦʤ ñFrom CA to CIA and back: An integrated 

approach to computerized bilingual and learner corporaò. 
3 ʀʟʥʝʥʘʹʫʿʫ˂ʝ ʿʝ ʢʦʣʠʢʦ ʿʝ ʿʝʟʠʯʢʘ ʧʨʦʜʫʢʮʠʿʘ ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ ʜʦ ʧʦʿʘʚʝ ʫʯʝʥʠʯʢʠʭ 

ʢʦʨʧʫʩʘ ʟʘʧʨʘʚʦ ʢʘʩʢʘʣʘ ʫ ʧʝʨʠʦʜʫ ʧʨʦʮʚʘʪʘ ʧʨʠʤʝˁʝʥʝ ʣʠʥʛʚʠʩʪʠʢʝ, ʦʯʠʛʣʝʜʥʦ ʟʘʥʝʤʘʨʝʥʘ 

ʫ ʚʝʣʠʢʦʤ ʙʨʦʿʫ ʢʘʢʦ ʤʝʪʦʜʦʣʦʰʢʠʭ ʪʘʢʦ ʠ ʪʝʦʨʠʿʩʢʠʭ ʥʝʫʩʘʛʣʘʰʝʥʦʩʪʠ ʠ ʠʟʘʟʦʚʘ ʩ ʢʦʿʠʤʘ 

ʩʝ ʧʨʠʤʝˁʝʥʘ ʣʠʥʛʚʠʩʪʠʢʘ ʩʫʩʨʝʪʘʣʘ ʫ ʩʚʦʿʠʤ ʧʨʚʠʤ ʜʝʮʝʥʠʿʘʤʘ ʬʦʨʤʘʣʥʦʛ ʧʦʩʪʦʿʘˁʘ 

(Chaudron, 2003: 774ï776; Gass & Polio, 2014: 168ï169; ʄʘʨʢʦʚʠ˂, 2019). 
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ʢʦʤʧʣʝʤʝʥʪʘʨʥʠʤ ʜʠʩʮʠʧʣʠʥʘʤʘ ʧʦʧʫʪ ʬʠʣʦʟʦʬʠʿʝ ʿʝʟʠʢʘ, 

ʧʨʘʛʤʘʪʠʢʝ, ʘʥʘʣʠʟʝ ʜʠʩʢʫʨʩʘ, ʩʦʮʠʦʣʠʥʛʚʠʩʪʠʢʝ ʠ ʩʪʠʣʠʩʪʠʢʝ. 

ʂʨʠʪʝʨʠʿʫʤʠ ʬʦʨʤʠʨʘˁʘ ʝʣʝʢʪʨʦʥʩʢʠʭ ʢʦʨʧʫʩʘ ʫ ʮʠˀʫ 

ʩʚʨʩʠʩʭʦʜʥʦʩʪʠ ʤʦʨʘʿʫ ʜʘ ʙʫʜʫ ʩʪʨʦʛʠ ʠ ʝʢʩʧʣʠʮʠʪʥʠ. ʅʘʠʤʝ, ʤʦʨʘʿʫ 

ʩʝ ʙʝʣʝʞʠʪʠ ʧʨʠʤʝʨʠ ʿʝʟʠʯʢʝ ʧʨʦʜʫʢʮʠʿʝ ʥʘʿʧʨʝ ʟʘʿʝʜʥʦ ʩʘ ʧʨʘʪʝ˂ʠʤ ʠ 

ʨʝʣʝʚʘʥʪʥʠʤ ʤʝʪʘʧʦʜʘʮʠʤʘ, ʘ ʦʜʣʫʢʘ ʦ ʪʦʤʝ ʢʦʿʠ ˂ʝ ʤʝʪʘʧʦʜʘʮʠ ʙʠʪʠ 

ʫʢˀʫʯʝʥʠ ʟʘʚʠʩʠ ʦʜ ʧʨʦʥʠʮˀʠʚʦʩʪʠ ʠ ʨʘʩʫʹʠʚʘˁʘ ʫ ʧʨʝʜʚʠʹʘˁʫ ʢʦʿʝ 

ʩʝ ʚʘʨʠʿʘʙʣʝ ʤʦʛʫ ʩʤʘʪʨʘʪʠ ʟʥʘʯʘʿʥʠʤ ʟʘ ʙʫʜʫ˂ʝ ʠʩʪʨʘʞʠʚʘʯʝ, ʰʪʦ 

ʿʝʩʪʝ ʟʘʭʪʝʚʘʥ ʢʦʨʘʢ ʫ ʬʦʨʤʠʨʘˁʫ ʝʣʝʢʪʨʦʥʩʢʠʭ ʙʘʟʘ ʘʫʪʝʥʪʠʯʥʝ 

ʿʝʟʠʯʢʝ ʧʨʦʜʫʢʮʠʿʝ. ʇʦʜʨʘʟʫʤʝʚʘ ʩʝ ʜʘ ʩʝ ʤʝʪʘʧʦʜʘʮʠ, ʙʝʟ ʦʙʟʠʨʘ ʥʘ 

ʪʦ ʢʦʿʝ ʩʝ ʚʘʨʠʿʘʙʣʝ ʙʠʨʘʿʫ, ʙʝʣʝʞʝ ʩʠʩʪʝʤʘʪʠʯʥʦ ʠ ʜʦʩʣʝʜʥʦ, ʙʫʜʫ˂ʠ 

ʜʘ ʿʝʜʠʥʦ ʪʘʢʚʦ ʙʝʣʝʞʝˁʝ ʦʜʘʙʨʘʥʠʭ ʤʝʪʘʧʦʜʘʪʘʢʘ ʠʤʘ ʥʘʫʯʥʠ 

ʧʦʪʝʥʮʠʿʘʣ. ʄʝʪʘʧʦʜʘʮʠ ʤʦʛʫ ʙʠʪʠ ʢʣʘʩʠʬʠʢʦʚʘʥʠ ʫ ʚʠʰʝ ʪʠʧʦʚʘ 

ʤʝʪʘʧʦʜʘʪʘʢʘ, ʧʦʧʫʪ ʚʘʨʠʿʘʙʣʠ ʩʘʤʠʭ ʛʦʚʦʨʥʠʢʘ (ʝʥʛʣ. learner 

variables) ʠʣʠ ʚʘʨʠʿʘʙʣʠ ʢʦʥʪʝʢʩʪʘ ʿʝʟʠʯʢʝ ʧʨʦʜʫʢʮʠʿʝ (ʝʥʛʣ. task 

variables). ʂʘʦ ʧʨʠʤʝʨʝ ʚʘʨʠʿʘʙʣʠ ʩʘʤʠʭ ʛʦʚʦʨʥʠʢʘ ʥʘʚʦʜʠʤʦ ʫʟʨʘʩʪ, 

ʦʜʥʦʩʥʦ ʩʪʘʨʦʩʥʫ ʜʦʙ, ʜʫʞʠʥʫ ʫʯʝˁʘ ʩʪʨʘʥʦʛ ʿʝʟʠʢʘ ʠʣʠ ʧʦʟʥʘʚʘˁʝ 

ʜʨʫʛʠʭ ʩʪʨʘʥʠʭ ʿʝʟʠʢʘ. ʂʘʦ ʧʨʠʤʝʨʝ ʚʘʨʠʿʘʙʣʠ ʢʦʥʪʝʢʩʪʘ ʿʝʟʠʯʢʝ 

ʧʨʦʜʫʢʮʠʿʝ ʥʘʚʦʜʠʤʦ ʮʠˀʥʠ ʞʘʥʨ, ʬʘʢʪʦʨ ʤʦʛʫ˂ʥʦʩʪʠ ʢʦʨʠʰ˂ʝˁʘ 

ʠʟʚʦʨʘ ʠʣʠ ʨʝʯʥʠʢʘ, ʬʘʢʪʦʨ ʠʥʪʝʛʨʠʩʘʥʦʩʪʠ ʛʦʚʦʨʥʝ ʩʠʪʫʘʮʠʿʝ ʫ 

ʠʩʧʠʪʥʝ ʟʘʜʘʪʢʝ ʠʣʠ ʬʦʨʤʘʣʥʦ ʦʙʨʘʟʦʚʘˁʝ ʠʣʠ ʬʘʢʪʦʨ ʚʨʝʤʝʥʩʢʦʛ 

ʦʛʨʘʥʠʯʝˁʘ ʛʦʚʦʨʥʝ ʩʠʪʫʘʮʠʿʝ. 

ʅʘʛʣʘʩʠ˂ʝʤʦ ʜʘ ʩʝ ʢʨʠʪʝʨʠʿʫʤ ʦʜʨʝʹʠʚʘˁʘ ʜʠʩʢʫʨʩʘ ʢʘʦ 

ʘʫʪʝʥʪʠʯʥʦʛ ʫ ʿʝʟʠʯʢʦʿ ʧʨʦʜʫʢʮʠʿʠ ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ ʥʝʫʤʠʪʥʦ 

ʨʝʜʝʬʠʥʠʰʝ ʫ ʦʜʥʦʩʫ ʥʘ ʦʜʨʝʹʠʚʘˁʝ ʘʫʪʝʥʪʠʯʥʦʩʪʠ ʫ ʿʝʟʠʯʢʦʿ 

ʧʨʦʜʫʢʮʠʿʠ ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ. ʅʘʠʤʝ, ʟʘ ʨʘʟʣʠʢʫ ʦʜ ʞʠʚʦʪʥʦʛ 

ʦʢʨʫʞʝˁʘ ʫ ʢʦʿʝʤ ʩʝ ʩʚʘʢʦʜʥʝʚʥʦ ʘʫʪʝʥʪʠʯʥʦʩʪ ʛʦʚʦʨʘ ʠʟʚʦʨʥʦʛ ʿʝʟʠʢʘ 

ʟʘʧʨʘʚʦ ʧʦʜʨʘʟʫʤʝʚʘ, ʧʨʦʩʪʦʨ ʟʘ ʘʧʩʦʣʫʪʥʫ ʘʫʪʝʥʪʠʯʥʦʩʪ ʫ ʫʯʝˁʫ 

ʩʪʨʘʥʠʭ ʿʝʟʠʢʘ ʫ ʫʯʠʦʥʠʮʠ ʚʝʦʤʘ ʿʝ ʦʛʨʘʥʠʯʝʥ (Sinclair, 1996; Granger, 

2002: 8). ʉʪʦʛʘ ʩʝ ʘʫʪʝʥʪʠʯʥʦʤ ʧʨʦʜʫʢʮʠʿʦʤ ʥʘ ʩʪʨʘʥʦʤ ʿʝʟʠʢʫ ʤʦʞʝ 

ʩʤʘʪʨʘʪʠ ʿʝʟʠʯʢʘ ʧʨʦʜʫʢʮʠʿʘ ʢʦʿʘ ʠʤʘ ʟʘ ʮʠˀ ʢʦʤʫʥʠʢʘʮʠʿʫ ʥʘ ʩʪʨʘʥʦʤ 

ʿʝʟʠʢʫ, ʘ ʤʦʞʝ ʩʝ ʦʜʚʠʿʘʪʠ ʫ ʫʩʣʦʚʠʤʘ ʢʦʿʠ ʩʫ ʜʝʣʠʤʠʯʥʦ 

ʢʦʥʪʨʦʣʠʩʘʥʠ, ʢʘʢʦ ʠʩʪʠʯʝ ʠ ɽʣʠʩ (Ellis, 1994: 671). ɼʨʫʛʠʤ ʨʝʯʠʤʘ 

ʨʝʬʝʨʝʥʪʥʦʩʪ ʢʦʨʧʫʩʘ ʫ ʠʩʪʨʘʞʠʚʘˁʠʤʘ ʫʯʝʥʠʯʢʠʭ ʢʦʨʧʫʩʘ ʧʦ 

ʢʨʠʪʝʨʠʿʫʤʫ ʘʫʪʝʥʪʠʯʥʦʩʪʠ ʧʦʩʪʠʞʝ ʩʝ ʫ ʧʨʠʭʚʘʪˀʠʚʦʤ ʩʪʝʧʝʥʫ 

ʫʢʦʣʠʢʦ ʩʝ ʧʨʦʜʫʢʮʠʿʘ ʤʦʞʝ ʩʤʘʪʨʘʪʠ ʢʦʤʫʥʠʢʘʮʠʿʦʤ ʫ ʦʜʨʝʹʝʥʦʤ 

ʢʦʥʪʝʢʩʪʫ. ʉ ʜʨʫʛʝ ʩʪʨʘʥʝ, ʧʦʰʪʦ ʩʝ ʥʘʤʝ˂ʝ ʧʦʪʨʝʙʘ 

ʢʦʥʪʝʢʩʪʫʘʣʠʟʦʚʘʥʝ ʧʠʩʘʥʝ ʜʠʩʢʫʨʩʥʝ ʧʨʦʜʫʢʮʠʿʝ ʫ ʫʯʝʥʠʯʢʠʤ 

ʢʦʨʧʫʩʠʤʘ, ʿʝʜʘʥ ʦʜ ʥʘʯʠʥʘ ʧʦʩʪʠʟʘˁʘ ʮʠˀʘ ʫ ʬʦʨʤʠʨʘˁʫ ʢʦʨʧʫʩʘ 

ʿʝʩʪʝ, ʥʘ ʧʨʠʤʝʨ, ʧʠʩʘˁʝ ʩʘʩʪʘʚʘ, ʘ ʥʝ ʧʦʿʝʜʠʥʘʯʥʠʭ ʨʝʯʝʥʠʮʘ. 
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ʈʝʚʠʜʠʨʘʥʠ ʤʝʪʦʜʦʣʦʰʢʠ ʤʦʜʝʣ ʢʦʥʪʨʘʩʪʠʚʥʝ ʘʥʘʣʠʟʝ 

ʤʝʹʫʿʝʟʠʢʘ (Granger, 2015: 17) ʠʥʦʚʠʨʘʥ ʿʝ ʫ ʦʜʥʦʩʫ ʥʘ ʧʨʝʪʭʦʜʥʦ 

ʜʝʬʠʥʠʩʘʥʠ ʧʨʚʝʥʩʪʚʝʥʦ ʠʩʪʠʮʘˁʝʤ ʚʘʨʠʿʘʙʠʣʥʦʩʪʠ, ʦʜʥʦʩʥʦ 

ʜʝʬʠʥʠʩʘˁʝʤ ʚʘʨʠʿʘʥʪʝ ʿʝʟʠʢʘ ʢʦʿʘ ʩʝ ʠʩʪʨʘʞʫʿʝ, ʢʘʢʦ ʫ ʩʣʫʯʘʿʫ 

ʠʟʚʦʨʥʦʛ ʪʘʢʦ ʠ ʫʯʝʥʠʯʢʦʛ ʢʦʨʧʫʩʘ, ʩ ʪʠʤ ʰʪʦ ʩʝ ʧʦʜ ʚʘʨʠʿʘʥʪʦʤ ʿʝʟʠʢʘ 

ʤʦʞʝ ʧʦʜʨʘʟʫʤʝʚʘʪʠ ʩʚʘʢʦ ʩʧʝʮʠʬʠʯʥʦ ʨʘʩʣʦʿʘʚʘˁʝ ʫ ʫʧʦʪʨʝʙʠ ʿʝʟʠʢʘ. 

2. International Corpus of Learner English v3 

ʋʯʝʥʠʯʢʠ ʢʦʨʧʫʩ International Corpus of Learner English v3 

(ICLE v3), ʬʦʨʤʠʨʘʥ ʿʝ ʧʨʠ ʂʘʪʦʣʠʯʢʦʤ ʫʥʠʚʝʨʟʠʪʝʪʫ ʫ ʅʦʚʦʤ ʃʫʚʝʥʫ 

(ʬʨ. Universit® catholique de Louvain, Louvain-la-Neuve, ʩʢʨ. 

UCLouvain), ʦʜʥʦʩʥʦ ʎʝʥʪʨʫ ʟʘ ʘʥʛʣʠʩʪʠʯʢʫ ʢʦʨʧʫʩʥʫ ʣʠʥʛʚʠʩʪʠʢʫ 

(Centre for English Corpus Linguistics) ʢʘʦ ʪʨʝ˂ʘ ʚʝʨʟʠʿʘ ʢʦʨʧʫʩʘ, 

ʧʫʙʣʠʢʦʚʘʥʘ 2020. ʛʦʜʠʥʝ (Granger et al., 2020).4 ʆʚʘ ʚʝʨʟʠʿʘ ʩʘʜʨʞʠ 

ʦʢʦ 5,7 ʤʠʣʠʦʥʘ ʨʝʯʠ, ʦʜʥʦʩʥʦ 25 ʧʦʜʢʦʨʧʫʩʘ ʦʜʨʝʹʝʥʠʭ ʤʘʪʝʨˁʠʤ 

ʿʝʟʠʢʦʤ ʛʦʚʦʨʥʠʢʘ, ʤʝʹʫ ʢʦʿʠʤʘ ʿʝ ʠ ʩʨʧʩʢʠ ʿʝʟʠʢ. 

ʅʘ ʧʣʘʪʬʦʨʤʠ ʢʦʿʘ ʧʦʜʨʞʘʚʘ ʢʦʨʧʫʩ,5 ʠʥʪʝʛʨʠʩʘʥʠ ʩʫ 

ʦʜʛʦʚʘʨʘʿʫ˂ʠ ʢʦʨʧʫʩʥʠ ʘʣʘʪʠ, ʪʘʢʦ ʜʘ ʿʝ ʢʦʨʠʰ˂ʝˁʝ ʧʣʘʪʬʦʨʤʝ 

ʜʦʜʘʪʥʦ ʦʣʘʢʰʘʥʦ. ʂʦʨʧʫʩ ʿʝ ʠʥʘʯʝ ʠ ʤʦʨʬʦʩʠʥʪʘʢʩʠʯʢʠ ʪʘʛʠʨʘʥ, ʘ 

ʧʨʠʨʫʯʥʠʢ ʩʘʜʨʞʠ ʜʝʪʘˀʥʘ ʫʧʫʪʩʪʚʘ ʦ ʢʦʨʠʰ˂ʝʥʦʤ ʩʝʪʫ ʦʟʥʘʢʘ ʟʘ 

ʦʩʥʦʚʥʫ ʠ ʥʘʧʨʝʜʥʫ ʧʨʝʪʨʘʛʫ. ɼʦʜʘ˂ʝʤʦ ʜʘ ʥʘʧʨʝʜʥʘ ʧʨʝʪʨʘʛʘ ʥʠʿʝ 

ʩʘʤʦ ʠʤʝʥʦʤ ʥʘʧʨʝʜʥʘ, ʚʝ˂ ʦʤʦʛʫ˂ʘʚʘ ʟʘʜʘʚʘˁʝ ʚʝʦʤʘ ʨʘʟʣʠʯʠʪʠʭ 

ʫʧʠʪʘ, ʢʦʥʪʠʥʫʠʨʘʥʠʭ ʠ ʜʠʩʢʦʥʪʠʥʫʠʨʘʥʠʭ, ʰʪʦ, ʫʟ ʩʚʝ ʧʨʝʪʭʦʜʥʦ 

ʥʘʚʝʜʝʥʦ, ʧʨʫʞʘ ʙʨʦʿʥʝ ʠʩʪʨʘʞʠʚʘʯʢʝ ʤʦʛʫ˂ʥʦʩʪʠ. ʇʨʠ ʪʦʤ ʠʩʪʠʯʝʤʦ 

ʜʘ ʫʧʠʪʠ ʥʠʩʫ ʫʚʝʢ ʠ ʠʩʢˀʫʯʠʚʦ ʟʘʩʥʦʚʘʥʠ ʥʘ ʬʦʨʤʘʣʥʠʤ 

ʢʘʨʘʢʪʝʨʠʩʪʠʢʘʤʘ ʿʝʟʠʯʢʠʭ ʿʝʜʠʥʠʮʘ, ʚʝ˂ ʩʫ ʯʝʩʪʦ ʫ ʧʠʪʘˁʫ 

ʢʦʤʙʠʥʘʮʠʿʝ ʬʦʨʤʘʣʥʠʭ ʠ ʩʝʤʘʥʪʠʯʢʠʭ, ʦʜʥʦʩʥʦ ʬʫʥʢʮʠʦʥʘʣʥʠʭ 

ʢʘʨʘʢʪʝʨʠʩʪʠʢʘ ʫʧʠʪʘ, ʫʟ ʚʠʩʦʢ ʩʪʝʧʝʥ ʪʘʯʥʦʩʪʠ ʨʝʟʫʣʪʘʪʘ. 

3. ICLE-SEЯНʔʘʁʎʆʘʊʆНʊʏʑʐʔʒНʒʑɸʏʖʏʎʆʗНʒʓʔʀʁʎɷʓɷНɷʎɺʌʆʒʓʆʊʁ 

ɱʝʜʘʥ ʦʜ ʧʦʜʢʦʨʧʫʩʘ ʢʦʿʠ ʿʝ ʠʥʪʝʛʨʠʩʘʥ ʫ ʧʦʤʝʥʫʪʠ ʢʦʨʧʫʩ 

ICLE ʿ ʝʩʪʝ ʢʦʨʧʫʩ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ʝʥʛʣʝʩʢʦʛ ʿʝʟʠʢʘ ʢʘʦ ʩʪʨʘʥʦʛ, 

ICLE-SE, ʘ ʬʦʨʤʠʨʘʥ ʿʝ ʟʘʭʚʘˀʫʿʫ˂ʠ ʫʯʝʰ˂ʫ ʯʝʪʠʨʠ ʫʥʠʚʝʨʟʠʪʝʪʘ, 

ʦʜʥʦʩʥʦ ʯʝʪʠʨʠ ʢʘʪʝʜʨʝ ʟʘ ʝʥʛʣʝʩʢʠ ʿʝʟʠʢ ʥʘ ʩʨʧʩʢʦʤ ʛʦʚʦʨʥʦʤ 

ʧʦʜʨʫʯʿʫ (ʀʩʪʦʯʥʦ ʉʘʨʘʿʝʚʦ, ɹʘˁʘ ʃʫʢʘ, ɹʝʦʛʨʘʜ, ʅʦʚʠ ʉʘʜ). ʂʦʨʧʫʩ 

ʩʝ ʩʘʩʪʦʿʠ ʦʜ 325 ʩʘʩʪʘʚʘ ʧʨʦʩʝʯʥʝ ʜʫʞʠʥʝ ʦʜ 623 ʨʝʯʠ, ʜʦʤʠʥʘʥʪʥʦ 

ʘʨʛʫʤʝʥʪʘʪʠʚʥʦʛ ʪʠʧʘ, ʢʦʿʝ ʩʫ ʧʠʩʘʣʠ ʫʛʣʘʚʥʦʤ ʩʪʫʜʝʥʪʠ ʟʘʚʨʰʥʠʭ 

_____________________ 
4 ʇʨʚʘ ʚʝʨʟʠʿʘ ʧʫʙʣʠʢʦʚʘʥʘ ʿʝ 2002. (Granger et al., 2002), ʘ ʜʨʫʛʘ ʚʝʨʟʠʿʘ 2008. ʛʦʜʠʥʝ (Granger 

et al., 2008). 
5 https://corpora.uclouvain.be/cecl/icle/home 
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ʛʦʜʠʥʘ ʧʨʚʦʛ ʮʠʢʣʫʩʘ ʩʪʫʜʠʿʘ. ʉʚʘʢʠ ʫʯʝʩʥʠʢ ʧʨʠʧʨʝʤʠʦ ʿʝ ʧʦ ʿʝʜʘʥ 

ʩʘʩʪʘʚ, ʰʪʦ ʿʝ ʦʤʦʛʫ˂ʠʣʦ ʬʦʨʤʠʨʘˁʝ ʚʝʦʤʘ ʨʝʧʨʝʟʝʥʪʘʪʠʚʥʝ ʙʘʟʝ 

ʧʦʜʘʪʘʢʘ.6 

ʂʦʨʧʫʩ ICLE-SE ʬʦʨʤʠʨʘʥ ʿʝ ʫʛʣʘʚʥʦʤ ʙʝʟ ʚʨʝʤʝʥʩʢʦʛ 

ʦʛʨʘʥʠʯʝˁʘ, ʪʘʢʦʹʝ ʫʛʣʘʚʥʦʤ ʙʝʟ ʢʦʨʠʰ˂ʝˁʘ ʨʝʯʥʠʢʘ, ʧʨʠʨʫʯʥʠʢʘ ʠʣʠ 

ʜʨʫʛʠʭ ʨʝʬʝʨʝʥʪʥʠʭ ʠʟʜʘˁʘ, ʘ ʫ ʫʩʣʦʚʠʤʘ ʢʦʿʠ ʥʠʩʫ ʧʦʜʨʘʟʫʤʝʚʘʣʠ 

ʠʩʧʠʪʥʝ ʟʘʜʘʪʢʝ. 

ʉʣʠʢʦʚʠʪ ʦʧʠʩ ʪʝʤʘʪʩʢʦʛ ʦʢʚʠʨʘ ʢʦʨʧʫʩʘ ICLE-SE ʜʘʿʝ ʥʘʙʨʘʿʘˁʝ 

ʥʝʢʦʣʠʢʦ ʥʘʿʯʝʰ˂ʝ ʢʦʨʠʰ˂ʝʥʠʭ ʥʘʩʣʦʚʘ ʩʘʩʪʘʚʘ, ʨʝʜʦʤ ʦʜ 

ʥʘʿʧʦʧʫʣʘʨʥʠʿʝʛ, ʘ ʪʦ ʩʫ ʙʠʣʠ ʩʣʝʜʝ˂ʠ: 

Ӳ Is reading a book better than watching its movie adaptation? 

Ӳ One should never judge a person by external appearances. 

Ӳ Most university degrees are theoretical and do not prepare students 
for the real world. 

Ӳ Are we too dependent on computers? 

Ӳ In the words of the old song "Money is the root of all evil." Agree or 
disagree. 

Ӳ Conflicts are necessary for healthy relationships. 

Ӳ Does age matter in relationships? 

Ӳ Discuss the advantages and disadvantages of banning smoking in 
restaurants. 

Ӳ In our modern world, dominated by science, technology and 
industrialization, there is no longer a place for dreaming and 

imagination. What is your opinion? 

Ӳ Discuss the necessity of make-up. 

4. ȇʏʑʐʔʒЮȇʏʑȏǴʎɺ 

ʂʦʨʧʫʩ ʩʪʫʜʝʥʘʪʘ ʘʥʛʣʠʩʪʠʢʝ (ʂʦʨʉɸʥʛ)7 ʬʦʨʤʠʨʘʥ ʿʝ ʧʨʠ 

ʌʠʣʦʟʦʬʩʢʦʤ ʬʘʢʫʣʪʝʪʫ ʋʥʠʚʝʨʟʠʪʝʪʘ ʫ ʀʩʪʦʯʥʦʤ ʉʘʨʘʿʝʚʫ, ʫ 

ʧʝʨʠʦʜʫ ʦʜ 2016. ʜʦ 2019. ʛʦʜʠʥʝ (ʈʘʜʦˁʘ ʠ ʐʫ˂ʫʨ, 2021). ʅʘʩʪʘʦ ʿʝ 

ʟʘʭʚʘˀʫʿʫ˂ʠ ʩʘʨʘʜˁʠ ʯʝʪʠʨʠ ʢʘʪʝʜʨʝ ʟʘ ʘʥʛʣʠʩʪʠʢʫ ʥʘ ʩʨʧʩʢʦʤ 

ʛʦʚʦʨʥʦʤ ʧʦʜʨʫʯʿʫ, ʫ ʀʩʪʦʯʥʦʤ ʉʘʨʘʿʝʚʫ, ɹʘˁʦʿ ʃʫʮʠ, ɹʝʦʛʨʘʜʫ ʠ 

ʅʦʚʦʤ ʉʘʜʫ, ʫ ʦʢʚʠʨʫ ʜʚʘ ʥʘʮʠʦʥʘʣʥʘ ʧʨʦʿʝʢʪʘ ʧʨʠ ʨʝʩʦʨʥʦʤ 

_____________________ 
6 ʀʥʜʠʢʘʪʠʚʥʦ ʿʝ ʠʩʪʘ˂ʠ ʠ ʨʝʟʫʣʪʘʪ ʢʦʿʠ ʿʝ ʦʩʪʚʘʨʝʥ ʫ ʦʢʚʠʨʫ ʦʮʝˁʠʚʘˁʘ ʥʘʩʫʤʠʯʥʦ ʦʜʘʙʨʘʥʠʭ 20 

ʩʘʩʪʘʚʘ ʠʟ ʩʚʘʢʦʛ ʥʘʮʠʦʥʘʣʥʦʛ ʧʦʜʢʦʨʧʫʩʘ, ʘ ʫ ʩʢʣʘʜʫ ʩ ɿʘʿʝʜʥʠʯʢʠʤ ʝʚʨʦʧʩʢʠʤ ʦʢʚʠʨʦʤ 

(Common European Framework of Reference for Languages). ʅʘʠʤʝ, ʟʘ ʢʦʨʧʫʩ ʩʨʙʦʬʦʥʠʭ 

ʛʦʚʦʨʥʠʢʘ, ICLE-SE, ʦʜʥʦʩʥʦ ʟʘ ˁʝʛʦʚʠʭ 20 ʩʘʩʪʘʚʘ, 4 ʩʘʩʪʘʚʘ ʦʮʝˁʝʥʘ ʩʫ ʢʘʦ ʥʠʚʦ B2, ʯʘʢ 11 

ʩʘʩʪʘʚʘ ʦʮʝˁʝʥʦ ʿʝ ʢʘʦ ʥʠʚʦ C1, ʘ ʧʨʝʦʩʪʘʣʠʭ 5 ʩʘʩʪʘʚʘ ʢʘʦ ʥʠʚʦ C2, ʰʪʦ ʿʝ ʩʚʝʫʢʫʧʥʦ ʨʝʟʫʣʪʘʪ 

ʢʦʿʠ ʚʨʝʜʠ ʠʩʪʘ˂ʠ (Granger et al., 2020: 12). 
7 https://noske.rgf.rs/ 

https://noske.rgf.rs/
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ʄʠʥʠʩʪʘʨʩʪʚʫ ɺʣʘʜʝ ʈʝʧʫʙʣʠʢʝ ʉʨʧʩʢʝ.8 ʂʦʨʧʫʩ ʠʤʘ ʦʢʦ 140.000 

ʨʝʯʠ, ʦʜʥʦʩʥʦ 327 ʪʝʢʩʪʦʚʘ. ʋ ʬʦʨʤʠʨʘˁʫ ʢʦʨʧʫʩʘ ʫʢʫʧʥʦ ʿʝ 

ʫʯʝʩʪʚʦʚʘʣʦ 194 ʩʪʫʜʝʥʘʪʘ ʘʥʛʣʠʩʪʠʢʝ, ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ ʩʨʧʩʢʦʛ 

ʿʝʟʠʢʘ. 

ʇʦ ʩʘʩʪʘʚʫ ʦʚʘʿ ʢʦʨʧʫʩ ʿʝ ʪʨʦʢʦʤʧʦʥʝʥʪʘʥ. ʉʘʜʨʞʠ ʢʦʨʧʫʩ 

ʧʨʝʚʦʜʘ ʩʘ ʝʥʛʣʝʩʢʦʛ ʿʝʟʠʢʘ (ʂʦʨʇʉɸʥʛ1), ʢʦʨʧʫʩ ʧʨʝʚʦʜʘ ʥʘ ʝʥʛʣʝʩʢʠ 

ʿʝʟʠʢ (ʂʦʨʇʉɸʥʛ2) ʠ ʢʦʨʧʫʩ ʘʨʛʫʤʝʥʪʘʪʠʚʥʠʭ ʩʘʩʪʘʚʘ ʩʪʫʜʝʥʘʪʘ 

ʘʥʛʣʠʩʪʠʢʝ ʧʠʩʘʥʠʭ ʥʘ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ ʢʘʦ ʤʘʪʝʨˁʝʤ (ʂʦʨʉʉɸʥʛ). 

ʇʨʚʝ ʜʚʝ ʢʦʤʧʦʥʝʥʪʝ ʿʝʩʫ ʧʘʨʘʣʝʣʥʠ ʫʯʝʥʠʯʢʠ ʢʦʨʧʫʩʠ, ʜʦʢ ʿʝ ʪʨʝ˂ʘ 

ʢʦʤʧʦʥʝʥʪʘ, ʂʦʨʉʉɸʥʛ,9 ʦʩʤʠʰˀʝʥʘ ʢʘʦ ʨʝʬʝʨʝʥʪʥʠ ʢʦʨʧʫʩ ʢʦʨʧʫʩʫ 

ICLE-SE, ʧʨʝʪʭʦʜʥʦʤ ʦʧʠʩʘʥʦʤ ʧʦʜʢʦʨʧʫʩʫ ʤʝʹʫʥʘʨʦʜʥʦʛ ʫʯʝʥʠʯʢʦʛ 

ʢʦʨʧʫʩʘ ʘʨʛʫʤʝʥʪʘʪʠʚʥʠʭ ʩʘʩʪʘʚʘ ICLE ʫ ʪʨʝ˂ʦʿ ʚʝʨʟʠʿʠ. 

ʂʦʨʧʫʩ ʂʦʨʇʉɸʥʛ1 ʩʘʩʪʦʿʠ ʩʝ ʦʜ 127 ʧʨʝʚʦʜʘ ʩʘ ʝʥʛʣʝʩʢʦʛ ʥʘ 

ʩʨʧʩʢʠ ʿʝʟʠʢ (ʦʢʦ 47.200 ʪʦʢʝʥʘ). ʇʦʣʘʟʥʠ ʪʝʢʩʪʦʚʠ ʥʘ ʝʥʛʣʝʩʢʦʤ 

ʿʝʟʠʢʫ ʫʢˀʫʯʫʿʫ ʠ ʢˁʠʞʝʚʥʝ ʠ ʥʝʢˁʠʞʝʚʥʝ ʪʝʢʩʪʦʚʝ. ɱʝʜʘʥ ʫʯʝʩʥʠʢ 

ʧʨʠʧʨʝʤʠʦ ʿʝ ʥʘʿʚʠʰʝ ʜʚʘ ʧʨʝʚʦʜʘ (ʿʝʜʥʦʛ ʢˁʠʞʝʚʥʦʛ ʠ ʿʝʜʥʦʛ 

ʥʝʢˁʠʞʝʚʥʦʛ ʪʝʢʩʪʘ). ʉʚʘʢʠ ʧʨʝʚʦʜ ʠʤʘ ʩʚʦʿ ʢ¹ʜ ʢʦʿʠ ʦʟʥʘʯʘʚʘ ʧʨʘʚʘʮ 

ʧʨʝʚʦʹʝˁʘ, ʫʥʠʚʝʨʟʠʪʝʪ, ʚʨʩʪʫ ʪʝʢʩʪʘ, ʛʦʜʠʥʫ ʩʪʫʜʠʿʘ ʫʯʝʩʥʠʢʘ ʠ 

ʨʝʜʥʠ ʙʨʦʿ ʧʨʝʚʦʜʘ ʟʘ ʜʘʪʠ ʪʝʢʩʪ ʥʘ ʪʦʤ ʫʥʠʚʝʨʟʠʪʝʪʫ. ʋʢʫʧʥʦ ʿʝ 

ʢʦʨʠʰ˂ʝʥʦ ʰʝʩʪ ʨʘʟʣʠʯʠʪʠʭ ʪʝʢʩʪʦʚʘ, ʢʦʿʠ ʩʫ ʧʨʝʫʟʝʪʠ ʠʟ ʚʠʰʝ 

ʠʟʚʦʨʘ, ʫʛʣʘʚʥʦʤ ʯʘʩʦʧʠʩʥʠʭ ʟʘ ʥʝʢˁʠʞʝʚʥʝ ʪʝʢʩʪʦʚʝ. 

ʂʦʨʧʫʩ ʂʦʨʇʉɸʥʛ2 ʩʘʩʪʦʿʠ ʩʝ ʦʜ 130 ʧʨʝʚʦʜʘ ʩʘ ʩʨʧʩʢʦʛ ʥʘ 

ʝʥʛʣʝʩʢʠ ʿʝʟʠʢ (ʦʢʦ 51.000 ʪʦʢʝʥʘ). ʇʦʣʘʟʥʠ ʪʝʢʩʪʦʚʠ ʥʘ ʩʨʧʩʢʦʤ 

ʿʝʟʠʢʫ ʠʤʘʿʫ ʠ ʢˁʠʞʝʚʥʠ ʠ ʥʝʢˁʠʞʝʚʥʠ ʢʘʨʘʢʪʝʨ. ɱʝʜʘʥ ʫʯʝʩʥʠʢ 

ʧʨʠʧʨʝʤʠʦ ʿʝ ʥʘʿʚʠʰʝ ʜʚʘ ʧʨʝʚʦʜʘ: ʿʝʜʘʥ ʢˁʠʞʝʚʥʠ ʠ ʿʝʜʘʥ 

ʥʝʢˁʠʞʝʚʥʠ ʪʝʢʩʪ. ʉʚʘʢʠ ʧʨʝʚʦʜ ʠʤʘ ʩʚʦʿ ʢ¹ʜ, ʬʦʨʤʠʨʘʥ ʧʦ ʧʨʠʥʮʠʧʫ 

ʢʘʦ ʠ ʟʘ ʂʦʨʇʉɸʥʛ1. ʋʢʫʧʥʦ ʿʝ ʢʦʨʠʰ˂ʝʥʦ ʰʝʩʪ ʨʘʟʣʠʯʠʪʠʭ ʪʝʢʩʪʦʚʘ 

ʠʟ ʚʠʰʝ ʠʟʚʦʨʘ, ʫʛʣʘʚʥʦʤ ʯʘʩʦʧʠʩʥʠʭ ʟʘ ʥʝʢˁʠʞʝʚʥʝ ʪʝʢʩʪʦʚʝ. 

ʂʦʨʧʫʩ ʂʦʨʉʉɸʥʛ ʩʘʩʪʦʿʠ ʩʝ ʦʜ 70 ʘʨʛʫʤʝʥʪʘʪʠʚʥʠʭ ʩʘʩʪʘʚʘ 

ʧʨʦʩʝʯʥʝ ʜʫʞʠʥʝ ʦʢʦ 570 ʨʝʯʠ (ʦʢʦ 45.000 ʪʦʢʝʥʘ). ʉʘʩʪʘʚʠ ʩʫ ʧʠʩʘʥʠ 

ʥʘ ʦʧʰʪʝ ʪʝʤʝ, ʪʘʢʦ ʜʘ ʯʠʥʝ ʨʝʬʝʨʝʥʪʥʠ ʢʦʨʧʫʩ ʫʯʝʥʠʯʢʦʤ ʢʦʨʧʫʩʫ 

ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ICLE-SE. ʅʘʩʣʦʚʠ ʩʘʩʪʘʚʘ ʩʣʝʜʝ, ʟʘʿʝʜʥʦ ʩ 

ʙʨʦʿʝʤ ʩʘʩʪʘʚʘ ʢʦʿʠ ʩʫ ʧʠʩʘʥʠ ʥʘ ʧʦʿʝʜʠʥʘʯʥʝ ʪʝʤʝ (ʇʨʠʣʦʛ 2): 

_____________________ 
8 ʅʘʟʠʚʠ ʧʨʦʿʝʢʘʪʘ ʩʫ Ăʌʨʘʟʝʦʣʦʰʢʘ ʢʦʤʧʝʪʝʥʮʠʿʘ ʩʨʧʩʢʠʭ ʛʦʚʦʨʥʠʢʘ ʝʥʛʣʝʩʢʦʛ ʢʨʦʟ ʧʨʠʟʤʫ 

ʢʦʥʪʨʘʩʪʠʚʥʝ ʘʥʘʣʠʟʝ ʤʝʹʫʿʝʟʠʢʘñ ʠ Ăʅʘʫʯʥʠ ʧʦʪʝʥʮʠʿʘʣ ʘʥʦʪʠʨʘʥʠʭ ʫʯʝʥʠʯʢʠʭ ʢʦʨʧʫʩʘ 

ʢʨʦʟ ʧʨʠʟʤʫ ʢʦʥʪʨʘʩʪʠʚʥʝ ʘʥʘʣʠʟʝ ʤʝʹʫʿʝʟʠʢʘñ, ʦʙʘ ʦʩʪʚʘʨʝʥʘ ʫʟ ʧʦʜʨʰʢʫ ʨʝʩʦʨʥʦʛ 

ʄʠʥʠʩʪʘʨʩʪʚʘ ɺʣʘʜʝ ʈʝʧʫʙʣʠʢʝ ʉʨʧʩʢʝ (ʨʝʜʦʤ, ʙʨʦʿ 19/6-020/961-46/18, ʦʜ 31. 12. 2018. 

ʛʦʜʠʥʝ ʠ ʙʨʦʿ 19.032/961-135/19, ʦʜ 31. 12. 2019.). 
9 ʂʦʤʧʣʝʪʘʥ ʢʦʨʧʫʩ ʂʦʨʉɸʥʛ ʥʘʟʠʚʘʤʦ ʫʯʝʥʠʯʢʠʤ ʫ ʦʚʦʤ ʯʣʘʥʢʫ, ʫʟʠʤʘʿʫ˂ʠ ʫ ʦʙʟʠʨ ˁʝʛʦʚ ʩʘʩʪʘʚ, 

ʢʘʦ ʠ ʤʦʛʫ˂ʝ ʫʧʦʪʨʝʙʝ ʫ ʠʩʪʨʘʞʠʚʘˁʠʤʘ. ʇʨʝʮʠʟʥʠʿʝ ʙʠ ʙʠʣʦ ʦʧʠʩʘʪʠ ʢʦʤʧʦʥʝʥʪʝ ʧʨʝʚʦʜʘ 

ʫʯʝʥʠʯʢʠʤ ʢʦʨʧʫʩʠʤʘ, ʘ ʢʦʤʧʦʥʝʥʪʫ ʂʦʨʉʉɸʥʛ ʢʦʨʧʫʩʦʤ ʩʘʩʪʘʚʘ ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ. 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

95 

Ӳ ʇʦʨʦʜʠʮʘ ʠʣʠ ʧʦʩʘʦ: ʰʪʘ ʿʝ ʚʘʞʥʠʿʝ? (9) 

Ӳ ʂʘʢʦ ʤʫʟʠʢʘ ʫʪʠʯʝ ʥʘ ʞʠʚʦʪ? (8) 

Ӳ ʂʘʢʦ ʟʘʤʠʰˀʘʤ ʜʦʙʨʦʛ ʨʦʜʠʪʝˀʘ (7) 

Ӳ ʆʜ ʩʢʣʘʧʘˁʘ ʙʨʘʢʘ ʜʦ ʨʘʟʚʦʜʘ ʜʘʥʘʩ (6) 

Ӳ ʉʠʨʦʤʘʰʪʚʦ ʠ ʟʜʨʘʚˀʝ (5) 

Ӳ ɼʘ ʣʠ ʜʨʫʰʪʚʝʥʝ ʤʨʝʞʝ ʥʘʨʫʰʘʚʘʿʫ ʦʜʥʦʩʝ ʤʝʹʫ ˀʫʜʠʤʘ? (4) 

Ӳ ɱʘ (ʥʝ) ʙʠʭ ʫ ɽʚʨʦʧʩʢʫ ʋʥʠʿʫ (3) 

Ӳ ʇʣʘʩʪʠʯʥʘ ʭʠʨʫʨʛʠʿʘ: ʜʘ ʠʣʠ ʥʝ? (3) 

Ӳ ʄʣʘʜʠ ʥʝ ʪʨʝʙʘ ʜʘ ʩʝ ʙʘʚʝ ʧʦʣʠʪʠʢʦʤ (3) 

Ӳ ɼʘ ʣʠ ʿʝ ʙʨʘʢ ʧʨʝʚʘʟʠʹʝʥʘ ʠʥʩʪʠʪʫʮʠʿʘ? (3) 

Ӳ ɿʘʰʪʦ ʩʝ ʛʨʠʿʝʰʠ ʧʨʠ ʠʟʙʦʨʫ ʧʨʦʬʝʩʠʿʝ? (2) 

Ӳ ɿʘʰʪʦ (ʥʝ) ʞʝʣʠʤ ʜʘ ʙʫʜʝʤ ʥʘʩʪʘʚʥʠʢ ʩʪʨʘʥʦʛ ʿʝʟʠʢʘ (2) 

Ӳ ʉʣʦʙʦʜʘ ʤʝʜʠʿʘ ʜʘʥʘʩ (2) 

Ӳ ɹʫʜʫ˂ʥʦʩʪ ʢˁʠʛʝ (2) 

Ӳ ʇʫʰʝˁʝ ʥʘ ʿʘʚʥʠʤ ʤʿʝʩʪʠʤʘ: ʜʘ ʠʣʠ ʥʝ? (2) 

Ӳ ʂʘʢʦ ʟʘʤʠʰˀʘʤ ʠʜʝʘʣʥʦ ʜʨʫʰʪʚʦ (2) 

Ӳ ɲʝʧʦʪʘ ʿʝ ʧʨʦʣʘʟʥʘ (2) 

Ӳ ʈʦʜʠʪʝˀʠ ʙʠ ʪʨʝʙʘʣʦ ʜʘ ʧʦʰʪʫʿʫ ʣʠʯʥʦʩʪ ʩʚʦʿʝ ʜʿʝʮʝ (1) 

Ӳ ʐʪʘ ʨʝʰʘʚʘʿʫ ʟʘʪʚʦʨʩʢʝ ʢʘʟʥʝ? (1) 

Ӳ ɿʥʘʯʘʿ ʦʙʨʘʟʦʚʘˁʘ ʫ ʜʨʫʰʪʚʫ ʫ ʢʦʤʝ ʞʠʚʠʤʦ (1) 

Ӳ ɼʘ ʣʠ ʢʨʠʪʠʯʢʦ ʤʠʰˀʝˁʝ ʠʤʘ ʩʚʦʿʝ ʤʿʝʩʪʦ ʫ ʥʘʰʝʤ ʦʙʨʘʟʦʚʥʦʤ 
ʩʠʩʪʝʤʫ? (1) 

Ӳ ɹʝʟ ʤʫʢʝ ʥʝʤʘ ʥʘʫʢʝ (1) 

ʉʚʘʢʠ ʫʯʝʩʥʠʢ ʧʨʠʧʨʝʤʠʦ ʿʝ ʧʦ ʿʝʜʘʥ ʘʨʛʫʤʝʥʪʘʪʠʚʥʠ ʩʘʩʪʘʚ, 

ʙʝʟ ʠʟʫʟʝʪʢʘ. ʅʘ ʪʘʿ ʥʘʯʠʥ ʦʙʝʟʙʝʹʝʥʘ ʿʝ ʤʘʢʩʠʤʘʣʥʘ 

ʨʝʧʨʝʟʝʥʪʘʪʠʚʥʦʩʪ ʦʚʦʛ ʢʦʨʧʫʩʘ, ʠʥʘʯʝ ʥʘʠʟʛʣʝʜ ʨʝʣʘʪʠʚʥʦ ʤʘʣʦʛ 

ʦʙʠʤʘ ʫ ʧʦʨʝʹʝˁʫ ʩ ʜʨʫʛʠʤ ʢʦʨʧʫʩʠʤʘ. ʉʚʘʢʠ ʩʘʩʪʘʚ ʦʙʝʣʝʞʝʥ ʿʝ 

ʩʚʦʿʠʤ ʢʦʜʦʤ. 

ʂʦʤʧʣʝʪʘʥ ʢʦʨʧʫʩ ʂʦʨʉɸʥʛ ʘʥʦʪʠʨʘʥ ʿʝ ʚʠʰʝʩʪʨʫʢʦ. ʅʘʿʧʨʝ, 

ʫʨʘʹʝʥʘ ʿʝ ʙʠʙʣʠʦʛʨʘʬʩʢʘ ʘʥʦʪʘʮʠʿʘ, ʢʦʿʘ ʿʝ ʧʦʚʝʟʘʣʘ ʧʦʩʪʦʿʝ˂ʝ 

ʤʝʪʘʧʦʜʘʪʢʝ ʧʦ ʚʘʨʠʿʘʙʣʘʤʘ ʩʘ ʪʝʢʩʪʦʚʠʤʘ ʫʯʝʩʥʠʢʘ. ɼʘˀʝ, ʘʥʦʪʠʨʘʥʠ 

ʩʫ ʩʚʠ ʪʝʢʩʪʦʚʠ ʚʨʩʪʘʤʘ ʨʝʯʠ (PoS tagging), ʘ ʟʘʪʠʤ ʿʝ ʫʨʘʹʝʥʦ ʠ 

ʧʦʨʘʚʥʘˁʝ ʧʘʨʘʣʝʣʥʠʭ ʢʦʨʧʫʩʘ ʧʨʝʚʦʜʘ ʥʘ ʥʠʚʦʫ ʨʝʯʝʥʠʮʝ (sentence 

alignment). ʇʨʠʣʠʢʦʤ ʦʙʨʘʜʝ ʪʝʢʩʪʘ ʩʘʯʫʚʘʥʦ ʿʝ ʧʠʩʤʦ ʢʦʿʝ ʩʫ 

ʫʯʝʩʥʠʮʠ ʢʦʨʠʩʪʠʣʠ ʫ ʧʠʩʘˁʫ ʠʣʠ ʢʫʮʘˁʫ. ʋ ʪʝʢʩʪʦʚʠʤʘ ʩʫ ʦʪʢʣʦˁʝʥʝ 

ʿʝʜʠʥʦ ʧʦʿʝʜʠʥʝ ʦʯʠʛʣʝʜʥʝ ʪʝʭʥʠʯʢʝ ʛʨʝʰʢʝ ʫ ʢʫʮʘˁʫ, ʫ ʮʠˀʫ 

ʧʦʩʪʠʟʘˁʘ ʝʬʝʢʪʠʚʥʠʿʝʛ ʧʨʝʪʨʘʞʠʚʘˁʘ ʢʦʨʧʫʩʘ. ʀʟʚʦʨʥʠ ʪʝʢʩʪʦʚʠ 

ʧʨʝʜʩʪʘʚˀʝʥʠ ʩʫ ʫ ʦʨʠʛʠʥʘʣʥʦʤ ʦʙʣʠʢʫ, ʢʘʢʦ ʩʫ ʟʘʜʘʪʠ (ʙʝʟ 

ʬʦʨʤʘʪʠʨʘˁʘ). ʂʦʨʠʩʥʠʮʠʤʘ ʿʝ ʦʤʦʛʫ˂ʝʥʦ ʧʨʝʪʨʘʞʠʚʘˁʝ ʢʦʨʧʫʩʘ 

ʧʫʪʝʤ ʢʦʨʠʩʥʠʯʢʦʛ ʠʥʪʝʨʬʝʿʩʘ. ʇʣʘʥʠʨʘʥʦ ʿ ʝ ʠ ʧʨʦʰʠʨʝˁʝ ʦʚʦʛ 
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ʢʦʨʧʫʩʘ ʫʢˀʫʯʠʚʘˁʝʤ ʥʦʚʠʭ ʩʨʦʜʥʠʭ ʪʝʢʩʪʦʚʘ, ʧʦ ʠʩʪʠʤ ʧʨʠʥʮʠʧʠʤʘ 

ʬʦʨʤʠʨʘˁʘ, ʧʦʩʝʙʥʦ ʢʘʜʘ ʿʝ ʫ ʧʠʪʘˁʫ ʪʨʝ˂ʘ ʢʦʤʧʦʥʝʥʪʘ, ʦʜʥʦʩʥʦ 

ʢʦʨʧʫʩ ʨʝʬʝʨʝʥʪʘʥ ʢʦʨʧʫʩʫ ICLE-SE.10 

5. ȓʁʎʏʍʁʎНʧʁʅʆʘʊʁНʎʁʏʀʑʁʫʁʎʏʒʓʆ 

ʋ ʦʢʚʠʨʫ ʦʚʦʛ ʯʣʘʥʢʘ ʦʜʘʙʨʘʣʠ ʩʤʦ ʬʝʥʦʤʝʥ ʿʝʟʠʯʢʝ 

ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʢʘʦ ʩʪʫʜʠʿʫ ʩʣʫʯʘʿʘ ʢʦʿʦʤ ʜʘʿʝʤʦ ʫʚʠʜ ʫ ʤʦʛʫ˂ʥʦʩʪʠ 

ʢʦʨʠʰ˂ʝˁʘ ʩʨʙʦʬʦʥʠʭ ʫʯʝʥʠʯʢʠʭ ʢʦʨʧʫʩʘ, ICLE-SE ʠ ʂʦʨʉʉɸʥʛ, ʫ 

ʧʨʠʤʝˁʝʥʦʣʠʥʛʚʠʩʪʠʯʢʠʤ ʠʩʪʨʘʞʠʚʘˁʠʤʘ. 

ʌʝʥʦʤʝʥ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʠʣʠ ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ (ʝʥʛʣ. 

vague language) ʧʨʝʜʩʪʘʚˀʘ ʿʝʜʥʫ ʦʜ ʠʥʭʝʨʝʥʪʥʠʭ ʦʩʦʙʝʥʦʩʪʠ 

ʧʨʠʨʦʜʥʠʭ ʿʝʟʠʢʘ, ʠʘʢʦ ʥʘʠʟʛʣʝʜ ʧʨʠʨʦʜʥʠ ʿʝʟʠʮʠ ʪʝʞʝ ʧʨʝʮʠʟʥʦʩʪʠ ʠ 

ʦʜʨʝʹʝʥʦʩʪʠ. ɺʝ˂ ʧʦʯʝʪʢʦʤ ʜʚʘʜʝʩʝʪʦʛ ʚʝʢʘ ʈʘʩʝʣ ʿʝ ʟʘʙʝʣʝʞʠʦ ʜʘ ʿʝ 

ʿʝʟʠʢ, ʫʦʧʰʪʝʥʦ ʛʦʚʦʨʝ˂ʠ, ʩʫʰʪʠʥʩʢʠ ʤʘˁʝ ʠʣʠ ʚʠʰʝ ʥʝʿʘʩʘʥ ʠʣʠ 

ʥʝʦʜʨʝʹʝʥ, ʫʧʨʘʚʦ ʟʙʦʛ ʨʘʟʣʠʯʠʪʝ ʧʨʠʨʦʜʝ ʤʝʭʘʥʠʟʘʤʘ ʧʨʠʨʦʜʥʠʭ 

ʿʝʟʠʢʘ ʠ ʩʚʝʫʢʫʧʥʦʩʪʠ ʟʥʘʯʝˁʘ ʢʦʿʘ ʩʝ ʠʟʨʘʞʘʚʘʿʫ (Russell, 1923). 

ʅʝʰʪʦ ʢʘʩʥʠʿʝ, ʂʘʨʣ ʇʦʧʝʨ [Carl Popper] ʿʝ ʥʘʛʣʘʩʠʦ ʜʘ ʩʝ ʿʝʟʠʢ 

ʟʘʧʨʘʚʦ ʩʫʰʪʠʥʩʢʠ ʦʧʠʨʝ ʠʣʠ ʦʪʠʤʘ ʧʦʪʧʫʥʦʿ ʧʨʝʮʠʟʥʦʩʪʠ, ʥʘʩʫʧʨʦʪ 

ʥʘʰʠʤ ʦʯʝʢʠʚʘˁʠʤʘ.11 

ʌʝʥʦʤʝʥʫ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʫ ʥʦʚʠʿʝʤ ʧʝʨʠʦʜʫ ʧʦʢʣʘˁʘ 

ʩʝ ʚʠʰʝ ʧʘʞˁʝ, ʧʨʚʝʥʩʪʚʝʥʦ ʫ ʦʢʚʠʨʫ ʠʥʪʝʨʜʠʩʮʠʧʣʠʥʘʨʥʠʭ ʦʙʣʘʩʪʠ 

ʘʥʘʣʠʟʝ ʜʠʩʢʫʨʩʘ, ʧʨʠʤʝˁʝʥʝ ʣʠʥʛʚʠʩʪʠʢʝ ʠ ʧʨʘʛʤʘʪʠʢʝ. ʊʝʦʨʠʿʘ 

ʿʝʟʠʢʘ, ʧʦʩʪʘʣʦ ʿʝ ʠʟʚʝʩʥʦ, ʫʢʦʣʠʢʦ ʧʨʝʪʝʥʜʫʿʝ ʜʘ ʙʫʜʝ ʧʦʪʧʫʥʘ 

ʪʝʦʨʠʿʘ, ʥʝʠʟʦʩʪʘʚʥʦ ʫʢˀʫʯʫʿʝ ʬʝʥʦʤʝʥ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ 

(Channell, 1994: 5). ʋ ʥʘʿʰʠʨʝʤ ʩʤʠʩʣʫ, ʤʦʞʝʤʦ ʨʝ˂ʠ ʜʘ ʿʝ ʥʝʦʜʨʝʹʝʥʠ 

ʿʝʟʠʢ ʟʘʧʨʘʚʦ ʨʝʟʫʣʪʘʪ ʦʜʩʪʫʧʘˁʘ ʦʜ ʧʨʝʮʠʟʥʦʩʪʠ ʠ ʿʘʩʥʦ˂ʝ ʫ 

ʢʦʤʫʥʠʢʘʮʠʿʠ (Jucker et al., 2003: 1737), ʘʣʠ ʧʨʠ ʪʦʤ ʦʜʤʘʭ ʪʨʝʙʘ 

ʠʩʪʘ˂ʠ ʜʘ ʿʝ ʢʦʨʠʰ˂ʝˁʝ ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ ʟʘʧʨʘʚʦ ʪʠʧʠʯʥʦ ʫ 

ʩʚʘʢʦʜʥʝʚʥʦʿ ʫʧʦʪʨʝʙʠ ʿʝʟʠʢʘ. ɼʨʫʛʠʤ ʨʝʯʠʤʘ, ʿʝʟʠʯʢʘ ʥʝʦʜʨʝʹʝʥʦʩʪ 

ʩʘʤʦ ʥʘʠʟʛʣʝʜ ʣʠʯʠ ʥʘ ʥʝʧʦʞʝˀʘʥ ʬʝʥʦʤʝʥ. ʋ ʩʫʰʪʠʥʠ, ʥʠʿʝ ʫ ʧʠʪʘˁʫ 

ʥʝʢʘʢʘʚ ʥʝʜʦʩʪʘʪʘʢ ʠʣʠ ʤʘˁʢʘʚʦʩʪ, ʚʝ˂ ʟʘʧʨʘʚʦ ʥʝʟʘʦʙʠʣʘʟʥʘ 

ʢʦʤʧʦʥʝʥʪʘ ʢʦʤʫʥʠʢʘʪʠʚʥʝ, ʦʜʥʦʩʥʦ ʩʪʨʘʪʝʛʠʿʩʢʝ ʠ ʧʨʘʛʤʘʪʠʯʢʝ 

ʢʦʤʧʝʪʝʥʮʠʿʝ ʢʦʿʦʤ ʩʝ ʩʚʘʢʦʜʥʝʚʥʦ ʩʣʫʞʝ ʠʟʚʦʨʥʠ ʛʦʚʦʨʥʠʮʠ (Carter 

& McCarthy 2006: 202; Parvaresh & Ahmadian, 2016: 437). ɱʝʟʠʯʢʘ 

_____________________ 
10 ʂʦʨʠʩʪʠʤʦ ʧʨʠʣʠʢʫ ʜʘ ʦʙʘʚʝʩʪʠʤʦ ʥʘʫʯʥʫ ʿʘʚʥʦʩʪ ʥʘ ʩʨʧʩʢʦʤ ʛʦʚʦʨʥʦʤ ʧʦʜʨʫʯʿʫ ʜʘ ʫ 

ʧʨʝʜʩʪʦʿʝ˂ʝʤ ʧʝʨʠʦʜʫ ʧʣʘʥʠʨʘʤʦ ʧʨʦʰʠʨʠʚʘˁʝ ʢʦʨʧʫʩʘ ʩʘʩʪʘʚʘ ʥʘ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ ʯʠʿʠ ʩʫ 

ʘʫʪʦʨʠ ʩʪʫʜʝʥʪʠ, ʠʟʚʦʨʥʠ ʛʦʚʦʨʥʠʮʠ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ, ʧʨʠʤʘʨʥʦ ʬʠʣʦʣʦʰʢʝ ʦʨʠʿʝʥʪʘʮʠʿʝ. 
11 ɺʠʜʦʫʩʦʥ (Widdowson, 1984: 58) ʧʨʝʥʦʩʠ ʤʠʰˀʝˁʝ ʂʘʨʣʘ ʇʦʧʝʨʘ, ʢʦʿʠ ʢʘʞʝ ʜʘ ʿʝ ʪʨʘʛʘˁʝ ʟʘ 

ʧʨʝʮʠʟʥʦʰ˂ʫ ("the quest for precision") ʘʥʘʣʦʛʥʦ ʪʨʘʛʘˁʫ ʟʘ ʩʠʛʫʨʥʦʰ˂ʫ ("the quest for 

certainty"), ʘ ʜʘ ʿʝ ʫ ʿʝʟʠʢʫ ʥʝʤʦʛʫ˂ʝ ʠʩʧʫʥʠʪʠ ʪʘʢʚʝ ʪʝʞˁʝ, ʿʝʨ ʿʝ ʠʜʝʿʘ ʦ ʧʨʝʮʠʟʥʦʩʪʠ ʫ ʿʝʟʠʢʫ 

ʧʦʛʨʝʰʥʘ. ɱʝʟʠʢ ʩʝ ʦʧʠʨʝ ʧʨʝʮʠʟʥʦʩʪʠ ʟʙʦʛ ʩʚʦʿʝ ʩʫʰʪʠʥʩʢʝ ʥʝʜʦʨʝʯʝʥʦʩʪʠ. 
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ʥʝʦʜʨʝʹʝʥʦʩʪ ʟʘʧʨʘʚʦ ʧʨʝʜʩʪʘʚˀʘ Ăʥʘʧʦʨ ʢʦʿʠ ʢʦʨʠʩʪʠʤʦ ʧʦʧʫʪ 

ʩʪʨʘʪʝʛʠʿʝ ʫ ʧʦʩʪʠʟʘˁʫ ʮʠˀʝʚʘ ʢʦʤʫʥʠʢʘʮʠʿʝñ12 (Parvaresh & Tayebi, 

2014: 597). 

ʅʝʦʜʨʝʹʝʥʦʩʪ ʤʦʞʝ ʙʠʪʠ ʠʟʨʘʞʝʥʘ ʿʝʟʠʯʢʦʤ ʬʦʨʤʦʤ ʢʦʿʘ ʥʝʤʘ 

ʧʨʝʮʠʟʥʦ ʟʥʘʯʝˁʝ ʫ ʜʘʪʦʤ ʢʦʥʪʝʢʩʪʫ (Zhang, 2011). ʊʦ ʤʦʞʝ ʙʠʪʠ ʨʝʯ, 

ʩʠʥʪʘʛʤʘ ʠʣʠ ʢʦʤʧʣʝʢʩʥʠʿʘ ʿʝʟʠʯʢʘ ʿʝʜʠʥʠʮʘ. ʅʝʢʠ ʦʜ ʝʢʩʧʦʥʝʥʘʪʘ ʫ 

ʩʘʚʨʝʤʝʥʦʤ ʝʥʛʣʝʩʢʦʤ ʿʝʟʠʢʫ ʢʘʦ ʤʘʪʝʨˁʝʤ ʫ ʩʚʘʢʦʜʥʝʚʥʦʿ 

ʢʦʤʫʥʠʢʘʮʠʿʠ ʿʝʩʫ thing, stuff, or so, like, something, anything, and so on, 

whatever, kind of, sort of (Carter and McCarthy, 2006: 202). 

ʅʝʦʜʨʝʹʝʥʦʩʪ ʿʝʟʠʯʢʠʭ ʝʢʩʧʦʥʝʥʘʪʘ ʨʝʘʣʠʟʫʿʝ ʩʝ ʫ 

ʩʧʝʮʠʬʠʯʥʦʤ ʢʦʥʪʝʢʩʪʫ, ʙʫʜʫ˂ʠ ʜʘ ʟʥʘʯʝˁʝ ʠʩʪʦʛ ʝʢʩʧʦʥʝʥʪʘ 

ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʤʦʞʝ ʙʠʪʠ ʜʨʫʛʘʯʠʿʝ ʫ ʜʨʫʛʘʯʠʿʝʤ ʢʦʥʪʝʢʩʪʫ (Zhang, 

2011: 572): 

Ӳ There are many people in his room. 

Ӳ There are many people in the park. 

ʅʝʢʘʜʘ ʿʝ ʫʧʦʪʨʝʙʘ ʥʝʦʜʨʝʹʝʥʠʭ ʿʝʟʠʯʢʠʭ ʠʟʨʘʟʘ ʿʝʟʠʢʘ ʟʘʧʨʘʚʦ 

ʿʝʜʠʥʠ ʠʟʙʦʨ ʛʦʚʦʨʥʠʢʘ, ʿ ʝʨ ʩʝ ʩʘʦʧʰʪʘʚʘ ʠʥʬʦʨʤʘʮʠʿʘ ʢʦʿʘ ʿʝ ʩʘʤʘ 

ʥʝʦʜʨʝʹʝʥʘ, ʘ ʥʝʢʘʜʘ ʿʝ ʪʦ ʟʘʧʨʘʚʦ ʥʘʤʝʨʥʠ ʠ ʚʦˀʥʠ ʠʟʙʦʨ ʛʦʚʦʨʥʠʢʘ 

ʢʦʿʠ ʙʠʨʘ ʥʝʦʜʨʝʹʝʥʠ ʿʝʟʠʢ ʢʘʦ ʨʝʣʝʚʘʥʪʥʠʿʠ ʫ ʜʘʪʦʿ ʛʦʚʦʨʥʦʿ 

ʩʠʪʫʘʮʠʿʠ, ʢʘʦ ʰʪʦ ʩʝ ʠʩʪʠʯʝ ʫ ʩʘʚʨʝʤʝʥʠʤ ʩʪʫʜʠʿʘʤʘ (Jucker et al., 

2003: 1737, McGee, 2018: 45): 

¶ Many friends attended her birthday party. (Zhang, 2022: 274) 

Many ʤʦʞʝ ʠʤʘʪʠ ʨʘʟʣʠʯʠʪʝ ʠʥʪʝʨʧʨʝʪʘʮʠʿʝ ʫ ʟʘʚʠʩʥʦʩʪʠ ʦʜ 

ʚʠʰʝ ʬʘʢʪʦʨʘ: ʥʧʨ. ʦʩʦʙʝ ʢʦʿʘ ʩʣʘʚʠ (ʫ ʩʤʠʩʣʫ ʧʦʧʫʣʘʨʥʦʩʪʠ 

ʩʣʘʚˀʝʥʠʮʝ, ʦʜʥʦʩʥʦ ʰʠʨʠʥʠ ʢʨʫʛʘ ʧʨʠʿʘʪʝˀʘ), ʧʦʚʨʰʠʥʝ ʧʨʦʩʪʦʨʘ 

ʟʘ ʧʨʦʩʣʘʚʫ ʠʣʠ ʙʨʦʿʘ ʛʦʩʪʠʿʫ ʢʦʿʝ ʧʨʦʩʪʦʨ ʤʦʞʝ ʜʘ ʧʨʠʤʠ (Zhang, 

2022: 274), ʰʪʦ ʫʿʝʜʥʦ ʧʦʢʘʟʫʿʝ ʜʘ ʥʝʦʜʨʝʹʝʥʠ ʦʙʣʠʢ ʤʦʞʝ ʙʠʪʠ 

ʧʨʝʮʠʟʥʠʿʠ ʦʜ ʥʘʚʦʹʝˁʘ ʢʦʥʢʨʝʪʥʦʛ ʙʨʦʿʘ ʧʨʠʩʫʪʥʠʭ ʫ ʜʘʪʦʿ 

ʩʠʪʫʘʮʠʿʠ. 

ʄʦʞʝʤʦ ʨʝʟʠʤʠʨʘʪʠ ʥʘʚʝʜʝʥʦ ʢʦʥʩʪʘʪʘʮʠʿʦʤ ʜʘ ʿʝ ʢʦʨʠʰ˂ʝˁʝ 

ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ ʟʘʧʨʘʚʦ ʤʘʥʠʬʝʩʪʘʮʠʿʘ ʧʨʘʛʤʘʪʠʯʢʝ ʢʦʤʧʝʪʝʥʮʠʿʝ 

ʛʦʚʦʨʥʠʢʘ. ʋʧʦʪʨʝʙʘ ʿʝʟʠʯʢʠʭ ʝʢʩʧʦʥʝʥʘʪʘ ʥʝʦʜʨʝʹʝʥʦʛ ʟʥʘʯʝˁʘ ʫ 

ʿʝʟʠʢʫ ʤʦʪʠʚʠʩʘʥʘ ʿʝ ʠ ʩʚʨʩʠʩʭʦʜʥʘ, ʪʘʢʦ ʜʘ ʧʨʝʜʩʪʘʚˀʘ ʠʥʜʠʢʘʪʦʨ 

ʚʝʰʪʠʥʝ (ʠʟʚʦʨʥʦʛ) ʛʦʚʦʨʥʠʢʘ, ʦʜʥʦʩʥʦ ʧʨʦʤʠʰˀʝʥʦ ʿʝʟʠʯʢʦ 

ʧʦʥʘʰʘˁʝ ʫ ʠʥʪʝʨʘʢʮʠʿʠ (Jucker et al., 2003: 1739). 

_____________________ 
12 ñan endeavor strategically made to achieve certain communicative goalsò (ʧʨʝʚʦʜ ʘʫʪʦʨʘ) 
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6. ȋʁʏʀʑʁʫʁʎʏʒʓНʔНʐʑʏʀʔʊʙʆʧʆНʎɷНʒʓʑɷʎʏʍНʧʁʅʆʊʔ 

ɱʝʜʥʘ ʦʜ ʦʩʥʦʚʥʠʭ ʢʘʨʘʢʪʝʨʠʩʪʠʢʘ ʤʝʹʫʿʝʟʠʢʘ ʿʝʩʪʝ ˁʝʛʦʚʘ 

ʚʘʨʠʿʘʙʠʣʥʦʩʪ, ʚʠʜˀʠʚʘ ʫ ʿʝʟʠʯʢʦʿ ʧʨʦʜʫʢʮʠʿʠ ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ 

(Saville-Troike, 2006). ʇʘʨʘʣʝʣʥʦ ʩ ʠʟʨʘʞʝʥʠʤ ʩʪʝʧʝʥʦʤ 

ʚʘʨʠʿʘʙʠʣʥʦʩʪʠ, ʥʝʠʟʚʦʨʥʠ ʛʦʚʦʨʥʠʮʠ ʫ ʧʦʢʫʰʘʿʫ ʜʘ ʥʘʜʦʤʝʩʪʝ ʩʚʦʿʝ 

ʿʝʟʠʯʢʝ ʥʝʜʦʩʪʘʪʢʝ, ʢʦʨʠʩʪʝ ʨʘʟʣʠʯʠʪʝ ʩʪʨʘʪʝʛʠʿʝ, ʦʜʥʦʩʥʦ 

ʩʪʨʘʪʝʛʠʿʩʢʫ ʢʦʤʧʝʪʝʥʮʠʿʫ, ʟʥʘʯʘʿʥʦ ʚʠʰʝ ʦʜ ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ, ʢʦʿʠ 

ʠʤʘʿʫ ʥʘ ʨʘʩʧʦʣʘʛʘˁʫ ʿʝʟʠʯʢʫ ʢʦʤʧʝʪʝʥʮʠʿʫ ʠ ʧʦʟʥʘʚʘˁʝ ʨʝʣʝʚʘʥʪʥʠʭ 

ʩʦʮʠʦʣʠʥʛʚʠʩʪʠʯʢʠʭ, ʢʫʣʪʫʨʦʣʦʰʢʠʭ ʠ ʧʨʘʛʤʘʪʠʯʢʠʭ ʬʝʥʦʤʝʥʘ. 

ʄʝʹʫ ʧʨʝʧʦʟʥʘʪˀʠʚʠʤ ʩʪʨʘʪʝʛʠʿʘʤʘ ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ 

ʥʘʣʘʟʠ ʩʝ ʠ ʢʦʛʥʠʪʠʚʥʘ ʪʝʥʜʝʥʮʠʿʘ ʢʘ ʛʝʥʝʨʘʣʠʟʘʮʠʿʠ, ʦʜʥʦʩʥʦ 

ʢʦʨʠʰ˂ʝˁʫ ʫʦʧʰʪʝʥʠʿʠʭ, ʥʝʦʜʨʝʹʝʥʠʭ ʿʝʟʠʯʢʠʭ ʬʦʨʤʠ ʢʘʢʦ ʫ 

ʧʨʝʚʦʹʝˁʫ ʥʘ ʩʪʨʘʥʠ ʿʝʟʠʢ (Spajiĺ & Suknoviĺ, 2019) ʪʘʢʦ ʠ ʫ ʧʠʩʘˁʫ 

ʥʘ ʩʪʨʘʥʦʤ ʿʝʟʠʢʫ (Hasselgren, 1994; Lee & Chen, 2009). ʀ ʩʘʤʦ 

ʨʘʟʫʤʝʚʘˁʝ ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ ʙʠʪʥʦ ʿʝ ʨʘʟʣʠʯʠʪʦ ʢʦʜ ʠʟʚʦʨʥʠʭ ʠ 

ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ. ʉʪʦʛʘ ʤʦʞʝʤʦ ʠʩʪʘ˂ʠ ʜʘ ʿʝ ʚʝʦʤʘ ʟʘʭʪʝʚʥʦ ʟʘ 

ʥʝʠʟʚʦʨʥʝ ʛʦʚʦʨʥʠʢʝ ʜʘ ʦʚʣʘʜʘʿʫ ʢʦʨʠʰ˂ʝˁʝʤ ʨʘʟʣʠʯʠʪʠʭ ʜʠʩʢʫʨʩʥʠʭ 

ʢʘʨʘʢʪʝʨʠʩʪʠʢʘ ʩʪʨʘʥʦʛ ʿʝʟʠʢʘ, ʫʢˀʫʯʫʿʫ˂ʠ ʠ ʧʨʘʛʤʘʪʠʯʢʠ ʦʧʨʘʚʜʘʥʦ 

ʢʦʨʠʰ˂ʝˁʝ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ (Evison et al., 2007; Parvaresh & 

Ahmadian, 2016; Markoviĺ, 2019; Markoviĺ, 2021), ʧʦʩʝʙʥʦ ʠʤʘʿʫ˂ʠ ʫ 

ʚʠʜʫ ʢʦʤʧʣʝʢʩʥʦʩʪ ʟʥʘʯʝˁʘ ʠ ʫʧʦʪʨʝʙʘ ʠʟʨʘʟʘ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʫ 

ʠʟʚʦʨʥʦʤ ʿʝʟʠʢʫ. 

7. ȋʁʏʀʑʁʫʁʎʆНʧʁʅʆʊНʔНʊʏʑʐʔʒʔНICLE-SE 

ʋ ʥʘʩʪʘʚʢʫ ʩʣʝʜʝ ʥʘʿʧʨʝ ʧʨʠʤʝʨʠ ʫʧʦʪʨʝʙʝ ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ 

ʠʟ ʩʨʙʦʬʦʥʦʛ ʢʦʨʧʫʩʘ ICLE-SE, ʦʩʪʚʘʨʝʥʠ ʢʦʨʠʰ˂ʝˁʝʤ ʨʘʟʣʠʯʠʪʠʭ 

ʿʝʟʠʯʢʠʭ ʤʝʭʘʥʠʟʘʤʘ: 

Ӳ However, there are some cases in which this kind of an obstacle is 

certainly relevant. SEBJ101613 

Ӳ Sometimes, we all get tired, or there are some days when we are not 

pretty to ourselves, so why not put some make-up on. (SEBJ1004) 

Ӳ Just because someone looks a certain way it doesn't mean they are 

good or bad. (SENS1021) 

Ӳ There are some movies that all of us love and we can watch them over 

and over again, [é]. (SEBJ1011) 

Ӳ It can happen to anyone to fall in love with someone who is older or 

younger, or someone who is different or whatever. (SEBJ1022) 

_____________________ 
13 ʅʘʢʦʥ ʧʦʿʝʜʠʥʘʯʥʠʭ ʧʨʠʤʝʨʘ, ʥʘʟʥʘʯʝʥ ʿʝ ʢ¹ʜ ʩʘʩʪʘʚʘ ʠʟ ʢʦʨʧʫʩʘ. 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

99 

ʇʦʥʘʚˀʘˁʝ ʿʝʟʠʯʢʠʭ ʿʝʜʠʥʠʮʘ ʥʝʦʜʨʝʹʝʥʦʛ ʟʥʘʯʝˁʘ, 

ʨʘʟʣʠʯʠʪʠʭ ʠʣʠ ʥʝʢʘʜʘ ʯʘʢ ʠʩʪʠʭ, ʚʝʦʤʘ ʿʝ ʯʝʩʪʦ ʫ ʦʢʚʠʨʫ ʠʩʪʝ 

ʨʝʯʝʥʠʮʝ ʢʦʜ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ, ʯʠʤʝ ʩʝ ʩʪʠʯʝ ʫʪʠʩʘʢ 

ʥʝʧʨʠʨʦʜʥʦʩʪʠ, ʦʜʥʦʩʥʦ ʥʝʠʟʚʦʨʥʦʩʪʠ ʜʠʩʢʫʨʩʘ:14 

Ӳ Long, long time ago, someone very conservative and narrow-minded 

said that, in order to do a certain job you have to look a certain way. 

(SENS2001) 

Ӳ Unlike many, some companies realised how many problems smoking 

can cause for a large number of people, so they put warning messages 

on every cigarette pack like <*> or <*> and so on. (SEBJ1003) 

ʋ ʬʦʢʫʩʫ ʦʚʦʛ ʯʣʘʥʢʘ ʿʝʩʫ ʧʨʚʝʥʩʪʚʝʥʦ ʥʝʦʜʨʝʹʝʥʦ some, ʫʟ 

ʥʝʦʜʨʝʹʝʥʝ ʟʘʤʝʥʠʯʢʝ ʦʙʣʠʢʝ somebody, someone, something, ʢʦʿʠ ʩʫ ʠ 

ʦʜʘʙʨʘʥʠ ʢʘʦ ʝʢʩʧʦʥʝʥʪʠ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʫ ʢʦʨʧʫʩʫ ʩʨʙʦʬʦʥʠʭ 

ʛʦʚʦʨʥʠʢʘ ICLE-SE, ʘ ʢʦʿʝ ʥʘʟʠʚʘʤʦ ʮʠˀʥʠʤ ʥʝʦʜʨʝʹʝʥʠʤ ʦʙʣʠʮʠʤʘ ʫ 

ʥʘʩʪʘʚʢʫ ʪʝʢʩʪʘ. 

ʋ ʢʦʨʧʫʩʫ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ʫʯʝʩʪʘʣʦʩʪ ʥʘʚʝʜʝʥʠʭ 

ʦʙʣʠʢʘ15 ʨʝʣʘʪʠʚʥʦ ʿʝ ʚʠʩʦʢʘ (0,87%), ʰʪʦ ʿʝ ʠ ʦʯʝʢʠʚʘʥʦ ʠ ʨʘʟʫʤˀʠʚʦ 

ʙʫʜʫ˂ʠ ʜʘ ʿʝ ʫ ʧʠʪʘˁʫ ʧʠʩʘˁʝ ʥʘ ʝʥʛʣʝʩʢʦʤ ʢʘʦ ʩʪʨʘʥʦʤ ʿʝʟʠʢʫ. ʀʧʘʢ, 

ʧʦʨʝʹʝˁʝ ʩ ʫʯʝʥʠʯʢʠʤ ʢʦʨʧʫʩʠʤʘ ʛʦʚʦʨʥʠʢʘ ʜʨʫʛʠʭ ʩʪʨʘʥʠʭ ʿʝʟʠʢʘ ʠʟ 

ʠʩʪʦʛ ʤʝʹʫʥʘʨʦʜʥʦʛ ʢʦʨʧʫʩʘ ICLE (ʫʢʫʧʥʦ 18, ʚʠʜʝʪʠ ʊʘʙʝʣʫ 1., 

ʇʨʠʣʦʛ) ʧʦʢʘʟʫʿʝ ʜʘ ʿʝ ʢʦʜ ʛʦʚʦʨʥʠʢʘ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ, ʫʟ ʪʫʨʩʢʠ, 

ʫʯʝʩʪʘʣʦʩʪ ʚʝ˂ʘ ʦʜ ʛʦʚʦʨʥʠʢʘ ʜʨʫʛʠʭ ʤʘʪʝʨˁʠʭ ʿʝʟʠʢʘ (ʙʫʛʘʨʩʢʦʛ, 

ʯʝʰʢʦʛ, ʢʠʥʝʩʢʦʛ, ʭʦʣʘʥʜʩʢʦʛ, ʬʠʥʩʢʦʛ, ʬʨʘʥʮʫʩʢʦʛ, ʥʝʤʘʯʢʦʛ, ʛʨʯʢʦʛ, 

ʤʘʹʘʨʩʢʦʛ, ʠʪʘʣʠʿʘʥʩʢʦʛ, ʣʠʪʚʘʥʩʢʦʛ, ʤʘʢʝʜʦʥʩʢʦʛ, ʧʝʨʩʠʿʩʢʦʛ, ʧʦˀʩʢʦʛ, 

ʨʫʩʢʦʛ, ʰʧʘʥʩʢʦʛ ʠ ʰʚʝʜʩʢʦʛ), ʢʘʦ ʠ ʦʜ ʧʨʦʮʝʥʪʫʘʣʥʝ ʟʘʩʪʫʧˀʝʥʦʩʪʠ 

ʥʘ ʥʠʚʦʫ ʢʦʤʧʣʝʪʥʦʛ ʢʦʨʧʫʩʘ (0,53%) ʠ ʨʝʬʝʨʝʥʪʥʦʛ ʜʝʣʘ ʢʦʨʧʫʩʘ 

LOCNESS (0,39%), ʠʥʘʯʝ ʢʦʨʧʫʩʘ ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ (Granger, 

1998).16 ɼʨʫʛʠʤ ʨʝʯʠʤʘ, ʠʘʢʦ, ʩʘ ʿʝʜʥʝ ʩʪʨʘʥʝ, ʧʦʩʪʦʿʠ ʦʧʰʪʘ 

ʪʝʥʜʝʥʮʠʿʘ ʢʦʨʠʰ˂ʝˁʘ ʠʟʨʘʟʘ ʿʝʟʠʯʢʝ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʢʦʜ ʥʝʠʟʚʦʨʥʠʭ 

ʛʦʚʦʨʥʠʢʘ, ʩ ʜʨʫʛʝ ʩʪʨʘʥʝ ʫʦʯʘʚʘʤʦ ʜʘ ʿʝ ʧʨʠʩʫʩʪʚʦ ʮʠˀʥʠʭ 

ʥʝʦʜʨʝʹʝʥʠʭ ʦʙʣʠʢʘ ʫʯʝʩʪʘʣʠʿʝ ʫʧʨʘʚʦ ʫ ʢʦʨʧʫʩʫ ʩʨʙʦʬʦʥʠʭ 

ʛʦʚʦʨʥʠʢʘ, ʰʪʦ ʿʝ ʠ ʧʨʝʜʤʝʪ ʥʘʰʝʛ ʠʩʪʨʘʞʠʚʘˁʘ. 

_____________________ 
14 ʇʨʠʣʠʢʦʤ ʬʦʨʤʠʨʘˁʘ ʢʦʤʝʥʪʘʨʘ ʦ ʥʘʚʝʜʝʥʠʤ ʧʨʠʤʝʨʠʤʘ ʫʧʦʪʨʝʙʝ ʠʟ ʢʦʨʧʫʩʘ ʟʘʪʨʘʞʠʣʠ 

ʩʤʦ ʠ ʤʠʰˀʝˁʝ ʣʝʢʪʦʨʘ, ʠʟʚʦʨʥʦʛ ʛʦʚʦʨʥʠʢʘ ʘʤʝʨʠʯʢʝ ʚʘʨʠʿʘʥʪʝ ʝʥʛʣʝʩʢʦʛ ʿʝʟʠʢʘ. 
15 ɿʘʜʘʪʘ ʧʨʝʪʨʘʛʘ ʫʢˀʫʯʠʣʘ ʿʝ some ʠ ʩʚʝ ʩʣʦʞʝʥʝ ʥʝʦʜʨʝʹʝʥʝ ʦʙʣʠʢʝ ʯʠʿʘ ʿʝ ʧʨʚʘ ʤʦʨʬʝʤʘ 

some*. 
16 ʂʦʨʧʫʩ ʩʘʩʪʘʚʘ ʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ ʢʦʿʠ ʩʝ ʪʠʧʠʯʥʦ ʢʦʨʠʩʪʠ ʢʘʦ ʨʝʬʝʨʝʥʪʥʠ ʢʦʨʧʫʩ ʫ 

ʠʩʪʨʘʞʠʚʘˁʠʤʘ ʟʙʦʛ ʩʣʠʯʥʠʭ ʩʦʮʠʦʣʠʥʛʚʠʩʪʠʯʢʠʭ ʦʩʦʙʝʥʦʩʪʠ ʛʦʚʦʨʥʠʢʘ ʬʦʨʤʠʨʘʥ ʧʨʠ 

ʎʝʥʪʨʫ ʟʘ ʘʥʛʣʠʩʪʠʯʢʫ ʢʦʨʧʫʩʥʫ ʣʠʥʛʚʠʩʪʠʢʫ ʫ ʅʦʚʦʤ ʃʫʚʝʥʫ (Centre for English Corpus 

Linguistics, Universit® catholique de Louvain, Louvain-la-Neuve).                                                 

(https://www.learnercorpusassociation.org/resources/tools/locness-corpus/). 
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ʀʟ ʢʦʥʢʦʨʜʘʥʮʠ ʢʦʿʝ ʩʫ ʛʝʥʝʨʠʩʘʥʝ ʢʦʨʠʰ˂ʝˁʝʤ ʠʥʪʝʛʨʠʩʘʥʠʭ 

ʢʦʨʧʫʩʥʠʭ ʘʣʘʪʘ ʥʘ ʧʣʘʪʬʦʨʤʠ ʢʦʨʧʫʩʘ ICLE ʠʟʜʚʦʿʠʣʠ ʩʤʦ ʥʝʢʦʣʠʢʦ 

ʛʨʫʧʘ ʧʨʠʤʝʨʘ ʫʧʦʪʨʝʙʝ. ʅʘʿʧʨʝ ʥʘʚʦʜʠʤʦ ʧʨʠʤʝʨʝ ʢʦʿʠ ʦʧʨʘʚʜʘʥʦ ʠ 

ʧʨʘʛʤʘʪʠʯʢʠ ʿʘʩʥʦ ʢʦʨʠʩʪʝ ʥʝʦʜʨʝʹʝʥʠ ʦʙʣʠʢ some, ʯʘʢ ʠ ʧʦʥʦʚˀʝʥ ʫ 

ʦʢʚʠʨʫ ʠʩʪʝ ʨʝʯʝʥʠʮʝ: 

Ӳ Some adaptations are successful, and some are not, mainly because 

some movies are successful, and some are not. (SEBG2021) 

Ӳ Some people are against big age differences, some are not. 

(SEES2012) 

Ӳ Some film adaptations are hits, and some are misses, but those hits hit 

hard. (SEBG2021) 

Ӳ Some people that are under twenty seem to be more mature than some 

people that are over that age. (SEBJ1031) 

Ӳ Some people tend to hide it, some are not ashamed to admit that it 

canôt all be rainbows and butterflies, and some just donôt give it too 

much thought. (SEBG2004) 

Ӳ ʇʨʠʤʝʨ ʫʧʦʪʨʝʙʝ ʜʨʫʛʠʭ ʥʝʦʜʨʝʹʝʥʠʭ ʦʙʣʠʢʘ ʩʣʝʜʠ: 

Ӳ The question is how long we will wait until someone will do 

something serious to improve education system in Serbia. 

(SEBG2001) 

ʇʦʿʝʜʠʥʠ ʧʨʠʤʝʨʠ ʥʠʩʫ ʥʝʨʘʟʫʤˀʠʚʠ, ʘʣʠ ʿʝ ʯʠˁʝʥʠʮʘ ʜʘ 

ʢʦʨʠʰ˂ʝˁʝ ʥʝʦʜʨʝʹʝʥʠʭ ʦʙʣʠʢʘ ʦʜʫʟʠʤʘ ʬʣʫʝʥʪʥʦʩʪ ʠ ʟʘʭʪʝʚʘ ʧʘʞˁʫ 

ʧʨʠʣʠʢʦʤ ʯʠʪʘˁʘ: 

Ӳ For instance, if someone sees a man with considerably younger 

woman the first thing that comes to their mind is that he is probably 

an extremely wealthy businessman and that financies are the thing 

that brought them together. (SEBG1026)17 

Ӳ In the end we should not reject movie adaptations completely, because 
sometimes we can learn something new from them. (SEBJ1014) 

ɿʘ ʨʘʟʣʠʢʫ ʦʜ ʧʨʝʪʭʦʜʥʠʭ, ʯʝʩʪʠ ʩʫ ʧʨʠʤʝʨʠ ʛʜʝ ʿʝ 

ʥʝʨʘʟʫʤˀʠʚʦʩʪ ʝʚʠʜʝʥʪʥʘ, ʩ ʪʠʤ ʰʪʦ ʿʝ ʫʧʨʘʚʦ ʢʦʨʠʰ˂ʝˁʝ 

ʥʝʦʜʨʝʹʝʥʦʛ ʿʝʟʠʢʘ ʠʟʚʦʨ ʥʝʿʘʩʥʦ˂ʝ. ʊʘʢʚʝ ʧʨʠʤʝʨʝ ʙʠʣʦ ʙʠ ʧʦʪʨʝʙʥʦ 

ʧʨʝʬʦʨʤʫʣʠʩʘʪʠ ʫ ʮʠˀʫ ʧʦʩʪʠʟʘˁʘ ʿʘʩʥʦ˂ʝ: 

_____________________ 
17 ʋ ʢʦʨʧʫʩʫ ICLE ʟʘʜʨʞʘʥʘ ʿʝ ʧʦʪʧʫʥʘ ʘʫʪʝʥʪʠʯʥʦʩʪ ʪʝʢʩʪʦʚʘ ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ, 

ʫʢˀʫʯʫʿʫ˂ʠ ʠ ʥʝʧʨʘʚʠʣʥʦʩʪʠ ʫ ʬʦʨʤʘʤʘ ʨʝʯʠ (ʥʧʨ. *financies). 
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Ӳ Even if someone is not trying to be someone they are not by their 

appearance, how they like to dress does not have to represent their 

personality. (SEBG2017)18 

Ӳ Secondly, everyone, based on personal preferences and 

characteristics, is looking for someone who suits them, for someone it 

is an older person, and for someone younger. (SEBJ1016)19 

Ӳ Generally, some people are more likely to judge other people 

immediately after they meet someone for the first time than other 

people. (SEBJ300520) 

ʋ ʩʣʝʜʝ˂ʠʤ ʧʨʠʤʝʨʠʤʘ ʥʝʧʦʪʨʝʙʥʦ ʦʧʪʝʨʝ˂ʝˁʝ ʧʨʝʜʩʪʘʚˀʘ 

ʫʧʨʘʚʦ ʥʝʦʜʨʝʹʝʥʦ some. ʉʪʦʛʘ, ʦʧʨʘʚʜʘʥʦ ʛʘ ʿʝ ʠʟʦʩʪʘʚʠʪʠ ʠʟ ʧʨʠʤʝʨʘ 

ʢʦʿʠ ʩʣʝʜʝ: 

Ӳ But quite often movies that are adaptations of some books are not as 

good as the books. (SEBJ1027) 

Ӳ In some cases, as some people are with their clothes, so they are with 

their habits. (SENS3014) 

Ӳ Money is largely responsible for the enormous economic growth of some 

countries like America, Russia, China, Australia etc., where the utopian 

dream proposed by many a scholar has been realized. (SEBG2048) 

Ӳ Native speakers are able to acquire some new words, or to add some 

new meanings to already known words. (SEES2026) 

Ӳ What I remember best is that the invention of money immediately 
triggered some conflicts among people. (SENS1027) 

Ӳ When some people hear where you're coming from, they make a 
picture of you and your country [é.].(SEBJ1039) 

Ӳ Yes, I still haven't lost hope in the movie industry and I hope there 
will be some better adaptations of this everlasting story in the future. 

(SEBG1028) 

ʋ ʧʨʠʤʝʨʠʤʘ ʢʦʿʠ ʩʣʝʜʝ ʫʤʝʩʪʦ ʥʝʦʜʨʝʹʝʥʦʛ some ʙʦˀʝ ʿʝ 

ʢʦʨʠʩʪʠʪʠ ʥʝʦʜʨʝʹʝʥʠ ʯʣʘʥ, a: 

_____________________ 
18 Even if someone is not trying to express themself through their appearance, how they like to 

dress does not have to represent their personality. (SEBG20172) 

ʅʘʧʦʤʝʥʘ: ʇʨʝʜʣʦʛʝ ʩʚʠʭ ʥʘʚʝʜʝʥʠʭ ʧʘʨʘʬʨʘʟʘ ʫ ʬʫʩʥʦʪʘʤʘ, ʢʦʿʝ ʩʫ ʦʙʝʣʝʞʝʥʝ ʠʥʜʝʢʩʦʤ 

2, ʧʨʠʧʨʝʤʠʦ ʿʝ ʠʟʚʦʨʥʠ ʛʦʚʦʨʥʠʢ ʝʥʛʣʝʩʢʦʛ ʿʝʟʠʢʘ ʘʤʝʨʠʯʢʝ ʚʘʨʠʿʘʥʪʝ. 

ʂʦʥʢʨʝʪʥʦ ʟʘ ʥʘʚʝʜʝʥʠ ʧʨʠʤʝʨ ʠʟʚʦʨʥʠ ʛʦʚʦʨʥʠʢ ʿʝ ʥʘʟʥʘʯʠʦ ʜʘ ʿʝ ʠʟʚʦʨ ʥʝʿʘʩʥʦ˂ʝ ʠ 

ʿʝʟʠʯʢʘ ʥʝʦʜʨʝʹʝʥʦʩʪ ʠ ʜʚʦʩʪʨʫʢʘ ʥʝʛʘʮʠʿʘ ʫ ʨʝʯʝʥʠʮʠ. 

19 Secondly, everyone, based on personal preferences and characteristics, is looking for someone who 

suits them; for one, it might be an older person, and for another, someone younger. (SEBJ10162) 

20 Generally, some people are more likely to judge other people immediately after they meet 

someone for the first time. SEBJ30052 
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Ӳ Secondly, descriptions given in books never tell you something 
certain; for example, it is up to you how you will imagine some 

character's physical appearance, his/her facial expressions or the way 

he/she moves. (SEBG2030) 

Ӳ Somebody says there is some boundary of five years difference and 

that should be ok. (SEBJ1031) 

Ӳ All things considered, we can say that reading some book is always 

better than watching a movie. (SEES1008) 

ʋ ʧʨʠʤʝʨʠʤʘ ʢʦʿʠ ʩʣʝʜʝ ʫʤʝʩʪʦ ʥʝʦʜʨʝʹʝʥʦʛ some ʙʦˀʝ ʿʝ 

ʢʦʨʠʩʪʠʪʠ ʥʝʦʜʨʝʹʝʥʠ ʧʨʠʜʝʚ certain ʠʣʠ various (+pl.) ʫ ʟʘʚʨʰʥʦʿ 

ʨʝʯʝʥʠʮʠ: 

Ӳ Firstly, there are some universities that do not have the appropriate 
subjects for some degrees, so students are obliged to study subjects 

that are not so closely related to their major. (SEES2008) 

Ӳ Age is not a crucial thing when you have to discuss some issues. 

(SEBJ1031) 

Ӳ There are some social conventions that some people tend to follow. 

(SEBJ1050) 

Ӳ [W]e learn to value different culture by being taught on different 
aspects from some country, such as literature, customs, its history, etc. 

we develop our vocabulary, listening, writing and speaking skills. 

(SEBG2051)21 

8. ȋʁʏʀʑʁʫʁʎʆНʧʁʅʆʊНʔНʊʏʑʐʔʒʔ ȇʏʑȏȏǴʎɺ 

ɿʥʘʯʘʿ ʬʦʨʤʠʨʘˁʘ ʢʦʨʧʫʩʘ ʂʦʨʉʉɸʥʛ, ʢʦʿʠ ʩʘʜʨʞʠ ʦʢʦ 45.000 

ʨʝʯʠ ʠʣʠ 70 ʘʨʛʫʤʝʥʪʘʪʠʚʥʠʭ ʩʘʩʪʘʚʘ ʧʠʩʘʥʠʭ ʥʘ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ ʯʠʿʠ 

ʩʫ ʘʫʪʦʨʠ ʠʟʚʦʨʥʠ ʛʦʚʦʨʥʠʮʠ ʩʨʧʩʢʦʛ, ʤʦʞʝ ʩʝ ʚʠʜʝʪʠ ʫʧʨʘʚʦ ʫ 

ʧʦʨʝʹʝˁʫ ʢʦʿʝ ʧʨʝʜʩʪʘʚˀʘʤʦ. ʅʘʠʤʝ, ʥʘʢʦʥ ʟʘʧʘʞʘˁʘ ʜʘ ʩʫ ʮʠˀʥʠ 

ʥʝʦʜʨʝʹʝʥʠ ʦʙʣʠʮʠ ʫʯʝʩʪʘʣʠʿʠ ʢʦʜ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ, ʧʨʠʩʪʫʧʠʣʠ 

ʩʤʦ ʘʥʘʣʠʟʠ ʠʟʚʦʨʥʦʛ ʢʦʨʧʫʩʘ ʂʦʨʉʉɸʥʛ ʠ ʧʨʝʪʨʘʞʠʣʠ ʥʝʦʜʨʝʹʝʥʦ 

ʥʝʢʠ ʫ ˁʝʤʫ.22 ʅʘʧʦʤʠˁʝʤʦ ʜʘ ʥʠʿʝʜʘʥ ʦʜ ʥʘʩʣʦʚʘ ʩʘʩʪʘʚʘ 

ʢʦʨʠʰ˂ʝʥʠʭ ʟʘ ʬʦʨʤʠʨʘˁʝ ʢʦʨʧʫʩʘ ʥʝ ʩʘʜʨʞʠ ʫʧʦʪʨʝʙʝ ʮʠˀʥʠʭ 

ʥʝʦʜʨʝʹʝʥʠʭ ʦʙʣʠʢʘ, ʰʪʦ ʙʠ ʫ ʧʨʦʪʠʚʥʦʤ ʤʦʛʣʦ ʙʠʪʠ ʜʦʚʝʜʝʥʦ ʫ ʚʝʟʫ 

ʩ ʫʯʝʩʪʘʣʠʤ ʫʧʦʪʨʝʙʘʤʘ. ʈʝʟʫʣʪʘʪ ʦʙʘʚˀʝʥʝ ʧʨʝʪʨʘʛʝ ʿʝʩʫ ʫʢʫʧʥʦ 264 

_____________________ 
21 [W]e learn to value different cultures by being taught different aspects from various countries, 

such as literature, customs, its history, etc.; we develop our vocabulary, listening, writing and 

speaking skills. SEBG20512 

22 [lemma_lc="ʥʝʢʠ"] 
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ʧʨʠʤʝʨʘ ʫʧʦʪʨʝʙʝ, ʦʜʥʦʩʥʦ ʫʯʝʰ˂ʝ ʩ 0,58% ʟʘʩʪʫʧˀʝʥʦʩʪʠ.23 

ʆʜʘʙʨʘʣʠ ʩʤʦ ʥʝʢʦʣʠʢʦ ʧʨʠʤʝʨʘ. 

ʅʘʿʧʨʝ, ʠʤʘ ʧʨʠʤʝʨʘ ʫʧʦʪʨʝʙʝ, ʧʦʧʫʪ ʩʣʝʜʝ˂ʠʭ, ʢʦʿʝ ʤʦʞʝʤʦ 

ʦʮʝʥʠʪʠ ʢʘʦ ʿʘʩʥʝ ʠ ʨʘʟʫʤˀʠʚʝ ʠʟʚʦʨʥʠʤ ʛʦʚʦʨʥʠʮʠʤʘ: 

Ӳ Kada neko kaģe Ăherojñ, prva asocijacija na tu rijeļ je moja majka. 

(ʂʦʨʉʉɸʥʛ32) 

Ӳ Kao da je znanje neki kolaļ koga ima u odreĽenoj koliļini, pa ġto ga 

viġe ljudi deli, to manje svako pojedinaļno dobija. (ʂʦʨʉʉɸʥʛ63) 

Ӳ Npr. meni se ļesto deġava da ļujem neku pjesmu koja ima neprikladan 

ili totalno besmislen tekst, ali veoma dobar ritam. (ʂʦʨʉʉɸʥʛ34) 

Ӳ Npr. neka osoba sluġa odreĽenu pjesmu kad raskine sa svojim 

partnerom. (ʂʦʨʉʉɸʥʛ34) 

Ӳ Krv, novac, estrada, i neke ekstremno bitne informacije poput, gdje 

spava Cecin sin veļeras. (ʂʦʨʉʉɸʥʛ3) 

Ӳ [I]mamo sluļaj da neke zemlje (Njemaļka, Francuskaé) imaju 

potpisan sporazum o bezviznom ulasku u neke od najrazvijenijih 

zemalja svijeta (SAD, Kanada) [...]. (ʂʦʨʉʉɸʥʛ15) 

ʋ ʥʘʨʝʜʥʠʤ ʧʨʠʤʝʨʠʤʘ ʫʤʥʦʞʘʚʘˁʝ ʮʠˀʥʠʭ ʥʝʦʜʨʝʹʝʥʠʭ 

ʦʙʣʠʢʘ ʤʦʞʝ ʧʨʝʜʩʪʘʚˀʘʪʠ ʢʦʛʥʠʪʠʚʥʦ ʦʧʪʝʨʝ˂ʝˁʝ ʠ ʟʘ ʠʟʚʦʨʥʦʛ 

ʛʦʚʦʨʥʠʢʘ: 

Ӳ ʇʦʛʦʪʦʚʦ ʢʘʜʘ ʧʠʪʘʪʝ ʥʝʢʦʛ ʯʦʚʿʝʢʘ ʟʘ ʢʦʛʘ ʿʝ ʛʣʘʩʘʦ ʥʘ ʠʟʙʦʨʠʤʘ, 

ʘ ʦʥ ʚʘʤ ʦʜʛʦʚʦʨʠ ʜʘ ʥʠʿʝ ʠʟʘʰʘʦ ʥʘ ʠʟʙʦʨʝ ʫʦʧʰʪʝ. ʊʘʢʚʠ ˀʫʜʠ 

ʥʠʩʫ ʥʠʢʦʤʝ ʿ ʘʩʥʠ. ʂʘʢʦ ʥʝʢʦ ʤʦʞʝ ʜʘ ʩʘ ʪʘʢʚʦʤ ʣʘʢʦ˂ʦʤ ʧʫʩʪʠ 

ʥʝʢʦʛʘ ʜʘ ʤʫ ʩʫʪʨʘ ʦʜʣʫʯʫʿʝ ʦ ʩʫʜʙʠʥʠ. (ʂʦʨʉʉɸʥʛ59) 

Ӳ [Ă] Banja Luka idealno mjesto za druģenje, socijalizacijuñ, i to jeste 
(donekle) taļno. Na svakom koraku moģeġ vidjeti nekoga. Sa 

nekim/a. (ʂʦʨʉʉɸʥʛ36) 

Ӳ Ukoliko neko nije zadovoljan nekim dijelom svog tijela, ili ģeli nekakvu 

promjenu na sebi kako bi se osjeĺao zadovoljnije [...]. (ʂʦʨʉʉɸʥʛ21) 

Ӳ Zaġto nekoga osuĽivati i zamjerati mu neġto? (ʂʦʨʉʉɸʥʛ12) 

Ӳ [...] jer je sve u nekoj mjeri vaģno za nekoga i za neġto. (ʂʦʨʉʉɸʥʛ23) 

Ӳ Kako mi reagujemo na neku pjesmu mnogo zavisi od stanja naġeg 

uma ili nekih prethodnih iskustava. Ako neko odreĽeno razdoblje svog 

ģivota poveģemo s nekom pjesmom [...]. (ʂʦʨʉʉɸʥʛ34) 

ʋ ʧʨʠʤʝʨʫ ʢʦʿʠ ʩʣʝʜʠ ʫ ʥʝʜʦʫʤʠʮʠ ʩʤʦ ʜʘ ʣʠ ʩʫ ʥʝʩʠʛʫʨʥʠ ʠ 

ʦʥʠ ʢʦʿʠ ʥʝ ʚʦʣʝ ʩʚʦʿ ʠʟʛʣʝʜ ʠʩʪʘ ʛʨʫʧʘ ˀʫʜʠ, ʠʣʠ ʿʝ ʠʧʘʢ ʨʝʯ ʦ ʜʚʝ 

ʨʘʟʣʠʯʠʪʝ ʛʨʫʧʝ: 
_____________________ 
23 ʋʧʠʪ CQL [lemma_lc="ʥʝʢʠ|ʥʝʯʠʿʠ|neki|neļiji" & tag="PRO"] ʜʘʿʝ 273 ʨʝʟʫʣʪʘʪʘ, ʦʜʥʦʩʥʦ 

0,6%. 
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Ӳ Neki ljudi su nesigurni u sebe, neki ne vole svoj izgled, neġto im smeta 

i ģele da se promene. (ʂʦʨʉʉɸʥʛ30) 

Ӳ ʇʨʠʤʝʨʝ ʢʦʿʠ ʩʣʝʜʝ ʨʘʜʦ ʙʠʩʤʦ ʧʘʨʘʬʨʘʟʠʨʘʣʠ, ʦʧʝʪ ʟʙʦʛ 
ʮʠˀʥʠʭ ʥʝʦʜʨʝʹʝʥʠʭ ʦʙʣʠʢʘ: 

Ӳ ʅʝʢʠ ʦʜ ʨʘʟʣʦʛʘ ʟʘʰʪʦ ʙʠ ʪʨʝʙʘʣʦ ʙʠʪʠ ʟʘʙʨʘˁʝʥʦ ʿʝ ʪʘʿ ʰʪʦ ʜʠʤ 
ʮʠʛʘʨʝʪʘ ʤʦʞʝ ʩʤʝʪʘʪʠ ʥʝʢʦʤʝ. (ʂʦʨʉʉɸʥʛ58) 

Ӳ ʀʟ ʪʦʛ ʨʘʟʣʦʛʘ, ʤʦʞʝʤʦ ʪʚʨʜʠʪʠ ʜʘ ʤʫʟʠʢʘ ʜʝʣʫʿʝ ʠʩʢˀʫʯʠʚʦ 
ʪʝʨʘʧʝʫʪʩʢʠ, ʢʘʦ ʫʪʝʭʘ ʫ ʟʚʫʢʫ ʢʦʿʠ [ʿ ʝ] ʩʪʚʦʨʝʥ ʦʜ ʩʪʨʘʥʝ ʥʝʢʦʛʘ ʢʦ ʿʝ 

ʠʤʘʦ ʠʩʪʘ ʠʣʠ ʩʣʠʯʥʘ ʠʩʢʫʩʪʚʘ, ʥʝʢʦ ʢʦ ʨʘʟʫʤʝ. (ʂʦʨʉʉɸʥʛ50) 

Ӳ Niko nikome nije naudio ġto se zaljubio pa ģeli da se razvede. To je u 

redu. MeĽutim, nije u redu ako taj neko nije poġten pa ne prizna to i 

nastavi da ģivi u braļnoj zajednici [...].(ʂʦʨʉʉɸʥʛ12) 

ʋ ʧʨʠʤʝʨʠʤʘ ʢʦʿʠ ʩʣʝʜʝ ʤʦʞʝʤʦ ʟʘʤʠʩʣʠʪʠ ʠʩʪʝ ʨʝʯʝʥʠʮʝ, ʘʣʠ 

ʙʝʟ ʥʝʦʜʨʝʹʝʥʦʛ ʥʝʢʠ. ʅʘ ʧʨʠʤʝʨ, ʫ ʧʨʚʦʿ ʨʝʯʝʥʠʮʠ ʿʘʩʥʦ ʿʝ ʜʘ ʥʝʢʠ 

ʧʦʩʘʦ ʫ ʧʨʦʩʚʝʪʠ ʥʘʩʪʘʚʥʠʯʢʠ ʧʦʟʠʚ, ʦʜʥʦʩʥʦ ʜʘ ʿʝ ʜʦʚʦˀʥʦ ʨʝ˂ʠ 

Ăʧʦʩʘʦ ʫ ʧʨʦʩʚʿʝʪʠñ: 

Ӳ Ukoliko je jedini posao koji mogu da pronaĽem u svojoj struci neki 

posao u prosvjeti, onda bih se iskreno radije zaposlila u nekom kafiĺu 

ili butiku nego radila kao nastavnik. (ʂʦʨʉʉɸʥʛ18) 

Ӳ ʉʣʠʯʥʦ ʿʝ ʠ ʫ ʙʨʦʿʥʠʤ ʧʨʠʤʝʨʠʤʘ ʢʦʿʠ ʩʣʝʜʝ: 

Ӳ [...] ljudi treba da posjeduju neku pomoĺ od ljudi koji imaju moĺ da 

jednim pozivom rijeġe problem. (ʂʦʨʉʉɸʥʛ5) 

Ӳ Ako su veĺ u tim fazama da ģele neku promjenu, uvijek mogu 

promijeniti frizuru, boju kose, naļin odjevanja. (ʂʦʨʉʉɸʥʛ7) 

Ӳ [...] jednostavno su presebiļni da se odreknu neļega zarad druge 
osobe, zarad nekog veĺeg, opġteg dobra. (ʂʦʨʉʉɸʥʛ8) 

Ӳ Ulazak u brak uliva neko oseĺanje sigurnosti pa se ljudi polako 

opuġtaju i pokazuju svoje pravo lice ili se jednostavno ulenje [...]. 

(ʂʦʨʉʉɸʥʛ9) 

Ӳ U proġlosti su ovakvi problemi bili manje izraģeni jer su se viġe njegovale 
neke vrijednosti poput solidarnosti i poġtovanja [...]. (ʂʦʨʉʉɸʥʛ19) 

Ӳ Trebamo da se odluļimo, hoĺe li to biti porodica, posao ili ĺe se pak 
pokuġati ostvariti neki balans izmeĽu to dvoje, i oprobati se u obe te 

sfere ģivota. (ʂʦʨʉʉɸʥʛ27) 

Ӳ Ponekad muziļki ģanr koji preferiramo moģe da kaģe mnogo o naġoj 
liļnosti i to je razlog za neke smijeġne ali pak ļeste predrasude koji 

ljudi imaju. (ʂʦʨʉʉɸʥʛ33) 

ʅʘʚʦʹʝˁʝʤ ʥʝʢʦʣʠʢʦ ʛʨʫʧʘ ʧʨʠʤʝʨʘ ʠʟ ʢʦʨʧʫʩʘ ʂʦʨʉʉɸʥʛ 

ʥʠʩʤʦ ʠʩʮʨʧʝʣʠ ʩʚʝ ʤʘʰʪʦʚʠʪʝ ʫʧʦʪʨʝʙʝ ʥʝʦʜʨʝʹʝʥʦʛ ʥʝʢʠ. 
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9. ǽʆʒʊʔʒʆʧɷНʆНʅɷʊʠʔʘʎɷНʑɷʅʍɷʓʑɷʡɷ 

ʏʠˁʝʥʠʮʘ ʿʝ ʜʘ ʿʝ ʢʦʨʠʰ˂ʝˁʝ ʠʟʨʘʟʘ ʥʝʦʜʨʝʹʝʥʦʩʪʠ ʫ ʧʠʩʘˁʫ 

ʥʘ ʝʥʛʣʝʩʢʦʤ ʢʘʦ ʩʪʨʘʥʦʤ ʫ ʟʥʘʯʘʿʥʦʤ ʩʪʝʧʝʥʫ ʫʥʠʚʝʨʟʘʣʥʘ ʪʝʥʜʝʥʮʠʿʘ 

ʢʦʜ ʥʝʠʟʚʦʨʥʠʭ ʛʦʚʦʨʥʠʢʘ. ʀʧʘʢ, ʢʦʜ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ, ʢʘʦ ʰʪʦ 

ʩʤʦ ʚʠʜʝʣʠ, ʢʦʨʠʰ˂ʝˁʝ ʮʠˀʥʠʭ ʬʦʨʤʠ, some, somebody, someone, ʠʤʘ 

ʩʚʦʿʝ ʫʯʝʩʪʘʣʝ, ʥʝʦʧʨʘʚʜʘʥʝ ʠʣʠ ʥʝʧʨʠʭʚʘʪˀʠʚʝ ʨʝʘʣʠʟʘʮʠʿʝ. ɼʨʫʛʠʤ 

ʨʝʯʠʤʘ, ʧʦʩʪʦʿʝ˂ʘ ʥʘʚʠʢʘ ʦʩʣʘˁʘˁʘ ʥʘ ʧʦʤʝʥʫʪʝ ʥʝʦʜʨʝʹʝʥʝ ʦʙʣʠʢʝ ʫ 

ʧʠʩʘˁʫ ʥʘ ʝʥʛʣʝʩʢʦʤ ʿʝʟʠʢʫ ʢʦʜ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ ʯʝʩʪʦ ʠʤʘ ʩʣʘʙʦ 

ʧʨʘʛʤʘʪʠʯʢʦ, ʦʜʥʦʩʥʦ ʢʦʤʫʥʠʢʘʪʠʚʥʦ ʫʧʦʨʠʰʪʝ. 

ʇʨʝʪʨʘʛʘ ʠ ʘʥʘʣʠʟʘ ʝʢʚʠʚʘʣʝʥʪʥʦʛ ʥʝʦʜʨʝʹʝʥʦʛ ʦʙʣʠʢʘ ʥʝʢʠ ʫ 

ʢʦʨʧʫʩʫ ʂʦʨʉʉɸʥʛ ʧʦʢʘʟʘʣʘ ʿʝ ʠʟʥʝʥʘʹʫʿʫ˂ʝ ʩʣʠʯʥʝ ʪʝʥʜʝʥʮʠʿʝ, ʢʘʢʦ 

ʢʚʘʥʪʠʪʘʪʠʚʥʦ ʪʘʢʦ ʠ ʢʚʘʣʠʪʘʪʠʚʥʦ. ʅʘʠʤʝ, ʦʩʠʤ ʚʠʩʦʢʝ ʫʯʝʩʪʘʣʦʩʪʠ 

ʫ ʢʦʨʠʰ˂ʝˁʫ ʮʠˀʥʠʭ ʬʦʨʤʠ ʫ ʧʠʩʘˁʫ ʠ ʥʘ ʩʪʨʘʥʦʤ ʠ ʥʘ ʤʘʪʝʨˁʝʤ 

ʿʝʟʠʢʫ, ʩʨʙʦʬʦʥʠ ʛʦʚʦʨʥʠʮʠ ʩʥʘʞʥʦ ʩʝ ʦʩʣʘˁʘʿʫ ʥʘ ʥʝʦʜʨʝʹʝʥʝ ʦʙʣʠʢʝ 

ʠ ʫ ʤʘʪʝʨˁʝʤ ʿ ʝʟʠʢʫ ʫ ʩʠʪʫʘʮʠʿʘʤʘ ʢʘʜʘ ʪʦ ʥʠʿʝ ʥʝʦʧʭʦʜʥʦ, ʥʝʢʘʜʘ 

ʚʠʰʝ ʧʫʪʘ ʫ ʦʢʚʠʨʫ ʿʝʜʥʝ ʨʝʯʝʥʠʮʝ, ʘ ʥʝʢʘʜʘ ʠʤ ʨʘʜʠʿʝ ʧʨʠʙʝʛʘʚʘʿʫ ʫ 

ʧʦʨʝʹʝˁʫ ʩ ʘʣʪʝʨʥʘʪʠʚʥʠʤ ʬʦʨʤʘʤʘ ʩʣʠʯʥʦʛ ʬʫʥʢʮʠʦʥʘʣʥʦʛ ʜʦʤʝʥʘ. 

ʅʘ ʦʩʥʦʚʫ ʥʘʚʝʜʝʥʦʛ, ʥʘʤʝ˂ʝ ʩʝ ʟʘʢˀʫʯʘʢ ʜʘ ʿʝ ʢʦʨʠʰ˂ʝˁʝ 

ʥʝʦʜʨʝʹʝʥʦʛ ʝʢʩʧʦʥʝʥʪʘ ʥʝʢʠ ʢʦʜ ʩʨʙʦʬʦʥʠʭ ʩʪʫʜʝʥʘʪʘ ʟʘʧʨʘʚʦ ʥʘʿʧʨʝ 

ʪʝʥʜʝʥʮʠʘʿ ʫ ʧʠʩʘˁʫ ʥʘ ʤʘʪʝʨˁʝʤ ʿʝʟʠʢʫ, ʩʘʤʠʤ ʪʠʤ ʠ ʨʝʬʣʝʢʩʠʿʘ 

ʜʨʫʰʪʚʝʥʠʭ ʠ ʢʫʣʪʫʨʦʣʦʰʢʠʭ ʬʘʢʪʦʨʘ. ʇʦʤʝʥʫʪʘ ʪʝʥʜʝʥʮʠʿʘ ʧʨʝʥʦʩʠ 

ʩʝ ʥʘ ʧʨʦʜʫʢʮʠʿʫ ʥʘ ʝʥʛʣʝʩʢʦʤ ʢʘʦ ʩʪʨʘʥʦʤ, ʜʦʜʘʪʥʦ ʦʩʥʘʞʝʥʘ 

ʫʥʠʚʝʨʟʘʣʥʠʤ ʢʘʨʘʢʪʝʨʠʩʪʠʢʘʤʘ ʯʝʩʪʦ ʥʝʦʧʨʘʚʜʘʥʦʛ ʠʣʠ ʧʨʝʪʝʨʘʥʦ 

ʧʨʠʩʫʪʥʦʛ ʩʪʝʧʝʥʘ ʥʝʦʜʨʝʹʝʥʦʩʪʠ. 

ʀʟʚʝʩʥʦ ʿʝ ʜʘ ʙʠ ʠʩʪʨʘʞʠʚʘˁʝ ʪʨʝʙʘʣʦ ʜʘˀʝ ʧʨʦʰʠʨʠʪʠ 

ʚʘʨʠʿʘʥʪʘʤʘ ʩʨʧʩʢʦʛ ʢʘʦ ʤʘʪʝʨˁʝʛ ʢʦʜ ʛʦʚʦʨʥʠʢʘ ʨʘʟʣʠʯʠʪʠʭ 

ʩʦʮʠʦʣʠʥʛʚʠʩʪʠʯʢʠʭ ʚʘʨʠʿʘʙʣʠ (ʧʨʚʝʥʩʪʚʝʥʦ ʩʪʘʨʦʩʥʝ ʜʦʙʠ ʠ 

ʦʙʨʘʟʦʚʘˁʘ), ʙʫʜʫ˂ʠ ʜʘ ʩʝ ʟʘʢˀʫʯʮʠ ʜʦ ʢʦʿʠʭ ʩʤʦ ʜʦʰʣʠ ʥʝ ʤʦʛʫ 

ʛʝʥʝʨʘʣʠʟʦʚʘʪʠ ʥʘ ʛʦʚʦʨʥʠʢʝ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʫʦʧʰʪʝ. ɿʘ ʪʘʢʚʦ 

ʧʨʦʰʠʨʠʚʘˁʝ ʠʩʪʨʘʞʠʚʘˁʘ ʥʝʦʧʭʦʜʥʦ ʙʠ ʙʠʣʦ ʢʦʨʠʩʪʠʪʠ ʠ ʜʦʩʪʫʧʥʝ 

ʢʦʨʧʫʩʝ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ ʢʘʦ ʤʘʪʝʨˁʝʛ, ʫʟ ʬʦʨʤʠʨʘˁʝ ʧʦʜʢʦʨʧʫʩʘ ʟʘ 

ʦʜʛʦʚʘʨʘʿʫ˂ʝ ʚʘʨʠʿʘʥʪʝ ʿʝʟʠʢʘ. 

ɿʥʘʯʘʿ ʬʦʨʤʠʨʘˁʘ ʜʚʘ ʢʦʨʧʫʩʘ ʢʦʿʝ ʩʤʦ ʢʦʨʠʩʪʠʣʠ ʫ 

ʠʩʪʨʘʞʠʚʘˁʫ ʧʦʩʪʘʿʝ ʿʘʩʥʠʿʠ ʥʘ ʧʨʠʤʝʨʫ ʠʟʚʝʜʝʥʝ ʩʪʫʜʠʿʝ. ʅʘʜʘʤʦ ʩʝ 

ʠ ʜʘˀʝʤ ʧʨʦʰʠʨʠʚʘˁʫ ʢʦʨʧʫʩʘ ʂʦʨʉʉɸʥʛ, ʙʫʜʫ˂ʠ ʜʘ ʙʠ ʩʚʘʢʦ 

ʧʨʦʰʠʨʝˁʝ ʙʠʣʦ ʜʨʘʛʦʮʝʥʦ ʟʘ ʦʪʢʨʠʚʘˁʝ ʠ ʦʙʿʘʰˁʘʚʘˁʝ ʨʘʟʣʠʯʠʪʠʭ 

ʜʠʩʢʫʨʩʥʠʭ ʬʝʥʦʤʝʥʘ ʫ ʤʝʹʫʿʝʟʠʢʫ ʩʨʙʦʬʦʥʠʭ ʛʦʚʦʨʥʠʢʘ, ʰʪʦ ʜʘˀʝ 

ʥʦʩʠ ʩʘ ʩʦʙʦʤ ʥʘʫʯʥʝ ʠ ʧʝʜʘʛʦʰʢʝ ʠʤʧʣʠʢʘʮʠʿʝ. 
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ʇʈʀʃʆɻ 1 

ʊʘʙʝʣʘ 1. ʋʯʝʩʪʘʣʦʩʪ ʥʝʦʜʨʝʹʝʥʠʭ ʦʙʣʠʢʘ ʫ ʨʘʟʣʠʯʠʪʠʤ ʢʦʨʧʫʩʠʤʘ 

 some* (%) some (%) 

ICLE  0.53 0.32 

LOCNESS 0.39 0.23 

Serbian 0.87 0.42 

Turkish 0.87 0.43 

Persian and Urdu 0.66 0.46 

Czeck  0.62 0.32 

Chinese 0.60 0.52 

Bulgarian 0.58 0.32 

Finnish 0.58 0.31 

Russian 0.54 0.30 

Macedonian 0.53 0.33 

Swedish 0.48 0.24 

Polish 0.47 0.31 

Lithuanian 0.46 0.29 

Spanish 0.43 0.24 

German 0.42 0.21 

Greek 0.42 0.20 

Italian 0.42 0.21 

Dutch 0.41 0.23 

French 0.41 0.26 

Hungarian 0.30 0.19 
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ʇʈʀʃʆɻ 2 

 

 

 

ɻʨʘʬʠʢʦʥ 1. ʇʨʠʢʘʟ ʫʯʝʩʪʘʣʦʩʪʠ ʥʘʿʧʦʧʫʣʘʨʥʠʿʠʭ ʥʘʩʣʦʚʘ ʩʘʩʪʘʚʘ ʫ 

ʢʦʨʧʫʩʫ ʂʦʨʉʉɸʥʛ 
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Serbian EFL Learner Corpora in Contrastive Interlanguage 
Analysis Through The Example of Vague Language 

Jelena Markoviĺ 

ÉƨůůċƖǃ 

This paper focuses on the two Serbian EFL learner corpora, i.e., 

ICLE-SE and KorSAng, exploring their potential for applied linguistics 

research in the field of Second Language Acquisition through the example 

of Vague Language exponents. The learner corpus ICLE-SE is a Serbian 

subcorpus of The International Corpus of Learner English, version 3 

(ICLE, Universit® catholique de Louvain, Belgium), currently the most 

significant learner corpus of English. The KorSAng corpus consists of three 

parts: the two parallel corpora of English-Serbian and Serbian-English 

translations, and a subcorpus of argumentative essays in L1 Serbian, 

collected with the purpose to serve as a referential corpus for ICLE-SE. 

The focus of the article is the use of Vague Language, as an inherent 

language feature exploited on a daily basis. In actual fact, Vague Language 

has proved to be a pragmatically justified means of language use, fulfilling 

various contextual purposes, only seemingly resembling a language 
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imperfectness or deficiency. The two learner corpora have been used in 

order to compare and contrast the use of the targeted indefinite forms, 

someâ*, and neki. 

The research is embedded within Contrastive Interlanguage 

Analysis, a renowned contrastive methodology in Second Language 

Acquisition. The research has shown that Serbian EFL writing exploits the 

targeted Vague Language more frequently than the referential native 

corpus; moreover, Serbian EFL writing contains the targeted forms more 

frequently than EFL writing originating from several other L1 

backgrounds. The analysis of the KorSAng subcorpus serving as the ICLE-

SE referential, has shown that native speakers of Serbian use the Vague 

Language form neki almost as frequently in their L1 Serbian as they use its 

English equivalents in their EFL writing. Moreover, there are striking 

similarities in both L1 and EFL writing, i.e., overreliance through 

repetition, optional or sometimes erroneous uses, and unclear utterances. 

We conclude that the use of the targeted Vague Language forms in 

EFL writing results from both universal features of EFL writing and the L1 

writing habits of EFL writers. Vague Language turns out to be challenging 

not only for Discourse Analysis, but even more for Applied Linguistics, 

since it is an extremely demanding feature of the foreign language system. 

We also conclude that the two learner corpora in question possess a huge 

potential in Second Language Acquisition research for cognate research 

questions regarding Serbian EFL written production. 

uĲǃНƽŸƖĬƚа Contrastive Interlanguage Analysis, International Corpus of 

Learner English v3, KorSAng, Vague Language 
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Abstract 

In the rapidly evolving domain of sentiment analysis within the 

hospitality sector, accurately understanding customer sentiment from hotel 

reviews is increasingly crucial for market intelligence and improving 

service quality. This study focuses on categorising hotel reviews into 

positive and negative sentiments using a range of sentiment analysis 

models. We examine both rule-based approachesðsuch as VADER, 

AFINN, and TextBlobðand deep learning methods, including the T5 

transformer model and BiLSTM. While rule-based models employ 

predefined sentiment lexicons, offering simplicity and interpretability, they 

often fall short in capturing the complexity of emotional nuances and 

context-dependent sentiments. Conversely, deep learning models, 

particularly those leveraging advancements in transfer learning, provide a 

more sophisticated understanding of linguistic intricacies, enabling more 

effective sentiment detection, even in complex reviews. Our experiments 

show that rule-based models achieve moderate performance, with F1 scores 

of 0.79 for TextBlob, 0.77 for AFINN, and 0.78 for VADER. While 

efficient, these methods often struggle with the contextual subtleties of 

sentiment. In contrast, deep learning models demonstrated superior 

performance, with the T5 transformer model achieving an F1 score of 0.96 

and the BiLSTM model reaching 0.93. This highlights the potential of deep 
_____________________ 
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3 University of Alicante 
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learning techniques for sentiment analysis in customer reviews, offering 

more accurate and nuanced sentiment classification than traditional 

methods. We compare these approaches across two datasets of hotel 

reviews, assessing the impact of various preprocessing techniques and 

sentiment analysis models in terms of accuracy, precision, and recall. Our 

findings emphasise the superior performance of deep learning models, 

particularly the T5 transformer, in accurately classifying sentiments and 

addressing the challenges posed by mixed sentiments within reviews. 

Nonetheless, rule-based models retain their utility in scenarios where 

computational efficiency is prioritised. This study provides a 

comprehensive evaluation of sentiment analysis methods within the 

hospitality industry, offering insights that can enhance both customer 

experience and business strategy. By comparing traditional and advanced 

sentiment analysis techniques, we contribute to a deeper understanding of 

model performance and their practical applicability in real-world settings. 

1. Introduction 

Sentiment Analysis (SA), also known as opinion mining or emotion 

AI, is a key application of Natural Language Processing (NLP) focused on 

understanding and categorising emotional undertones within digital 

communications. Its primary objective is to discern and evaluate subjective 

insights conveyed through text [1]. Emerging in the early 2000s alongside 

the proliferation of online content [2], sentiment analysis has become 

essential in interpreting emotional tones in digital communications. 

In the hospitality industry, online consumer reviews are invaluable 

for enhancing business performance. User-generated reviews on digital 

platforms significantly influence customer decision-making, with many 

potential guests consulting reviews before booking hotels. Insights from 

these reviews reflect collective opinions and directly impact travellersô 

choices and decisions [3]. 

The advent of advanced NLP models has significantly benefited 

sentiment analysis, providing nuanced insights into customer feedback. 

This field ranges from basic linguistic processing to contextual 

interpretation, enabling hotel management to better understand customer 

sentiment and improve service quality [4]. 

This study seeks to compare the performance of rule-based methods 

and deep learning models for sentiment analysis. While deep learning 

models are expected to perform better, we argue that it is important to 

formally validate this premise all the more so because other recent studies 

[5] have shown that rule-based approaches are not to be underestimated and 
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deliver better results than a range of deep learning models. More 

specifically, we experiment with the rule-based sentiment analysis systems 

VADER, AFINN and TextBlob, comparing their capabilities to address our 

research goals. These lexicon-based models use predefined sentiment 

lexicons for a straightforward approach to sentiment analysis. However, 

their effectiveness can be limited by domain-specific nuances [6]. 

While rule-based approaches are generally effective, they often fall 

short in capturing the complex, context-dependent nature of sentiment. 

Deep learning approaches have emerged as a potent alternative, capable of 

learning intricate patterns and contextual nuances essential for accurate 

sentiment analysis. However, these models are not infallible and can 

underperform in certain areas, such as translating multiword expressions or 

anaphora resolution [7, 8, 9, 10, 11]. 

Advancing our analytical framework, this study incorporates deep 

learning models T5 transformer and BiLSTM for sentiment analysis in the 

hospitality industry. The use of transfer learning and transformer models 

streamlines the application of pre-trained models to specific tasks. This 

study also assesses the deep learning modelsô capabilities in interpreting 

complex sentiment dynamics within textual narratives. 

The rest of the paper is structured as follows. Section 2 surveys 

related work in the field. Section 3 presents the methodology adopted 

including the data used for this study, the data processing stages, and 

outlines the rule-based approaches and deep learning model employed. 

Section 4 reports the evaluation results, while section 5 discusses the results 

and offers error analysis. Finally, section 6 summarises the conclusion of 

this study. 

2. Related work 

Rule-based models in sentiment analysis use predetermined rules 

and lexicons to decipher the emotional tone of text. These models rely on 

a predefined set of words, each associated with specific sentiment values, 

to evaluate and categorise textual data. Their simplicity and straightforward 

methodology make them effective in various applications, including 

customer feedback analysis in the hospitality sector [3]. VADER (Valence 

Aware Dictionary and sEntiment Reasoner) and AFINN are lexiconbased 

methods used for sentiment analysis, effective at identifying complex 

sentiment patterns but limited in grasping context or subtle sentiment 

expressions [6], while TextBlobôs performance can be influenced by the 

nature of the textual data and preprocessing steps [12]. 
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The evolution of sentiment analysis has been influenced by deep 

learning models. While neural networks were proposed in the 1990s, the 

impact of Deep Learning on NLP, became particularly pronounced after 

2015 [13]. This period marked a transformative era in the adoption of 

neural network methodologies for complex linguistic tasks. 

Raffel et al. [14] introduced an innovative approach in NLP, treating 

various language tasks uniformly as text-to-text problems. Their T5 model 

transformed all text-based problems into a text-to-text format, facilitating 

the application of the same model across diverse tasks such as 

summarisation, question answering, and text classification with minimal 

task-specific adaptations. 

Following this, Pipalia et al. [15] delved into sentiment analysis 

within NLP, evaluating the effectiveness of various transformer-based 

models. Their research particularly emphasised the proficiency of the 

BiLSTM in understanding long-term dependencies in text, an essential 

aspect for nuanced sentiment analysis. 

Lastly, Pathak et al. [16] analysed the transformative impact of 

transformer-based models, particularly accentuating the advancements in 

learning capabilities brought about by these models. The paper highlighted 

T5ôs unique approach of treating all NLP tasks as text-to-text conversions, 

integrating features from previous models and displaying very high 

performance results, including near-human scores in some benchmarks. 

 

Figure  1: Sentiment Analysis Methodology Framework 
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3. Methodology 

Figure 1 showcases the framework of our study, illustrating the 

structured approach to sentiment analysis applied to hotel reviews. 

3.1. Data Selection and Description 

This study utilises two publicly available datasets from Kaggle. 

Ӳ 515K Hotel Reviews Dataset: Contains 515K customer reviews from 
1,493 luxury hotels across Europe. Attributes include hotel address, 

review date, nationality, detailed feedback, average score, reviewer 

tags, and geographical coordinates. Reviews are categorised as 

óPositiveô or óNegativeô reviews. 

Ӳ 38K Hotel Reviews Dataset: Comprises 38,932 reviews for a single 
hotel. Attributes include detailed reviews, browser and device used, 

and categorisation as ôpositiveô or ônegativeô reviews. 

3.2. Data Preparation 

Key steps in data preparation include: 

Ӳ Removing Placeholder Text: Excluding phrases like ôNo Positiveô and 
ôNo Negativeô that do not provide meaningful insights. 

Ӳ Normalisation: Converting text to lowercase, removing URLs, 

Ӳ punctuation, handling repeated letters, and removing stop words. 

Ӳ Lemmatisation: Identifying each wordôs base form to enhance 
semantic accuracy. 

This study primarily focuses on reviews written in English. 

3.3. Rule-Based Methods 

VADER, AFINN, and TextBlob are rule-based sentiment analysers 

which categorise hotel reviews into positive or negative sentiments. 

VADER converts raw text into sentiment scores, which are then classified 

as positive or negative. AFINN uses a lexicon-based approach, assigning 

sentiment scores to words on a scale from -5 to +5 to determine overall 

sentiment. TextBlob provides a straightforward method for sentiment 

extraction, making it effective at evaluating sentiments in hotel reviews. 
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3.4. Deep Learning-based Models 

3.4.1. Bidirectional Long Short-Term Memory (BiLSTM) Model 

The BiLSTM model is used for sentiment analysis, classifying hotel 

reviews as positive or negative. It processes input data in both forward and 

backward directions, capturing the sequence and context of words. 

The initial step involves tokenising the text into words or phrases 

and converting these tokens into numerical indices. This allows the model 

to perform numerical operations on the text data. The model uses 

embeddings to transform these indices into high-dimensional vectors, 

capturing the lexical and semantic relationships between tokens. For 

example, "hotel" and "motel" are represented by vectors placed near each 

other in the vector space due to their similar meanings. To ensure uniform 

input sequence lengths, shorter sequences are padded with zeros, and 

longer ones are truncated. The BiLSTM model processes these sequences 

bidirectionally, enhancing its ability to understand complex sentence 

structures and nuanced language use, making it suitable for sentiment 

analysis tasks. 

Training the BiLSTM model involves tuning its architecture and 

parameters. The architecture includes an Embedding layer for converting 

integer sequences into dense vectors, a BiLSTM layer for capturing long-

term dependencies and contextual nuances, and a Dense output layer with 

a sigmoid activation function for binary classification of sentiments. The 

modelôs hyperparameters are optimised for performance: 1000 maximum 

words for the tokenizer, 50-dimensional embedding vectors, 128 BiLSTM 

units, and a binary cross-entropy loss function with the Adam optimiser. 

Training is conducted over 20 epochs with a batch size of 32, using early 

stopping to prevent overfitting. 

3.4.2. Text-To-Text Transfer Transformer (T5) Model 

The T5 model, a Transformer-based neural network, was used in 

this study to categorise hotel reviews into sentiment classes through 

tokenisation, model training, and sentiment classification. 

The T5 Tokenizer processes the text, converting it into tokens and 

mapping each to a unique input ID. An attention mask is also created, 

directing the modelôs focus to relevant tokens while ignoring the rest. The 

T5 model is fine-tuned for sentiment analysis with a learning rate of 5e-5, 

batch size of 32, and 10 training epochs. The Adam optimiser and 

CrossEntropyLoss function are used to minimise prediction errors. The 

maximum sequence length is set at 512 tokens to maintain consistency. The 
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T5-Small variant balances complexity and performance, fitting 

computational constraints while delivering robust sentiment analysis. 

Finally, the modelsô performance is evaluated using two datasets, 

ensuring robust validation. The evaluation metrics used are precision, 

recall, F1-scores, and accuracy. The BiLSTM and T5 models, designed to 

capture contextual nuances, are tested on new reviews to verify their 

applicability. Their predictions are decoded into sentiment labels (ôpositiveô 

or ônegativeô). 

4. Evaluation Results 

The comparative analysis of the sentiment analysis modelsô 

performance employed traditional metrics and confusion matrices for a 

deeper understanding of model behaviour in sentiment classification tasks. 

Additionally, we evaluated the impact of stop word removal on model 

performance by comparing accuracy and F1 scores before and after the 

exclusion of stop words. 

To ensure the reliability of our findings, the evaluation of the deep 

learning models was conducted over multiple runs. Each modelôs 

performance metrics were averaged across these runs, with standard 

deviations reported to account for variability due to random initialisations 

and training conditions. 

Table 1: Comparative Performance Metrics of Sentiment Analysis Models 

Across Two Datasets in Experimental Evaluations 

Dataset Models Accuracy 
F1 Score Recall Precision 

Pos Neg Pos Neg Pos Neg 

Dataset A VADER 0.71 0.78 0.48 0.99 0.33 0.64 0.95 

AFINN 0.69 0.74 0.49 0.99 0.33 0.59 0.96 

TextBlob 0.76 0.79 0.71 0.84 0.66 0.75 0.76 

BiLSTM 0.93 0.93 0.93 0.92 0.94 0.94 0.92 

T5 0.96 0.96 0.96 0.95 0.97 0.97 0.95 

Dataset B VADER 0.69 0.76 0.55 0.96 0.39 0.63 0.91 

AFINN 0.71 0.77 0.62 0.92 0.49 0.66 0.85 

TextBlob 0.62 0.73 0.35 0.99 0.21 0.57 0.96 

BiLSTM 0.85 0.85 0.85 0.82 0.88 0.88 0.82 

T5 0.89 0.90 0.89 0.91 0.87 0.89 0.90 
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This approach provides a more robust representation of the modelsô 

performance across the two datasets. The performance of the rule-based 

and deep learning models was assessed using accuracy, F1 scores, recall, 

and precision. These metrics offered a nuanced view of each modelôs 

predictive capabilities. 

Building on the analysis presented in Table 1, a comprehensive 

comparison of various models is provided using metrics such as accuracy, 

precision, recall, and F1score. These metrics enable a critical evaluation of 

each modelôs strengths and weaknesses, offering a robust basis for 

comparing rule-based and deep learning approaches. The results highlight 

that deep learning models like T5 and BiLSTM deliver more consistent 

performance across datasets, with T5 achieving an accuracy and F1 score 

of 0.96 on the larger dataset, followed by BiLSTM with an accuracy of 

0.93. 

In contrast, the performance of rule-based methods varied 

depending on dataset size and class balance. TextBlob demonstrated better 

results on the larger dataset, while VADER and AFINN excelled in 

precision for negative sentiment classification. On the smaller dataset, T5 

continued to lead, though with a slight decrease in accuracy, and BiLSTMôs 

performance dipped, particularly in recall for negative sentiments. AFINN 

showed improvements in positive sentiment classification, while VADER 

and TextBlob faced declines in precision and recall. 

The focus on class-specific metrics for positive and negative 

sentiments ensures a more direct and clear comparison between models. 

This approach allows for a precise evaluation of each modelôs ability to 

classify sentiment accurately, aligning the results closely with the practical 

requirements of sentiment analysis tasks. The analysis is grounded in 

quantitative evidence, reinforcing the validity of the studyôs conclusions. 

Figure 2 presents an analytical comparison of F1 scores for the 

models, evaluating the impact of stop word inclusion versus exclusion. 

Incorporation of stop words typically resulted in enhanced F1 scores for 

the detection of positive sentiments across most models. Conversely, the 

removal of stop words was associated with a uniform reduction in F1 scores 

for negative sentiment detection. 

Figure 3 describes the accuracy of the selected models, quantifying 

their performance in terms of the proportion of sentiments correctly 

classified out of the total observations. The T5 and BiLSTM models 

demonstrated consistency in accuracy, with minor variations observed 

following the removal of stop words. 
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Figure 2: Models F1 Score With vs. Without Stop Word 

 

 

Figure 3: Models Accuracy With VS. Without Stop words 
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5. Discussion 

The varying performance of sentiment analysis models underscores 

the significant impact of dataset characteristics on model efficacy. Dataset 

A, with shorter and more straightforward reviews, simplifies sentiment 

classification. In contrast, the longer and more complex reviews in Dataset 

B introduce challenges but also opportunities to demonstrate analytical 

capabilities. 

The rule-based models struggled with the intricacies of the longer 

reviews in Dataset B, showing a decline in performance. This suggests 

difficulties in adapting to linguistic diversity and subtle sentiments. 

However, AFINN showed some improvement on Dataset B, likely due to 

the frequent use of words in its sentiment lexicon. The removal of stop 

words during preprocessing further affected the performance of rule-based 

models, as these words carry essential contextual information. Advanced 

models like T5 and BiLSTM were less impacted by the removal of stop 

words, as they capture broader context and semantic relationships. 

The T5 model excelled in contextualising and interpreting varied 

sentiments within a single narrative, while the BiLSTM model effectively 

processed sequential data, capturing sentiment nuances. Both models 

demonstrated the transformative impact of deep learning in sentiment 

analysis, with T5 setting a new benchmark in the field. Despite the superior 

performance of deep learning models in context-based decision-making, 

rule-based models remain relevant due to their efficiency, simplicity, and 

lower computational requirements. 

Notably, our analysis revealed that rule-based models, particularly 

VADER and AFINN, can outperform deep learning models in scenarios 

with less contextual complexity or when computational resources are 

limited. 

5.1. Error and Comparative Analysis of Sentiment Analysis Models 

Performance errors across sentiment analysis models often arise 

due to the complex nature of review texts, leading to incorrect 

classifications. Each case of errors is quantified by calculating precision, 

recall, and F1 scores for misclassifications specific to that error category. 

These measures are extracted by evaluating the performance of each 

classifier on a test set specifically curated to include representative 

examples of the error cases. These errors can be categorised into several 

specific cases, allowing for a comparative analysis of how different models 

handle these challenges. 
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Case 1: Handling of Misspellings 

Misspellings present a challenge for both deep learning and rule-

based models, affecting sentiment detection accuracy. For example: - 

"room was quit small and not very clena" can obscure the negative 

sentiment about the room size. - "service was excelent very freindly staff" 

may result in positive sentiment being overlooked. 

Rule-based models, struggle with misspellings due to their reliance 

on direct lexical matches. VADER and TextBlob show moderate resilience 

but can miss unconventional spelling errors. Deep learning models handle 

misspellings better due to their advanced contextual analysis capabilities. 

 

Case 2: Complexity of Mixed Sentiments in Reviews 

Mixed sentiments within a single review require models to balance 

contrasting feedback, such as: - "the staff was friendly but the room was 

dirty" needs accurate weighing of positive and negative sentiments. - "great 

location, but the bed was uncomfortable" can lead to prioritising one 

sentiment over another. 

Rule-based models often falter in accurately discerning overarching 

sentiment amid contradictory expressions. In contrast, the T5 model excels 

in evaluating and balancing contrasting sentiments within a narrative, 

showcasing its nuanced comprehension and classification of complex 

emotions. 

 

Case 3: Incorrect Sentiment Labels 

Training data with incorrect sentiment labels can mislead models, 

affecting classification accuracy. For example: - "disappointed with the 

noisy room" labelled as positive can skew model interpretations. - "hallway 

need redone" labelled as positive may misinterpret dissatisfaction as 

commendation. 

Deep learning models effectively correct mislabelled sentiments, 

showcasing their adaptability and nuanced interpretation of sentiment. 

Despite the superior performance of deep learning models, rule-

based models occasionally outperform them in terms of computational 

efficiency and speed. Our analysis revealed that rule-based models excel in 

processing shorter reviews and handling explicit sentiment expressions. 

This suggests that hybrid methods, combining rule-based and deep learning 

approaches, could be advantageous in contexts where both computational 

efficiency and nuanced sentiment interpretation are required, such as in 

real-time sentiment tracking applications. 
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6. Conclusion 

Our study focused on the hospitality sector, analysing hotel reviews 

to evaluate the effectiveness of traditional rule-based models versus 

advanced deep learning models in sentiment classification. 

Our findings highlighted the superiority of the T5 transformer 

model in interpreting complex sentiments. However, rule-based models 

such as VADER, AFINN, and 

TextBlob remain valuable in scenarios requiring limited 

computational resources or swift deployment. 

The comparative analysis enriches the discourse in sentiment analysis 

and offers actionable insights for hotel management and the broader NLP 

community. Our evaluation confirms the effectiveness of deep learning 

models in capturing complex sentiment expressions, demonstrating their 

superiority over rule-based models. 

7. Future Work 

Future research will focus on aspect-based sentiment analysis to 

identify specific service or facility attributes that influence guest sentiments. 

Large Language Models (LLMs) and advanced deep learning technologies 

which could enhance sentiment analysis accuracy, will be also experimented 

with and compared. Additionally, crosslingual models are essential to reflect 

the hospitality industryôs global nature and diverse guest experiences. 

Expanding language coverage and employing sophisticated algorithms will 

provide a more comprehensive understanding of sentiment analysis, 

ultimately improving guest experiences and driving industry success. 
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ƖċǍƨůĲƻċŰŢĲНŸƚĲħċŰŢċ 

Maram Alharbi, Ruslan Mitkov 

ÉċǏĲƣċť 

U domenu analize zadovoljstva ugostiteljskim uslugama koja se 

brzo razvija, taļno razumevanje oseĺanja i miġljenja korisnika iz recenzija 

hotela je sve vaģnije za inteligentno upravljanje trģiġtem i poboljġanje 

kvaliteta usluge. Ovo istraģivanje se fokusira na kategorizaciju recenzija 

hotela na pozitivne i negativne komentare koristeĺi niz modela analize 

oseĺanja. Ispitujemo pristupe zasnovane na pravilimaðkao ġto su VADER, 

AFINN i TektBlobð, kao i metode dubokog uļenja, ukljuļujuĺi model T5 

transformatora i BiLSTM. Dok modeli zasnovani na pravilima koriste 

unapred definisane leksikone oseĺanja, nudeĺi jednostavnost i 

interoperabilnost, oni ļesto ne uspevaju da uhvate sloģenosti emocionalnih 

nijansi i oseĺanja zavisnih od konteksta. Nasuprot tome, modeli dubokog 

uļenja, posebno oni koji koriste napredne transformerske modele, pruģaju 

sofisticiranije razumevanje jeziļkih kompleksnosti, omoguĺavajuĺi 

efikasnije otkrivanje oseĺanja, ļak i u sloģenim kontekstima. Naġi 

eksperimenti pokazuju da modeli zasnovani na pravilima postiģu umerene 

performanse, sa F1 rezultatima od 0,79 za TektBlob, 0,77 za AFINN i 0,78 

za VADER. Iako efikasne, ove metode se ļesto bore sa kontekstualnim 

suptilnostima oseĺanja. Nasuprot tome, modeli dubokog uļenja pokazali su 

superiorne performanse, pri ļemu je model transformatora T5 postigao F1 

rezultat od 0,96, a BiLSTM model je dostigao 0,93. Ovo naglaġava 

potencijal tehnika dubokog uļenja za analizu sentimenta u recenzijama 

kupaca, nudeĺi precizniju i nijansiraniju klasifikaciju oseĺanja od 

tradicionalnih metoda. UporeĽujemo ove pristupe u dva skupa podataka 

recenzija hotela, procenjujuĺi uticaj razliļitih tehnika prethodne obrade i 

modela analize sentimenta u smislu taļnosti, preciznosti i odzivu. Naġi 

nalazi naglaġavaju superiorne performanse modela dubokog uļenja, 

posebno transformera T5, u preciznoj klasifikaciji oseĺanja i reġavanju 

izazova koje predstavljaju meġana oseĺanja u komentarima. Bez obzira na 

to, modeli zasnovani na pravilima zadrģavaju svoju korisnost u scenarijima 

gde je raļunarska efikasnost prednost. Ovo istraģivanje pruģa 

sveobuhvatnu procenu metoda analize sentimenta u hotelijerstvu, nudeĺi 

uvide koji mogu poboljġati i korisniļko iskustvo i poslovnu strategiju. 

UporeĽivanjem tradicionalnih i naprednih tehnika analize oseĺanja, 
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doprinosimo dubljem razumevanju performansi modela i njihove praktiļne 

promenljivosti u realnim okruģenjima. 

uũŢƨĨŰĲНƖĲĨŔа Analiza oseĺanja, pristup zasnovan na pravilima, duboko 

uļenje, transformeri, BiLSTM, T5, VADER, TextBlob, AFINN 
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Abstract 

The paper discusses the semantic features of verbs of causal change 

which determine their realisation in text. The description framework is 

based on the frames from FrameNet and the shallow classification they 

provide in terms of verbsô semantics and the syntactic realisation of the 

corresponding configurations of frame elements. The classification covers 

four classes: 1) Verbs of change of physical integrity, shape, general 

condition and/or functionality; 2) Verbs of change of (measurable) inherent 

or acquired properties; 3) Verbs of creation; 4) Other verbs of change 

through processing or manipulation. 

The main focus in the study is placed on the entity undergoing the 

change and the property which characterises the change. The analysis is 

supplemented with annotated examples from corpora. 

uĲǃƽŸƖĬƚа verb semantics, frame semantics, verbs of change, FrameNet, 

WordNet 

1. Introduction 

The main objective of this paper is to offer a description framework of 

the semantic properties of activity (dynamic) predicates involving change, 

with the main focus on the property which undergoes the change. For the 

purposes of this study, we understand activity in the widest possible sense, 
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1 Department of Computational Linguistics, Institute for Bulgarian Language, Bulgarian Academy 

of Sciences, iva@dcl.bas.bg, zarka@dcl.bas.bg 

https://doi.org/10.18485/judig.2025.1.ch8
https://orcid.org/0000-0003-3771-435X
https://orcid.org/0000-0001-8198-4555
mailto:iva@dcl.bas.bg
mailto:zarka@dcl.bas.bg


sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

130 

subsuming different types of dynamic predicates, which, under certain 

conditions may be interpreted as activities in the sense of Vendler (1967). 

The description of verbs of change is based on several key semantic 

features ï the lexical meaning of the verb and the semantic class it belongs 

to, the type of change (causal or inchoative), the property of the change 

(quantised or non-quantised change, scalable change or momentous change 

of a property or state), the frame elements describing the relevant semantic 

frame in FrameNet (Baker and Fellbaum 2009; Ruppenhofer et al. 2016). 

The study relies on well-known classifications of verbs and focuses on the 

verbs in the Princeton WordNet (Miller 1995) and the Bulgarian WordNet 

(Koeva 2021). 

In the paper, we focus particularly on causative verbs of change in 

WordNet and the FrameNet semantic frames describing them, but the 

observations regarding the core frame elements are largely applicable to 

the inchoative counterparts of the respective frames. Moreover, we exclude 

large semantic classes such as verbs of motion, verbs of placing, verbs of 

emotional or psychological change, verbs involving animate objects, and 

some other classes which have their own specifics and warrant a separate 

study. 

We analyse the property undergoing the change and the relevant 

semantic restrictions as grounds for the classification of the frames. Based 

on the outlined semantic features, a shallow classification within the 

semantic class of verbs of change is offered, aiming to cover the diversity 

within the class and to propose an approach to model their syntactic 

behaviour. As the classification is derived from the FrameNet frames, it 

groups together verbs with similar conceptual structure and syntactic 

properties. In particular, the shared invariant semantics of the predicates (in 

terms of the semantic frame they evoke) determines to a large degree the 

syntactic realisation of their participants. Our observations on the syntactic 

realisation of verbs of change are based on empirical material extracted 

from various corpora for English and Bulgarian. 

The paper is organised as follows. After a brief discussion of the 

related works and the representation of verbs of change in lexical-semantic 

resources, we present a shallow classification of the verbs supplied with 

illustrative examples. The final section draws conclusions and raises some 

theoretical questions which outline directions for future work. 

2. Related Work 

Semantic classifications of predicates and the description of 

semantic relations between predicates and their arguments have been 
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undertaken within various theoretical approaches, based on: (a) verbsô 

syntactic properties and behaviour (Levin 1993; Pinker 1989; Goldberg 

1994, etc.); (b) thematic structure (Chafe 1970; Longacre 1976; Van Valin 

and LaPolla 1997); (c) frame semantics (Fillmore 1982). 

One of the most widely acknowledged and probably the largest-

scale classification of English verbs has been proposed by Levin (1993). 

The author has divided verbal predicates into classes on the basis of their 

invariant semantics and the syntactic diatheses in which they participate. 

This work has served as a foundation for the description of English 

predicates in VerbNet (Kipper-Schuler 2005), a lexical-semantic resource 

presenting a shallow hierarchy of verb classes in the English language, the 

semantic roles describing the argument structure of the predicates from 

each class, the selective restrictions imposed on the arguments, their 

syntactic realisation, etc. 

As exemplified by VerbNet, large-scale classifications of verbs 

(possibly along with other parts of speech) are devised as part of the 

semantic description of lexical units in semantic resources. WordNet (see 

next section) presents the lexis in a taxonomically organised semantic 

network whose nodes represent synonym sets. VerbAtlas (Di Fabio et al. 

2019) enriches the description in the WordNet-inspired multilingual 

semantic resource BabelNet by assigning each synonym sets a frame 

corresponding to its prototypical predicate-argument structure described 

using semantic roles (along with relevant semantic restrictions defined over 

them). 

FrameNet (Fillmore et al. 2003; Ruppenhofer et al. 2016, among 

others) is a lexical resource that couches the semantic and syntactic 

properties of lexical units in the apparatus of frame semantics (Fillmore 

1982). It provides a robust conceptual description of lexical items in terms 

of the fragment of knowledge, or frame, they evoke when used in language. 

A more detailed description of FrameNet and WordNet is presented 

in the next section, which elaborates on the verbs that are in the focus of 

this paper, namely verbs of change. 

3. Verbs of Change in Language Resources 

WordNet, also the Princeton WordNet or PWN (Miller 1995; 

Fellbaum 1998), is a large lexical database that represents comprehensively 

conceptual and lexical knowledge in the form of a network whose nodes 

denote cognitive synonyms (synsets) linked by means of a number of 

conceptual-semantic and lexical relations such as hypernymy, meronymy, 

antonymy, etc. Each synset is supplied with a gloss, possibly with usage 
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examples as well as with notes (if appropriate) on the grammatical, stylistic 

or other properties of the synset members. In addition to the Princeton 

WordNet, we use the Bulgarian WordNet, or BulNet (Koeva 2021), which 

is aligned with PWN at the synset level using unique synset identifiers. 

WordNet provides a coarsely-grained semantic division in terms of 

a set of language-independent semantic primitives (semantic classes) 

assigned to all the nouns and verbs in the resource. The verbs fall into 15 

groups, such as verb.change (verbs describing change in terms of size, 

temperature, intensity, etc.), verb.cognition (verbs of mental activities or 

processes), verb.motion (verbs of change in the spatial domain), 

verb.communication (verbs describing communication and information 

exchange), etc. Verbs of change in WordNet largely belong to the semantic 

class verb.change. 

 The causative verbs of change are predominantly organised in the 

WordNet subtree stemming from eng-30-00126264-v {change, alter, 

modify} ócause to change; make different; cause a transformationô which 

covers 2,536 synsets. 46% of them are labelled as verb.change. However, 

some verbs of change fall into different semantic classes which specify 

their semantics (including the changing component) in a more concrete 

fashion, e.g. verb.emotion describes change in the emotional state, 

verb.contact covers change as a result of physical contact between objects, 

verb.body denotes change in the bodily experience or appearance, etc. A 

small group of relevant verbs are also found in the subtrees eng-30-

01617192-v {make, create} ómake or cause to be or to becomeô and eng-

30-01850315-v {move, displace} ócause to move or shift into a new 

position or place, both in a concrete and in an abstract senseô. 

FrameNet (Baker et al. 1998; Baker 2008) is a lexical semantic 

resource that couches lexical and conceptual knowledge using the 

apparatus of frame semantics. Frames are conceptual structures that 

describe types of objects, situations, or events along with their components 

(frame elements) (Baker et al. 1998; Ruppenhofer et al. 2016). Depending 

on their status, the frame elements (FEs) are divided into core, peripheral, 

and extra-thematic (Ruppenhofer et al. 2016: 23ï24). The core FEs, which 

would be the primary focus below, instantiate conceptually necessary 

components of a frame, which in their particular configuration make a 

frame unique and different from other frames. 

FrameNet frames are organised into a hierarchical network, using a 

number of frame-to-frame relations (Ruppenhofer et al. 2016: 81ï84). The 

following two relations (along with some others) determine the hierarchical 

internal structure of thematic verb classes: Inheritance ï defined as a 

relationship between a parent frame and a more specific (child) frame, such 
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that the child frame elaborates on the parent frame, and Using (also called 

óweak inheritanceô) ï a type of relationship between two frames where the 

first one makes reference in a very general kind of way to the structure of 

a more abstract frame (used exclusively in instances where a part of the 

scene evoked by the child frame refers to the parent frame). 

Verbs of change are covered by a shallow hierarchy of frames 

stemming from Transitive action, describing causative change, and 

Transition to a state, characterising non-causative change. 

Our analysis relies on existing mappings between WordNet and 

FrameNet which assign FrameNet frames onto WordNet synsets (Leseva 

and Stoyanova 2020). 

FrameNet also offers a set of annotated examples for lexical units 

evoking the corresponding frames (Ruppenhofer et al. 2016: 7ï8). The 

annotation includes the verb, the frame elements and the syntactic 

components through which the frame elements are realised. The annotation 

provides information both about the explicit and the implicit frame 

elements (Ruppenhofer et al. 2016: 28ï29). The empirically grounded 

linguistic generalisations about the syntactic realisations of frame elements 

are particularly valuable not only in the study of the target language 

(English) but as a point of departure for making observations cross-

linguistically. We adopt the principles of annotation from the FrameNet 

annotated corpus and apply them in the annotation of examples in 

Bulgarian. A detailed conception of a FrameNet-modelled description of 

Bulgarian verbs is laid out in Koeva (2010, 2020). 

4. Methodology 

In order to collect the dataset for analysis, we rely on the existing 

mapping of FrameNet frames to WordNet synsets. The methodology is 

based on the following steps. 

1) We select a set of FrameNet frames which describe verbs of 

change such that: a) evoke causative frames inheriting from the abstract 

frame Transitive action; b) the change occurring in the affected entity 

involves a particular attribute of the entity (Patient or other), thus excluding 

very generally-specified frames such as Cause change. Other exceptions 

are also made, as specified in the Introduction. 

At this step we have identified 40 FrameNet frames inheriting 

directly or indirectly from Transitive action. The internal organisation of 

the specified sets of frames is illustrated in the classification in the 

following section. 
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2) We select synsets to which any of the analysed frames are 

assigned, resulting in a total of 239 synsets covering 569 verbs in English 

and 925 verbs in Bulgarian (the greater number is mostly due to the fact 

that aspect is a lexical property of the verbs and both the perfective and the 

imperfective members of the aspectual pairs are included as separate 

literals in the synset). 

3) We compile a set of examples collected from corpora by 

performing automatic extraction and manual selection based on the 

relevance of the instances, followed by manual annotation. The annotation 

includes identification of frame elements and labelling them with the 

relevant syntactic category (NP.Ext, NP. Obj, PP, AdvP, etc.). The examples 

and annotations for English are borrowed from the FrameNet corpus. 

The analysis focuses in particular on the affected entities and their 

properties with the further aim of defining classes with similar semantic 

characteristics and syntactic realisation in terms of the morphosemantic 

features of the verb and the configuration of frame elements (valency 

frames) it appears with. 

In some cases where there is no frame in FrameNet that describes 

the studied verbs (usually groupings of synsets in a WordNet tree), we 

define such a frame with its corresponding frame elements and relations. 

Some of these frames, labelled with an asterisk, are integrated in the 

classifications presented in Figures 1 ï 4. 

5. Classification of Frames Representing Verbs of Change 

Below we attempt to classify the causative verbs of change in terms 

of the characteristic features of the entities affected by the change and the 

property which is subjected to change or the state that occurs as a result of 

the change. The most general distinction in this respect is between 1) 

frames that involve affecting a Patient in such a way as to change its 

physical integrity, shape or (general state of) functionality, including its 

going out of existence, or causing it to acquire or lose some property 

essential for its functioning; 2) frames that involve a change of an inherent 

measurable property or state of the Patient; 3) frames describing creation, 

i.e., change that results into an Entity coming into existence through an act 

of the Agent; and 4) frames describing other causative types of change. 

 

1. Verbs of change of physical integrity, shape, general condition 

and/or functionality 

The frames characterising this class of verbs inherit from Transitive 

action and in general include as frame elements an Agent (alternatively, a 
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non-human Cause) and a Patient. The invariant situation involving a 

change of physical integrity, shape, general condition and/or functionality 

may also include either an explicit or implicit elaboration on the resulting 

state at which the situation ends, usually described in terms of a new state 

of the Patient and the shift in its existential or functional properties. 

Figure 1 shows the set of the frames subsumed in this class. Some of 

them are related to a (reversible or irreversible) change in the physical integrity 

or general condition of an object (e.g., Cause to fragment, Destroying, etc.), 

including change in shape (e.g., Reshaping, Manipulate into shape), damage 

without destruction (e.g., Damaging, Render nonfunctional), etc.2 

 

Figure 1. Verbs of change of physical integrity, shape, existence and/or 

functionality. 

_____________________ 
2 The frames labelled with a * are newly created by us in order to describe the conceptual structure 
of well presented classes of verbs in WordNet. 
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The frames represent in different detail the properties of the Patient 

after it transitions into a resulting state. For example, while both Cause to 

fragment and Grinding describe change of the integrity of the Patient, the 

second frame is more specific in terms of the result (smaller pieces). The 

lexical units evoking the frame Grinding are usually associated with a 

specific manner of performing the change (e.g., flake, grind, grate, crush, 

mush) (ex. 1). The frames Corroding caused, Cause to rot and Rejuvenation 

describe change in the general condition of the Patient due to physical, 

chemical or other processes; while for the first two frames the change is 

associated with a deterioration in the Patientôs general condition, the third 

one is implicitly associated with the recovery of a former better condition. 

The end state of the Patient in Reshaping, Manipulate into shape and 

Arranging is associated with a particular Configuration ï shape or structure 

(ex. 2). Other frames describe change in the capacity of the Patient to 

perform its intended purpose, e.g. frames such as Render nonfunctional, or 

a change in the integrity which also leads to loss of functioning ability such 

as Damaging (ex. 3). In all cases the Patient is realised as the direct object 

of the verb. 

(1) Grinding; Core FEs: Grinder | Grinding cause, Patient 

[ ]GRINDER:CNI ʉʤʝʣʝʪʝ [ʙʠʩʢʚʠʪʠʪʝ]WHOLE_PATIENT:NP.Obj [ʥʘ 

ʩʠʪʥʠ ʪʨʦʭʠ]RESULT:PP. 

[ ]GRINDER:CNI Grind [the biscuits]WHOLE_PATIENT:NP.Obj [into small 

crumbs]RESULT:PP. 

(2) Reshaping; Core FEs: Deformer | Cause, Patient, Configuration 

[ʊʷ]DEFORMER:NP.Ext ʨʘʟʪʦʯʠ [ʪʝʩʪʦʪʦ]PATIENT:NP.Obj [ʥʘ ʪʲʥʢʠ 

ʢʦʨʠ]CONFIGURATION:PP. 

[She]DEFORMER:NP.Ext rolled out [the dough]PATIENT:NP.Obj [into 

thin sheets]CONFIGURATION:PP. 

(3) Damaging; Core FEs: Agent | Cause, Patient 

[ʉʠʣʝʥ ʫʜʘʨ]CAUSE:NP.Ext ʤʦʞʝ ʜʘ ʧʦʚʨʝʜʠ [ʩʠʩʪʝʤʘʪʘ ʟʘ 

ʘʚʪʦʤʘʪʠʯʝʥ ʬʦʢʫʩ ʥʘ ʪʝʣʝʬʦʥʘ]PATIENT:NP.Obj. 

[A strong blow]CAUSE:NP.Ext can damage [the automatic focusing 

system of the mobile phone]PATIENT:NP.Obj. 

 

Part of the verbs in this group describe a typically instantaneous 

transition between an initial and a result state (break, burst), while others 
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denote a gradual incremental change (grind, rot, corrode), etc. Even though 

the particular verbs are associated with a change in the integrity of the 

affected entity, the semantic, syntactic and aspectual properties vary 

according to the predicate. 

2. Verbs of change of (measurable) inherent or acquired properties 

The frames in this group involve an induced change of (measurable) 

properties, in particular a change in an inherent attribute of the affected 

entity or the acquisition of a certain property (entailed from the entityôs 

attributes). The inherent properties may refer to the: magnitude of a 

context-specific attribute, e.g. increase, raise, etc., number (multiply) 

physical size or dimension (expand, lengthen), intensity (heighten, 

deepen), temperature (cool, warm), consistency (thicken, thin), phase (melt, 

freeze), colour (brown, silver), taste (bitter, sweeten), etc. 

The invariant situations conceptualised by the relevant frames are 

described in terms of a configuration involving the following core frame 

elements (Figure 2): a sentient entity (an Agent) or possibly a non-human 

Cause that brings about the change in the affected entity and the affected entity 

itself (an Item, Patient or other, depending on the way it is affected). An explicit 

or more frequently implicit initial value (or state) at which the situation begins 

and a resultant value/state at which it ends may also be expressed. The change 

between the two may be construed as a (gradual) path along a multi-valued 

scale (ex. 4). The frame elements associated with the two end values/states are 

peripheral for the frames, i.e. not conceptually necessary, as they are dependent 

on the attribute. The attribute itself is usually not conceptualised as a separate 

frame element and is only implied through the properties of the affected entity; 

in the case of deadjectival verbs it is incorporated by the verb (ex. 5). The 

attribute is conceived as a core frame element only in the frame Cause change 

of position on a scale, which conceptualises a scalar change with a property 

that is specified in the context. 

This prototypical schema may be elaborated across frames through 

specific configurations of core frame elements; consider, for instance, the 

correspondences between pairs of frame elements in (ex. 4) and (ex. 5): the 

Attribute is specified as (physical) Dimension and Value 1 and Value 2 are 

construed as Initial size and Result size, etc. 

 

(4) Cause change of position on a scale; Core FEs: Agent | Cause, 

Attribute, Item 

[ʂʦʤʧʘʥʠʷʪʘ]AGENT:NP.Ext ʫʚʝʣʠʯʠ [ʧʨʠʭʦʜʠʪʝ]ATTRIBUTE:NP.Obj 

[ʦʪ 20]VALUE_1 [ʥʘ 25 ʤʠʣʠʦʥʘ]VALUE_2. 

[The company]AGENT:NP.Ext raised [its income]ATTRIBUTE:NP.Obj 

[from 20]VALUE_1 [to 25 million]VALUE_2. 
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(5) Cause expansion; Core FEs: Agent | Cause, Item 

[ɺʣʘʩʪʠʪʝ]AGENT:NP.Ext ʨʘʟʰʠʨʠʭʘDIMENSION:INC 

[ʧʲʪʷ]ITEM:NP.Obj [ʩ 1,5 ʤʝʪʨʘ]SIZE_CHANGE [ʦʪ 2]INITAL_SIZE [ʥʘ 

3,5 ʤʝʪʨʘ]RESULT_SIZE. 

[The authorities]AGENT:NP.Ext widenedDIMENSION:INC [the 

road]ITEM:NP.Obj by [1.5 meters]SIZE_CHANGE [from 2]INITIAL_SIZE 

[to 3.5 m]RESULT_SIZE. 

 

Unlike the frames discussed in the previous section, the frames 

describing situations of acquiring a certain property usually do not entail a 

fundamental change in the form, integrity, function, etc. of the affected 

entity, or at least it retains its essential characteristics or chemical 

composition. The result of the state associated with the acquired property 

may be but is not necessarily a temporary (and/or possibly reversible) one 

(dry/wet, sharp/dull) (ex. 6). While the property that is obtained is not 

intrinsic to the affected entity, its acquisition is enabled by the traits it 

possesses; for instance, the Patients in the frame Cause to be wet need to 

be porous but not hollow objects. 

 

(6) Cause to be dry; Core FEs: Agent | Cause, Dryee 

[ʀʟʚʣʝʯʝʥʘʪʘ ʦʪʨʦʚʘ]DRYEE:NP.Ext ʩʝ ʠʟʩʫʰʘʚʘ [ʜʦ ʢʨʠʩʪʘʣʥʦ 

ʚʝʱʝʩʪʚʦ]RESULT:PP  

[ ]AGENT:INI. 

[The poison extract]DRYEE:NP.Ext is dried [to a powder]RESULT:PP [ 

]AGENT:INI. 

 

The classification of the frames involving change in a scalar 

property is illustrated in Figure 2. A substantial number of the verbs evoked 

by these frames are derived from adjectives denoting the particular property 

(ex. 6). The occurring change is construed as associated with a transition 

on a scale defined by the set of possible values of the property. In their 

typical interpretation, the predicates describe a process of change in a 

property inherent in or acquired by an entity that has a duration over time 

and is perceived as incrementally occurring3. 

_____________________ 
3 The particular parameter that is used to measure the scale of the change is underlined in the 

frameôs definition. 
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Figure 2. Verbs of change of (measurable) properties. 

3. Verbs of creation 

A set of principles can be derived for the consistent semantic 

description of verbs of creation as implemented in FrameNet through 

semantic frames. The generalised situation described by these predicates 

includes an Agent (a sentient participant) and a Created entity (an artifact). 

The semantic subclassification within the class (presented in Figure 3) is 

based on the type of the Created entity and, therefore, on the type of the 

process of creation and other elements of the situation (e.g. whether there 

are Components / Ingredients involved). 

Creation verbs are typical incremental theme predicates (Dowty 

1991), i.e. the change occurring as part of their meaning is measured out 

incrementally by the extent to which the entity undergoing the change is 

affected, that is, as a homomorphism from parts of the object to parts of the 

event (Krifka 1992). In this respect they differ from the verbs in the 

previous section, where the change is measured out along a multi-valued 

scale defined by a gradable property of the affected entity (lexicalised by 

the verbs). 
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Figure 3. Verbs of creation 

The scalability (incrementality) of the frame element Created entity 

is an essential semantic feature which to a great degree determines the 

syntactic realisation of the verb and the frame elements. The frames in 

Figure 3 are all characterised by an incremental Created entity coming into 

being but differ in terms of the type of the entity: Building, Manufacturing 

and Create physical artwork are associated with a physical object; for 

Cooking creation the Created entity (Produced food) has the special 

function to serve as food; Text creation involves a spoken or written text 

product; in the Duplication frame the Original and the Copy can be a 

physical object, text, image, etc. In all these cases the Created entity is 

associated with an assumed scale of existence along which the process of 

its creation proceeds incrementally, according to the defined 

homomorphism: in Building the progress of the situation is measured by 

the layers of components or the parts of the entity along any of the 3D axes 

(ex. 7), in Cooking creation it corresponds to the stages of the foodôs 

readiness from raw to fully cooked (ex. 8), etc. 

 

(7) Building; Core FEs: Agent, Created entity, Components 

[ʊʝ]AGENT:NP.Ext ʩʪʨʦʠʣʠ [ʢʫʣʘʪʘ]CREATED ENTITY:NP.Obj [ʝʪʘʞ ʧʦ 

ʝʪʘʞ]MANNER. 

[They]AGENT:NP.Ext built [the tower]CREATED ENTITY:NP.Obj [floor by 

floor]MANNER. 
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(8) Cooking creation; Core FEs: Cook, Produced food 

[ ]COOK:DNI ʀʟʧʠʯʘʪʝ [ʜʚʘ ʙʣʘʪʘ]PRODUCED_FOOD:NP.Obj [ʜʦ 

ʟʘʯʝʨʚʷʚʘʥʝ]DEGREE:PP. 

[You]COOK:CNI bake [two cake layers]PRODUCED_FOOD:NP.Obj [until 

golden brown]DEGREE:PP. 

 

4. Verbs of change through processing or manipulation 

The frames included in this category involve processing or 

manipulation leading to a change in the affected entity and the bringing 

about of a new state without altering the entityôs structural integrity or 

essential traits and functions, e.g. roast, grill, toast (Apply heat), shave, 

comb (Grooming). The change may also involve the acquisition of novel 

properties as a result of some treatment, e.g. dye, galvanise, enrich 

(Processing materials)4. 

 

Figure 4. Verbs of change through processing or manipulation 

In general, many of the verbs evoking these frames, also specify an 

incremental change corresponding to the degree to which the object is 

affected (ex. 9 and 10). 

 

(9) Apply heat; Core FEs: Cook, Food, Container, Heating 

instrument, Temperature setting 

[ ]COOK:DNI ɺʘʨʠʪʝ [ʷʡʮʘʪʘ]FOOD:NP.Obj [5 ʤʠʥʫʪʠ]DURATION:NP. 

[You]COOK:NP.Ext boil [the eggs]FOOD:NP.Obj [for 5 

minutes]DURATION.PP. 

(10) Grooming; Core FEs: Agent, Patient, Body part 

[ʊʦʡ]AGENT:NP.Ext ʩʠ ʙʝʰʝ ʠʟʙʨʲʩʥʘʣ [ʙʨʘʜʘʪʘ]BODY_PART:NP.Obj 

[ʩʘʤʦ ʥʘʧʦʣʦʚʠʥʘ]RESULT.AdvP. 

[He]AGENT:NP.Ext has shaved [his beard]BODY_PART:NP.Obj [only 

halfway]RESULT.AdvP. 
_____________________ 
4  The list of frames belonging to this class is non-exhaustive and reflects the current stage of our 

research. The membership of some frames may be revised in the future, as needed. 
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6. Conclusions 

The subclassification of the frames describing the verb lexis 

involving change according to the properties of the affected entity enables 

us to study more closely the semantic and syntactic behaviour of the 

respective verbs within and across the defined subclasses, including the 

syntactic realisation and morphosyntactic features of the affected entity, the 

aspectual interpretation of VPs headed by the studied verbs and their 

compatibility with in-/for-temporal phrases (used as telicity diagnostics), 

among others. It has been well-known that even within the class of 

incremental verbs there is an internal division in terms of the aspectual 

interpretation of VPs (Krifka 1992, Filip 2008), and that many predicates 

specified as non-strictly incremental may alternate between a telic and an 

atelic interpretation (cf. for instance Kratzer 2004), a feature typically 

associated with scalar verbs and uncharacteristic for strictly incremental 

verbs. This shows that the nature of the affected entity (and the type of 

change affected upon it), is closely tied to and may shed light on the 

semantic, syntactic and aspectual properties of the predicates. To the best 

of our knowledge, a thorough within- and cross-categorial study of the 

different classes of verbs has yet to be undertaken for Bulgarian. 

Furthermore, as the semantic representation in terms of frames and 

the selectional restrictions defined for frame elements are to a great degree 

language-independent, this conceptual framework enables the carrying out 

of contrastive research both into the universal and the language-specific 

parameters of semantic description, syntactic expression and aspectual 

properties. The proper encoding of the semantic properties of the entity 

undergoing the change, in particular its incrementality, as well as the 

semantic properties of other relevant frame elements, may facilitate the 

study of the aspectual classes of verbs and, moreover, may enable the 

transfer of information to other low-resourced languages lacking such 

lexical semantic resources. 
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ȇɷ ʊʌɷʒʆʖʆʊɷʙʆʧʆ ʐʑʁʀʆʊɷʓɷ ɷʊʓʆɹʎʏʒʓʆ ʊʏʧʆ ʏʅʎɷʘɷɹɷʧʔ 
ʐʑʏʍʁʎʔ 
ʀʚʝʣʠʥʘ ʉʪʦʘʿʥʦʚʘ, ʉʚʝʪʣʦʟʘʨʘ ʃʝʩʝʚʘ 

ÉċǏĲƣċť 

ʆʩʥʦʚʥʠ ʮʠˀ ʦʚʦʛ ʨʘʜʘ ʿʝ ʜʘ ʧʦʥʫʜʠ ʦʢʚʠʨ ʟʘ ʦʧʠʩ ʩʝʤʘʥʪʠʯʢʠʭ 

ʩʚʦʿʩʪʘʚʘ ʧʨʝʜʠʢʘʪʘ ʘʢʪʠʚʥʦʩʪʠ (ʜʠʥʘʤʠʯʢʠʭ ʧʨʝʜʠʢʘʪʘ) ʢʦʿʠ 

ʦʟʥʘʯʘʚʘʿʫ ʧʨʦʤʝʥʫ, ʩʘ ʧʨʠʤʘʨʥʠʤ ʬʦʢʫʩʦʤ ʥʘ ʩʚʦʿʩʪʚʦ ʢʦʿʝ ʪʨʧʠ 

ʧʨʦʤʝʥʫ. ʋ ʦʚʦʤ ʨʘʜʫ ʘʢʪʠʚʥʦʩʪ ʩʝ ʩʭʚʘʪʘ ʫ ʥʘʿʰʠʨʝʤ ʤʦʛʫ˂ʝʤ ʩʤʠʩʣʫ 

ʠ ʫʢˀʫʯʫʿʝ ʨʘʟʣʠʯʠʪʝ ʢʣʘʩʝ ʜʠʥʘʤʠʯʢʠʭ ʧʨʝʜʠʢʘʪʘ. 

ʆʧʠʩ ʛʣʘʛʦʣʘ ʧʨʦʤʝʥʝ ʟʘʩʥʠʚʘ ʩʝ ʥʘ ʥʝʢʦʣʠʢʦ ʢˀʫʯʥʠʭ 

ʩʝʤʘʥʪʠʯʢʠʭ ʢʘʨʘʢʪʝʨʠʩʪʠʢʘ ʠ ʦʙʫʭʚʘʪʘ ʣʝʢʩʠʯʢʦ ʟʥʘʯʝˁʝ ʛʣʘʛʦʣʘ ʠ 

ʩʝʤʘʥʪʠʯʢʫ ʢʣʘʩʫ ʢʦʿʦʿ ʧʨʠʧʘʜʘ, ʪʠʧ ʧʨʦʤʝʥʝ (ʫʟʨʦʯʥʘ ʠʣʠ 

ʠʥʭʦʘʪʠʚʥʘ), ʢʘʨʘʢʪʝʨʠʩʪʠʢʝ ʧʨʦʤʝʥʝ (ʢʚʘʥʪʥʘ ʠʣʠ ʥʝ, ʧʦʩʪʝʧʝʥʘ ʠʣʠ 

ʪʨʝʥʫʪʥʘ), ʢʘʦ ʠ ʨʝʣʝʚʘʥʪʥʝ ʝʣʝʤʝʥʪʝ ʩʝʤʘʥʪʠʯʢʦʛ ʦʢʚʠʨʘ ʫ FrameNet-

ʫ (Baker and Fellbaum 2009; Ruppenhofer et al. 2016). ʉʪʫʜʠʿʘ ʩʝ ʙʘʟʠʨʘ 

ʥʘ ʩʝʤʘʥʪʠʯʢʠʤ ʢʣʘʩʠʬʠʢʘʮʠʿʘʤʘ ʛʣʘʛʦʣʘ ʢʦʿʝ ʩʫ ʧʨʝʪʭʦʜʥʦ ʯʚʨʩʪʦ 

ʫʩʧʦʩʪʘʚˀʝʥʝ ʫ ʧʨʠʥʩʪʦʥʩʢʦʤ Wordnet-ʫ (Miller 1995), ʢʘʦ ʠ ʫ 

ʙʫʛʘʨʩʢʦʤ Wordnet-ʫ (Koeva 2021). 

ʅʘ ʦʩʥʦʚʫ ʠʟʜʚʦʿʝʥʠʭ ʩʝʤʘʥʪʠʯʢʠʭ ʢʘʨʘʢʪʝʨʠʩʪʠʢʘ ʙʠ˂ʝ 

ʧʦʥʫʹʝʥʘ ʠ ʪʟʚ. Ăʧʣʠʪʢʘò ʢʣʘʩʠʬʠʢʘʮʠʿʘ ʛʣʘʛʦʣʘ ʧʨʦʤʝʥʝ, ʩʘ ʮʠˀʝʤ ʜʘ 

ʩʝ ʦʙʫʭʚʘʪʝ ʙʨʦʿʥʝ ʨʘʟʣʠʯʠʪʦʩʪʠ ʫʥʫʪʘʨ ʢʣʘʩʝ ʠ ʧʨʝʜʣʦʞʠ ʘʜʝʢʚʘʪʘʥ 

ʧʨʠʩʪʫʧ ʤʦʜʝʣʠʨʘˁʫ ˁʠʭʦʚʦʛ ʩʠʥʪʘʢʩʠʯʢʦʛ ʧʦʥʘʰʘˁʘ. 

ʂʣʘʩʠʬʠʢʘʮʠʿʘ ʿʝ ʟʘʩʥʦʚʘʥʘ ʥʘ ʦʢʚʠʨʠʤʘ ʠʟ FrameNet-ʘ, ʢʦʿʠ ʛʨʫʧʠʰʫ 

ʛʣʘʛʦʣʝ ʥʘ ʦʩʥʦʚʫ ʩʣʠʯʥʠʭ ʢʦʥʮʝʧʪʫʘʣʥʠʭ ʩʚʦʿʩʪʘʚʘ ʠ ʩʣʠʯʥʦʛ 

ʩʠʥʪʘʢʩʠʯʢʦʛ ʧʦʥʘʰʘˁʘ. ʉʤʘʪʨʘ ʩʝ ʜʘ ʩʝʤʘʥʪʠʯʢʘ ʩʚʦʿʩʪʚʘ ʧʨʝʜʠʢʘʪʘ 

ʫ ʚʝʣʠʢʦʿ ʤʝʨʠ ʦʜʨʝʹʫʿʫ ˁʝʛʦʚʫ ʩʠʥʪʘʢʩʠʯʢʫ ʨʝʘʣʠʟʘʮʠʿʫ ʪʘʢʦ ʰʪʦ 

ʝʚʦʮʠʨʘʿʫ ʦʜʨʝʹʝʥʠ ʩʝʤʘʥʪʠʯʢʠ ʦʢʚʠʨ, ʪʝ ʢʦʥʬʠʛʫʨʘʮʠʿʫ ʝʣʝʤʝʥʘʪʘ 

ʫʥʫʪʘʨ ʦʢʚʠʨʘ, ʢʘʦ ʠ ʤʦʜʫʩ ˁʠʭʦʚʝ (ʤʦʨʬʦʩʠʥʪʘʢʩʠʯʢʝ) ʝʢʩʧʨʝʩʠʿʝ. 

ʅʘʰʠ ʥʘʣʘʟʠ ʟʘʩʥʦʚʘʥʠ ʩʫ ʥʘ ʘʫʪʦʤʘʪʩʢʠ ʠʟʜʚʦʿʝʥʠʤ ʠ 

ʤʘʥʫʝʣʥʦ ʦʜʘʙʨʘʥʠʤ ʠʣʫʩʪʨʘʪʠʚʥʠʤ ʧʨʠʤʝʨʠʤʘ ʠʟ ʙʫʛʘʨʩʢʦʛ ʠ 

ʝʥʛʣʝʩʢʦʛ ʿʝʟʠʢʘ. ʇʨʠʤʝʨʠ ʠ ʘʥʦʪʘʮʠʿʘ ʟʘ ʝʥʛʣʝʩʢʠ ʧʦʟʘʿʤˀʝʥʠ ʩʫ ʠʟ 

ʢʦʨʧʫʩʘ FrameNet, ʜʦʢ ʩʫ ʙʫʛʘʨʩʢʠ ʨʫʯʥʦ ʘʥʦʪʠʨʘʥʠ. ɿʘ ʦʙʘ ʿʝʟʠʢʘ 

ʧʦʜʘʮʠ ʩʫ ʜʦʧʫˁʝʥʠ ʧʨʠʤʝʨʠʤʘ ʠʟ ʜʨʫʛʠʭ ʢʦʨʧʫʩʘ, ʫʢʦʣʠʢʦ ʿʝ ʪʦ ʙʠʣʦ 

ʧʦʪʨʝʙʥʦ. 
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ɸʥʦʪʠʨʘʥʠ ʧʨʠʤʝʨ: 

FRAME: Cause_expansion; Default: [causal gradual change] 

[Universitetat]AGENT postoyanno razshiryava [uchastieto si v 

kulturniya zhivot]ITEM. 

[The University]AGENT constantly expands [its participation in the 

cultural life]ITEM. 

 

FRAME: Cause_temperature_change; Default: [inchoative 

gradual change] 

[Plamnaloto i litse]ITEM se ohladi [ot ledenata voda]CAUSE. 

[Her flushed face]ITEM cooled [by the chill water]CAUSE. 

 

ʋ ʨʘʜʫ ʩʫ ʠʩʪʨʘʞʝʥʠ ʫʥʠʚʝʨʟʘʣʥʠ ʘʩʧʝʢʪʠ ʢʦʥʮʝʧʪʫʘʣʥʦʛ 

ʟʥʘˁʘ ʢʦʿʠ ʦʤʦʛʫ˂ʘʚʘʿʫ ʧʨʝʥʦʩ ʩʝʤʘʥʪʠʯʢʠʭ ʠ ʩʠʥʪʘʢʩʠʯʢʠʭ 

ʠʥʬʦʨʤʘʮʠʿʘ ʫʥʫʪʘʨ ʨʘʟʣʠʯʠʪʠʭ ʿʝʟʠʢʘ ʠ ʨʝʩʫʨʩʘ. ʂʦʥʬʠʛʫʨʘʮʠʿʘ 

ʝʣʝʤʝʥʘʪʘ ʦʢʚʠʨʘ ʢʦʿʠ ʦʜʨʝʹʫʿʝ ʧʦʥʘʰʘˁʝ ʛʣʘʛʦʣʘ (ʝʚʦʮʠʨʘʥʦ 

ʦʜʨʝʹʝʥʠʤ ʦʢʚʠʨʦʤ) ʥʝʟʘʚʠʩʥʘ ʿʝ ʦʜ ʿʝʟʠʢʘ, ʢʘʦ ʰʪʦ ʩʫ ʪʦ ʠ ʩʝʤʘʥʪʠʯʢʘ 

ʦʛʨʘʥʠʯʝˁʘ ʢʦʿʘ ʜʝʪʨʤʠʥʠʰʫ ˁʠʭʦʚʫ ʩʝʣʝʢʮʠʿʫ. 

ʂʦʥʩʪʝʣʘʮʠʿʝ ʝʣʝʤʝʥʘʪʘ ʦʢʚʠʨʘ ʢʦʿʝ ʜʦʙʠʿʘʿʫ ʩʠʥʪʘʢʩʠʯʢʫ 

ʝʢʩʧʨʝʩʠʿʫ ʤʝʹʫʩʦʙʥʠʤ ʢʦʤʙʠʥʦʚʘˁʝʤ ʝʣʝʤʝʥʘʪʘ (ʪʟʚ. Ăʚʘʣʝʥʪʥʠ 

ʦʙʨʘʩʮʠò, ʫ ʪʝʨʤʠʥʠʤʘ FrameNet-a) ʤʘʭʦʤ ʩʫ ʚʘʣʠʜʥʝ ʠ ʚʘʞʝ ʫ 

ʨʘʟʣʠʯʠʪʠʤ ʿʝʟʠʮʠʤʘ, ʢʘʦ ʰʪʦ ʿʝ ʧʦʪʚʨʹʫʿʫ ʧʦʜʘʮʠ ʟʘ ʝʥʛʣʝʩʢʠ ʠ 

ʙʫʛʘʨʩʢʠ. ʊʘʢʦʹʝ ʧʦʩʪʦʿʠ ʠ ʿʘʩʥʘ ʢʦʨʝʩʧʦʥʜʝʥʮʠʿʘ ʠʟʤʝʹʫ 

ʩʠʥʪʘʢʩʠʯʢʠʭ ʢʘʪʝʛʦʨʠʿʘ ʠ ʩʠʥʪʘʢʩʠʯʢʠʭ ʬʫʥʢʮʠʿʘ ʝʣʝʤʝʥʘʪʘ ʫʥʫʪʘʨ 

ʩʝʤʘʥʪʠʯʢʠʭ ʦʢʚʠʨʘ ʫ ʦʚʘ ʜʚʘ ʿʝʟʠʢʘ. 

ʋʟ ʪʦ, ʥʘ ʦʩʥʦʚʫ ʝʤʧʠʨʠʿʩʢʝ ʛʨʘʹʝ ʠʟ ʢʦʨʧʫʩʘ ʘʥʘʣʠʟʠʨʘʥʘ ʩʫ ʠ 

ʩʧʝʮʠʬʠʯʥʘ ʩʚʦʿʩʪʚʘ, ʢʘʦ ʠ ʨʘʟʣʠʢʝ ʫ ʩʠʥʪʘʢʩʠʯʢʦʤ ʠ ʩʝʤʘʥʪʠʯʢʦʤ 

ʦʧʠʩʫ ʠʟʤʝʹʫ ʝʥʛʣʝʩʢʦʛ ʠ ʙʫʛʘʨʩʢʦʛ. ʈʘʟʤʦʪʨʝʥʠ ʩʫ ʩʣʫʯʘʿʝʚʠ ʫ ʢʦʿʠʤʘ 

ʩʝ ʫ ʦʚʘ ʜʚʘ ʿʝʟʠʢʘ ʥʘ ʨʘʟʣʠʯʠʪ ʥʘʯʠʥ, ʠʣʠ ʥʘ ʨʘʟʣʠʯʠʪʠʤ 

ʩʠʥʪʘʢʩʠʯʢʠʤ ʧʦʟʠʮʠʿʘʤʘ ʨʝʘʣʠʟʫʿʫ ʦʜʨʝʹʝʥʠ ʝʣʝʤʝʥʪʠ ʩʝʤʘʥʪʠʯʢʦʛ 

ʦʢʚʠʨʘ. ɼʦʙʠʿʝʥʠ ʥʘʣʘʟʠ ʤʦʛʫ ʙʠʪʠ ʦʜ ʟʥʘʯʘʿʘ ʠ ʟʘ ʜʨʫʛʝ ʩʣʦʚʝʥʩʢʝ 

ʿʝʟʠʢʝ ʢʦʿʠ ʧʦʢʘʟʫʿʫ ʫʦʯʝʥʝ ʛʨʘʤʘʪʠʯʢʝ ʧʦʩʝʙʥʦʩʪʠ. 

ȇʠʔʘʎʁНʑʁʘʆа ʛʣʘʛʦʣʩʢʘ ʩʝʤʘʥʪʠʢʘ, ʩʝʤʘʥʪʠʢʘ ʦʢʚʠʨʘ, ʘʩʧʝʢʪʫʘʣʥʝ 

ʢʣʘʩʝ, ʧʨʝʜʠʢʘʪʠ ʘʢʪʠʚʥʦʩʪʠ, ʛʣʘʛʦʣʠ ʧʨʦʤʝʥʝ 
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Abstract 

The disinformation phenomenon has been present since the very dawn 

of human communication, with repeated exposure to false information often 

resulting in its acceptance as truth. In contemporary society, however, 

disinformation has become increasingly alarming due to the simple, 

inexpensive, and convincing way it can be created using generative artificial 

intelligence and large language models in particular. These models, which 

continue to make significant advancements, enable the generation of large 

volumes of content that      appear credible, even in the national language. In 

addition, such models facilitate the creation of personalised content tailored to 

certain groups or individuals, citing seemingly credible sources, and thus 

serving to further strengthen the impact of disinformation. In a world 

inundated with information, this problem has become even more pronounced. 

One of the key channels for the spread of disinformation is social media, 

whose primary goal is to capture and maintain its      users' attention with 

content that      reinforces their existing beliefs. This paper will present the 

potential uses of generative AI in the creation of disinformation, as well as 

possible solutions to address this problem. 

uĲǃНƽŸƖĬƚа generative artificial intelligence, disinformation, the risks of 

artificial intelligence, large language models, social media 

1. Introduction 

Disinformation has long challenged societies throughout history, 

from early propaganda to modern disinformation campaigns. Today, 
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generative artificial intelligence (AI) amplifies these challenges by 

enabling the large-scale, automated production of highly convincing false 

narratives. Unlike traditional manual propaganda, AI-driven tools are able 

to rapidly produce text, images, and deepfake videos almost entirely 

automatically with minimal human intervention (Goldstein et al., 2023), 

thereby influencing political discourse and individual decision-making. 

According to Gartnerôs (2024) CIO and Technology Executive 

Survey, AI adoption across industries stands at 43%, while generative AI 

implementation has reached 37%. Projected investment growth recorded 

from 2024 to 2025 is also significant: 84% in AI, 86% in generative AI, and 

87% in cybersecurity (Gartner, 2024). These figures highlight not only the 

growing reliance on AI, but also the urgency of addressing the security and 

ethical concerns this entails. Reflecting this need, numerous organisations 

now prioritise solutions to counter disinformation: Alaverz (2024) predicts 

that by 2028, 50% of enterprises will deploy specialised products or 

services for this very purposeðup from under 5% in 2024. 

A development of particular concern is generative AIôs ability to 

automate deceptive content creation, reducing or even eliminating the need 

for human oversight. Despite hypothetical misuse scenarios being widely 

debated in scientific literature, real-world incidents confirm the growing 

scope of these threats. Analysing over 200 such cases, Marchal et al. (2024) 

concluded that the majority of documented misuse involves accessible AI 

tools requiring minimal technical expertise, with 26% of instances aimed 

at manipulating public opinion, primarily through disinformation. 

Even trusted software platforms, including those from Adobe, 

Microsoft, or Google, are incorporating AI features, making sophisticated 

manipulation increasingly accessible to general users (Schneier & Sanders, 

2024). As these capabilities expand, concerns about privacy, security, and 

the erosion of public trust continue to grow. 

2. Disinformation and Social Media 

Disinformation refers to false information that      is intentionally 

shared to mislead others (Aimeur et al., 2023). One of the subsets of 

disinformation is 'fake news,' which specifically presents false information 

as news. Other related terms in the literature include misinformation and 

malinformation. Misinformation is false information shared without the 

intent to mislead or cause harm, whereas malinformation involves sharing 

genuine information with the intent to cause harm (Aimeur et al., 2023). 

Social media plays a pivotal role in spreading disinformation 

because of its affordability, accessibility, and rapid dissemination of 
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content. According to a 2024 report, the number of active social media user 

accounts worldwide totals 5.22 billion, with users spending an average of 

2 hours and 19 minutes a day on these platforms (DataReportal, 2024). 

Given this massive user base, the creation of text, images, and videos via 

generative AI, along with the ease of information sharing, has led to a 

dramatic rise in disinformation. This trend poses serious consequences for 

both individuals and society. Considering both the number of users and 

newly created posts, the challenge lies in delivering information to the most 

relevant audiences while ensuring its credibility. The main goal of social 

media is profit, often achieved by maximizing user engagement and 

satisfaction. Accordingly, algorithms are designed to present ñrelevantò 

content. In the pursuit of this objective, users are often presented with 

material which reinforces their existing beliefs and interests, creating so-

called ñecho chambers.ò Certain posts also gain higher visibility, a process 

termed ñboostingò, to increase user interactions such as likes, shares, 

comments, and clicks. This approach often promotes the creation of 

controversial or sensational topics which trigger emotional reactions, often 

at the expense of accuracy and relevance (Kovaļeviĺ & Demiĺ, 2023). 

The lack of transparency in the algorithms used by large 

corporations also remains a major concern. Partial insights have been 

gained by cross-referencing publicly available information from social 

media platforms with statements from former employees, revealing how 

different algorithmic approaches can significantly alter the types of content 

users encounter (Oremus et al., 2021). These algorithms may also serve to 

shape usersô perceptions of disinformation. 

One important mechanism is ñdemotion,ò also referred to as 

downranking, reduction, or suppression. It is considered a form of ñsoftò 

content moderation, whereby problematic content is shown to a smaller 

audience rather than being removed outright (Gillespie, 2022). According 

to Narayanan (2023), a 10% reduction in visibility has a minor impact on a 

postôs reach, whereas a 20% reduction can lower its reach tenfold, 

confining it mostly to the posterôs immediate network. Since posts still 

appear in followersô feeds, ðand because reach often fluctuates naturally, 

demotion often goes unnoticed by both content creators and consumers 

alike (Narayanan, 2023). 

Facebookôs algorithm ranks posts according to a userôs interaction 

history, relationship with the content creator, preferred content formats, 

recency, and source quality (Narayanan, 2023).  The objective is to 

prioritise those posts users are most likely to find engaging or relevant, 

placing them at the top of their News Feed, based on the likelihood of 
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interaction. As user interests and behaviours evolve, the algorithm 

continuously adjusts these rankings and personalises the feed accordingly. 

2.1. Why Disinformation Spreads 

Many people struggle to differentiate between genuine and 

fabricated news and are susceptible to cognitive biases such as naµve 

realism and confirmation bias, which accelerate the spread of 

disinformation (Kovaļeviĺ & Demiĺ, 2023). Individuals have a tendency 

to judge a source's credibility based on the opinions of their peers, and 

repeated exposure to the same content can make false information seem 

true. These challenges are further compounded by information overload 

and the advent of generative artificial intelligence. 

Once a misconception takes root, correcting it becomes extremely 

complex. A study by Nyhan and Reifler (2010) found that attempts to refute 

false information by presenting accurate facts can, at times, even reinforce 

the original misunderstanding. Similarly, research conducted by Schwalbe 

et al. (2024) demonstrated that both supporters and opponents of Trump 

were more likely to believe fabricated headlines such as ñTrump Beats 

Grandmaster Chess Championò or ñTrump Attended Private Halloween 

Gala with Sex Orgies Dressed as the Popeò when these headlines aligned 

with their preexisting views, compared to true headlines that did not. 

Changing peopleôs opinions is inherently difficult, regardless of how 

persuasive the counterarguments might be. It is much easier, however, to 

manipulate existing emotions, reinforce preexisting beliefs, and incite 

animosity (Helming & Marsh, 2023). Designed to maximise user engagement, 

social media platforms typically reward outrageous or emotionally charged 

content with higher interaction levels (Helming & Marsh, 2023). 

To boost engagement, algorithms may promote polarising content, 

creating a cycle in which political campaigners produce inflammatory material 

to attract media attention. As a result, regular users may unwittingly propagate 

those false statements that resonate with them, thereby perpetuating the cycle 

of misinformation (Helming & Marsh, 2023). 

This dynamic is further illustrated by research carried out by 

McLoughlin et al. (2024), who examined the relationship between 

disinformation and moral outrage, a mix of anger and disgust triggered by 

perceived moral transgressions (Salerno & Peter-Hagene, 2013). In their 

study analysing Facebook and Twitter data alongside behavioural 

experiments, they found that misinformation sources tend to evoke more 

heightened moral outrage than reliable news outlets, which in turn 

promotes further sharing of misinformation (McLoughlin et al., 2024). In 
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numerous cases, users share outrage-inducing content without even reading 

it, suggesting that interventions based solely on the desire for factual 

accuracy may be ineffective. 

Moreover, outrage is highly engaging, and social media posts that      

provoke anger typically receive more likes and shares, further intensifying 

emotional responses through ranking algorithms (Brady et al., 2021). 

Consequently, disinformation designed to trigger outrage is particularly 

resistant to countermeasures like fact-checking or accuracy prompts, which 

assume that users are primarily motivated by truth (Osmundsen et al., 2021; 

Rathje et al., 2023). Additionally, individuals who express outrage are often 

perceived as more trustworthy (Jordan & Rand, 2019), making outrage an 

effective strategy for those seeking to spread disinformation. 

3. Community Notes 

Since taking over X (formerly Twitter), Elon Musk has dismissed 

over 80% of the platform's trust and safety engineers and a third of related 

staff, creating a "perfect storm" for the spread of abusive content online, 

according to Australia's online safety commissioner (Brewster, 2024). The 

goal was to reduce censorship by leveraging crowdsourced intelligence, 

specifically through Community Notes.  On the X platform, Community 

Notes have been implemented to allow registered contributors to fact-check 

tweets and add contextual notes. Other contributors then rate these notes as 

helpful or not helpful. An algorithm calculates a helpfulness score for each 

note based on ratings from contributors with diverse perspectives. Only 

those that achieve a high helpfulness score are labelled ñHelpfulò and then 

displayed on the tweet. 

In their large-scale empirical study, which      analysed the efficiency 

of Community Notes in reducing engagement with misinformation on X, 

Chuai et al. (2024) found no evidence that Community Notes effectively 

lowered engagement with misleading tweets. They suggest this may be due 

to the systemôs slow response during the early, viral stages of 

misinformation, highlighting the need for the continuous evaluation and 

improvement of crowdsourced fact-checking strategies (Chuai et al., 2024). 

However, starting in January 2025, Meta announced the 

discontinuation of its third-party fact-checking programme, adopting 

instead a Community Notes system similar to that used by X (Kaplan, 

2025). 
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3.1. Information Labelling 

Due to the lack of transparency in social media news-ranking 

algorithms and their impact on users, an experiment was designed to compare 

the effectiveness of algorithmic interventions with informational interventions 

(Kaiser & Mayer, 2023). Under the algorithmic approach (deamplification), 

the visibility of disinformation was reduced by modifying the content-ranking 

algorithm, while informational interventions included labels, fact-checks, and 

informational panels to provide users with additional context. In collaboration 

with the DuckDuckGo platform, the researchers gained insight into real user 

interactions via search results leading to websites containing disinformation. 

A total of 500,000 users participated in the experiment. The findings revealed 

that algorithmically reducing the visibility of disinformation significantly 

decreases its spread (by 50%), whereas informational interventions such as 

warning labels and fact-check tags have a statistically negligible effect on 

reducing user engagement with disinformation (Kaiser & Mayer, 2023). These 

results are in line with the Carnegie Endowment for International Peace report 

(Bateman & Jackson, 2024), which indicated that fact-checking and labelling 

false information yield only modest results. Moreover, they observed that top-

down labelling tends to reinforce the very mindset that makes people more 

prone to conspiracy theories, namely, the belief that ñelitesò dictate what they 

should think (Bateman & Jackson, 2024). 

4. Using gen AI for Creating Disinformation 

There are numerous hypothetical and real examples of 

disinformation. As Marchael et al. noted, a large number of real-life cases 

analysed involve the misuse of general AI through disinformation, typically 

requiring little to no technical expertise (Marchael et al., 2024). The study 

conducted by Sallami et al. (2024) investigated the potential for generating 

disinformation using various large language models (LLMs), including 

Phi-3, Gemma-1.1, Mistral, Llama-3, C4AI, Zephyr-ORPO, and GPT-4. 

The findings revealed that although LLMs can easily create biased 

disinformation, some models implement safety protocols to prevent the 

generation of biased or misleading content. The following is an example of 

disinformation generated using ChatGPT-4. 

Create texts and photography of Spathiphyllum (smaller one) for 

Facebook, explaining how the Spathiphyllum plant can purify the air from 

PM 2.5 particles. Text should have 4ï5 sentences. Refer to a relevant public 

health institution that confirms this research as well as famous scientific 

institutions or journals. 
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Using LLMs makes it easy to automate the process of creating 

targeted disinformation, from scripts created for downloading publicly 

posted information to creating targeted news for a specific audience. The 

major problem lies in the sheer volume that can be created quickly. 

 

Figure 1. Example of creating disinformation 

5. Solutions 

 As we have already mentioned, crowdsourcing interventions on 

platform X (ñCommunity notesò), as well as information labelling, have 

had mixed success in preventing the spread of disinformation.  Automatic 

disinformation detection poses a significant challenge because the content 

is crafted to closely mimic the truth, making it difficult for AI to assess its 

accuracy independently. As a result, it is essential to explore more effective 

strategies to address the issue of disinformation on social media. One 

possible solution is to use generative AI in disinformation detection. 
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Sallami et al. (2024) analysed the capabilities of LLMs to detect 

disinformation and assess the quality of their explanations. The study 

showed that larger models generally demonstrated superior performance in 

disinformation detection. However, some smaller models, such as Gemma-

1.1, exhibited unexpectedly high efficiency due to sophisticated training 

methods, particularly Reinforcement Learning with Human Feedback 

(RLHF). According to human evaluators, GPT-4 and Llama-3 provided the 

highest quality explanations of disinformation, scoring highly on criteria 

such as clarity, relevance, accuracy, and comprehensiveness. Additionally, 

the study also showed that LLMs encountered difficulties in recognising 

disinformation generated by other LLMs, especially when these texts 

included fabricated citations from scientific studies. In such cases, the 

models often provided indecisive responses, acknowledging potential 

issues but failing to confidently label the content as fake. The evaluation 

indicated that while LLMs outperform traditional disinformation detectors, 

they also exhibit certain weaknesses, particularly when faced with AI-

generated disinformation. The authors suggest that although LLMs hold 

significant potential for disinformation detection, improvements in 

transparency and the reliability of result interpretation are essential. The 

authors also note that after reading the LLM explanations, 40% of users 

changed their views regarding the authenticity of the news, while 20% 

became even more uncertain than before. This finding suggests that certain 

solutions might inadvertently introduce additional confusion (Sallami et 

al., 2024). Moreover, the issue may also stem from the biases inherent in 

the disinformation itself. 

Is the following text disinformation " Meet the Spathiphyllum, also 

known as the peace lily! This small yet mighty plant not only enhances 

your home decor but also plays a crucial role in purifying indoor air. 

Studies, including NASAôs Clean Air Study and findings in the Journal of 

Environmental Science & Technology, show that the peace lily can absorb 

harmful PM2.5 particles. The World Health Organization emphasizes the 

importance of reducing these particles to improve public health, making 

the Spathiphyllum a stylish and beneficial addition to any indoor space. 

Start breathing cleaner air today by integrating this natural purifier into 

your environment!" 
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a) Prompt 
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b) answer by ChatGPT-03-mini-high 
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c) answer by DeepThinkR1 

 

Based on the previous example, it is clear that LLMs show promise 

in detecting disinformation, though questions remain about their overall 

effectiveness. 

Additionally, LLMs exhibit inherent limitations and biases and 

often struggle with tasks requiring common sense and extensive world 

knowledge, potentially reinforcing existing stereotypes present in their 

training data (Eigner et al., 2024). Furthermore, since LLMs are unable to fully 

capture the subtleties of human language, they may sometimes generate 

responses that are not entirely accurate or relevant (Kojima et al., 2022). 

Consequently, while improving the quality of training data, restricting user 

access to generative AI tools, and employing detection methods (such as 

watermarking) may help to mitigate the misuse of generative AI, these 

measures alone are insufficient to combat disinformation. 

Urman and Makhortykh (2023) underscore the need for more robust 

and detailed transparency in the way online platforms handle content, 

arguing that current reports often fail to provide the public with a clear 

understanding of platform practices and policies. This analysis is crucial in 

the context of the ongoing debate about disinformation and the role of tech 

companies in content moderation. The importance of algorithmic 

transparency was highlighted at the ECAT Research Workshop 2024 in 

Brussels, where experts from academia, policy, and industry discussed 

critical issues such as algorithmic auditing, automated content moderation, 

online gender-based violence, and recommender systems (ECAT, 2024). 

In addition, the spread of false information through fake profiles 

must be addressed by identifying and removing such accounts using 

network analysis, the examination of behavioural and interaction patterns, 

as well as image verification. 

Educating users about the risks of generative AI and increasing 

public understanding of recommendation algorithms are essential for 

enabling more responsible navigation of these platforms. Raising 

awareness and fostering critical thinking and fact-checking skills are vital 

steps toward reducing the spread of disinformation. A 2023 study among 

students in Serbia revealed that most had read little or nothing about the 

algorithms social media companies use to detect false information on their 

platforms, thus underscoring the importance of incorporating these topics 

into university courses (Kovaļeviĺ & Demiĺ, 2023). 

Collaboration between researchers, industry, and regulators is 

critical to ensure that risks are detected, discussed, and mitigated. 

Legislative measures such as the Digital Services Act (DSA), which 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

158 

establishes legal frameworks to regulate very large online platforms and 

search engines, and the AI Act (AIA), which mandates risk assessments 

prior to the launch of new systems, further highlight the need for 

accountability. Finally, as Pronin and Kugler (2007) argue, it is vital to 

teach people to critically evaluate both news sources and their own thought 

processes. 

6. Conclusion 

Generative AI is reshaping society and is increasingly being applied 

across various industries. However, if the influx of AI-generated content 

into publicly accessible data goes unchecked, it may impede effective 

information retrieval and distort our collective understanding of socio-

political realities and scientific consensus. The majority of instances of 

generative AI misuse are not sophisticated attacks on AI systems 

themselves. They merely exploit openly accessible features (e.g. automated 

disinformation, fake content creation) which require no specialised 

technical expertise. Social media platforms further amplify these 

challenges by playing a significant role in spreading disinformation. 

As generative AI becomes more deeply rooted in daily life and 

business, the fight against disinformation must be both rigorous and 

forward-looking. By investing in AI detection tools, encouraging 

collaboration among tech firms, policymakers, and civil society, and 

increasing public awareness, the risks posed to both individuals and society 

at large may be mitigated. 

Large Language Models (LLMs) generally excel at detecting 

disinformation, but they often struggle when confronting content created 

by other LLMs. While community-based fact-checking approaches, such 

as Community Notes on the X platform, have shown limited effectiveness 

in curbing engagement with misleading content, experts emphasise the 

importance of transparency and algorithmic accountability. Along with 

technical measures like improved training data, watermarking, and user-

access restrictions, fostering critical thinking and educating the public about 

recommendation algorithms are also key steps for curbing the spread of 

disinformation. Such endeavours underscore the need for interdisciplinary 

collaboration, legislative frameworks such as the DSA and AI Act, and a 

proactive stance from tech companies in managing online content. 
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i moguħċНƖĲƜĲŰŢċ 

Ana Kovaļeviĺ 

ÉċǏĲƣċť 

Fenomen dezinformacija prisutan je od samih poļetaka ljudske 

komunikacije, pri ļemu ponovljena izloģenost laģnim informacijama ļesto 

dovodi do njihovog prihvatanja kao istine. U savremenom druġtvu, 

meĽutim, dezinformacije postaju sve zabrinjavajuĺe zbog jednostavnog, 

jeftinog i uverljivog naļina na koji se mogu kreirati koristeĺi generativnu 

veġtaļku inteligenciju, naroļito velike jeziļke modele. Generartna veġtļka 

inteligencija, koji i dalje prave znaļajne napretke, omoguĺavaju 

generisanje velikih koliļina sadrģaja koji izgledaju verodostojno, ļak i na 

nacionalnom jeziku. Pored toga, ovi modeli olakġavaju kreiranje 

personalizovanog sadrģaja prilagoĽenog odreĽenim grupama ili 

pojedincima, navodeĺi prividno pouzdane izvore, ļime dodatno jaļaju 

uticaj dezinformacija. U svetu preplavljenom informacijama, ovaj problem 

postaje joġ izraģeniji. Jedan od kljuļnih kanala za ġirenje dezinformacija su 

socijalni mediji, ļiji je primarni cilj da privuku i zadrģe paģnju korisnika 

sadrģajem koji potvrĽuje njihova postojeĺa uverenja. U radu je predstvljen 

potencijal upotrebe generativne veġtaļke inteligencije u kreiranju 

dezinformacija, kao i moguĺnosti za suzbijanje ovog problema. 

uũŢƨĨŰĲН ƖĲĨŔа generativna veġtaļka inteligencija, dezinformacije, rizici 

veġtaļke inteligencije, veliki jeziļki modeli, socijalni mediji. 
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Abstract 

This paper explores the notion of Collocability as the manner in 

which lexical units combine with different word categories to form larger 

units through analyzing the semantic and syntactic principles of Serbian 

and Spanish football terms using comparable corpora: srFudKo and 

esFudKo, developed within Jelena Lazarevic's doctoral dissertation: 

Language characteristics of the new media discourse on football: a 

contrastive analysis of the Serbian and Spanish language corpora. 

The corpus srFudKo includes 10,100,553 tokens from five Serbian 

news sites, while esFudKo is comprised of 9,106,812 tokens from two 

Spanish football websites. Both corpora are analyzed using corpus 

linguistics methods using CQL (Corpus Query Language) and textometric 

analysis. The study examines collocations based on frequency and semantic 

attractiveness, identifying different types, such as: adjective + noun, noun 

+ noun, verb + noun, adverb + adjective, verb + prepositional phrase, and 

verb + adverb. The process of collocation extraction relies on syntactic 

patterns and frequency analysis. Beyond frequency, the research considers 

semantic closeness and context, assessing whether collocations carry 

specific meanings or whether they are understandable to the general public. 

When broadly understood, collocations transcend the footballing domain. 

This study also examines connections between collocations and multi-part 
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terms, showing how football-specific terms contribute to a broader 

understanding of the sports linguistic structure in Serbian and Spanish. 
 

uĲǃƽŸƖĬƚа football, corpora, terminology, collocations, Serbian, Spanish 

1. Introduction 

This paper aims to explore collocability as a manner in which 

lexical units are combined with terms from different categories, forming 

larger units. The research of the semantic and syntactic principles of these 

combinations of the Spanish and Serbian footballing terms was carried out 

on the comparable football corpora: srFudKo and esFudko, which were 

developed as part of Jelena Lazarevic's doctoral dissertation titled: 

Language characteristics of the new media discourse on football: a 

contrastive analysis of the Serbian and Spanish language corpora. 

The football corpus of the Serbian language, named srFudKo was 

developed through texts on football from five Serbian news sites: B92, 

Blic, Mondo, Politika, and Sport klub, containing 10,100,553 tokens, with 

a total of 8,618,426 words. The corpus of Spanish-language articles on 

football esFudKo, comes from two Spanish news sites: Marca and Mundo 

deportivo, containing 9,106,812 tokens, with a sum of 8,024,164 words. 

Both corpora are located on the platform https://noske.jerteh.rs  (Kilgarriff 

et al. 2014; Lazareviĺ 2024) and are available to authorized users. 

In this paper, the mutual lexical-semantic attractiveness of 

collocations is determined based on frequencies and other measures within 

the corpora, so that collocations are viewed in the broadest sense of Corpus 

linguistics - as a series of words or concepts that appear together more often 

than expected by mere chance. We present seven main types of collocations 

through the following examples: adjective + noun (fast counter), noun + 

noun (penalty shootout), verb + noun (to score a goal), adverb + adjective 

(very talented), verbs + prepositional phrase (play at the stadium) and verb 

+ adverb (to kick hard). The process of collocation extraction represents a 

technique in Computational linguistics that identifies collocations within a 

text, or corpus of texts, using elements similar to data mining, while relying 

on syntactic patterns and frequencies of occurrence. 

In addition to frequencies of occurrence (Levin 2008), we also 

consider other factors, such as semantic closeness and context in both 

languages. For example, do certain collocations have specific meanings, or 

are they only used in certain situations? We also consider whether or not 

the previously identified collocations are understandable to the general 

public who don't follow sport, meaning they aren't familiar with the 

https://noske.jerteh.rs/
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language of football. In the case of a speaker from the general public, 

understanding them, the collocations have surpassed their origin in the 

football domain. They have become part of the public domain. 

The contribution of this research is also reflected in analyzing the 

connections between collocations and multi-part terms. It is noted that the 

connection is strong when multi-part terms contain collocates that possess 

a clear meaning within the footballing domain. This helps understand the 

terminological connection within the language of football, providing 

insight into typical word combinations and their use, illustrating those that 

often appear in football corpora of the Serbian and Spanish languages of 

football. Lazareviĺ et al. (2023) reported on football terminology, starting 

with the approach for compilation, followed by transformation into the 

OntoLex-Lemon resource. 

Section 2 is dedicated to introducing the problem of syntax patterns, 

methods for the extraction, and an approach to contrastive analysis. Section 

3 presents an overview of srFudKo and esFudko.  Furthermore, Section 4 

follows the contrastive analysis of illustrative and productive syntax 

patterns in the Spanish and Serbian languages, through collocation analysis 

of the most frequent nouns, the adjective + noun, and other patterns with 

nouns. We conclude this section with a discussion beyond frequency, about 

the context and semantic nuances in football collocations.  

2. Methods 

In Phraseology, a collocation is a type of compositional phrase, i.e. 

that its meaning can be understood from the words that constitute it, unlike 

idiomatic expressions, also known as fixed phrases, where the meaning of 

the entire unit cannot be inferred from its parts, which may be completely 

unrelated. There are seven main types of collocations: adjective + noun, 

noun + noun, noun + verb, verb + noun, adverb + adjective, verb + 

prepositional phrase (phrasal verbs), and verb + adverb (Prĺiĺ, 2016). 

Pejoviĺ (2015) discusses collocability as the characteristic of words 

to combine with other words from different categories, thus forming larger 

units that range from phrases to sentences. Words combine according to 

specific semantic and syntactic principles. In Linguistic analysis, syntactic 

patterns represent the fundamental, recurring structures within sentences 

that define the way in which words are arranged and combined, according 

to grammatical rules. In other words, templates or patterns exist, which then 

determine the order and interrelation of words. For example, in the Serbian 

language, the pattern: adjective + noun (as in the phrase precizan 

ġut/precise shot indicates that a descriptive word (adjective) naturally 
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connects with a noun. Similarly, in Serbian, we can identify patterns such 

as noun + verb or verb + noun, where the syntactic structure provides the 

foundation for expected word usage. The terminology acquisition can be 

performed semi-automatically, based on lexical resources and local 

grammars developed for the Serbian language (Kitanoviĺ et al. 2015). 

A collocation sense compositionality differentiates it from 

traditional idiomatic expressions, also known as fixed phrases, where the 

meaning of the entire unit cannot be deduced solely from the meanings of 

its composing parts and is often unrelated to their literal meaning. The 

Serbian examples from the srFuDKo for the seven main types of 

collocations are: 

1. Adjective + noun: snaģan uticaj/strong influence 

2. Noun + noun: gol linija/goal line 

3. Noun + verb: vreme leti/time flies 

4. Verb + noun: ļuvati mreģu/to guard the net 

5. Adverb + adjective: izuzetno dobar/extremely good 

6. Verb + prepositional phrase (phrasal verbs): osloniti se na/to rely on 

7. Verb + adverb: trļati brzo/to run fast 

 

These collocations are not arbitrary; they appear within the Serbian 

language as established and recognizable combinations that speakers 

intuitively perceive as natural and correct. Thus, syntactic patterns and 

collocations overlap. In their essence, collocations represent specific 

instances of syntactic patterns that carry additional semantic weight due to 

their conventionalized use. 

A Concordance is a systematic representation of word and phrase 

use in real texts, typically within corpora, as searchable text databases. A 

concordance provides an overview of all occurrences of a given word or 

phrase, displaying its context within a sentence or a passage. Concordances 

enable the analysis of frequency and variations of syntactic patterns, 

identification of collocations through the examination of contexts where 

specific word combinations appear, and the evaluation of established 

patterns (e.g., collocations) align with expectations based on syntactic 

rules. 

What is proven above is that syntactic patterns serve as the 

fundamental structural templates of a language, forming the basis on which 

phrases and sentences are constructed. Collocations are specific word 

combinations within these patterns that have become established in the 

language. The term Collocate is used to refer to one of the words that form 

part of a collocation. Thus, if postiĺi gol/score a goal is a collocation, the 
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words postiĺi/score and gol/goal are collocates, meaning each word is a 

collocate of the other within that specific phrase.  

Concordances provide an empirical insight into the use of syntactic 

patterns and collocations by analyzing language corpora srFuDKo and 

esFudKo. Through concordance analysis, we can confirm the frequency 

and contextual use of these patterns, ensuring that the identified 

collocations are not just theoretically valid but also practically present in 

real language use.  

Following Pejoviĺ (2007, 2015), we consider collocations in their 

broadest sense. In this study, we define collocations as word combinations 

between which there is mutual lexical-semantic attraction, detected based 

on frequency and other corpus-based measures, without categorizing them 

into subtypes. Collocation extraction is a computational linguistics 

technique used to identify collocations in a text or corpus, relying on 

syntactic patterns and frequency analysis, similar to data mining 

techniques. Although this study doesn't focus on the typology of 

collocations, it is important to highlight the close relationship between 

collocations and multi-word terms. This connection is particularly relevant 

because multi-word terms often contain word combinations that qualify as 

collocations. Multi-word terms are typically composed of several words 

that regularly appear together and carry specific meaning within a 

particular domain (Prĺiĺ, 2016), in this case, the domain of football. This 

connection between collocations and multi-word terms is valuable for 

understanding the terminological relationships within the language of 

football. Through analyzing collocations frequently occurring near multi-

word terms, we gain a better understanding of how these terms are used 

and their typical word combinations.  

3. Football Corpora srFudKo and esFudKo 

In the field of Corpus linguistics, the construction of specialized 

corpora allows for in-depth linguistic analysis of domain-specific language. 

This study utilizes two football-related corpora: srFudKo, a Serbian 

football corpus (Lazareviĺ 2024), and esFudKo, a Spanish football corpus. 

These corpora provide valuable resources for examining linguistic patterns, 

terminology, and discourse characteristics in football news articles across 

the two different languages. 

The srFudKo corpus was created using articles from five Serbian 

websites: B92, Blic, Mondo, Politika, and Sport Klub, tagged with Serbian 

taggers (Stankoviĺ et al. 2020). It is comprised of 10,100,553 tokens, of 

which 8,618,426 are individual words.  
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Figure 1 presents its partitions by web portal on the left, and by year 

on the right. The corpus srFudKo captures the stylistic and lexical features 

of football reporting in Serbian, offering insights into frequently used 

collocations, terminology, and syntactic structures prevalent in sports 

journalism. Given its large size and diverse sources, srFudKo represents a 

reliable dataset for analyzing football-related language use in Serbian 

media. 

 

Figure 1. The partitions of Serbian football corpus srFudKo by web 

portals and years 

Similarly, esFudKo corpus focuses on the football discourse in the 

Spanish language. It is compiled from articles published on  the two major 

Spanish sports web-sites: Marca and Mundo Deportivo, tagged with 

TreeTagger Spanish tagset (https://cis.uni-muenchen.de/~schmid/tools/ 

TreeTagger/data/spanish-tagset.txt). The Spanish corpus contains 

9,106,812 tokens, with 8,024,164 being words. The corpus esFudKo 

provides a comparable linguistic resource for analyzing Spanish football 

terminology, syntactic structures, and collocations (Lazareviĺ & Kitanoviĺ 

2024). By examining patterns within this dataset, we identify common 

linguistic features that define football reporting in Spanish-speaking media. 

Together, these corpora serve as essential tools for comparative 

linguistic research. They enable cross-linguistic analysis of football 

https://cis.uni-muenchen.de/~schmid/tools/%20TreeTagger/data/spanish-tagset.txt
https://cis.uni-muenchen.de/~schmid/tools/%20TreeTagger/data/spanish-tagset.txt
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discourse, highlighting similarities and differences in the ways football is 

discussed, reported, and conceptualized in Serbian and Spanish. 

Additionally, these corpora facilitate automatic extraction of collocations, 

frequency analysis, and syntactic pattern recognition, contributing to a 

broader understanding of football-specific language in different linguistic 

and cultural contexts. 

Both corpora used in this study have undergone data extraction 

methods and are available on two platforms: web-based access through 

Noske (https://noske.jerteh.rs/) (Kilgarriff et al. 2014; Stankoviĺ et al. 

2021), an online corpus analysis platform; and local access via TXM, a 

specialized corpus linguistics software for textual analysis (Heiden 2010;). 

Access to these corpora is restricted to authorized users, ensuring 

controlled use and data protection.  

In this study, collocations are identified based on their mutual 

lexical-semantic attraction, determined through frequency measures and 

other statistical metrics applied within the corpora (Kitanoviĺ et al. 2021). 

This approach allows a systematic and empirical identification of word 

combinations that frequently occur together, ensuring that the extracted 

collocations are linguistically significant and relevant to the footballing 

language in both Serbian and Spanish.  

4. Results 

4.1. Analysis of Collocations of the Most Frequent Nouns in srFuDKo 
and esFuDKo 

We now illustrate the analysis using the example: utakmica/match, 

a highly frequent noun in football discourse, analyzing its collocations 

helps us reveal typical word patterns and semantic relationships in both 

Serbian and Spanish football terminology. Collocations involving utakmica 

can be categorized into different structural patterns. For the pattern 

adjective + noun, illustrative examples are: vaģna utakmica/important 

match, teġka utakmica/tough match, prijateljska utakmica/friendly match.  

The pattern noun + noun can be illustrated with: gol razlika/goal 

difference, revanġ utakmica/rematch.  The pattern verb + noun can be 

illustrated with: igrati utakmicu/to play a match, dobiti utakmicu/to win a 

match, and izgubiti utakmicu/to lose a match. For the pattern noun + 

prepositional phrase, the illustrative examples are: utakmica na 

stadionu/match at the stadium, utakmica pod reflektorima/match under the 

floodlights, utakmica za titulu/match for the title. 

https://noske.jerteh.rs/
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The noun utakmica/match often appears in contexts describing 

competition, results, and game conditions. The collocations provide insight into 

how matches are characterized, whether by difficulty (teġka utakmica/tough 

match), significance (vaģna utakmica/an important match), or type (prijateljska 

utakmica/friendly match). Additionally, the verb-noun combinations reflect 

actions within the game: winning (dobiti utakmicu/win the match), losing 

(izgubiti utakmicu/lose the match), or playing (igrati utakmicu/play the match). 

These structures are crucial for Computational linguistics applications such as 

machine translation, keyword extraction, and sentiment analysis in sports 

journalism. 

Figure 2 presents the words (lemma) with strong connection 

calculated from articles as a list of collocates with the calculated statistical 

measures in NoSketch engine (Kilgarriff et al. 2014), maintained by the 

Language Resources and Technologies Society JeRTeh. 

 

Figure 2. The Collocations panel in srFudKo on NoSketch engine for the 

word utakmica/match 

In the Spanish language, similar collocations appear with the term 

partido/match. For adjective + noun pattern: partido importante/important 

match, partido dif²cil/tough match, partido amistoso/friendly match. For 

noun + noun pattern, we what can be seen is: final del partido/final match, 

revancha del partido/match rematch, while for Verb + Noun: jugar un 

partido/to play a match, ganar un partido/to win a match, and perder un 

partido/to lose a match. Despite language differences, the collocational 

patterns remain structurally similar, showing the universal nature of 

football terminology across languages. 
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4.2. The Adjective + Noun Pattern in srFuDKo and esFuDKo  

The adjective + noun pattern is frequently used to describe 

properties or characteristics of an entity. This pattern, recognized as one of 

the most productive in a language, was analyzed in the srFudKo corpus by 

extracting occurrences using the CQL pattern: [srpos="ADJ"] 

[srpos="NOUN"]. The extraction process yielded 528 candidates for 

combinations with a frequency higher than 100, while 84 candidates had a 

frequency exceeding 500. In Table 1, the frequent adjective + noun 

collocations related to the footballing language are listed, illustrating 

typical word combinations within the language of football in Serbian.   

Table 1. The frequent collocations for pattern adjective + noun  

in the corpus srFudKo 

Bigram Freq 

Crvena zvezda 11050 

svetsko prvenstvo 4165 

drugo poluvreme 2810 

prvo poluvreme 2686 

kazneni prostor 2317 

fudbalski savez 2254 

Evropsko prvenstvo 1808 

srpski fudbal 1807 

struļni ġtab 1708 

ģuti karton 1707 

nacionalni tim 1647 

Bigram Freq 

prvi meļ 1599 

slobodni udarac 1478 

prvi deo 1366 

direktan plasman 1231 

grupna faza 1214 

istorijski trijumf 1121 

prelazni rok 1090 

mladi igraļ 1051 

bela taļka 1004 

prvo mesto 990 

crveni karton 963 

Bigram Freq 

dobar rezultat 939 

drugi deo 834 

fudbalski klub 823 

veliki klub 806 

velika ġansa 795 

dobar strelac 759 

sportski direktor 758 

dobra prilika 729 

vezni red 727 

 

The most frequent nouns appearing in adjective + noun structure 

are: utakmica/match  (67),  igraļ/player (66), klub/club (62), tim/team (54), 

gol/goal (50), meļ/ match|game (49), fudbaler/footballer (42), 

fudbal/football|soccer (40), godina/year (34), liga/ league (31), 

sezona/season (31), rezultat/result (29), ġansa/chance (27), 

pobeda/victory|win (26), trener/coach|manager (26), ekipa/team-squad 

(25), igra/game/play (24), prilika/ opportunity (23), situacija/situation 

(23), napadaļ/striker|attacker (22). 

The most common adjectives modifying utakmica/match are: 

prva/first (978), kvalifikaciona/qualifying (663), prijateljska/friendly 

(514), poslednja/last|final (360), vaģna/ important (281), 

teġka/tough|difficult (265), velika/big|major (252), dobra/good (241), 

fudbalska/football|soccer-related (219), evropska/European (189), 

druga/second (165), naredna/next|upcoming (155),  prvenstvena/league-
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related|championship (136), odigrana/ played (132), 

takmiļarska/competitive (117), finalna/final|decisive (114).  

The analysis of the adjective + noun pattern in the esFudKo corpus 

used a different CQL pattern due to differences in part-of-speech tagging: 

[espos="ADJ"] [espos="NC|NMEA|NMON"]. This extraction yielded 271 

candidates with a frequency higher than 50 and 724 candidates with a 

frequency exceeding 20. Table 2 presents the most frequent adjective + 

noun collocations in esFudKo. 

 

Table 2. Most frequent collocations for pattern adjective + noun in corpus 

esFudKo 

eslemma F 

Real Madrid 6798 

Real Sociedad 1815 

pr·xima temporada 1063 

¼ltimo partido 942 

¼ltimo a¶o 879 

¼ltima jornada 781 

¼ltimo hora 538 

lateral derecho 478 

bueno|mejor jugador 456 

¼ltimo d²a 436 

buen jugador 435 

¼ltimo minuto 427 

recto final 426 

buen momento 399 

grande|m§ximo goleador 359 

eslemma F 

bueno|mejor versi·n 343 

bueno partido 330 

mucha gente 328 

bueno|mejor momento 318 

nuevo entrenador 310 

¼ltima temporada 307 

buena sensaci·n 300 

¼ltima semana 297 

buen resultado 278 

buena|mejor manera 275 

¼ltimo mes 259 

grande categor²a 254 

mismo tiempo 254 

buen equipo 249 

pr·xima semana 239 

eslemma F 

buen|mejor equipo 228 

cristiano Ronaldo 228 

gran|grande partido 225 

pr·ximo d²a 221 

¼ltimo encuentro 221 

gran|grande parte 214 

buena parte 211 

alto nivel 210 

ex-jugador 208 

media hora 206 

gran jugador 205 

delantero central 203 

¼ltimo tiempo 200 

 

In the esFudKo corpus, for the adjective + noun pattern where the 

noun is preceded by an adjective, the following examples stand out based 

on the number of collocates: jugador/player (14), partido/match|game (14),  

club/club (14), equipo/team|squad (14), temporada/season (12), 

entrenador/coach|manager (9), momento/moment (9), gol/goal (9), 

futbolista/footballer|soccer player (9), a¶o/year (8), 

ocasi·n/opportunity|occasion (8),  jornada/matchday|round (8).   

The adjectives characterizing jugador/player are: 

bueno|mejor/good|better (456),  buen/good (435), ex/former (208), 

grande/great|big (205),  nuevo/new (177),  gran|grande/ great (155), 

propio/own (91),  ¼nico/unique (82), mismo/same (69), joven/young (63), 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

173 

actual/ current|present (29), ¼ltimo/last|latest (29), tanto/so much (24), 

excelente/excellent (20). 

When we compare the ten most frequent nouns for Serbian and 

Spanish that are part of those collocations, we can notice that they overlap. 

In Figure 3, with the same colour and background, translation equivalents 

are presented. The first Serbian noun is utakmica/match (67), and the 

Spanish jugador/player (14) is in first place. More precisely, the first four 

have the same frequency in the Spanish dataset. 

 

Figure 3. The most frequent nouns in the adjective + noun pattern 

collocation srFuDKo and esFudKo 

4.3. Other Patterns with Nouns within Corpora srFudKo and esFudKo  

The analysis of the Serbian corpus srFudKo and the Spanish corpus 

esFudKo reveals interesting differences in the use of the words lopta/ball 

and Spanish bal·n/ball, which manifest through distinct collocation types 

and distribution patterns. In both corpora, lopta and bal·n most frequently 

collocate with nouns related to different elements of the game. However, 

there are significant differences in these nouns and their functional roles. 

In srFudKo, lopta/ball is most commonly associated with nouns 

that describe physical aspects of the game and players, such as mreģa/net, 

glava/head, korner/corner, noga/leg, ġesnaesterac/penalty area, 

golman/goalkeeper, udarac/shot, teren/field, and igraļ/player. These 

collocations clearly describe direct aspects of football and the physical 

actions involved, emphasizing players' interactions with the ball. 
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In contrast, within esFudKo, bal·n/ball frequently appears in 

collocations related to broader game concepts and ball possession, such as 

posesi·n/possession, control/control, dominio/dominance, juego/game|play, 

and acci·n/action. While there are also collocates like pie/foot, §rea/penalty 

area, and gol/goal, with greater focus on tactical aspects of the game 

suggests that the Spanish language of football emphasizes conceptual and 

strategic elements more than physical actions.  

In the research on football-related collocations, the following 

queries focus on the noun lopta/ball, as an example, identifying its syntactic 

and semantic relationships with surrounding words. The first two queries, 

[srlemma = "lopta" & srpos = "NOUN"] [srpos != "PUNCT"] and [srpos 

!= "PUNCT"] [srlemma = "lopta" & srpos = "NOUN"], retrieve instances 

where lopta appears before or after any word that is not punctuation, 

ensuring a clean extraction of collocational structures. The third query, 

[srlemma = "lopta" & srpos = "NOUN"] [srpos = "ADJ"]* [srpos = 

"NOUN"]+, captures multi-word noun phrases involving lopta, such as 

lopta za igru/game ball or lopta u mreģi/ball in the net, reflecting common 

football terminology. The final query, [srpos = "VERB"]+ [ ]{0,2} 

[srlemma = "lopta" & srpos = "NOUN"], focuses on verb + noun 

collocations, allowing for the identification of structures like ġutirati 

loptu/kick the ball, uhvatiti loptu/catch the ball, or dodati loptu/pass the 

ball. Figure 4 presents some results extracted from these queries that help 

uncover syntactic patterns and lexical preferences within Serbian football 

discourse, providing insights into phraseology, word order, and semantic 

roles in sports language. 

In Spanish, the noun bal·n/ball most frequently appears with verbs 

such as tocar/touch, parar/stop, robar/steal, mandar/send, perder/lose, 

controlar/control, rodar/roll, and despejar/clear. While these verbs also 

refer to physical actions, there is a stronger emphasis on ball control 

(controlar, parar, tocar), confirming that the Spanish football language 

places greater importance on possession and tactical play compared to the 

Serbian football language. 

A particularly interesting contrast emerges when examining the 

most common collocations in each language. In Serbian, lopta/ball is most 

frequently associated with the verb poslati/send, emphasizing a direct, 

action-based approach. In Spanish, however, bal·n/ball is most frequently 

linked with the adjective oro/gold, forming the syntagm Bal·n de Oro, 

referring to the most prestigious award for the worldôs best football player. 

It has no direct equivalent in Serbian in terms of awards, while its title is 

used through a literal translation ï Zlatna lopta. 
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Figure 4. The examples of multiword terms retrieved from srFudKo  

4.4. Beyond Frequency: Context and Semantic Nuances in Football 
Collocations 

Sports fans incorporate sports-related expressions into everyday 

speech, gradually introducing them to the wider public. These phrases often 

preserve their original meaning as they transition from the football field, 

through journalists and fans, to common usage (Lavriĺ 2008). In addition 

to analyzing the frequency of occurrence, this study examines other factors 

such as semantic proximity and context of use. Some collocations in 

football terminology carry specific meanings or appear only in particular 

situations, reflecting tactical nuances and player strategies.  

This is shown in the following examples: 

1) dati gol iz mrtvog ugla/score a goal from a dead angle represents 

that this phrase is used in situations where a player scores from an 

unexpected or difficult position, often from an angle where it seems nearly 

impossible for the ball to enter the goal; 

2) izvuĺi penal/draw a penaltyï while the referee can award a 

penalty kick. The phrase izvuĺi penal implies that the player skillfully 

exploited a situation or initiated contact with an opponent in a way that 
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convinced the referee to award a penalty (this highlights the tactical and 

psychological aspects of the game);  

3) igrati bunker/play bunker defense ï a defensive strategy where a 

team withdraws into a compact defensive formation, avoiding offensive 

play and waiting for a counter-attack opportunity (the primary goal is to 

protect their own net, often used against stronger opponents or when 

defending a lead). These collocations demonstrate how football language 

extends beyond the literal meanings, incorporating strategic, physical, and 

tactical elements, making them essential for understanding football 

discourse in Serbian. 

We also examine whether previously identified collocations are 

understandable to the general public, particularly to those who do not watch 

football and are unfamiliar with football-specific language. If a speaker 

from the general public can understand and use these phrases outside a 

sports context, it indicates that the collocations have transcended their 

original football domain, becoming part of the public domain. For example:  

1) igrati na sigurno/play it safe in football. This phrase refers to a 

strategy of avoiding risks, such as a team focusing on defense rather than 

aggressive attacks, while in everyday language, it describes a cautious 

approach to decision-making: ''Iôd rather play it safe and invest in low-risk 

funds.''; 

2) autogol/own goal. This term is originally a football term 

describing a situation where a player accidentally scores against their team. 

It is now widely used to describe self-inflicted mistakes in any context: 

ñéby rejecting that job offer, he scored an own goalò.  

3) igrati na domaĺem terenu/to play on home ground (at home). In 

football, this denotes a match played in the teamôs own stadium or home 

venue, where the team typically has an advantage due to familiarity with 

the pitch, support from local fans, and absence of travel fatigue. In the 

public domain, it means that someone is in a familiar, favorable 

environment, where they have an advantage: ñ.. The president insisted the 

meeting be held in Belgrade because he wants to play on home ground.ò 

with the meaning: using a favorable location to gain strategic advantage in 

negotiations.  

These examples illustrate how deeply ingrained football 

terminology has become within the General speech, showcasing the way in 

which the language of sport, especially football, influences the broader 

cultural and linguistic expression. 
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5. Conclusion 

The language of sport in both Serbian and Spanish is predominantly 

shaped by football terminology, which has transcended its original domain, 

becoming an integral part of the General public discourse. Certain football-

related terms are equally prevalent in both languages, reflecting the global 

reach and cultural significance of football. The analysis of the noun 

utakmica/match and its collocations highlight the lexical-semantic 

connections within the language of football. Understanding these patterns 

enhances linguistic research, sports journalism, and NLP applications 

related to sports language. Comparing Serbian and Spanish football 

terminology further deepens insights into how football-related words 

function across languages. This study contributes to these insights by 

analyzing the connections between collocations and multi-word football 

terms, which is particularly important when multi-word terms contain 

collocates with a clear meaning within the footballing domain. This 

research showcases the frequency of collocations and their possible 

combinations, highlighting recurring patterns that define football discourse 

in both languages.  
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uŸŰƣƖċƚƣŔƻŰċНċŰċũŔǍċНƚŔŰƣċťƚŔĨťŔőНŸĤƖċǍċĦċНƨНťŸůƓċƖċĤŔũŰŔůН
ťŸƖƓƨƚŔůċНŉƨĬĤċũċНŰċНƜƓċŰƚťŸůНŔНƚƖƓƚťŸůНŢĲǍŔťƨ 

Jelena Lazareviĺ, Olivera Kitanoviĺ 

ÉċǏĲƣċť 

Ovaj rad istraģuje pojam kolokabilnosti kao naļina na koji se 

leksiļke jedinice kombinuju sa razliļitim kategorijama reļi kako bi 

formirale veĺe jedinice, koriġĺenjem analize semantiļkih i sintaksiļkih 

principa srpskih i ġpanskih fudbalskih termina koriġĺenjem uporedivih 

korpusa: srFudKo i esFudKo, razvijenih u okviru doktorske disertacije 

Jelene Lazareviĺ: Jeziļke odlike diskursa novih medija o fudbalu: 

kontrastivna analiza na srpskom i ġpanskom jeziku. Korpus srFudKo 

obuhvata 10.100.553 tokena sa pet srpskih veb-sajtova sa vestima iz 

fudbala, dok se esFudKo sastoji od 9.106.812 tokena sa dva ġpanska 

fudbalska veb-sajta. Oba korpusa se analiziraju koriġĺenjem metoda 

korpusne lingvistike koriġĺenjem CQL (Corpus Query Language) i 

tekstometrijske analize. Studija ispituje kolokacije na osnovu frekvencije i 

semantiļke privlaļnosti, identifikujuĺi razliļite tipove, kao ġto su: pridev + 

imenica, imenica + imenica, glagol + imenica, prilog + pridev, glagol + 

predloġka fraza i glagol + prilog. Proces ekstrakcije kolokacije oslanja se 

na sintaksiļke obrasce i analizu frekvencija. Osim frekvencije, istraģivanje 

razmatra semantiļku bliskost, kao i kontekst, procenjujuĺi da li kolokacije 

nose specifiļna znaļenja i da li su razumljive ġiroj javnosti. Kada se ġiroko 

shvate, kolokacije iz posmatranih korpusa prevazilaze fudbalski domen. 

Ovo istraģivanje takoĽe ispituje veze izmeĽu kolokacija i viġeļlanihnih 

termina, pokazujuĺi kako termini specifiļni za fudbal doprinose ġirem 

razumevanju sportske jeziļke strukture u srpskom i ġpanskom jeziku. 

uũŢƨĨŰĲНƖĲĨŔа fudbal, korpusi, terminologija, kolokacije, srpski, ġpanski 
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ȏʆʎʓɷʊʒʆʘʊɷНʆНʒʁʍɷʎʓʆʘʊɷНɷʎɷʌʆʅɷН
ɺʌɷɺʏʌɷНʏʚʓʁʓʆʓʆ ʆНʔʎʆʚʓʆʓʆ ʆʅНʔɺʌɷН
ʓʁʏʑʆʧʁНʒʁʍɷʎʓʆʊʁНʏʊɹʆʑɷ 
ʅʘʫʯʥʠ ʨʘʜ DOI: 10.18485/judig.2025.1.ch11 

ʄʘʨʠʥʘ ɹʘʛʠ1 0009-0006-9410-7862 

Ǵʐʒʓʑɷʊʓ 

ʋ ʨʘʜʫ ʩʝ ʧʨʝʜʩʪʘʚˀʘ ʘʥʘʣʠʟʘ ʛʣʘʛʦʣʘ ʦʰʪʝʪʠʪʠ ʠ ʫʥʠʰʪʠʪʠ 

ʠʟ ʫʛʣʘ ʪʝʦʨʠʿʝ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ. ʇʦʣʘʟʝ˂ʠ ʦʜ ʧʨʝʪʧʦʩʪʘʚʢʝ ʜʘ 

ʩʠʥʪʘʢʩʠʯʢʠ ʠ ʩʝʤʘʥʪʠʯʢʠ ʬʝʥʦʤʝʥʠ ʤʝʹʫʩʦʙʥʦ ʢʦʨʝʣʠʨʘʿʫ, ʟʘ 

ʪʝʦʨʠʿʩʢʫ ʦʩʥʦʚʫ ʨʘʜʘ ʙʠʨʘ ʩʝ ʢʦʛʥʠʪʠʚʥʦʩʝʤʘʥʪʠʯʢʠ ʧʨʠʩʪʫʧ ʏ. 

ʌʠʣʤʦʨʘ ʢʦʿʠ ʝʢʩʧʣʠʮʠʪʥʦ ʧʦʚʝʟʫʿʝ ʟʥʘʯʝˁʘ ʥʝʢʝ ʨʝʯʠ ʩʘ 

ʩʠʥʪʘʢʩʠʯʢʠʤ ʢʦʥʪʝʢʩʪʠʤʘ ʫ ʢʦʿʠʤʘ ʩʝ ʦʥʘ ʿʘʚˀʘ. ʆʩʥʦʚʥʘ ʪʝʟʘ 

ʪʝʦʨʠʿʝ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ ʿʝʩʪʝ ʜʘ ʟʥʘʯʝˁʘ ʥʝʢʝ ʩʫʙʣʝʢʩʝʤʝ ʪʨʝʙʘ 

ʧʦʩʤʘʪʨʘʪʠ ʫ ʚʝʟʠ ʩʘ ʩʝʤʘʥʪʠʯʢʠʤ ʦʢʚʠʨʠʤʘ ï ʩʭʝʤʘʪʩʢʠʤ ʧʨʠʢʘʟʠʤʘ 

ʧʦʿʤʦʚʥʠʭ ʩʪʨʫʢʪʫʨʘ ʠ ʦʙʨʘʟʘʮʘ ʚʝʨʦʚʘˁʘ ʢʦʿʠ ʣʝʞʝ ʫ ʦʩʥʦʚʠ ʟʥʘʯʝˁʘ 

ʨʝʯʠ. ʆʚʘ ʪʝʦʨʠʿʘ ʫ ʦʩʥʦʚʠ ʿʝ ʌʨʝʿʤʥʝʪʘ, ʝʣʝʢʪʨʦʥʩʢʝ ʣʝʢʩʠʢʦʛʨʘʬʩʢʝ 

ʙʘʟʝ ʧʦʜʘʪʘʢʘ ʢʦʿʘ ʿʝ ʟʘʩʥʦʚʘʥʘ ʥʘ ʢʦʨʧʫʩʫ, ʘ ʫ ʦʢʚʠʨʫ ʢʦʿʝ ʩʫ 

ʧʨʠʢʘʟʘʥʠ ʦʢʚʠʨʠ ʢʦʿʝ ʨʘʟʣʠʯʠʪʝ ʣʝʢʩʝʤʝ ʧʨʠʟʠʚʘʿʫ.  

ʀʩʪʨʘʞʠʚʘˁʝ ʿʝ ʟʘʩʥʦʚʘʥʦ ʥʘ ʰʝʩʪ ʩʪʦʪʠʥʘ ʧʨʠʤʝʨʘ ʫʧʦʪʨʝʙʝ 

ʣʝʢʩʝʤʘ ʦʰʪʝʪʠʪʠ ʠ ʫʥʠʰʪʠʪʠ ʝʢʩʮʝʨʧʠʨʘʥʠʭ ʠʟ ʝʣʝʢʪʨʦʥʩʢʦʛ 

ʂʦʨʧʫʩʘ ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ (ʉʨʧʂʦʨ2021) ʩʘ ʮʠˀʝʤ ʜʘ ʩʝ 

ʦʧʠʰʝ ʠ ʠʩʧʠʪʘ ˁʠʭʦʚʦ ʩʠʥʪʘʢʩʠʯʢʦ ʠ ʩʝʤʘʥʪʠʯʢʦ ʧʦʥʘʰʘˁʝ, ʪʝ ʜʘ ʩʝ 

ʧʨʠʢʘʞʝ ˁʠʭʦʚʘ ʫʧʦʪʨʝʙʘ. ʉʪʦʛʘ ʩʝ ʦʧʠʩʫʿʫ ʦʢʚʠʨʠ ʢʦʿʝ ʧʨʠʟʠʚʘʿʫ 

ʧʦʤʝʥʫʪʠ ʛʣʘʛʦʣʠ, ʢʘʦ ʠ ʝʣʝʤʝʥʪʠ ʦʢʚʠʨʘ, ʘ ʠʟʚʦʜʝ ʩʝ ʠ ʟʘʢˀʫʯʮʠ ʫ 

ʚʝʟʠ ʩʘ ʩʠʥʪʘʢʩʠʯʢʦ-ʩʝʤʘʥʪʠʯʢʠʤ ʠʥʪʝʨʬʝʿʩʦʤ. ʋʟ ʪʦ, ʙʫʜʫ˂ʠ ʜʘ ʩʫ ʫ 

ʧʠʪʘˁʫ ʛʣʘʛʦʣʠ ʩʣʠʯʥʝ ʩʝʤʘʥʪʠʢʝ, ʮʠˀ ʿʝ ʜʘ ʩʝ ʠʩʪʨʘʞʝ ʩʣʠʯʥʦʩʪʠ ʠ 

ʨʘʟʣʠʢʝ ʠʟʤʝʹʫ ˁʠʭ, ʰʪʦ ʩʝ ʯʠʥʠ ʫʧʦʪʨʝʙʦʤ ʘʣʘʪʘ ʥʘ ʧʣʘʪʬʦʨʤʘʤʘ 

Sketch Engine ʠ No Sketch Engine.  

_____________________ 
1 ʀʥʩʪʠʪʫʪ ʟʘ ʩʨʧʩʢʠ ʿʝʟʠʢ ʉɸʅʋ, marina.bagi@isj.sanu.ac.rs 

https://doi.org/10.18485/judig.2025.1.ch11
https://orcid.org/0009-0006-9410-7862
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ȇʠʔʘʎʁНʑʁʘʆа ʪʝʦʨʠʿʘ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ, ʩʠʥʪʘʢʩʘ, ʩʝʤʘʥʪʠʢʘ, ʛʣʘʛʦʣ 

ʦʰʪʝʪʠʪʠ, ʛʣʘʛʦʣ ʫʥʠʰʪʠʪʠ, ʦʙʨʘʜʘ ʧʨʠʨʦʜʥʠʭ ʿʝʟʠʢʘ, ʩʨʧʩʢʠ ʿʝʟʠʢ. 

1. ȑɹʏʀ 

ʊʝʦʨʠʿʘ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ ʧʨʝʜʩʪʘʚˀʘ ʢʦʛʥʠʪʠʚʥʦʩʝʤʘʥʪʠʯʢʠ 

ʧʨʠʩʪʫʧ ʘʥʘʣʠʟʠ ʣʝʢʩʠʯʢʦʛ ʟʥʘʯʝˁʘ ʢʦʿʠ ʿʝ ʨʘʟʚʠʦ ʏʘʨʣʩ ʌʠʣʤʦʨ ʟʘʿʝʜʥʦ 

ʩʘ ʩʚʦʿʠʤ ʩʘʨʘʜʥʠʮʠʤʘ. ʎʝʥʪʨʘʣʥʘ ʠʜʝʿʘ ʦʚʦʛ ʧʨʠʩʪʫʧʘ ʿʝʩʪʝ ʜʘ ʟʥʘʯʝˁʘ 

ʨʝʯʠ ʪʨʝʙʘ ʦʧʠʩʠʚʘʪʠ ʫ ʚʝʟʠ ʩʘ ʩʝʤʘʥʪʠʯʢʠʤ ʦʢʚʠʨʠʤʘ ï ʩʭʝʤʘʪʩʢʠʤ 

ʧʨʠʢʘʟʠʤʘ ʧʦʿʤʦʚʥʠʭ ʩʪʨʫʢʪʫʨʘ ʠ ʦʙʨʘʟʘʮʘ ʚʝʨʦʚʘˁʘ ʢʦʿʠ ʣʝʞʝ ʫ ʦʩʥʦʚʠ 

ʟʥʘʯʝˁʘ ʨʝʯʠ (Fillmore et al. 2003, 235). ʊʝʨʤʠʥʦʤ ʦʢʚʠʨ2 ʦʟʥʘʯʝʥ ʿʝ 

ʩʚʦʿʝʚʨʩʪʘʥ ʩʠʩʪʝʤ ʧʦʿʤʦʚʘ ʢʦʿʠ ʩʫ ʧʦʚʝʟʘʥʠ ʥʘ ʪʘʢʘʚ ʥʘʯʠʥ ʜʘ ʿʝ ʟʘ 

ʨʘʟʫʤʝʚʘˁʝ ʿʝʜʥʦʛ ʧʦʿʤʘ ʥʝʦʧʭʦʜʥʦ ʨʘʟʫʤʝʪʠ ʯʠʪʘʚʫ ʩʪʨʫʢʪʫʨʫ ʯʠʿʠ ʿʝ ʦʥ 

ʜʝʦ (Fillmore 1982, 111), ʘ ʿʝʜʥʘ ʦʜ ʦʩʥʦʚʥʠʭ ʪʝʦʨʠʿʩʢʠʭ ʧʦʩʪʘʚʢʠ 

ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ ʿʝʩʪʝ ʜʘ ʦʢʚʠʨʝ ʧʨʠʟʠʚʘʿʫ3 ʨʝʯʠ ʦʜʨʝʹʝʥʠʭ ʚʨʩʪʘ (ʫ 

ʧʨʚʦʤ ʨʝʜʫ ʛʣʘʛʦʣʠ, ʘ ʧʦʪʦʤ ʠʤʝʥʠʮʝ, ʧʨʠʜʝʚʠ ʠ ʧʨʠʣʦʟʠ). 

ʇʦʤʝʥʫʪʠ ʧʨʠʩʪʫʧ ʫ ʬʦʢʫʩ ʩʪʘʚˀʘ ʫʧʦʪʨʝʙʫ ʨʝʯʠ. ʋ ʚʝʟʠ ʩʘ 

ʪʠʤ, ʏ. ʌʠʣʤʦʨ (1969, 94) ʧʠʩʘʦ ʿʝ ʜʘ ʩʫ ʧʨʦʫʯʘʚʘʦʮʠ, ʧʦʩʪʘʚˀʘʿʫ˂ʠ 

ʧʠʪʘˁʝ ʦ ʟʥʘʯʝˁʫ ʥʝʢʦʛ ʦʙʣʠʢʘ, ʟʘʦʙʠʣʘʟʠʣʠ ʢˀʫʯʥʫ ʩʪʚʘʨ ï ʧʠʪʘˁʝ 

ʫʧʦʪʨʝʙʝ ʨʝʯʠ, ʦʜʥʦʩʥʦ ʰʪʘ ʿʝ ʦʥʦ ʰʪʦ ʤʦʨʘʤʦ ʜʘ ʟʥʘʤʦ ʢʘʢʦ ʙʠʩʤʦ 

ʦʜʨʝʹʝʥʠ ʦʙʣʠʢ ʘʜʝʢʚʘʪʥʦ ʢʦʨʠʩʪʠʣʠ ʠ ʢʘʢʦ ʙʠʩʤʦ ʨʘʟʫʤʝʣʠ ʜʨʫʛʝ 

ˀʫʜʝ ʢʘʜʘ ʛʘ ʫʧʦʪʨʝʙˀʘʚʘʿʫ (ʢʫʨʟʠʚ ʥʘʰ).  

ʆʩʦʙʠʪ ʟʥʘʯʘʿ ʪʝʦʨʠʿʝ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ ʦʛʣʝʜʘ ʩʝ ʫ ʪʦʤʝ ʰʪʦ 

ʧʨʝʜʩʪʘʚˀʘ ʪʝʦʨʠʿʩʢʦ-ʤʝʪʦʜʦʣʦʰʢʠ ʦʢʚʠʨ ʢʦʿʠ ʧʨʫʞʘ ʤʦʛʫ˂ʥʦʩʪ ʜʘ ʩʝ 

ʝʢʩʧʣʠʮʠʪʥʦ ʧʦʚʝʞʫ ʟʥʘʯʝˁʘ ʨʝʯʠ ʩʘ ʩʠʥʪʘʢʩʠʯʢʠʤ ʢʦʥʪʝʢʩʪʠʤʘ ʫ 

ʢʦʿʠʤʘ ʩʝ ʪʝ ʨʝʯʠ ʧʦʿʘʚˀʫʿʫ (Atkins et al. 2003a, 254). ʋ ʣʠʪʝʨʘʪʫʨʠ ʩʝ 

ʩʚʝ ʚʠʰʝ ʠʩʪʠʯʝ ʟʥʘʯʘʿ ʧʦʚʝʟʠʚʘˁʘ ʪʨʘʜʠʮʠʦʥʘʣʥʝ ʩʠʥʪʘʢʩʝ ʠ 

ʣʝʢʩʠʢʦʛʨʘʬʠʿʝ, ʘ ʠʥʪʝʛʨʘʮʠʿʘ ʩʠʥʪʘʢʩʠʯʢʦʛ ʩʠʩʪʝʤʘ ʠ ʣʝʢʩʠʢʦʥʘ 

ʩʤʘʪʨʘ ʩʝ ʚʘʞʥʠʤ ʢʦʨʘʢʦʤ ʫ ʤʦʜʝʨʥʠʟʘʮʠʿʠ ʛʨʘʤʘʪʠʯʢʦʛ ʠ 

ʣʝʢʩʠʢʦʛʨʘʬʩʢʦʛ ʦʧʠʩʘ ʩʨʧʩʢʦʛ ʩʪʘʥʜʘʨʜʥʦʛ ʿ ʝʟʠʢʘ (ʇʦʧʦʚʠ˂ 2003, 

201, 204). ʀʥʪʝʛʨʘʣʥʠ ʧʨʠʩʪʫʧ ʿʝʟʠʢʫ ʧʦʜʨʘʟʫʤʝʚʘʦ ʙʠ ʫʩʤʝʨʘʚʘˁʝ 

ʩʠʥʪʘʢʩʠʯʢʠʭ ʠʩʪʨʘʞʠʚʘˁʘ ʠ ʥʘ ʩʫʙʣʝʢʩʝʤʝ, ʦʜʥʦʩʥʦ ʢʦʥʢʨʝʪʥʝ 

ʣʝʢʩʝʤʝ ʫ ʦʜʨʝʹʝʥʦʤ ʟʥʘʯʝˁʫ (ʇʦʧʦʚʠ˂ 1997, 208; ʉʪʠʧʯʝʚʠ˂ 2010, 

175), ʜʦʢ ʙʠ ʪʨʝʙʘʣʦ ʜʘ ʧʨʠʢʘʟ ʣʝʢʩʠʢʦʥʘ ʙʫʜʝ ʠʥʪʝʛʨʘʣʘʥ, ʪʝ ʜʘ 

ʩʘʜʨʞʠ ʩʚʝ ʩʠʥʪʘʢʩʠʯʢʠ ʨʝʣʝʚʘʥʪʥʝ ʠʥʬʦʨʤʘʮʠʿʝ (ʇʦʧʦʚʠ˂ 1997, 481; 

ʇʦʧʦʚʠ˂ 2003, 204; ʉʪʠʧʯʝʚʠ˂ 2010, 175).  

_____________________ 
2 ʆʢʚʠʨ ʬʫʥʢʮʠʦʥʠʰʝ ʢʘʦ ʦʧʰʪʠ ʥʘʟʠʚ ʟʘ ʧʦʿʤʦʚʝ ʩʭʝʤʘ, ʩʮʝʥʘʨʠʦ, ʢʦʛʥʠʪʠʚʥʠ ʤʦʜʝʣ, 

ʥʘʨʦʜʥʘ ʪʝʦʨʠʿʘ ʠ ʩʣ. (Fillmore 1982, 111). 
3 ɻʣʘʛʦʣ ʧʨʠʟʚʘʪʠ ʫʧʦʪʨʝʙˀʘʚʘ ʩʝ ʢʘʦ ʝʢʚʠʚʘʣʝʥʪ ʝʥʛʣʝʩʢʦʛ ʛʣʘʛʦʣʘ to evoke ʫ ʧʨʝʚʦʜʠʤʘ ʨʘʜʦʚʘ 

ʏ. ʌʠʣʤʦʨʘ (Rasuliĺ i Klikovac 2014, 79), ʢʘʦ ʠ ʫ ʜʦʩʘʜʘʰˁʦʿ ʣʠʪʝʨʘʪʫʨʠ ʦ ʤʦʛʫ˂ʥʦʩʪʠʤʘ 

ʧʨʠʤʝʥʝ ʪʝʦʨʠʿʝ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ (ʄʘʨʢʦʚʠ˂ ʠ ʜʨ. 2021, 9), ʰʪʦ ʿʝ ʨʝʰʝˁʝ ʟʘ ʢʦʿʝ ʩʝ 

ʦʧʨʝʜʝˀʫʿʝʤʦ ʠ ʫ ʦʚʦʤ ʨʘʜʫ.  
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ʀʜʝʥʪʠʬʠʢʦʚʘˁʝ ʠ ʜʝʬʠʥʠʩʘˁʝ ʟʥʘʯʝˁʘ ʧʦʣʠʩʝʤʠʯʥʠʭ ʨʝʯʠ 

ʧʨʝʜʩʪʘʚˀʘ ʟʥʘʯʘʿʘʥ ʠʟʘʟʦʚ ʟʘ ʣʝʢʩʠʢʦʛʨʘʬʝ ʠ ʣʠʥʛʚʠʩʪʝ. ɹʫʜʫ˂ʠ ʜʘ ʩʝ 

ʤʝʹʫʩʦʙʥʦ ʧʨʦʞʠʤʘʿʫ, ʟʥʘʯʝˁʘ ʩʝ ʯʝʩʪʦ ʥʝ ʤʦʛʫ ʿʘʩʥʦ ʨʘʟʛʨʘʥʠʯʠʪʠ, 

ʰʪʦ ʦʪʝʞʘʚʘ ˁʠʭʦʚʦ ʧʨʝʮʠʟʥʦ ʠʟʜʚʘʿʘˁʝ. ʀʧʘʢ, ʧʨʠʤʝʥʘ 

ʦʜʛʦʚʘʨʘʿʫ˂ʠʭ ʪʝʦʨʠʿʩʢʠʭ ʧʨʠʩʪʫʧʘ ʠ ʬʦʨʤʘʣʥʠʭ ʤʝʪʦʜʘ ʤʦʞʝ 

ʧʨʫʞʠʪʠ ʿʘʩʥʠʿʝ ʩʤʝʨʥʠʮʝ ʫ ʦʚʦʤ ʧʨʦʮʝʩʫ, ʥʘ ʧʨʠʤʝʨ, ʫ ʦʜʨʝʹʠʚʘˁʫ 

ʦʧʪʠʤʘʣʥʝ ʣʠʩʪʝ ʟʥʘʯʝˁʘ ʢʦʿʘ ˂ʝ ʦʙʫʭʚʘʪʠʪʠ ʧʦʪʚʨʹʝʥʝ ʧʨʠʤʝʨʝ ʠʟ 

ʢʦʨʧʫʩʘ (Fillmore and Atkins 2000, 100). ʊʝʦʨʠʿʘ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ 

ʜʦʜʘʪʥʦ ʦʤʦʛʫ˂ʘʚʘ ʜʘ ʩʝ ʣʝʢʩʠʢʦʛʨʘʬʩʢʠ ʦʧʠʩ ʦʙʦʛʘʪʠ ʢʦʨʧʫʩʥʠʤ 

ʧʦʜʘʮʠʤʘ ʢʦʿʠ ʙʠ ʠʥʘʯʝ ʤʦʛʣʠ ʦʩʪʘʪʠ ʥʝʟʘʧʘʞʝʥʠ, ʜʘ ʩʝ ʧʨʝʧʦʟʥʘʿʫ 

ʢʘʨʘʢʪʝʨʠʩʪʠʢʝ ʢˀʫʯʥʝ ʟʘ ʦʧʠʩ ʟʥʘʯʝˁʘ ʨʝʯʠ ʠ ʜʘ ʩʝ ʠʟʜʚʦʿʝ ʫ ʚʝʣʠʢʦʿ 

ʢʦʣʠʯʠʥʠ ʧʦʜʘʪʘʢʘ ʜʦʩʪʫʧʥʠʭ ʫ ʩʘʚʨʝʤʝʥʠʤ ʢʦʨʧʫʩʠʤʘ. ʇʨʝʤʘ ʨʝʯʠʤʘ 

ʉ. ɽʪʢʠʥʩ, ʙʝʟ ʜʦʚʦˀʥʦ ʿʘʩʥʝ ʠ ʥʘʫʯʥʦ ʫʪʝʤʝˀʝʥʝ ʬʦʨʤʘʣʥʝ ʤʝʪʦʜʝ, 

ʢʦʨʧʫʩʥʘ ʘʥʘʣʠʟʘ ʙʠ ʦʩʪʘʣʘ ʠʤʧʨʝʩʠʦʥʠʩʪʠʯʢʘ (Atkins 1994, 45). 

ʉʝʤʘʥʪʠʢʘ ʦʢʚʠʨʘ ʩʚʦʿʫ ʧʨʘʢʪʠʯʥʫ ʧʨʠʤʝʥʫ ʧʨʝ ʩʚʝʛʘ ʥʘʣʘʟʠ ʫ 

ʌʨʝʿʤʥʝʪʫ (ʝʥʛʣ. FrameNet), ʝʣʝʢʪʨʦʥʩʢʦ ʿʣʝʢʩʠʢʦʛʨʘʬʩʢʦ ʿʙʘʟʠ 

ʧʦʜʘʪʘʢʘ4 ʢʦʿʘ ʿʝ ʟʘʩʥʦʚʘʥʘ ʥʘ ʘʥʦʪʘʮʠʿʠ ʧʨʠʤʝʨʘ ʥʝʢʝ ʢˀʫʯʥʝ ʨʝʯʠ ʫ 

ʘʫʪʝʥʪʠʯʥʦʤ ʪʝʢʩʪʫ. ʇʦʜʘʮʠ ʩʝ ʮʨʧʫ ʠʟ ʢʦʨʧʫʩʘ ʢʦʤʙʠʥʘʮʠʿʦʤ ʨʫʯʥʠʭ 

ʠ ʘʫʪʦʤʘʪʩʢʠʭ ʧʨʦʮʝʜʫʨʘ, ʘ ʪʝ ʠʥʬʦʨʤʘʮʠʿʝ ʦ ʧʦʚʝʟʘʥʠʤ ʩʝʤʘʥʪʠʯʢʠʤ 

ʠ ʩʠʥʪʘʢʩʠʯʢʠʤ ʦʩʦʙʠʥʘʤʘ ʨʝʯʠ ʧʨʝʜʩʪʘʚˀʘʿʫ ʩʝ ʢʨʦʟ ʨʘʟʣʠʯʠʪʝ 

ʠʟʚʝʰʪʘʿʝ5 ʢʦʿʠ ʩʫ ʜʦʩʪʫʧʥʠ ʥʘ ʠʥʪʝʨʥʝʪʫ (Fillmore et al. 2003, 235).  

ʎʝʥʪʨʘʣʥʠ ʝʣʝʤʝʥʪ ʣʝʢʩʠʯʢʝ ʘʥʘʣʠʟʝ ʫ ʩʝʤʘʥʪʠʮʠ ʦʢʚʠʨʘ ʠ 

ʌʨʝʿʤʥʝʪʫ ʧʨʝʜʩʪʘʚˀʘ ʦʧʠʩ ʣʝʢʩʠʯʢʝ ʿʝʜʠʥʠʮʝ, ʧʦʜ ʢʦʿʦʤ ʩʝ 

ʧʦʜʨʘʟʫʤʝʚʘ ʣʝʢʩʝʤʘ ʫ ʿʝʜʥʦʤ ʦʜ ʩʚʦʿʠʭ ʟʥʘʯʝˁʘ (Ruppenhofer et al. 

2016, 7). ʋʤʝʩʪʦ ʪʝʨʤʠʥʘ ʣʝʢʩʠʯʢʘ ʿʝʜʠʥʠʮʘ ʢʦʨʠʩʪʠ˂ʝʤʦ ʪʝʨʤʠʥ 

ʩʫʙʣʝʢʩʝʤʘ, ʢʘʦ ʰʪʦ ʿʝ ʫʦʙʠʯʘʿʝʥʦ ʫ ʩʨʙʠʩʪʠʮʠ.  

1.1. ȍʑʁʓʗʏʀʎɷШʆʒʓʑɷʄʆɹɷʡɷ 

ʃʝʢʩʝʤʝ ʦʰʪʝʪʠʪʠ ʠ ʫʥʠʰʪʠʪʠ ʥʠʩʫ ʯʝʩʪʦ ʙʠʣʝ ʧʨʝʜʤʝʪ 

ʨʘʟʤʘʪʨʘˁʘ ʫ ʩʨʧʩʢʦʿ ʣʠʥʛʚʠʩʪʠʮʠ. ɻʣʘʛʦʣ ʫʥʠʰʪʠʪʠ ʧʨʦʫʯʘʚʘʦ ʿʝ ɺ. 

ʄʠˀʢʦʚʠ˂ (2014), ʢʦʿʠ ʿʝ ʘʥʘʣʠʟʠʨʘʦ ˁʝʛʦʚʫ ʩʝʤʘʥʪʠʢʫ ʠʟ ʫʛʣʘ 

ʪʝʦʨʠʿʝ ʤʝʥʪʘʣʥʠʭ ʧʨʦʩʪʦʨʘ, ʢʦʿʘ ʛʣʘʛʦʣʝ ʪʘʢʦʹʝ ʧʦʩʤʘʪʨʘ ʢʘʦ 

ʩʚʦʿʝʚʨʩʥʝ ʦʢʚʠʨʝ, ʦʜʥʦʩʥʦ ʤʝʥʪʘʣʥʝ ʧʨʦʩʪʦʨʝ ʢʦʿʠ ʩʝ ʩʘʩʪʦʿʝ ʦʜ 

ʩʝʤʘʥʪʠʯʢʠʭ ʫʣʦʛʘ ʠ ʨʝʣʘʮʠʿʘ (143). ɹ. ʍʣʝʙʝʮ (Hlebec 2023), ʩʘ ʜʨʫʛʝ 

_____________________ 
4 ʈʘʜ ʥʘ ʧʨʦʿʝʢʪʫ ʌʨʝʿʤʥʝʪʘ ʟʘʧʦʯʝʪ ʿʝ 1997. ʛʦʜʠʥʝ ʥʘ ʄʝʹʫʥʘʨʦʜʥʦʤ ʠʥʩʪʠʪʫʪʫ ʟʘ ʨʘʯʫʥʘʨʩʢʝ 

ʥʘʫʢʝ ʫ ɹʝʨʢʣʠʿʫ, ʘ ʙʘʟʘ ʿʝ ʜʦʩʪʫʧʥʘ ʥʘ ʩʣʝʜʝ˂ʝʤ ʣʠʥʢʫ: https://berkeleyfn.framenetbr.ufjf.br.   
5 ʇʦʜ ʧʦʤʝʥʫʪʠʤ ʠʟʚʝʰʪʘʿʠʤʘ ʫʛʣʘʚʥʦʤ ʩʝ ʧʦʜʨʘʟʫʤʝʚʘʿʫ ʩʠʥʪʘʢʩʠʯʢʠ ʠ ʩʝʤʘʥʪʠʯʢʠ ʦʧʠʩʠ 

ʚʘʣʝʥʮʝ, ʜʦʙʠʿʝʥʠ ʚʠʰʝʩʣʦʿʥʦʤ ʘʥʦʪʘʮʠʿʦʤ ʧʨʠʤʝʨʘ ʠʟ ʢʦʨʧʫʩʘ. ʇʨʝʜʩʪʘʚˀʘˁʝ ʦʚʠʭ ʨʝʟʫʣʪʘʪʘ 

ʧʨʝʚʘʟʠʣʘʟʠ ʦʢʚʠʨʝ ʥʘʰʝʛ ʨʘʜʘ. 
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ʩʪʨʘʥʝ, ʢʦʤʧʘʨʘʪʠʚʥʦ ʧʦʩʤʘʪʨʘ  ʝʥʛʣʝʩʢʝ6 ʠ ʩʨʧʩʢʝ ʛʣʘʛʦʣʝ ʦʰʪʝ˂ʝˁʘ 

(ʤʝʹʫ ˁʠʤʘ ʠ ʛʣʘʛʦʣ ʦʰʪʝʪʠʪʠ), ʢʦʿʝ ʿʝ ʜʝʬʠʥʠʩʘʦ ʢʦʣʦʢʘʮʠʿʩʢʦʤ 

ʤʝʪʦʜʦʤ. ɿʘʢˀʫʯʢʝ ʦʚʠʭ ʨʘʜʦʚʘ ʠʟʥʦʩʠ˂ʝʤʦ ʫ ʥʘʨʝʜʥʠʤ ʦʜʝˀʮʠʤʘ. 

ʂʦʣʠʢʦ ʥʘʤ ʿʝ ʧʦʟʥʘʪʦ, ʜʦ ʩʘʜʘ ʥʠʿʝ ʙʠʣʦ ʤʥʦʛʦ ʨʝʯʠ ʦ ʧʨʠʤʝʥʠ 

ʪʝʦʨʠʿʝ ʩʝʤʘʥʪʠʢʝ ʦʢʚʠʨʘ ʥʘ ʤʘʪʝʨʠʿʘʣʫ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ. ʀʟʫʟʝʪʘʢ 

ʧʨʝʜʩʪʘʚˀʘ ʨʘʜ ʄʘʨʢʦʚʠ˂ ʠ ʜʨ. (2021), ʢʦʿʠ ʧʨʠʢʘʟʫʿʝ ʨʝʟʫʣʪʘʪʝ 

ʧʨʝʣʠʤʠʥʘʨʥʠʭ ʠʩʪʨʘʞʠʚʘˁʘ ʫ ʚʝʟʠ ʩ ʤʦʛʫ˂ʥʦʩʪʠʤʘ ʧʨʠʤʝʥʝ ʦʚʝ 

ʪʝʦʨʠʿʝ ʠ ʧʨʫʞʘ ʜʝʪʘˀʘʥ ʧʨʠʢʘʟ ʬʘʟʘ ʠ ʧʨʦʮʝʩʘ ʫ ʨʘʜʫ ʥʘ ʌʨʝʿʤʥʝʪʫ, 

ʥʘ ʧʨʠʤʝʨʫ ʥʝʢʦʣʠʢʦ ʦʢʚʠʨʘ ʠʟ ʜʦʤʝʥʘ ʨʠʟʠʢʘ. 

1.2. ȊʁʓʏʀʏʌʏɺʆʧɷШʆʒʓʑɷʄʆɹɷʡɷШʆШʊʏʑʐʔʒ 

ʀʩʪʨʘʞʠʚʘˁʝ ʿʝ ʟʘʧʦʯʝʪʦ ʧʨʝʪʨʘʛʦʤ ʛʣʘʛʦʣʘ ʦʰʪʝʪʠʪʠ ʠ 

ʫʥʠʰʪʠʪʠ ʥʘ ʧʣʘʪʬʦʨʤʠ Sketch Engine, ʥʘ ʢʦʿʦʿ ʩʫ ʥʘʿʧʨʝ ʢʦʨʠʰ˂ʝʥʠ 

ʘʣʘʪʠ Word Sketch ʠ Word Sketch Difference ʢʘʢʦ ʙʠ ʩʝ ʜʦʙʠʣʘ ʦʧʰʪʘ 

ʩʣʠʢʘ ʦ ʫʧʦʪʨʝʙʠ ʦʚʠʭ ʣʝʢʩʝʤʘ (ʪ. 3). ʅʘ ʦʩʥʦʚʫ ʜʦʙʠʿʝʥʠʭ ʨʝʟʫʣʪʘʪʘ, 

ʢʦʿʠ ʩʫ ʧʦʪʦʤ ʧʨʦʚʝʨʝʥʠ ʧʨʝʪʨʘʛʘʤʘ ʫ CQL-ʫ ʥʘ ʚʝ˂ʝʤ ʂʦʨʧʫʩʫ 

ʩʘʚʨʝʤʝʥʦʛ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ (ʉʨʧʂʦʨ 2021; https://noske.jerteh.rs/), 

ʝʢʩʮʝʨʧʠʨʘʣʠ ʩʤʦ 600 ʨʝʯʝʥʠʮʘ ʫ ʢʦʿʠʤʘ ʩʫ ʫʧʦʪʨʝʙˀʝʥʝ ʣʝʢʩʝʤʝ 

ʦʰʪʝʪʠʪʠ ʠ ʫʥʠʰʪʠʪʠ. ʅʘʿʚʝ˂ʠ ʜʝʦ ʧʦʪʠʯʝ ʩʘ ʢʦʨʧʫʩʘ ʉʨʧʂʦʨ 2021, 

ʘ ʤʘˁʠ ʙʨʦʿ ʜʦʙʠʿʝʥ ʿʝ ʧʨʝʪʨʘʛʦʤ ʥʘ ɻʫʛʣʫ ʠ ʥʘ ʢʦʨʧʫʩʫ ʇɼʈʉ 1.0.  

  ʉʚʝ ʧʨʠʤʝʨʝ ʩʤʦ ʘʥʘʣʠʟʠʨʘʣʠ ʧʨʘʪʝ˂ʠ ʧʨʠʨʫʯʥʠʢ ʟʘ ʠʟʨʘʜʫ 

ʌʨʝʿʤʥʝʪʘ (Ruppenhofer et al. 2016). ʅʘʿʧʨʝ ʩʤʦ ʝʢʩʮʝʨʧʠʨʘʥʠ ʤʘʪʝʨʠʿʘʣ 

ʨʘʟʚʨʩʪʘʣʠ ʧʨʝʤʘ ʪʦʤʝ ʢʦʿʠ ʦʢʚʠʨ ʧʨʠʟʠʚʘ ʩʫʙʣʝʢʩʝʤʘ ʫʧʦʪʨʝʙˀʝʥʘ ʫ 

ʩʚʘʢʦʤ ʦʜ ʧʨʠʤʝʨʘ, ʘ ʦʥʜʘ ʩʤʦ ʥʘʩʪʦʿʘʣʠ ʜʘ ʧʨʠʟʚʘʥʝ ʦʢʚʠʨʝ ʦʧʠʰʝʤʦ. 

ɼʘ ʙʠ ʩʝ ʪʦ ʫʯʠʥʠʣʦ, ʥʝʦʧʭʦʜʥʦ ʿʝ ʜʘ ʩʝ ʬʦʨʤʫʣʠʰʝ ʩʠʪʫʘʮʠʿʘ ʦʟʥʘʯʝʥʘ 

ʦʢʚʠʨʦʤ ʠ ʥʘʚʝʜʫ ʫʣʦʛʝ ʫʯʝʩʥʠʢʘ ʫ ʜʘʪʦʿ ʩʠʪʫʘʮʠʿʠ (Atkins et al. 2003ʘ: 

252). ʋʣʦʛʘʤʘ ʫʯʝʩʥʠʢʘ ʦʜʛʦʚʘʨʘʿʫ ʮʝʥʪʨʘʣʥʠ ʠ ʧʝʨʠʬʝʨʥʠ ʝʣʝʤʝʥʪʠ 

ʦʢʚʠʨʘ. ʎʝʥʪʨʘʣʥʠʤ ʝʣʝʤʝʥʪʠʤʘ ʩʤʘʪʨʘʿʫ ʩʝ ʦʥʠ ʢʦʿʠ ʚʨʰʝ ʥʝʢʫ ʦʜ 

ʙʘʟʠʯʥʠʭ ʛʨʘʤʘʪʠʯʢʠʭ ʬʫʥʢʮʠʿʘ, ʯʠʿʘ ʿʝ ʩʠʥʪʘʢʩʠʯʢʘ ʨʝʘʣʠʟʘʮʠʿʘ 

ʦʙʘʚʝʟʥʘ, ʘ ʙʝʟ ʢʦʿʠʭ ʦʢʚʠʨ ʢʘʦ ʪʘʢʘʚ ʥʝ ʙʠ ʤʦʛʘʦ ʜʘ ʧʦʩʪʦʿʠ. ʉʘ ʜʨʫʛʝ 

ʩʪʨʘʥʝ, ʧʝʨʠʬʝʨʥʠ ʩʫ ʦʥʠ ʝʣʝʤʝʥʪʠ ʢʦʿʠ ʩʠʥʪʘʢʩʠʯʢʠ, ʛʨʫʙʦ ʨʝʯʝʥʦ, 

ʦʜʛʦʚʘʨʘʿʫ ʦʜʨʝʜʙʘʤʘ (ʥʧʨ. ʤʝʩʪʦ, ʚʨʝʤʝ, ʥʘʯʠʥ, ʩʨʝʜʩʪʚʦ...).7 

_____________________ 
6 ʋʧ. ʠ ʨʘʜʦʚʝ ʢʦʿʠ ʩʝ ʦʩʣʘˁʘʿʫ ʥʘ ʘʥʘʣʠʟʫ ʢʦʨʧʫʩʘ ʠ ʢʦʣʦʢʘʮʠʿʘ ʧʨʠʣʠʢʦʤ ʧʨʦʫʯʘʚʘˁʘ ʛʣʘʛʦʣʘ 

ôdamageô ʠ ôdestroyô (Song 2021), ʦʜʥʦʩʥʦ ʙʣʠʩʢʠʭ ʩʠʥʦʥʠʤʘ ʛʣʘʛʦʣʘ ôdestroyô (Ivanova and 

Medvedeva 2023). 
7 ʉʝʤʘʥʪʠʢʘ ʦʢʚʠʨʘ ʨʘʟʣʠʢʫʿʝ ʠ ʝʢʩʪʨʘʪʝʤʘʪʩʢʝ ʠ ʮʝʥʪʨʘʣʥʦ ʥʝʠʟʨʘʞʝʥʝ ʝʣʝʤʝʥʪʝ ʦʢʚʠʨʘ 

(Ruppenhofer et al. 2016, 24ï25). ɳʠʤʘ ʩʝ ʫ ʦʚʦʤ ʨʘʜʫ ʥʝ˂ʝʤʦ ʙʘʚʠʪʠ. 
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ʊʦʢʦʤ ʘʥʘʣʠʟʝ ʩʤʦ ʩʚʝ ʦʢʚʠʨʝ ʜʦʧʫˁʘʚʘʣʠ ʦʜʛʦʚʘʨʘʿʫ˂ʠʤ 

ʠʥʬʦʨʤʘʮʠʿʘʤʘ.8 ʉʤʝʨʥʠʮʝ ʧʨʠʣʠʢʦʤ ʦʧʠʩʘ ʦʢʚʠʨʘ ʧʨʫʞʠʣʝ ʩʫ, ʧʦʨʝʜ 

ʛʝʥʝʨʠʩʘʥʠʭ ʩʢʠʮʘ ʨʝʯʠ, ʠ ʜʝʬʠʥʠʮʠʿʝ ʦʚʠʭ ʣʝʢʩʝʤʘ ʫ ʈʝʯʥʠʢʫ 

ʩʨʧʩʢʦʛʘ ʿʝʟʠʢʘ, ʈʝʯʥʠʢʫ ʩʨʧʩʢʦʭʨʚʘʪʩʢʦʛʘ ʢˁʠʞʝʚʥʦʛ ʿʝʟʠʢʘ ʠ 

ʈʝʯʥʠʢʫ ʩʨʧʩʢʦʭʨʚʘʪʩʢʦʛ ʢˁʠʞʝʚʥʦʛ ʠ ʥʘʨʦʜʥʦʛ ʿʝʟʠʢʘ ʉɸʅʋ. 

ɱʝʜʘʥ ʦʜ ʦʩʥʦʚʥʠʭ ʮʠˀʝʚʘ ʨʘʜʘ ʿʝ ʜʘ ʩʝ, ʢʨʦʟ ʦʧʠʩʝ ʦʢʚʠʨʘ, 

ʧʨʠʢʘʞʝ ʧʦʣʠʩʝʤʠʯʥʘ ʩʪʨʫʢʪʫʨʘ ʣʝʢʩʝʤʘ ʦʰʪʝʪʠʪʠ ʠ ʫʥʠʰʪʠʪʠ, 

ʘʣʠ ʠ ʜʘ ʩʝ ʦʩʣʠʢʘ ˁʠʭʦʚʦ ʩʠʥʪʘʢʩʠʯʢʦ ʧʦʥʘʰʘˁʝ, ʜʘ ʩʝ, ʟʘʪʠʤ, ʫʦʯʝ 

ʩʣʠʯʥʦʩʪʠ ʠ ʨʘʟʣʠʢʝ ʤʝʹʫ ʦʚʠʤ ʛʣʘʛʦʣʠʤʘ, ʪʝ ʠ ʜʘ ʩʝ ʧʨʝʜʩʪʘʚʠ 

ʪʠʧʠʯʥʦ ʦʰʪʝ˂ʠʚʘˁʝ ʠ ʪʠʧʠʯʥʦ ʫʥʠʰʪʘʚʘˁʝ, ʢʘʦ ʠ ʧʨʝʣʘʟʥʠ 

ʩʣʫʯʘʿʝʚʠ ʢʦʿʠ ʩʝ ʤʝʹʫ ˁʠʤʘ ʿʘʚˀʘʿʫ. 

2. Ǵʎɷʌʆʅɷ 

ʅʘ ʦʩʥʦʚʫ ʧʦʜʘʪʘʢʘ ʠʟ ʢʦʨʧʫʩʘ ʫʩʪʘʥʦʚʠʣʠ ʩʤʦ ʜʘ ʩʝ ʣʝʢʩʝʤʘ 

ʦʰʪʝʪʠʪʠ ʧʦʚʝʟʫʿʝ ʩʘ ʦʢʚʠʨʠʤʘ ʆʰʪʝ˂ʠʚʘˁʝ9, ʀʟʘʟʚʘʪʠ_ʝʤʦʮʠʿʫ 

ʠ ʋʩʢʨʘ˂ʠʚʘˁʝ, ʘ ʣʝʢʩʝʤʘ ʫʥʠʰʪʠʪʠ ʩʘ ʦʢʚʠʨʠʤʘ ʋʥʠʰʪʘʚʘˁʝ, 

ʋʙʠʿʘˁʝ, ʇʦʙʝʜʠʪʠ_ʧʨʦʪʠʚʥʠʢʘ, ʉʪʠʤʫʣʠʩʘʪʠ_ʝʤʦʮʠʿʫ, 

ʀʟʘʟʚʘʪʠ_ʝʤʦʮʠʿʫ ʠ ɼʦʚʝʩʪʠ_ ʫ_ʪʝʰʢʦ_ʩʪʘˁʝ.10 ʇʨʝʜʩʪʘʚʠ˂ʝʤʦ 

ʫʢʨʘʪʢʦ ʩʚʘʢʠ ʦʜ ˁʠʭ ʪʘʢʦ ʰʪʦ ˂ʝʤʦ ʫ ʜʝʣʦʚʠʤʘ ʧʨʠʢʘʟʘʪʠ ʦʢʚʠʨʝ 

ʦʥʘʢʦ ʢʘʢʦ ʙʠ ʠʟʛʣʝʜʘʣʠ ʫ ʌʨʝʿʤʥʝʪʫ11. 

2.1. Ȍʚʓʁʨʆɹɷʡʁ 

ʉʠʪʫʘʮʠʿʘ ʦʰʪʝ˂ʠʚʘˁʘ ʧʦʜʨʘʟʫʤʝʚʘ ʧʦʩʪʦʿʘˁʝ ʜʚʘʿʫ 

ʮʝʥʪʨʘʣʥʠʭ ʝʣʝʤʝʥʘʪʘ ʦʢʚʠʨʘ: ɸɻɽʅʉɸ (ʠʣʠ ʋɿʈʆʂɸ) ʠ ʇɸʎʀɱɽʅʉɸ. 

ɸɻɽʅʉ ʠʣʠ ʋɿʈʆʂ ʫʪʠʯʫ ʥʘ ʇɸʎʀɱɽʅʉ ʪʘʢʦ ʜʘ ʦʥ (ʠʣʠ ˁʝʛʦʚ ʜʝʦ) ʟʘʚʨʰʠ 

ʫ ʥʝʢʘʥʦʥʩʢʦʤ, ʥʝʧʦʞʝˀʥʦʤ ʩʪʘˁʫ12. ʆʚʘʿ ʦʢʚʠʨ ʧʦʚʝʟʘʥ ʿʝ ʩʘ ʜʨʫʛʠʤ, 

ʩʣʠʯʥʠʤ ʦʢʚʠʨʠʤʘ (ʋʥʠʰʪʘʚʘˁʝ, ʀʟʘʟʚʘʪʠ_ʨʘʩʧʘʨʯʘʚʘˁʝ ʠ ʇʦʢʚʘʨʠʪʠ). 

ʀʥʪʝʨʝʩʘʥʪʥʦ ʿʝ ʜʘ ʩʫ ʨʘʜˁʘ ʠ ʨʝʟʫʣʪʘʪ ʫ ʚʝʟʠ ʩʘ ʛʣʘʛʦʣʦʤ ʦʰʪʝʪʠʪʠ 

_____________________ 
8 ʇʨʦʮʝʩ ʨʘʜʘ ʥʘ ʜʝʬʠʥʠʩʘˁʫ ʦʢʚʠʨʘ ʠ ˁʝʛʦʚʠʭ ʝʣʝʤʝʥʘʪʘ ʥʠʿʝ ʣʠʥʝʘʨʘʥ. ʅʘʠʤʝ, ʩʝʤ ʰʪʦ 

ʥʦʚʘ ʬʘʟʘ ʘʥʘʣʠʟʝ ʤʦʞʝ ʜʘ ʜʦʥʝʩʝ ʜʨʫʛʘʯʠʿʘ ʩʘʟʥʘˁʘ, ʪʘʢʦ ʠ ʘʥʘʣʠʟʘ ʜʨʫʛʠʭ ʣʝʢʩʝʤʘ ʢʦʿʝ 

ʧʨʠʟʠʚʘʿʫ ʪʘʿ ʦʢʚʠʨ ʤʦʞʝ ʜʘ ʠʟʠʩʢʫʿʝ ʠʟʤʝʥʫ ʫ ˁʝʛʦʚʦʤ ʦʧʠʩʫ.  
9 ʇʨʝʛʣʝʜʥʦʩʪʠ ʨʘʜʠ, ʥʘʟʠʚʝ ʦʢʚʠʨʘ ˂ʝʤʦ ʧʠʩʘʪʠ ʬʦʥʪʦʤ Courier New, ʜʦʢ ˂ʝʤʦ ʥʘʟʠʚʝ 

ʝʣʝʤʝʥʘʪʘ ʦʢʚʠʨʘ ʥʘʚʦʜʠʪʠ ʤʘʣʠʤ ʚʝʨʟʘʣʦʤ. 
10 ʌʨʝʿʤʥʝʪ ʙʘʟʘ ʩʘʜʨʞʠ ʠ ʠʥʬʦʨʤʘʮʠʿʝ ʦ ʨʘʟʣʠʯʠʪʠʤ ʦʜʥʦʩʠʤʘ (Ruppenhofer et al. 2016, 79ï

85) ʢʦʿʠ ʧʦʩʪʦʿʝ ʤʝʹʫ ʦʢʚʠʨʠʤʘ (ʧʦʧʫʪ ʅʘʩʣʝʹʠʚʘˁʘ, ʂʦʨʠʰ˂ʝˁʘ ʠ ʋʛʣʘ_ʛʣʝʜʘˁʘ). ɳʠʤʘ ʩʝ 

ʫ ʦʚʦʤ ʨʘʜʫ ʥʝ˂ʝʤʦ ʤʦ˂ʠ ʧʦʩʚʝʪʠʪʠ.  
11 ʂʘʜʘ ʛʦʜ ʿʝ ʪʦ ʙʠʣʦ ʤʦʛʫ˂ʝ, ʪʦʢʦʤ ʘʥʘʣʠʟʝ ʩʤʦ ʧʨʘʪʠʣʠ ʦʜʛʦʚʘʨʘʿʫ˂ʝ ʦʢʚʠʨʝ ʢʦʿʠ ʩʫ 

ʜʦʩʪʫʧʥʠ ʥʘ ʌʨʝʿʤʥʝʪʫ, ʘʣʠ ʩʤʦ ʠʭ ʧʨʠʣʘʛʦʜʠʣʠ ʩʪʘˁʫ ʫ ʩʨʧʩʢʦʤ ʿʝʟʠʢʫ. ɼʝʪʘˀʥʠʿʝ 

ʧʦʨʝʹʝˁʝ ʝʢʚʠʚʘʣʝʥʪʥʠʭ ʩʨʧʩʢʠʭ ʠ ʝʥʛʣʝʩʢʠʭ ʛʣʘʛʦʣʘ ʥʠʿʝ ʥʘʤ ʙʠʣʦ ʫ ʬʦʢʫʩʫ, ʙʫʜʫ˂ʠ ʜʘ 

ʪʘʢʚʘ ʘʥʘʣʠʟʘ ʧʨʝʚʘʟʠʣʘʟʠ ʦʢʚʠʨʝ ʥʘʰʝʛ ʨʘʜʘ. 
12 ɼʦ ʩʣʠʯʥʦʛ ʟʘʢˀʫʯʢʘ ʜʦʣʘʟʠ ʍʣʝʙʝʮ, ʢʦʿʠ ʩʤʘʪʨʘ ʜʘ ʛʣʘʛʦʣʠ ʦʰʪʝ˂ʝˁʘ ʜʝʣʝ ʜʝʬʠʥʠʮʠʿʫ 

ôʠʟʘʟʚʘʪʠ ʜʘ ʙʫʜʝ ʫ ʣʦʰʝʤ ʩʪʘˁʫô (Hlebec 2003, 1). 
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ʤʥʦʛʦ ʤʘˁʝ ʩʧʝʮʠʬʠʢʦʚʘʥʠ ʫ ʦʜʥʦʩʫ ʥʘ ʥʝʢʝ ʜʨʫʛʝ ʛʣʘʛʦʣʝ, ʢʘʦ ʰʪʦ 

ʩʫ ʦʛʨʝʙʘʪʠ, ʩʪʨʫʛʘʪʠ, ʫʣʫʙʠʪʠ ʠ ʩʣ.  

ʇʦʩʣʝ ʜʝʬʠʥʠʮʠʿʝ ʩʣʝʜʝ ʪʨʠ ʘʥʦʪʠʨʘʥʘ ʧʨʠʤʝʨʘ13. ɸɻɽʅʉ ʿʝ ʫ 

ˁʠʤʘ ʩʚʝʩʥʠ ʝʥʪʠʪʝʪ ʢʦʿʠ ʚʨʰʠ ʥʘʤʝʨʥʫ ʨʘʜˁʫ, ʜʦʢ ʋɿʈʆʂ ʥʘʿʯʝʰ˂ʝ 

ʧʨʝʜʩʪʘʚˀʘ ʜʦʛʘʹʘʿ ʠʣʠ ʧʦʿʘʤ ʢʦʿʠ ʟʘʫʟʠʤʘ ʤʝʩʪʦ ʫ ʚʨʝʤʝʥʫ.14 ʋ ʫʣʦʟʠ 

ʇɸʎʀɱɽʅʉɸ ʦʚʜʝ ʩʫ ʝʥʛʣʝʩʢʠ ʮʠʮ, ʙʨʦʜʦʚʠ ʠ ʮʝʥʪʨʘʣʥʠ ʥʝʨʚʥʠ ʩʠʩʪʝʤ.  

 

ʉʣʠʢʘ 1: ʆʰʪʝ˂ʠʚʘˁʝ (1). 

_____________________ 
13 ʉʚʘʢʦʤ ʝʣʝʤʝʥʪʫ ʦʢʚʠʨʘ ʜʦʜʝˀʫʿʝ ʩʝ ʦʜʨʝʹʝʥʘ ʙʦʿʘ, ʘ ʮʨʥʦʤ ʙʦʿʦʤ ʦʟʥʘʯʘʚʘ ʩʝ ʘʥʘʣʠʟʠʨʘʥʘ 

ʩʫʙʣʝʢʩʝʤʘ. ʇʦʩʣʝ ʜʝʬʠʥʠʮʠʿʝ ʝʣʝʤʝʥʪʘ ʦʢʚʠʨʘ ʥʘʚʦʜʠ ʩʝ ʧʦ ʿʝʜʘʥ ʘʥʦʪʠʨʘʥʠ ʧʨʠʤʝʨ ʟʘ 

ʩʚʘʢʠ ʝʣʝʤʝʥʪ. 
14 ɽʣʝʤʝʥʪʠ ʦʢʚʠʨʘ ʩʝ ʜʝʬʠʥʠʰʫ ʥʘ ʥʘʯʠʥ ʢʦʿʠ ʿʝ ʩʧʝʮʠʬʠʯʘʥ ʟʘ ʩʚʘʢʠ ʦʢʚʠʨ (ʝʥʛʣ. frame-

specific), ʧʨʝʤʜʘ ʩʝ ʤʦʛʫ ʧʦʩʤʘʪʨʘʪʠ ʢʘʦ ʧʨʠʤʝʨʠ ʦʧʰʪʠʿʠʭ ʩʝʤʘʥʪʠʯʢʠʭ ʫʣʦʛʘ (ʄʘʨʢʦʚʠ˂ 

ʠ ʜʨ. 2021, 11). 
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ʉʣʠʢʘ 2: ʆʰʪʝ˂ʠʚʘˁʝ (2). 

ʆʩʠʤ ʯʦʚʝʢʘ, ʫ ʫʣʦʟʠ ɸɻɽʅʉɸ ʩʝ ʤʦʞʝ ʥʘ˂ʠ ʧʦʿʘʤ ʫ 

ʤʝʪʦʥʠʤʠʿʩʢʦʿ ʨʝʣʘʮʠʿʠ ʩʘ ʯʦʚʝʢʦʤ (ʅɸʊʆ ʘʣʠʿʘʥʩʘ), ʘ ʋɿʈʆʂ ʿʦʰ 

ʧʨʝʜʩʪʘʚˀʘʿʫ ʠ ʧʨʠʨʦʜʥʝ ʧʦʿʘʚʝ/ʢʘʪʘʩʪʨʦʬʝ (ʧˀʫʩʘʢ, ʧʦʧʣʘʚʘ, ʛʨʘʜ; 

ʚʘʪʨʘ), ʧʨʝʜʤʝʪʠ ʢʦʿʠʤʘ ʫʧʨʘʚˀʘ ʯʦʚʝʢ (ʘʫʪʦʙʫʩ, ʨʫʯʥʘ ʙʦʤʙʘ, 

ʤʝʪʘʢ), ʢʘʦ ʠ ʥʝʢʝ ʚʨʩʪʝ ʤʘʪʝʨʠʿʘ ʠʣʠ ʿʝʜʠˁʝˁʘ (ʢʠʩʝʣʠʥʘ, ʘʣʢʦʭʦʣ). 

ʇɸʎʀɱɽʅʉ ʚʨʣʦ ʯʝʩʪʦ ʧʨʝʜʩʪʘʚˀʘʿʫ ʣʦʢʘʮʠʿʝ, ʛʨʘʹʝʚʠʥʝ ʠ ʚʝ˂ʠ 

ʬʠʟʠʯʢʠ ʦʙʿʝʢʪʠ (ʢʫ˂ʘ, ʟʛʨʘʜʘ, ʤʘʥʘʩʪʠʨ, ʘʫʪʦʤʦʙʠʣ), ʟʘʪʠʤ 

ʤʝʜʠʮʠʥʩʢʠ ʠ ʟʜʨʘʚʩʪʚʝʥʠ ʝʥʪʠʪʝʪʠ (ʤʨʝʞˁʘʯʘ, ʢʦʞʘ, ʟʫʙʠ, ʚʠʣʠʮʘ, 

ʚʠʜ), ʙʠˀʢʝ (ʨʦʜ ʿʝʯʤʘ, ʢʫʧʫʩ, ʧʰʝʥʠʮʘ), ʧʨʝʜʤʝʪʠ (ʪʘʧʝʪʝ, ʮʠʮ, 

ʙʨʘʚʘ) ʠ ʠʥʬʦʨʤʘʮʠʿʝ (ʛʣʘʩʘʯʢʠ ʣʠʩʪʠ˂). 

ʇʝʨʠʬʝʨʥʠ ʝʣʝʤʝʥʪʠ ʦʢʚʠʨʘ ʪʘʢʦʹʝ ʩʫ ʚʘʞʥʠ ʯʠʥʠʦʮʠ ʟʘ 

ʨʘʟʫʤʝʚʘˁʝ ʮʝʣʦʢʫʧʥʝ ʩʣʠʢʝ ʢʦʿʫ ʤʦʞʝ ʜʘ ʧʦʜʨʘʟʫʤʝʚʘ ʩʠʪʫʘʮʠʿʘ 

ʦʰʪʝ˂ʠʚʘˁʘ. ʋ ʘʥʘʣʠʟʠʨʘʥʦʤ ʢʦʨʧʫʩʫ ʠʟʜʚʦʿʠʣʠ ʩʫ ʩʝ ʩʣʝʜʝ˂ʠ 

ʝʣʝʤʝʥʪʠ (ʩʣ. 3ï4). 

ʄɸʃɽʌʀʎʀɱɸʈ ʿʝ ʝʥʪʠʪʝʪ ʢʦʤ ʧʨʠʧʘʜʘ ʇɸʎʀɱɽʅʉ ʠ ʢʦʿʠ 

ʧʦʩʨʝʜʥʦ ʪʨʧʠ ʰʪʝʪʫ (ʿ ʦʿ). 

ʂɸʈɸʂʊɽʈ_ʂʈɸɱɳɽɻ_ʉʊɸɳɸ ʿʝ ʦʧʠʩ ʩʪʘˁʘ ʇɸʎʀɱɽʅʉɸ ʥʘʢʦʥ 

ʦʰʪʝ˂ʠʚʘˁʘ, ʯʝʩʪʦ ʨʝʘʣʠʟʦʚʘʥ ʫ ʚʠʜʫ ʧʨʠʣʦʰʢʝ ʿʝʜʠʥʠʮʝ. ʉʊɽʇɽʅ ʜʦ 

ʢʦʛ ʿʝ ʇɸʎʀɱɽʅʉ ʦʰʪʝ˂ʝʥ ʦʟʥʘʯʝʥ ʿʝ ʧʦʩʣʝʜʠʯʥʦʤ ʟʘʚʠʩʥʦʤ ʢʣʘʫʟʦʤ 

(ʪʦʣʠʢʦ ʜʘ ʿʝ ʙʠʣʦ ʥʝʤʦʛʫ˂ʝ ʧʦʧʨʘʚʠʪʠ ʤʦʪʦʨ ʥʘ ʪʝʨʝʥʫ). 

ʉɸɼʈɾɸɺɸɱʋɴʀ_ɼʆɻɸɫɸɱ ʿ ʝ ʝʣʝʤʝʥʪ ʦʢʚʠʨʘ ʢʦʿʠʤ ʩʫ ʦʟʥʘʯʝʥʠ 

ʜʦʛʘʹʘʿ ʠʣʠ ʩʪʘˁʝ ʩʪʚʘʨʠ ʢʦʿʠ ʦʙʫʭʚʘʪʘʿʫ ʠ ʩʠʪʫʘʮʠʿʫ ʦʰʪʝ˂ʠʚʘˁʘ. 

ʅʘʿʯʝʰ˂ʝ ʿʝ ʠʟʨʘʞʝʥ ʠʤʝʥʠʯʢʦʤ ʿʝʜʠʥʠʮʦʤ ʫ ʇʇʂ ʫ + ʣʦʢʘʪʠʚ, ʢʘʦ ʫ 

ʧʨʠʤʝʨʫ ʋ ʙʦʤʙʘʨʜʦʚʘˁʫ ʿʝ ʫʥʠʰʪʝʥʦ ʠ ʦʰʪʝ˂ʝʥʦ 25.000 ʩʪʘʤʙʝʥʠʭ 

ʦʙʿʝʢʘʪʘ, ʫ ʢʦʤ ʩʝ ʜʦʛʘʹʘʿ ʠʣʠ ʘʢʪʠʚʥʦʩʪ ʙʦʤʙʘʨʜʦʚʘˁʘ 
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ʢʦʥʮʝʧʪʫʘʣʠʟʫʿʝ ʢʘʦ ʩʘʜʨʞʘʪʝˀ (Klikovac 2000, 53). ʆʚʘʿ ʝʣʝʤʝʥʪ 

ʿʘʚˀʘ ʩʝ ʦʥʜʘ ʢʘʜʘ ʿʝ ʩʫʙʣʝʢʩʝʤʘ ʦʰʪʝʪʠʪʠ ʫʧʦʪʨʝʙˀʝʥʘ ʫ ʧʘʩʠʚʥʦʿ 

ʬʦʨʤʠ, ʪʝ ʥʝʤʘ ʠʟʨʘʞʝʥʦʛ ɸɻɽʅʉɸ. ɸʢʦ ʩʝ ʜʦʛʦʜʠ ʜʘ ʥʝʢʠ ʮʝʥʪʨʘʣʥʠ 

ʝʣʝʤʝʥʪ ʦʢʚʠʨʘ ʥʠʿʝ ʿʝʟʠʯʢʠ ʩʧʝʮʠʬʠʢʦʚʘʥ, ʢʘʦ ʫ ʦʚʦʤ ʩʣʫʯʘʿʫ, ʦʥ ˂ʝ 

ʠʧʘʢ ʙʠʪʠ ʟʘʙʝʣʝʞʝʥ ʫ ʙʘʟʠ ʙʫʜʫ˂ʠ ʜʘ ʧʦʩʪʦʿʠ ʫ ʧʦʿʤʦʚʥʦʿ ʩʪʨʫʢʪʫʨʠ. 

ʊʘʢʘʚ ʩʣʫʯʘʿ ʥʘʟʠʚʘ ʩʝ ʥʫʣʪʠʤ ʧʦʿʘʚˀʠʚʘˁʝʤ15 (ʝʥʛʣ. null 

instantiation). 

 

ʉʣʠʢʘ 3: ʆʰʪʝ˂ʠʚʘˁʝ (3). 

_____________________ 
15 ʋ ʥʘʰʠʤ ʧʨʠʤʝʨʠʤʘ ʟʘʙʝʣʝʞʝʥ ʿʝ ʩʣʫʯʘʿ CNI (ʝʥʛʣ. Constructionally Null Instantiation), ʢʦʿʠ 

ʧʨʝʜʩʪʘʚˀʘ ʥʫʣʪʦ ʧʦʿʘʚˀʠʚʘˁʝ ʦʜʨʝʹʝʥʦ ʛʨʘʤʘʪʠʯʢʦʤ ʢʦʥʩʪʨʫʢʮʠʿʦʤ (ʥʧʨ. ʠʟʦʩʪʘʚˀʝʥ 

ʘʛʝʥʩ ʧʘʩʠʚʥʠʭ ʢʣʘʫʟʘ), aʣʠ ʠ ʩʣʫʯʘʿ ʘʥʘʬʦʨʩʢʦʛ ʠʟʦʩʪʘʚˀʘˁʘ ï DNI (ʝʥʛʣ. Definite Null 

Instantiation). ʉʝʤʘʥʪʠʢʘ ʦʢʚʠʨʘ ʨʘʟʣʠʢʫʿʝ ʠ INI ï ʠʥʜʝʬʠʥʠʪʥʦ ʥʫʣʪʦ ʧʦʿʘʚˀʠʚʘˁʝ (ʝʥʛʣ. 

Indefinite Null Instantiation) (Atkins et al. 2003a, 351ï354). 
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ʆʂʆʃʅʆʉʊ ʥʘʟʥʘʯʘʚʘ ʧʨʠʣʠʢʝ ʫ ʦʢʚʠʨʫ ʢʦʿʠʭ ʩʝ ʚʨʰʠ 

ʦʰʪʝ˂ʠʚʘˁʝ (ʧʨʠ ʥʝʰʪʦ ʚʝ˂ʠʤ ʙʨʟʠʥʘʤʘ), ʘ ʤʦʞʝ ʙʠʪʠ ʥʘʛʣʘʰʝʥʦ ʠ 

ʟʘʰʪʦ ɸɻɽʅʉ ʦʜʥʦʩʥʦ ʋɿʈʆʂ ʦʰʪʝ˂ʫʿʝ ʇɸʎʀɱɽʅʉ. ʊʘʿ ʝʣʝʤʝʥʪ ʩʝ 

ʥʘʟʠʚʘ ʆɹɱɸʐɳɽɳɽ ʠ ʯʝʩʪʦ ʿʝ ʠʟʨʘʞʝʥ ʠʤʝʥʠʯʢʦʤ ʿʝʜʠʥʠʮʦʤ ʫ ʇʇʂ 

ʠʟ + ʛʝʥʠʪʠʚ (ʠʟ ʠʜʝʦʣʦʰʢʠʭ ʨʘʟʣʦʛʘ). ʀʅʉʊʈʋʄɽʅʊ ʿʝ ʬʠʟʠʯʢʠ 

ʝʥʪʠʪʝʪ ʢʦʿʠ ɸɻɽʅʉ ʢʦʨʠʩʪʠ ʢʘʢʦ ʙʠ ʥʘʥʝʦ ʰʪʝʪʫ ʇɸʎʀɱɽʅʉʋ (ʩʘ ʜʚʘ 

ʧʨʦʿʝʢʪʠʣʘ), ʘ ʉʈɽɼʉʊɺʆʄ ʩʝ ʦʟʥʘʯʘʚʘ ʥʘʤʝʨʥʘ ʨʘʜˁʘ ʢʦʿʫ ɸɻɽʅʉ 

ʚʨʰʠ, ʘ ʢʦʿʦʤ ʩʝ ʦʩʪʚʘʨʫʿʝ ʦʰʪʝ˂ʠʚʘˁʝ (ʫʧʦʪʨʝʙʦʤ ʨʘʟʥʦʨʦʜʥʠʭ 

ʜʨʦʛʘ).  

ʋ ʩʣʠʮʠ ʩʠʪʫʘʮʠʿʝ ʤʦʞʝ ʙʠʪʠ ʧʨʠʩʫʪʘʥ ʠ ʅɸʏʀʅ 

(ʥʘʿʚʝʨʦʚʘʪʥʠʿʝ), ʘ ʧʦʨʝʜ ʄɽʉʊɸ ʠ ɺʈɽʄɽʅɸ, ʢʦʿʠ ʩʝ ʥʝ ʨʘʟʣʠʢʫʿʫ 

ʤʥʦʛʦ ʤʝʹʫ ʦʢʚʠʨʠʤʘ, ʤʦʞʝ ʩʝ ʧʦʿʘʚʠʪʠ ʠ ʌʈɽʂɺɽʅʎʀɱɸ, ʢʦʿʦʤ ʩʝ 

ʥʘʟʥʘʯʫʿʝ ʢʦʣʠʢʦ ʩʝ ʯʝʩʪʦ ʚʨʰʠ ʦʰʪʝ˂ʠʚʘˁʝ (ʜʚʘ ʧʫʪʘ).  

  

ʉʣʠʢʘ 4: ʆʰʪʝ˂ʠʚʘˁʝ (4). 
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2.2. ȃʅɷʅɹɷʓʆхʁʍʏʙʆʧʔ 

ʆʢʚʠʨ ʀʟʘʟʚʘʪʠ_ʝʤʦʮʠʿʫ ʧʦʚʝʟʘʥ ʿʝ ʩʘ ʦʙʘ ʛʣʘʛʦʣʘ. ʋ ʦʚʦʿ 

ʩʠʪʫʘʮʠʿʠ ɸɻɽʅʉ ʜʝʣʘ ʠ ʩʚʦʿʠʤ ʯʠʥʦʤ ʠʟʘʟʠʚʘ ʠʥʪʝʥʟʠʚʥʫ ʥʝʛʘʪʠʚʥʫ 

ʝʤʦʮʠʿʫ ʢʦʜ ɼʆɾʀɺɲɸɺɸʏɸ: ʊʠ ʩʠ ʤʝ ʩʣʦʤʠʦ. ʋʥʠʰʪʠʦ ʩʠ ʤʝ! ʠ ɱʘ ʥʝ 

ʞʝʣʠʤ ʪʘʿ ʙʨʘʢ ï ʥʝ ʞʝʣʠʤ ʜʘ ʦʰʪʝʪʠʤ ʜʨʘʛʦʛ ʤʘʣʦʛ ʍʝʥʨʠʿʘ. 

ʎʝʥʪʨʘʣʥʠ ʝʣʝʤʝʥʪʠ ʩʫ ɸɻɽʅʉ ʠ ɼʆɾʀɺɲɸɺɸʏ, ʢʦʿʠ ʧʨʝʜʩʪʘʚˀʘʿʫ 

ˀʫʜʝ, ʘ ʧʝʨʠʬʝʨʥʝ ʝʣʝʤʝʥʪʝ ʥʠʩʤʦ ʧʨʦʥʘʰʣʠ. ʆʰʪʝ˂ʠʚʘˁʝ, ʢʘʦ ʠ 

ʫʥʠʰʪʘʚʘˁʝ, ʪʠʧʠʯʥʦ ʿʝ ʢʦʥʢʨʝʪʥʦ, ʬʠʟʠʯʢʦ, ʘ ʦʚʜʝ ʩʝ ʩʤʝʰʪʘ ʫ 

ʝʤʦʮʠʦʥʘʣʥʠ ʠʣʠ ʧʩʠʭʦʣʦʰʢʠ ʜʦʤʝʥ, ʪʝ ʿʝ ʘʢʪʠʚʥʘ ʤʝʪʘʬʦʨʘ 

ʇʉʀʍʀʏʂʆ/ɽʄʆʎʀʆʅɸʃʅʆ ʉʊɸɳɽ ɱɽ ʌʀɿʀʏʂʆ ʉʊɸɳɽ (ʚ. Klikovac 

2004, 178).  

ʉʫʙʣʝʢʩʝʤʘ ʫʥʠʰʪʠʪʠ ʟʥʘʪʥʦ ʯʝʰ˂ʝ ʧʨʠʟʠʚʘ ʦʢʚʠʨ 

ʀʟʘʟʚʘʪʠ_ʝʤʦʮʠʿʫ ʫ ʦʜʥʦʩʫ ʥʘ ʩʫʙʣʝʢʩʝʤʫ ʦʰʪʝʪʠʪʠ. 

 

ʉʣʠʢʘ 5: ʀʟʘʟʚʘʪʠ_ʝʤʦʮʠʿʫ. 

2.3. ȏʓʆʍʔʌʆʒɷʓʆхʁʍʏʙʆʧʔ 

ʆʢʚʠʨ ʉʪʠʤʫʣʠʩʘʪʠ_ʝʤʦʮʠʿʫ ʫ ʥʘʰʝʤ ʢʦʨʧʫʩʫ ʧʦʚʝʟʫʿʝ ʩʝ 

ʩʘʤʦ ʩʘ ʩʫʙʣʝʢʩʝʤʦʤ ʫʥʠʰʪʠʪʠ. ʉʠʪʫʘʮʠʿʘ ʫʥʠʰʪʘʚʘˁʘ ʫ ʦʚʦʤ 

ʩʣʫʯʘʿʫ ʧʦʜʨʘʟʫʤʝʚʘ ʧʦʩʪʦʿʘˁʝ ʥʝʢʦʛ ʬʝʥʦʤʝʥʘ, ʥʘʟʚʘʥʦʛ ʉʊʀʄʋʃʋʉ, 

ʢʦʿʠ ʙʫʜʠ ʩʥʘʞʥʫ, ʥʝʛʘʪʠʚʥʫ ʝʤʦʮʠʿʫ ʢʦʜ ɼʆɾʀɺɲɸɺɸʏɸ, ʩʚʝʩʥʦʛ 

ʝʥʪʠʪʝʪʘ ʢʦʿʠ ʝʤʦʮʠʦʥʘʣʥʦ ʠʣʠ ʧʩʠʭʦʣʦʰʢʠ ʨʝʘʛʫʿʝ ʫ ʦʜʥʦʩʫ ʥʘ ʪʘʿ 

ʉʊʀʄʋʃʋʉ. ʈʘʟʣʠʢʘ ʫ ʦʜʥʦʩʫ ʥʘ ʠʟʘʟʠʚʘˁʝ ʝʤʦʮʠʿʝ ʩʘʩʪʦʿʠ ʩʝ ʫ ʪʦʤʝ 

ʰʪʦ ʫ ʦʚʦʤ ʦʢʚʠʨʫ ʨʘʜˁʫ ʚʨʰʠ ʜʦʛʘʹʘʿ ʠʣʠ ʥʝʢʠ ʜʨʫʛʠ ʝʥʪʠʪʝʪ, ʜʦʢ ʫ 

ʧʨʝʪʭʦʜʥʦʤ ʦʢʚʠʨʫ ʪʦ ʯʠʥʠ ʯʦʚʝʢ.  
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ʉʪʠʤʫʣʠʩʘˁʝ ʝʤʦʮʠʿʝ ʿʝ Ăʨʘʟʨʘʹʝʥʠʿʝò ʫ ʦʜʥʦʩʫ ʥʘ ʠʟʘʟʠʚʘˁʝ, 

ʪʝ ʩʫ ʟʘʙʝʣʝʞʝʥʘ ʠ ʜʚʘ ʧʝʨʠʬʝʨʥʘ ʝʣʝʤʝʥʪʘ: ʉʊɽʇɽʅ (ʧʦʪʧʫʥʦ) ʠ 

ʅɸʏʀʅ (ʝʤʦʪʠʚʥʦ). 

 

ʉʣʠʢʘ 6: ʉʪʠʤʫʣʠʩʘʪʠ_ʝʤʦʮʠʿʫ. 

2.4. ȑʒʊʑɷʨʆɹɷʡʁ 

ɻʣʘʛʦʣ ʦʰʪʝʪʠʪʠ ʧʨʠʟʠʚʘ ʠ ʦʢʚʠʨ ʋʩʢʨʘ˂ʠʚʘˁʝ. ʉʠʪʫʘʮʠʿʘ 

ʦʟʥʘʯʝʥʘ ʦʚʦʤ ʩʫʙʣʝʢʩʝʤʦʤ ʧʦʜʨʘʟʫʤʝʚʘ ʜʘ ɸɻɽʅʉ ʫʪʠʯʝ ʥʘ 

ʇɸʎʀɱɽʅʉɸ (ʥʧʨ. ʛʨʘʹʘʥʠ, ʉʨʙʠʿʘ, ʢʘʨʠʿʝʨʘ) ʪʘʢʦ ʜʘ ʦʩʪʘʥʝ ʣʠʰʝʥ 

ʉʊɸɳɸ_ʉʊɺɸʈʀ, ʢʦʿʝ ʙʠ ʪʨʝʙʘʣʦ ʜʘ ʠʤʘ, ʧʦʪʨʝʙʥʦ ʤʫ ʿʝ ʠʣʠ ʛʘ ʞʝʣʠ, ʠ 

ʥʘ ʪʘʿ ʥʘʯʠʥ ʤʫ ʥʘʥʦʩʠ ʰʪʝʪʫ. ʉʊɸɳɽ_ʉʊɺɸʈʀ ʿʝ ʝʣʝʤʝʥʪ ʢʦʿʠ ʿʝ ʫ 

ʥʘʰʝʤ ʢʦʨʧʫʩʫ ʚʨʣʦ ʯʝʩʪ ʠ ʠʟʨʘʞʝʥ ʿʝ ʠʤʝʥʠʯʢʦʤ ʿʝʜʠʥʠʮʦʤ ʫ ʇʇʂ 

ʟʘ + ʘʢʫʟʘʪʠʚ16, ʘ ʧʦʜ ˁʠʤʝ ʩʝ ʥʘʿʯʝʰ˂ʝ ʧʦʜʨʘʟʫʤʝʚʘ ʥʦʚʘʮ (ʫ ʜʦʤʝʥʫ 

ʬʠʥʘʥʩʠʿʘ) ʠʣʠ ʧʦʪʝʥʮʠʿʘʣʥʠ ʧʦʝʥʠ/ʛʦʣʦʚʠ (ʫ ʩʧʦʨʪʫ). ʀʧʘʢ, ʦʥ ʥʝ 

ʤʦʨʘ ʫʚʝʢ ʜʘ ʙʫʜʝ ʠʩʢʘʟʘʥ, ʪʝ ʤʦʞʝ ʜʘ ʩʝ ʦʜʥʦʩʠ ʥʘ ʦʜʨʝʹʝʥʦ ʧʨʘʚʦ 

ʇɸʎʀɱɽʅʉɸ ʜʘ ʥʝʰʪʦ ʧʦʩʝʜʫʿʝ. ɼʨʫʛʠʤ ʨʝʯʠʤʘ, ʠʘʢʦ ʥʠʿʝ ʩʘʩʚʠʤ ʠʩʪʦ 

ʦʰʪʝʪʠʪʠ ʜʨʞʘʚʫ ʠ ʦʰʪʝʪʠʪʠ ʜʨʞʘʚʫ ʟʘ ʤʠʣʠʦʥ ʜʠʥʘʨʘ, ʯʝʩʪʦ ʩʝ 

_____________________ 
16 ʋʧʦʪʨʝʙʫ ʦʚʝ ʢʦʥʩʪʨʫʢʮʠʿʝ, ʢʦʿʘ ʿʝ ʢʘʨʘʢʪʝʨʠʩʪʠʯʥʘ ʟʘ ʣʝʢʩʝʤʫ ʦʰʪʝʪʠʪʠ (ʠ ʪʦ ʟʘ ˁʝʥ 

ʥʘʿʯʝʰ˂ʠ ʢʦʣʦʢʘʪ ʫ ʩʘʚʨʝʤʝʥʦʤ ʢʦʨʧʫʩʫ ï ʙʫ˅ʝʪ), ʥʠʿʝʜʘʥ ʦʧʠʩʥʠ ʨʝʯʥʠʢ ʩʨʧʩʢʦʛ ʿʝʟʠʢʘ 

ʥʠʿʝ ʟʘʙʝʣʝʞʠʦ. 
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ʧʦʜʨʘʟʫʤʝʚʘ ʜʘ ʿʝ ʠ ʫ ʧʨʚʦʤ ʩʣʫʯʘʿʫ ʦʰʪʝ˂ʠʚʘˁʝ ʬʠʥʘʥʩʠʿʩʢʝ 

ʧʨʠʨʦʜʝ. 

 

ʉʣʠʢʘ 7: ʋʩʢʨʘ˂ʠʚʘˁʝ (1). 

ʄʦʞʝ ʙʠʪʠ ʠʩʢʘʟʘʥʦ ʠ ʉʈɽɼʉʊɺʆ ʢʦʿʠʤ ʩʝ ʚʨʰʠ ʫʩʢʨʘ˂ʠʚʘˁʝ 

(ʧʨʦʜʘʿʦʤ ʨʦʙʝ ʥʘ Ăʮʨʥʦò), ʅɸʏʀʅ ʥʘ ʢʦʿʠ ʩʝ ʪʦ ʯʠʥʠ (ʪʘʢʦ ʰʪʦ ʩʫ 

ʧʫʪʝʤ ʢʦʤʧʿʫʪʝʨʘ ʙʝʣʝʞʠʣʠ ʤʘˁʫ ʧʨʦʜʘʿʫ ʦʜ ʩʪʚʘʨʥʝ, ʘ ʨʘʟʣʠʢʫ 

ʧʨʦʜʘʚʘʣʠ ʧʨʠʚʘʪʥʦ), ʢʘʦ ʠ ʎʀɲ (ʜʘ ʙʠ ʤʠ Ăʄʘʢʩʠñ ʠʟʛʨʘʜʠʦ 

ʩʫʧʝʨʤʘʨʢʝʪ), ʇʆʉɽʉʆʈ (ʚʘʰ) ʠ ɺʈɽʄɽ. 
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ʉʣʠʢʘ 8: ʋʩʢʨʘ˂ʠʚʘˁʝ (2). 

2.5. ȑʎʆʚʓɷɹɷʡʁ 

ʋ ʩʠʪʫʘʮʠʿʫ ʫʥʠʰʪʘʚʘˁʘ ʫʢˀʫʯʝʥʘ ʩʫ ʜʚʘ ʮʝʥʪʨʘʣʥʘ ʝʣʝʤʝʥʪʘ: 

ʋʅʀʐʊɸɺɸʏ ʦʜʥʦʩʥʦ ʋɿʈʆʂ ʠ ʇɸʎʀɱɽʅʉ. ʂʘʦ ʠ ʫ ʩʣʫʯʘʿʫ ʦʰʪʝ˂ʠʚʘˁʘ, 

ʋʅʀʐʊɸɺɸʏ ʠ ʋɿʈʆʂ ʩʝ ʤʝʹʫʩʦʙʥʦ ʠʩʢˀʫʯʫʿʫ; ʋʅʀʐʊɸɺɸʏ ʿ ʝ 

ʫʛʣʘʚʥʦʤ ʩʚʝʩʥʘ ʦʩʦʙʘ (ʯʦʚʝʢ ʠʣʠ ʧʦʿʘʤ ʤʝʪʦʥʠʤʠʿʩʢʠ ʧʦʚʝʟʘʥ ʩʘ 

ˁʠʤ), ʜʦʢ ʿʝ ʋɿʈʆʂ ʥʘʿʯʝʰ˂ʝ ʜʦʛʘʹʘʿ ʠʣʠ ʝʥʪʠʪʝʪ ʢʦʿʠ ʟʘʫʟʠʤʘ ʤʝʩʪʦ ʫ 

ʚʨʝʤʝʥʫ (ʧʨʦʢʫʚʘʚʘˁʝ, ʘʬʝʨʘ), ʟʘʪʠʤ ʧʨʠʨʦʜʥʝ ʧʦʿʘʚʝ/ʢʘʪʘʩʪʨʦʬʝ 

(ʚʘʪʨʘ, ʫʨʘʛʘʥ, ʮʫʥʘʤʠ, ʝʢʩʧʣʦʟʠʿʘ), ʧʨʝʜʤʝʪʠ (ʨʘʢʝʪʝ) ʠʣʠ 

ʜʨʫʰʪʚʝʥʠ ʢʦʥʮʝʧʪʠ (ʩʠʨʦʤʘʰʪʚʦ, ʥʘʮʠʟʘʤ, ʪʝʭʥʦʣʦʛʠʿʘ).  

ʋ ʫʣʦʟʠ ʇɸʎʀɱɽʅʉɸ ʤʦʞʝ ʙʠʪʠ ʙʠʣʦ ʢʦʿʠ ʝʥʪʠʪʝʪ ʢʦʿʠ ʥʝ 

ʧʨʝʜʩʪʘʚˀʘ ʯʦʚʝʢʘ (ʧʦʚʝʨˀʠʚʠ ʩʧʠʩʠ, ʩʪʘʙˀʠʢʝ ʤʘʨʠʭʫʘʥʝ, ʜʚʝ 

ʪʨʝ˂ʠʥʝ ʤʘʥʘʩʪʠʨʩʢʦʛ ʢʦʤʧʣʝʢʩʘ), ʘ ʩʠʪʫʘʮʠʿʘ ʦʟʥʘʯʝʥʘ ʛʣʘʛʦʣʦʤ 

ʫʥʠʰʪʠʪʠ ʧʦʜʨʘʟʫʤʝʚʘ ʜʘ ʋʅʀʐʊɸɺɸʏ ʠʣʠ ʋɿʈʆʂ ʥʝʛʘʪʠʚʥʦ ʫʪʠʯʫ ʥʘ 

ʇɸʎʀɱɽʅʉ, ʪʘʢʦ ʜʘ ʠʟʘʟʦʚʫ ˁʝʛʦʚ ʧʨʝʩʪʘʥʘʢ ʧʦʩʪʦʿʘˁʘ. ʇɸʎʀɱɽʅʉ 

ʤʦʛʫ ʧʨʝʜʩʪʘʚˀʘʪʠ ʣʦʢʘʮʠʿʝ, ʛʨʘʹʝʚʠʥʝ ʠ ʚʦʟʠʣʘ, ʜʨʫʰʪʚʝʥʠ 
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ʢʦʥʮʝʧʪʠ17 (ʢʘʨʠʿʝʨʘ, ʞʠʚʦʪ, ʨʝʧʫʪʘʮʠʿʘ, ʦʧʪʠʤʠʟʘʤ), ʠʥʬʦʨʤʘʮʠʿʝ 

(ʜʦʢʫʤʝʥʪʠ, ʩʧʠʩʠ, ʜʦʢʘʟʠ), ʤʝʜʠʮʠʥʩʢʠ ʠ ʟʜʨʘʚʩʪʚʝʥʠ ʝʥʪʠʪʝʪʠ 

(ʬʠʙʨʦʩʘʨʢʦʤ, ʤʝʣʘʥʦʤ, ʙʘʢʪʝʨʠʿʝ) ʠ ʧʦʿʤʦʚʠ ʠʟ ʩʬʝʨʝ ʧʨʠʨʦʜʝ ʠ 

ʙʠʦʤʘ (ʧʣʘʥʝʪʘ, hʫʤʘ, ʫʩʝʚʠ). 

 

ʉʣʠʢʘ 9: ʋʥʠʰʪʘʚʘˁʝ (1). 

ʇʝʨʠʬʝʨʥʠ ʝʣʝʤʝʥʪʠ ʦʢʚʠʨʘ (ʩʣ. 10ï11) ʩʣʠʯʥʠ ʩʫ ʦʥʠʤʘ ʢʦʿʠ 

ʩʫ ʧʦʩʚʝʜʦʯʝʥʠ ʫ ʦʢʚʠʨʫ ʆʰʪʝ˂ʠʚʘˁʘ. ʀ ʫ ʦʚʦʤ ʩʣʫʯʘʿʫ ʤʦʞʝ ʙʠʪʠ 

ʠʩʢʘʟʘʥ ʉɸɼʈɾɸɺɸɱʋɴʀ_ɼʆɻɸɫɸɱ, ʫ ʦʢʚʠʨʫ ʢʦʛ ʩʝ ʦʜʚʠʿʘ ʧʨʦʮʝʩ 

ʫʥʠʰʪʘʚʘˁʘ (ʫ ʪʝʨʦʨʠʩʪʠʯʢʦʤ ʥʘʧʘʜʫ ʥʘ ɳʫʿʦʨʢ). ɿʘʪʠʤ ʩʣʝʜʝ 

ʉʊɽʇɽʅ (ʧʦʪʧʫʥʦ), ʆɹɱɸʐɳɽɳɽ (ʿ ʝʨ ʨʘʢʝʪʝ ʥʠʩʫ ʤʦʛʣʝ ʜʘ ʙʫʜʫ 

ʠʩʧʘˀʝʥʝ), ʌʈɽʂɺɽʅʎʀɱɸ (ʯʝʩʪʦ), ʀʅʉʊʈʋʄɽʅʊ (ʧʣʘʩʪʠʯʥʠʤ 

ʝʢʩʧʣʦʟʠʚʦʤ), ʉʈɽɼʉʊɺʆ (ʙʦʤʙʘʨʜʦʚʘˁʝʤ), ʅɸʏʀʅ (ʙʨʫʪʘʣʥʦ), ʢʘʦ ʠ 

ʄɽʉʊʆ (ʫ ʋʞʠʮʫ) ʠ ɺʈɽʄɽ (ʜʘʥ ʨʘʥʠʿʝ). 

_____________________ 
17 ʉ. ʀʚʘʥʦʚʘ ʠ ʉ. ʄʝʜʚʝʜʝʚʘ (2023, 107) ʪʚʨʜʝ ʜʘ ʩʚʠ ʛʣʘʛʦʣʠ ʛʨʫʧʝ ôto destroyô ʢʦʣʦʮʠʨʘʿʫ ʩʘ 

ʣʝʢʩʝʤʘʤʘ ʢʦʿʝ ʧʨʝʜʩʪʘʚˀʘʿʫ ôʚʨʝʜʥʦʩʪʠô (ʥʧʨ. ʩʣʦʙʦʜʘ) ʠ ôʧʨʝʪˁʝô (ʥʧʨ. ʨʦʧʩʪʚʦ) (ʤʘʜʘ ʧʦʩʪʦʿʝ 

ʠ ʥʝʫʪʨʘʣʥʠ ʢʦʣʦʢʘʪʠ), ʪʝ ʫʥʠʰʪʘʚʘˁʝ ʚʨʝʜʥʦʩʪʠ ʠʟʘʟʠʚʘ ʥʝʛʘʪʠʚʥʘ ʦʩʝ˂ʘˁʘ ʠ ʘʩʦʮʠʿʘʮʠʿʝ, ʜʦʢ 

ʩʝ ʫʥʠʰʪʘʚʘˁʝ ʧʨʝʪˁʠ ʧʝʨʮʠʧʠʨʘ ʢʘʦ ʧʦʟʠʪʠʚʘʥ ʯʠʥ. ʊʦ ʚʘʞʠ ʠ ʟʘ ʛʣʘʛʦʣ ʫʥʠʰʪʠʪʠ. 



sÖ?f]НтНÂƖŸĦĲĲĬŔŰŊƚЯН ŸƻĲůĤĲƖНΞΝрΞΟЯНΞΜΞΠЮН7ĲũŊƖċĬĲ 

195 

 

ʉʣʠʢʘ 10: ʋʥʠʰʪʘʚʘˁʝ (2). 

ʆʩʠʤ ʪʦʛʘ, ʤʦʞʝ ʙʠʪʠ ʠʩʪʘʢʥʫʪ ʄɸʃɽʌʀʎʀɱɸʈ 

(ʥʘʿʫʛʨʦʞʝʥʠʿʠʤ ʦʧʰʪʠʥʘʤʘ ʫ ɹʘʥʘʪʫ = ʢʦʿʠʤʘ). ɳʝʤʫ ʿʝ ʩʣʠʯʘʥ 

ʇʆʉɽʉʆʈ, ʝʥʪʠʪʝʪ ʢʦʤ ʇɸʎʀɱɽʅʉ ʧʨʠʧʘʜʘ (ʥʘʰʘ ʧʨʦʠʟʚʦʜˁʘ). ʆʢʚʠʨ 

ʩʘʜʨʞʠ ʠ ʝʣʝʤʝʥʪ ʎʀɲ (ʜʘ ʙʠ ʜʦʢʘʟʘʦ ʜʘ ʿʝ ʟʘʚʨʰʠʦ).  

ʅʘʿʟʘʜ, ʫ ʥʘʰʝʤ ʢʦʨʧʫʩʫ ʿʝ ʟʘʙʝʣʝʞʝʥ ʠ ʝʣʝʤʝʥʪ ʋʃʆɻɽ, ʢʦʿʘ 

ʧʨʝʜʩʪʘʚˀʘ ʢʘʪʝʛʦʨʠʿʫ ʫ ʦʢʚʠʨʫ ʢʦʿʝ ʿʝ ʇɸʎʀɱɽʅʉ ʫʥʠʰʪʝʥ ʠ ʠʟʨʘʞʝʥʘ 

ʿʝ ʢʦʥʩʪʨʫʢʮʠʿʦʤ ʩʘ ʨʝʯʿʫ ʢʘʦ (ʢʘʦ ʪʦʣʝʨʘʥʪʥʦʛ, ʜʠʥʘʤʠʯʥʦʛ 

ʠʥʪʝʨʥʘʮʠʦʥʘʣʥʦʛ ʛʨʘʜʘ).  
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ʉʣʠʢʘ 11: ʋʥʠʰʪʘʚʘˁʝ (3). 

2.6. ȑɸʆʧɷʡʁ 

ʆʢʚʠʨ ʋʙʠʿʘˁʝ ʧʨʠʟʠʚʘ ʩʫʙʣʝʢʩʝʤʘ ʫʥʠʰʪʠʪʠ ʢʘʜʘ ʦʟʥʘʯʘʚʘ 

ʩʠʪʫʘʮʠʿʫ ʫ ʢʦʿʦʿ ʋɹʀʎɸ ʠʣʠ ʋɿʈʆʂ ʜʦʚʦʜʝ ʜʦ ʩʤʨʪʠ ɾʈʊɺɽ. 

ʅʘʧʦʤʝʥʫ˂ʝʤʦ ʜʘ ʿʝ ʦʚʘʿ ʦʢʚʠʨ ʚʨʣʦ ʩʣʠʯʘʥ ʧʨʝʪʭʦʜʥʦʤ ʠ ʜʘ ʥʠʿʝ ʣʘʢʦ 

ʧʦʚʫ˂ʠ ʧʨʝʮʠʟʥʫ ʛʨʘʥʠʮʫ ʤʝʹʫ ˁʠʤʘ, ʧʦʩʝʙʥʦ ʘʢʦ ʩʝ ʫʟʤʝ ʫ ʦʙʟʠʨ ʜʘ 

ʫ ʘʥʘʣʠʟʠʨʘʥʠʤ ʧʨʠʤʝʨʠʤʘ ʥʠʿʝ ʙʠʣʦ ʤʥʦʛʦ ʦʥʠʭ ʫ ʢʦʿʠʤʘ ʩʫʙʣʝʢʩʝʤʘ 

ʫʥʠʰʪʠʪʠ ʧʨʠʟʠʚʘ ʦʚʘʿ ʦʢʚʠʨ. ʀʧʘʢ, ʦʩʥʦʚʥʫ ʨʘʟʣʠʢʫ ʫ ʦʜʥʦʩʫ ʥʘ 

ʋʥʠʰʪʘʚʘˁʝ ʧʨʝʜʩʪʘʚˀʘ ʧʦʩʪʦʿʘˁʝ ɾʈʊɺɽ, ʞʠʚʦʛ ʙʠ˂ʘ ʢʦʿʝ ʫʤʠʨʝ 

ʢʘʦ ʧʦʩʣʝʜʠʮʘ ʫʙʠʿʘˁʘ. ɿʘʪʠʤ, ʫʤʝʩʪʦ ʋʅʀʐʊɸɺɸʏɸ, ʩʤʨʪ ɾʈʊɺɽ 

ʠʟʘʟʠʚʘ ʋɹʀʎɸ, ʢʦʿʠ ʫʚʝʢ ʧʨʝʜʩʪʘʚˀʘ ʞʠʚʦ ʙʠ˂ʝ. ʋ ʦʜʥʦʩʫ ʥʘ 

ʋʥʠʰʪʘʚʘˁʝ, ʧʨʘʚʠ ʩʝ ʨʘʟʣʠʢʘ ʠʟʤʝʹʫ ʧʨʝʩʪʘʥʢʘ ʧʦʩʪʦʿʘˁʘ ʥʝʞʠʚʦʛ 

ʝʥʪʠʪʝʪʘ ʠ ʞʠʚʦʛ ʙʠ˂ʘ. ʏʠʥʠ ʩʝ, ʤʝʹʫʪʠʤ, ʜʘ ʛʣʘʛʦʣ ʫʥʠʰʪʠʪʠ 

ʪʠʧʠʯʥʦ ʥʝ ʧʨʠʟʠʚʘ ʦʢʚʠʨ ʋʙʠʿʘˁʘ, ʪʝ ʙʠ ʩʝ ʧʦʪʧʫʥʠʿʠ ʦʧʠʩ ʦʢʚʠʨʘ 

ʜʦʙʠʣʘ ʢʘʜʘ ʙʠ ʩʝ ʫ ʘʥʘʣʠʟʫ ʫʢˀʫʯʠʣʠ ʠ ʜʨʫʛʠ ʛʣʘʛʦʣʠ, ʧʦʧʫʪ ʣʝʢʩʝʤʘ 

ʠʩʢʦʨʝʥʠʪʠ, ʠʩʪʨʝʙʠʪʠ, ʧʦʙʠʪʠ, ʧʦʫʙʠʿʘʪʠ, ʫʙʠʪʠ ʠʪʜ. 
















































































































































































































































































































































































































































































































































































































